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Abstract

Yearly, hundreds of thousands of people are trafficked across borders, most
often against their will or without their knowledge. Albeit having been a
part of our history, our present and, sadly, probably our future, this form
of modern slavery remains rather unexplored in quantitative research due to
the lack of reliable data. By using a gravity model, this study investigates
how trafficking is affected by prostitution laws. The strength of this paper
lies in being able to disentangle the effect of prostitution laws on different
types of trafficking and to look at both total trafficking flows as well as only
cross-border flows. The results point towards there being a mostly negative
correlation between legal prostitution and trafficking inflows, however, most
results become insignificant when adding rule of law (a proxy for legal en-
forcement) to the specification. Allowing for third party involvement and
solicitation might be correlated an increase in the inflow of victims exploited
for sexual services, this is, however, statistically insignificant. For victims
of forced labour, results are more equivocal, illustrating the potentially mis-
leading conclusions that might be drawn in studies looking only at the effects
of prostitution laws on total trafficking flows.

Keywords: modern slavery, human trafficking, economics, prostitution law,
sexual services, forced labour



“People were created to be loved. Things were created to be used. The
reason why the world is in chaos, is because things are being loved and

people are being used.”
− John Green (2005)
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1 Introduction

According to estimates, up to as many as 800 000 people are trafficked1 across borders
yearly (U.S. Department of State, 2006), a number that quickly increases when including
trafficking within countries. A monumental problem is that not all of these victims are
aware of their positition at the time, further hindering the identification of the scope of
the problem. Promising their victims milk and honey in the form of jobs and/or safe
passage across borders, traffickers make use of the vulnerability of people to capitalise on
them by either exploiting them or selling them on to a third party (El-Cherkeh et al.,
2004). While this has been proven to be simplified by an increased interconnectedness and
income disparities within and between countries, the core of the activities and transactions
of traffickers lies in their view of victims as being commodities generating profit rather
than human beings (Interpol, 2019). As a result, human trafficking is one of the most prof-
itable unlawful activities, potentially generating at least $30 billion annually according to
estimations done by the ILO as early as in 2005. According to the ILO (2017) a majority
of the victims trafficked are reported to be female and a significant portion of the victims
are children (71 % and 25 % respectively). These women and children are predominantly
trafficked to be sexually exploited in the host country while men are largely trafficked to
serve as forced labour (UNODC, 2018). These facts highlight the issue of fighting traffick-
ing as not only one of equality between the genders, but also of ensuring the human rights
of our children are not violated.

In this study, I use unique individual data on collected globally by the Counter-Trafficking
Data Collaborative (henceforth “CTDC”; 2019b) between the years 2002 and 2018, to
make a new effort to study the effect of prostitution laws on the prevalence of trafficking.
This is done by aggregating the CTDC data to a country pair level where flows between
countries can be analysed. The study examines two binary independent variables which
are constructed by dividing countries into groups. First, prostitution can either be legal or
illegal meaning that countries are separated depending on whether the exchange of money
for sexual services is legal in any way. Second, if any kind of exchange for sexual services is
allowed in the country, the stringency of these laws is evaluated and countries are divided
into two groups depending on if third party involvement and/or solicitation is allowed. The
effects of the independent variables are studied using three dependent variables: total flows
of trafficking, flows of victims exploited for sexual services and flows of victims exploited
for forced labour. This is a feature that has, to my knowledge, previously not been used.
The aggregated data are analysed using a gravity model approach to answer the research
questions: Does the legal status of prostitution and related activities affect trafficking flows
to host countries? Do these effects vary between types of trafficking? However, as will be
discussed later, no causal claims can be made.

1While acknowledging that there are other types of trafficking, the word ”trafficking”
consistently refers to trafficking of humans throughout this study.
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The empirical evidence of the answers to these questions is fragmented. Hernandez &
Rudolph (2015) estimate a gravity model using Zero-inflated negative binomial regres-
sions to evaluate the relationship between a number of variables and trafficking flows to
European countries. They show that, when controlling for law enforcement, prostitution
laws have no statistically significant relationship with trafficking. Jakobsson & Kotsadam
(2013) and Cho (2013) both use the same six-point scale presented by the UNODC in
2006 (where the value zero indicates no trafficking and five indicates a high prevalence) to
estimate cross-sectional regressions for the countries. Cho (2013) finds legal prostitution
and legal brothels to correlate positively with this proxy for trafficking prevalence. Mean-
while, Jakobsson & Kotsadam (2013) find that, in a European context, countries where
prostitution is illegal have the lowest prevalence of trafficking, followed by those banning
the purchase (but not the sale) of sexual services; the countries with legal but regulated
prostitution have the highest prevalence.

By answering the two research questions, I hope to shed some light on the differing conclu-
sions reached in earlier studies. At the base of this study will be the methodology used by
Hernandez & Rudolph (henceforth H&R, 2015); I, however, examine trafficking on a global
scale. Furthermore, the paper contributes to the literature in a significant way by evaluat-
ing whether the results reached by H&R (2015) were driven by victims exploited for other
reasons than sexual services. This is done by conducting, me knowingly, the first subgroup
analysis on the matter. Additionally, I am able not only to look at cross-border traffick-
ing, but also to include the big industry that is internal trafficking, i.e. victims that are
exploited in their own country, to look at total flows in a country. Identifying what drives
trafficking could have important implications for policy as it would help decision-makers
hinder their citizens being used and abused. This can be done either by ensuring that po-
tential victims do not need to resort to illegal migration or quenching the expected profit
of traffickers and employers. Last but not least, I hope that this paper might bring at-
tention and interest to what is a, so far, rather overlooked subject in quantitative research.

The results of this study point towards there being a statistically significant negative corre-
lation between total flows of trafficking and legal prostitution. The significance disappears,
however, when a variable measuring rule of law (used as a proxy for legal enforcement) is
included. As for the relationship between allowing for brothelkeeping and/or solicitation
and trafficking flows, the estimates are ambiguous and also not statistically significant.
The subgroup analysis shows that the estimates when looking at the two groups flows of
victims exploited for sexual services and flows of victims exploited for forced labour are
different. It also shows that the same model used when analysing total flows of victims
and victims exploited for sexual services can not be used when to analyse flows of victims
exploited for forced labour. This might not be all bad as it strengthens the claim that
when evaluating the relationship between prostitution laws and trafficking, the group of
victims examined should be those most likely to be affected, i.e. those trafficked for sexual
services. This paper unfolds as follows: the second section explains the term “trafficking in
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persons” as well as the theoretical and institutional frameworks that need to be taken into
consideration. Section three presents earlier literature within the field, followed by a pre-
sentation of the hypotheses in section four. The dataset created and methodology used is
described in section five while section six presents and discusses the results. The very last
section, section seven, consists of a conclusion including ideas for future research.

2 Background

This section explains the term trafficking, followed by a presentation of a theory of human
trafficking developed by Wheaton et al. (2010) and a theory on how prostitution laws
specifically might affect trafficking by Cho et al. (2013). Subsequently, the institutional
framework is described by discussing laws on trafficking and prostitution.

2.1 What is Trafficking?

To be able to grasp the scope of the problem concerning trafficking, some background
information is needed. Trafficking has although, or perhaps because, it has been present
for so long and stretched over all continents, been long debated and lacked a common
definition. Prior to the standardised definition, over 300 laws and agreements were meant
to tackle the issue of trafficking worldwide, with many countries using their own words
to describe the problem (Bales, 2007). This dissonance between states is likely to have
caused difficulties in fighting trafficking because of the transnational nature of the crime.
However, as of 2000, there is a common definition due to the United Nations General
Assembly adaptation of the United Nations Convention against Transnational Organized
Crime (the Palermo Convention). The definition, stated in the third article of the Protocol
to Prevent, Suppress, and Punish Trafficking in Persons, especially Women and Children,
can be summarised as “the recruitment, transportation, transfer, harbouring or receipt of
persons, by means of the threat or use of force or other forms of coercion, of abduction, of
fraud, of deception, of the abuse of power or of a position of vulnerability or of the giving
or receiving of payments or benefits to achieve the consent of a person having control over
another person, for the purpose of exploitation” (OHCHR, 2000)2. This is the definition
used by researchers referred to in the section on previous literature below.

Similarly, when distinguishing between trafficking and prostitution, El-Chekreh et al.
(2004) identify trafficking as involving a job promise and safe facilitation of movement
(often in the form of transport and documents needed), a contract between the parties
and the victim being sold (or exploited ; author’s remark). The victim is given entirely
or partially false information and, upon reaching the actual destination (usually differing
from the agreed), they are constrained by their “owners” (El-Chekreh et al., 2004). The

2The definition can be found, in its entirety, in the appendix.
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degree of awareness of the victim’s own situation therefore varies heavily from one case to
another, causing some to willingly report their situation to the authorities (if they have
the opportunity) while some might be oblivious to the fact that they are being exploited.

2.2 Theoretical Framework

2.2.1 The Economics of Human Trafficking

A starting point in studying human trafficking is, as in all economic research, to consider
why individuals act in a certain way. Assuming rationality, Wheaton et al. (2010) attempt
to model trafficking through a supply and demand framework by using the perspectives
of the victims, traffickers, employers and the consumers of services conducted by victims
of trafficking. In short, victims are seen as vulnerable individuals considering to emigrate.
Their decisions are affected by push factors, such as unemployment rates or internal con-
flicts, motivating them to leave their home country or region, and pull factors, such as
income differentials between place of origin and destination, causing them to believe their
opportunities are better elsewhere. Imagined gains include factors such as helping the
victim’s family through financial contributions and/or by eliminating the financial load on
the family as well as the possibility of gaining a higher wage. However, victims of traf-
ficking seldom receive high, if any, income. Costs include integrating into another society
(language and culture), being separated from family and friends and the costs of the actual
move. Additionally, there is a risk of being misled or kidnapped, potentially resulting in
exploitation and limitation the person’s “agency”, meaning their liberty, life, dignity and
the fruits of their labour (Wheaton et al., 2010).

Traffickers act as employers or intermediaries. As such, they match vulnerable individuals
with the desired characteristics with customers or employers who demand services or
labour. Wheaton et al. (2010) follow the teachings of Becker (1968; 1995) when claiming
that traffickers compare costs and benefits of the crime. Both benefits and costs can
be monetary and psychological but costs can also be physical (risk of life) and criminal
(being caught and convicted). Costs usually comprise bribes, the establishing of trafficking
routes, forging documents, transportation as well as food and clothing. This makes the
marginal cost per victim (after the first victim) low but increasing with the number of
victims. Meanwhile, consumers and employers want to pay less for each available service
or trafficked labour unit on the market, making the marginal revenue decreasing in number
of victims. In the short run, this means large benefits while in the long run, the ease of
entering the market causes more traffickers to join, driving down economic profits (where
alternative costs are included) to zero. However, importantly, accounting profits are still
positive. It is also important to keep in mind that the same trafficker does not necessarily
need to be the one transporting the victims all the way to the destination, but might sell
them on to others.
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2.2.2 The Scale and Substitution Effects

The rational choice framework leads us into a second part of the theoretical foundations
of this study, developed by Cho et al. (2013). Imagining a country where prostitution is
completely illegal, but not inexistent, sex workers will have a higher wage compared to if
the exchange for such services had been legalised. This wage premium can be explained
mainly by factors such as prosecution risks. However, even in countries where prostitution
has been legalised, prostitutes tend to earn more than other jobs requiring similar levels
of human capital; this has been explained by unsafe working conditions, social stigma and
foregone earnings from marriage (Cho et al., 2013). These factors all explain why individu-
als would be motivated to work (or make others work) in the sex business in the first place.

With the information above in mind, legalising prostitution should increase the demand
for sexual services. This is because the client’s risk for prosecution is eliminated and, in the
long run, social stigma from the client’s point of view might decrease (Cho et al., 2013).
Regarding the supply of sexual services, some sex workers who earlier considered the wage
premium insufficient to compensate for the risk of prosecution might enter the market as
a result of legalisation. Meanwhile, if sex work becomes subject to tax levying, there will
be space for both legal and illegal prostitution as some might continue to act underground
to maximise their profits. For these people, the legalisation of sex work merely causes a
shift in why their operations are illegal from the act itself to tax evasion. This reasoning
indicates that both demand and supply of sex workers will increase; this effect is called the
scale effect and will also increase the amount of victims trafficked for sexual exploitation.

Apart from the scale effect, the total effect of legalisation on trafficking also depends on a
substitution effect. The substitution effect derives from the fact that legalising prostitution
might cause the recruiting domestic sex workers to become easier. Businesses acting on a
legal basis will want to ensure that both domestic and foreign employees are in the country
on a legal basis to not endanger their activities. Despite this, the amount of sex workers
having been trafficked will not fall to zero due to three reasons. First, there might not be
enough domestic or legally residing foreign sex workers available; this excess demand is
met using illegal prostitution. Second, due to the vulnerable nature of trafficking victims,
they might be easier to control and are likely to be more lucrative because higher shares
of their incomes may be extracted by exploiters. Third, there might be a demand for
“exotic” sex workers who might not have the right to legally reside in the country. This
glitch between the legal supply and demand which might, once again, be filled by trafficked
sex workers. The scale and substitution effects together cause the effect of prostitution
laws on trafficking prevalence to be ambiguous (Cho et al., 2013).
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2.3 Institutional Framework

2.3.1 Laws on Trafficking in Persons

The criminality aspect of trafficking will most likely affect the ability of counter-trafficking
organisations to help victims in a country. If authorities collaborate with the organisa-
tions to help protect and assist victims, more victims are potentially identified by both
organisations and authorities as victims might be more likely to seek out help. If, how-
ever, trafficking is not seen as a crime, and victims not seen as victims, a trafficked person
might be identified as an undeclared worker or a prostitute and punished as such. This
would discourage the victim to make their presence in the country known and would, on
the contrary, give the trafficker or employer more leverage on the victim. As such, laws
covering crimes concerning or related to trafficking will directly have an impact on the
access to data.

As earlier stated, the definition of trafficking stated in the Palermo Protocol contributed to
a more united approach in combating trafficking worldwide. Together with other legislation
put in place to counter trafficking, most countries have criminalised human trafficking –
despite this, the actual enforcement of such laws differ significantly between countries.
Furthermore, the seriousity in fighting trafficking has changed over the course of the years,
as mirrored by statistics reported by the UNODC (2018, p. 45). Regardless, relatively few
traffickers are still convicted and the number of unidentified victims remains potentially
large.

2.3.2 Laws on Prostitution

Earlier studies show that differences in prostitution laws affect the number of victims of
trafficking for sexual exploitation in a country (Cho et al., 2013; Jakobsson & Kotsadam,
2013). Prostitution laws can be divided into five subgroups – decriminalisation, legalisa-
tion, abolitionism, neo-abolitionism and prohibitionism (Barnett & Casavant, 2014).

Decriminalisation means that all aspects (buying, selling, soliciting and organising) of
the exchange of sexual services for goods or money are legal. On the other end of the
scale, prohibitionism tries to tackle the issue of prostitution by forbidding all the earlier
mentioned aspects. In the middle, the legalisation model makes these aspects legal but
regulated in order for the state to be able to monitor and control market; the abolitionist
model allows buying and selling sex while often making third-party involvement illegal,
meaning that organising the exchange is illegal and, often, so is soliciting. Last but not
least, neo-abolitionist countries employ an approach where selling sex is legal while all
other aspects are illegal in order to fight the demand side of the prostitution market (Bar-
nett & Casavant, 2014).
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Changes to prostitution laws are uncommon but they do occur. These changes, and
challenges when it comes to sorting countries depending on prostitution laws, are further
discussed when presenting the independent variables in subsection 5.2.2.

3 Literature Review

Regarding trafficking and the affiliated commercial sex industry, little research has been
done from an economic perspective despite the fact that economics of migration and crime
are big areas of research. Jakobsson & Kotsadam (2016) propose that one of the main
underlying reasons for the lack of interest in the economics of trafficking in quantitative
research might be the difficulty of finding reliable data. Notwithstanding, a number of
studies have been conducted to investigate the functioning of this peculiar market. This
has been done by employing a rational choice model where victims make decisions based
on push factors and pull factors. Similarly, these push and pull factors exist for traffickers,
i.e. the profit maximising individuals or organisations who decide where an individual is
trafficked.

The study of most importance for this paper was written by Hernandez & Rudolph in 2015.
They study the relationship between a number of variables and the flows of trafficking in
persons to twelve European countries using data assembled by contacting the responsible
authority in each country. Among the factors studied are variables such as gross domestic
product (GDP) per capita differences, population sums, distance as well as law and order,
freedom of movement and prostitution laws. Employing a Zero-inflated negative binomial
regression (zinb) analysis on a gravity model, they show that victim flows tend to increase
with geographical vicinity and cross-country income disparities. Flows also increase with
the sum of the population sizes, explained by a higher supply of vulnerable individuals
and a higher demand for trafficked services. Furthermore, established refugee routes, the
share of foreign population and liberalised visa regimes between the two countries all have
positive effects on the size of the flows. As expected by the authors, though, when the
individuals are allowed to stay in the country the effect of the lack of visa regulations
disappear. The authors find that the nature of the prostitution laws, when controlling for
institutional quality, do not affect how many victims are trafficked to the country. Thus,
they argue, sound institutional quality ensures that the potential for traffickers to coerce
and exploit vulnerable individuals is kept limited.

Focusing on trafficking for sexual exploitation, Jakobsson & Kotsadam (2013) argue that
prostitution laws affect the profitability of trafficking for sexual exploitation and test this
argument in a cross-country study using a six-point scale, measuring the prevalence of
trafficking, presented by the UNODC in 2006. They show that trafficking is least occur-
ring where prostitution is illegal (prohibitionist countries) and most occurring where it is
legal and in between in neo-abolitionist countries like Norway and Sweden, where sex work
is legal but procuring sex is illegal. They also conduct a case study to support their claims.
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Cho et al. (2013) uses the same scale described above to examine how the prevalence of
trafficking correlates with prostitution laws in 161 countries. The authors theorise that
there are two effects at hand, a scale and substitution effect (described in the theoretical
framework above). While the scale effect causes an increase in trafficking victims, the sub-
stitution effect is argued to cause a decrease. This is due to improved working conditions
and safety in the occupation, enabling sex businesses to recruit domestic workers to a
greater extent as a result. However, the amount of trafficked individuals is still believed to
be non-zero due to the facts that the supply of domestic sex workers might be too small,
there might be preferences among clients for “exotic” sex workers or because trafficked
persons are easier to control and more lucrative. This causes the effect of prostitution
laws on human trafficking to be ambiguous. Having conducted a cross-sectional analysis
and case studies on Denmark, Germany and Sweden, the authors conclude that the scale
effect seems to dominate the substitution effect. In other words, countries with legal pros-
titution tend to experience heavier inflows of trafficking victims. However, they argue,
the analysis does not take into account the fact that sex workers in those countries might
experience other positive effects of legalised prostitution, such as safer and better working
conditions (Cho et al., 2013).

In a later paper, Cho (2015a) investigates the robustness of 70 push and 63 pull factors
used in previous studies. She does this by using an extreme bound analysis to study three
different datasets. Among the most robust push factors affecting the outflow of trafficked
victims are log GDP per capita, this was significant in all three models employed. Mean-
while, the effect of crime rates was positively significant in two of the models, accompanied
by, among others, rule of law and control of corruption on the negative side. Regarding
variables pulling people to destination countries, once again log GDP per capita is signif-
icant in all three models (positive). Furthermore, a number of variables were significant
in two of the specifications. Among them, the estimated effects of refugee inflows, crime
rates, log population size and log amount of heroine seized came out positive. While
rule of law and control of corruption were negatively correlated with trafficking on the
push side, no evidence was found that rule of law or institutional quality would affect
the flows to destination countries (pull). Cho (2015a) argues that this might be because
anti-trafficking measures are still not grounded in general law enforcement or because it
is a rather unprioritised area.

4 Hypotheses

Looking back at the theoretical framework and earlier studies, legalised prostitution might
open up for a higher demand of prostitution and, thus, trafficking for sexual exploitation
and simultaneously decrease profits of traffickers through increased competition. However,
profits in the sex business are likely to remain rather high due to the nature of the work.
Simultaneously, traffickers are able to offer “exotic goods” from which they can extract
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high proportions, if not all, of the incomes. This means that prostitution laws are likely to
affect the total trafficking flows in an unclear direction and that these estimates might be
driven differently by the different types of exploitation. Furthermore, the estimates also
need to take into account the actual enforcement of the constraints imposed by the laws
– the rule of law. This falls natural due to the fact that if traffickers do not fear legal
consequences, their perceived costs of trafficking will be lower which should increase flows
to the point where supply and demand meet. Resting on the theoretical framework above,
the hypotheses studied are therefore:

Hypothesis 1: Prostitution laws have an effect on total trafficking flows between coun-
tries, the direction of which is ambiguous.

Hypothesis 2: Prostitution laws affect the flows of victims exploited for sexual services
in a host country. Similar to the effect on the total flows of victims, this effect is ambiguous.

Hypothesis 3: Prostitution laws per se do not influence the flow of victims exploited for
forced labour in a country.

5 Empirical Analysis

The model used to evaluate the relationship between trafficking and prostitution laws is
based on a gravity model looking at bilateral flows of trafficking victims between two
countries. This section more closely describes the dataset created mainly from the Global
Dataset, CEPII, the World Development Indicators and the Worldwide Governance Indi-
cators. Description of the data is followed by the empirical method employed to analyse
the aforementioned flows. The variables and empirical strategy are chosen so as to, as
closely as possible, follow the study conducted by Hernandez Rudolph (2015).

5.1 Presentation of Data

The Global Dataset found on the CTDC’s webpage is the result of a collaboration between
the International Organization for Migration (IOM) and the counter-trafficking organisa-
tions Polaris and Liberty Shared. The dataset includes harmonised data on 62 variables
for 55 434 individuals being trafficked across and within borders during the years between
2002 and 2018 collected by organisations countering trafficking all over the world (CTDC,
2019b). This means that, on average, 3 261 individuals have been identified per year, a
number that pales into insignificance in comparison with the estimates of up to 800 000
victims being trafficked across borders each year (U.S. Department of State, 2006). Ideally,
the dataset would cover all victims of trafficking, identified or not; however, it is feasible to
assume that full identification is never achieved when studying criminal activities. With
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that being said, the Global Dataset is the largest dataset of its kind and, as a consequence,
it would be hard to find a better dataset for the analysis at hand. The dataset is based on
case management data where cases are recorded when victims contact a hotline or when
victims are assisted and/or protected. Only the data that has gone through anonymisation
is published in the Global Dataset; however, visuals covering all individuals are available
on an aggregated level on the CTDC website.

The first step conducted regarding data is to aggregate it on a country pair level so as
to see between which countries how many victims were trafficked in each year covered.
Following the method of H&R (2015), it was thereafter assumed that organisations had
not registered any victims flowing between the country pairs for the years where identi-
fied victims were missing for a given year. These years were manually imputed for each
country pair and set as zero values. However, the reader should be aware of that is
a rather strong assumption to make, especially since the CTDC does have (unpublished)
information on more victims, which cannot be verified or tested as it remains unpublished.

Due to the fact that the data covers individuals identified or assisted by the partner organ-
isations, the persons are not necessarily representative of the population of victims as a
whole. However, as pointed out by the CTDC “This does not mean that they are unrepre-
sentative of the population [. . . ] and testimony from survivors of trafficking are one of the
best and only sources of information available on this complex crime” (2019a). In other
words, due to the secretive nature of the crime, the distribution of the actual population
remains a mystery. The individuals in the CTDC data might therefore, and are likely
to, be individuals from or identified in specific countries where, for example, the work of
counter-trafficking organisations encouraged, supported or at least not restricted by the
government. With this concern in mind, the anti-trafficking index created by Cho (2015b)
is used as a control variable for the estimations. The 3P-Anti-Trafficking Policy index
(henceforth, 3P index) evaluates countries based on their performance in implementing
policies to tackle trafficking using the three P:s: prosecution, prevention and protection.
Prosecution refers to the prosecution of traffickers, prevention to the prevention of traf-
ficking crimes and protection to the protection of victims. Countries are evaluated and
given at minimum one point per P for no compliance and maximum five points for full
compliance. This results in an overall score ranging from 3 to 15. As this index is not
available during the last three years of our sample, nor for all countries, the sample size
will shrink as a result of including this control variable.

A further challenge regarding the data is that of the final destination of the victim. As the
years reported refer to when the individual was registered at the anti-trafficking organi-
sation and the country of exploitation refers to where he or she was identified, it remains
unknown for how long the individual has been exploited and if the host country was the
final destination intended. As countries are often classified as countries of origin, transit
or destination when studying trafficking, the country of exploitation might in reality be
nothing more than a transit country. This is, however, impossible to find out.
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Following the processing of the trafficking data, the dataset was joined with the CEPII
gravity data (Head et al., 2010) in order to get a measure of the distance between coun-
tries. Since the CEPII data does not cover all years (only to 2015), the three last years
(2016 to 2018) were added to the dataset using the same values as the years before (as
these were constant). Joining the CTDC and CEPII datasets caused one country pair
covering the internal trafficking in Vietnam to be omitted. Subsequently, information on
a number variables, such as GDP per capita, were collected from the World Development
Indicators (WDI), created by the World Bank (2019a).

The data processing results in 1 666 observations, whereof 208 are from the CTDC and
1 458 are manually imputed zero values. 30 924 individuals trafficked during the period
2002 to 2018 are covered over 98 country pairs. It is worth noting that a majority of these
individuals were found in their own home country; internal trafficking amounts to 374 of
the observations (22 country pairs) and covers 20 891 victims. The potential reasons for
internal trafficking making up such a vast majority of the sample are numerous; three very
probable ones are that victims are easier to identify if they know the language, conscious of
their rights or have family in the destination country. Therefore, all regressions including
internal trafficking have a binary variable indicating the nature of the trafficking as a
control.

5.2 Presentation of Variables

5.2.1 Dependent Variables

The dependent variables all capture different aspects of trafficking and are presented in
order of which hypothesis they are meant to answer. As such, the first one refers to the
first hypothesis, the second to the second hypothesis and the third to the third hypothesis.
Table 1 gives an overview of the nature of the dependent variables.

The first of the three dependent variables, Victims, measures how many citizens of a spe-
cific origin were registered as victims of trafficking by a counter-trafficking organisation
in the host country for each year. As such, the 30 924 individuals covered in the 208 (of
1 666) non-zero observations in this variable not only include those trafficked for sexual
services or labour, but also those of other or unknown exploitation types.

The second dependent variable, Victims of sexual exploitation, is the number of citizens
identified of a specific origin who claimed they had been exploited for sexual services in
the host country each year. This variable covers 7 449 victims over a count of 57 non-zero
observations whereof 1 984 persons were trafficked across borders.
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Last but not least, the third dependent variable, Victims of forced labour, is the count
of citizens identified of a specific origin who claimed to have been exploited for forced
labour in the host country each year. This amounts to 7 776 individuals over 85 non-zero
observations. Of these individuals, 5 856 were subject to international trafficking.

Table 1: Distribution of dependent variables

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6)
Obs Non-zero obs Victims Obs Non-zero obs Victims

Victims, total 1666 208 30924 1292 143 10033

Victims, sexual exploitation 544 57 7449 374 45 1984

Victims, forced labour 799 85 7776 680 75 5856

As earlier stated, none of these variables are able to mirror the actual prevalence of either
type of trafficking to and from countries as the real, unmeasured scope of the problem is
larger than can be detected. Despite this, and the possible bias arising from the ease of
identifying and registering victims in different countries, they will still be able to capture
patterns on the issue.

5.2.2 Independent Variables

Following the example of earlier studies (H&R, 2015; Cho et al., 2013), the independent
variables of interest take the form of two binary variables indicating the level of regulation
of prostitution. Information has kindly been provided mainly by the Sexuality, Poverty
and Law Programme created by the Institute of Development Studies at the University
of Sussex (2019). The first variable, Prostitution legal, takes the value one if the country
has not prohibited the exchange of any type of sexual services for money and zero if they
have. The second variable, Liberal laws, takes on the value one if solicitation or opera-
tion of brothels are allowed and zero otherwise. As such, this variable corresponds to the
”Prostitution regulation (host)” variable in H&R (2015). In other words, the first variable
measures the relationship between trafficking and legal prostitution while the second ex-
amines how further liberalisation (or ”regulation”, as expressed in H&R, 2015) of sex work
affects the flows. In summary, for the first variable, the value one refers to all countries
where prostitution is legal, making the control group countries where prostitution is illegal
(i.e. selling, buying or both are illegal). For the second variable, the value one refers to
only those countries where solicitation and/or brothels are allowed, making the control
group all countries where prostitution is illegal and those where it is legal but solicitation
and/or brothels are not allowed.
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The sorting of variables causes us to lump together countries that take different measures
to address prostitution. To connect to the section on prostitution laws above, prohibition-
ist countries assume the value zero in both variables, legalisationist countries are the ones
assuming the value one in both variables while abolitionist and neo-abolitionist countries
take on the values one and zero in Prostitution legal and Liberal Laws respectively. As
a consequence, this study is only in part able to distinguish between the five different
types of prostitution laws as described by Barnett & Casavant in 2014. However, this
problem is amended by the fact that none of the countries studied are either decrimi-
nalisationist (where the exchange of money for sexual services is not addressed at all) or
neo-abolitionist (where only the purchase of sexual services is banned). This leaves us with
the three groups prohibitionists, legalisationists and abolitionists. Where information is
missing at IDS, the information was supplemented using information from the non-profit
charity ProCon.org (2018) and ChartsBin (2010). Among these fifteen countries, prosti-
tution was legal only in Austria and Sierra Leone and to evaluate whether the laws could
be considered liberal or not, other sources were used (Benjamin, 2015; Wagenaar et al.
2013). Changes in prostitution laws have been cross-checked using ProCon.org’s historical
timeline on prostitution, covering news on prostitution until 2016 (ProCon.org, 2016).

While changes to prostitution laws are uncommon, two host countries of this study have
changed such laws. Sex work was legalised3 in Romania following the reform of the Penal
Code in 2014 (IDS, 2019). In Taiwan, prostitution was legalised in 2009, enabling local
authorities to create so called red-light districts where prostitution is allowed. As late as in
2017, however, no such districts had been created, making it de facto illegal (Everington,
2017). The case of the Philippines is extra tricky, the Institute of Development Studies
(IDS; 2019) claims that it is illegal to sell sexual services while at the same time, it seems
to be legal and regulated as brothels, massage parlours and other establishments employ-
ing sex workers exist. This leaves prostitution in the borderlands of being legal and liberal
while officially being banned.

The countries mentioned above are not the only countries whose prostitution laws need
to be scrutinised when evaluating the legality of prostitution. The U.S. is one of the
most prosperous and populous countries in the dataset and has a significant inflow of
trafficking victims covered in the CTDC Global Dataset (2019b). However, prostitution
is only legal in one of the country’s 50 states (Nevada) which would be classed as having
liberal regulations as brothels are allowed. Similarly, Japan, Malaysia and the Philippines
all have prostitution laws worth a second thought. In Japan, paid acts including vaginal
intercourse are punishable, but not other sorts of sexual services. In Malaysia, prostitution
is but for the Muslim part of the society (ProCon.org, 2018).

3Please note that this does not necessarily mean that they follow the legalisationist
model mentioned in the paragraph above, but simply that they no longer punish the sale
or purchase of sexual services for money.
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While the classifications made are generally rather straightforward, the cases above repre-
sent some of the more complex cases of prostitution laws. With this in mind, in the United
States and Taiwan, prostitution is classified as illegal while for the observations covering
Japan and Malaysia, it has been classed as legal with laws not being liberal. The laws
of the Philippines are classified as legal and liberal. These decisions are further analysed
when testing the robustness of the estimations in the results section.

5.2.3 Control Variables

Following the work of H&R (2015) and other researchers using gravity models to study
flows, a measure of the relative gross domestic products per capita (GDP/capita ratio),
sum of the country populations and distance between countries are all included in log-
arithms in most regressions. These three variables are referred to as the ”gravity vari-
ables”. The GDP/capita ratio included is calculated by dividing the GDP/capita in the
host country by that of the origin country. The GDP used is in current dollars, unadjusted
for purchasing power partity because traffickers are assumed to want to maximise their
profits in current, absolute value and do not necessarily want to uphold themselves in the
host country of their victims. The Sum of populations in the two countries is frequently
used as a variable in gravity models as flows between two countries are thought to be
larger the bigger both of the country populations are. Furthermore, flows are thought to
decrease with distance between countries. The Weighted distance variable used is from
CEPII (Head et al., 2010) and measures the distance between the origin and host countries
weighted by population. As earlier stated, because distance is time-invariant, values have
been imputed to the distance variable to cover the years 2016-2018 in order to allow for a
greater number of observations in the regressions.

To account for the fact that different countries enforce mainly prostitution laws to different
extents, optimally the study would include legal enforcement of the countries as a control
variable. However, because the legal enforcement variable used by H&R (2015) is not
publicly available, the rule of law index published as a part of the World Bank’s Worldwide
Governance Indicators (WGI; Kaufmann, Kraay & Mastruzzi, 2010) is included instead.
The index ”captures perceptions of the extent to which agents have confidence in and
abide by the rules of society, and in particular quality of contract enforcement, property
rights, the police, and the courts, as well as the likelihood of crime and violence” (World
Bank, 2019b). This is done by creating a score depending on a number of variables
such as ”violent crime”, ”cost of organised crime” and ”reliability of police services” from
multiple sources. A measure of trafficking from the U.S. department of State TIP report
also takes part in deciding the score; however, it is unclear what measure is used and
how much weight it is given. The variable covers years from 1996-2017 and assumes
values ranging approximately between -2.5 and 2.5 and is included in its natural form as a
control variable following the example of earlier research (Cho et al., 2013). Furthermore,
in an attempt to account for the handling of trafficking in each country, and the fact
that countries devote unequal efforts to tackle the issue, the 3P-Anti-Trafficking Policy
Index (Cho, 2015b), called Overall 3P, described above will be used. Last but not least,
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as stated above, the dichotomous variable Internal is included as a control variable in all
regressions covering the full sample. This variable takes the value zero for observations of
trafficking across borders and one if the victim was found in the country where he or she
holds citizenship.

5.3 Descriptive Statistics

Summary statistics of the entire sample are shown in Table 2 and for the groups of coun-
tries sorted by prostitution laws in Table 3. The columns are also divided into groups
depending on if we are looking at the full sample, where internal trafficking is included,
or cross-border trafficking only. As can be seen in both tables, when looking at the full
sample (including internal trafficking) the average number of victims trafficked is higher
when looking at all the dependent variables except for victims of forced labour trafficked
to countries where prostitution is illegal (Table 3, columns (1) and (4)).

The observant reader will see that the standard deviation of each of the dependent vari-
ables is much larger than the mean itself. This is a sign of overdispersion and is connected
to the fact that the variables include a big number of zero-value observations. Overdis-
persion and zero-value observations are handled by using certain models that can correct
for these phenomenons; this is further discussed in the section on the estimation strategy.

Looking at the independent variables, prostitution is legal in roughly 53 (57 % for cross-
border trafficking) of the countries. Most of these countries have criminalised third party
involvement and/or solicitation, however, and only about 17 % have what has been defined
as liberal prostitution laws when looking both at the full sample and cross-border traffick-
ing only. The control variables are expressed in their natural values, i.e. not in logarithms,
in this section. When looking at column (1) of Table 2, values of the GDP/capita ratio
and the weighted distance are lower than in column (2) because they take the values one
and zero for internal trafficking, respectively. Furthermore, the control variable measuring
rule of law on average seem to be lower for countries experiencing internal trafficking, as
their exclusion causes an increase in the means of these variables.

In the subset of countries experiencing international trafficking inflows, only eight of the
non-zero values report trafficking into a country with a lower GDP/capita than the coun-
try of origin, making the GDP/capita ratio less than one. As can be seen in column (2)
of Table 2, the mean ratio of GDP/capita is roughly 9.62, meaning that over the period
2002-2018 the destination countries in the data have, on average, had a 962 % higher GDP
per person than the origin countries. In addition, the variable measuring rule of law in the
country of origin is on average lower than for the destination country group. Furthermore,
investigating the numbers of the overall score in the 3P Anti-trafficking Policy Index, and
looking at it in the actual data, gives motivation for its inclusion as destination countries
seem to put unequal amounts of efforts into handling the problem.
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Examining the different groups of countries in Table 3, it seems like the least amount
of victims are on average trafficked to countries where prostitution is legal but brothels
and solicitation is illegal (i.e. laws are not liberal). When looking only at cross-border
trafficking, this difference remains while the disparity between countries where prostitution
is illegal and legal and liberal decreases. These patterns also seem to hold for victims of
forced labour while the average amount of victims of sexual exploitation is rather constant
(apart from in column (1)). Investigating the control variables shows that destination
countries where prostitution is illegal on average are comparatively richer (compared to
the origin country) and further away than when looking at the two other groups. They
also seemingly have a higher rule of law but score lower in the anti-trafficking index. The
fact that there is a rather big difference in the distance variable between the three groups
might be because traffickers want to make use of the big disparities in GDP/capita in
countries where prostitution is illegal. Last but not least, the summary of populations
variable is likely to be driven by trafficking to and from India and China, which can be
seen as extreme outliers population-wise as the other big countries of the dataset are the
U.S. and Indonesia.
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Table 2: Summary statistics

Full sample Cross-border trafficking
(1) (2)

Victims, total 18.562 7.766
(106.631) (40.933)

Victims, sexual exploitation 4.471 1.536
(62.029) (10.368)

Victims, forced labour 4.667 4.533
(39.166) (35.949)

Victims, other/unknown 9.423 1.697
(67.993) (13.784)

Prostitution legal 0.533 0.566
(0.499) (0.496)

Liberal laws 0.166 0.171
(0.372) (0.377)

GDP/capita ratio 7.662 9.617
(12.183) (13.235)

Summary of populations, mn 181.042 206.514
(303.080) (330.014)

Weighted distance 2865.201 3694.601
(3565.718) (3651.163)

Rule of law (host) 0.041 0.264
(0.872) (0.809)

Rule of law (origin) -0.699 -0.721
(0.498) (0.419)

Overall 3P score 10.157 10.164
(2.525) (2.590)

Observations 1335-1666 1036-1292

Standard deviations in parentheses
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Table 3: Summary statistics by group

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6)

Illegal Legal Legal and liberal Illegal Legal Legal and liberal
Victims, total 21.996 15.12 16.534 9.235 5.582 9.072

(111.574) (82.757) (135.523) (37.113) (24.409) (70.21)

Victims, sexual exploitation 6.665 2.765 2.087 1.620 1.437 1.548
(84.528) (36.309) (13.359) (10.699) (10.166) (10.017)

Victims, forced labour 6.202 0.796 8.917 6.911 0.931 6.805
(34.151) (5.441) (76.492) (32.420) (5.928) (69.119)

Victims, other/unknown 9.129 11.559 5.531 0.704 3.214 0.719
(62.03) (74.392) (69.239) (5.979) (20.37) (7.419)

GDP/capita ratio 11.09 4.516 5.195 15.11 5.219 6.244
(16.289) (5.435) (5.499) (17.732) (5.699) (5.684)

Summary of population, mn 284.623 72.972 131.229 361.295 79.689 110.746
(409.375) (62.979) (131.022) (449.718) (66.053) (100.18)

Weighted distance 4636.614 1050.38 1905.933 6421.835 1260.455 2388.884
(4369.49) (804.889) (2127.376) (3869.343) (715.792) (2125.74)

Rule of law (host) 0.231 -0.18 0.039 0.655 -0.049 .0132
(0.945) (0.701) (0.898) (0.659) (0.69) (0.972)

Rule of law (origin) -0.708 -0.731 -0.603 -0.738 -0.724 -0.672
(0.57) (0.424) (0.417) (0.407) (0.434) (0.415)

Overall 3P score 9.728 10.397 10.798 9.655 10.504 10.622
(2.921) (1.950) (2.284) ( 3.059) (1.976) (2.38)

Obs 613-777 499-612 223-277 416-561 416-510 180-221

Standard deviations in parentheses

5.4 Estimation Strategy

Traditionally, gravity models have been used to study bilateral trade and investment flows
(see for example Andersson & van Wincoop, 2003) following the work of Jan Tinbergen
(1962). However, some attribute the emergence of the model to sources like Ravenstein
(1885, 1889) or Carey (1858; Beine et al., 2015). Lately, due to their versatile natures and
better access to data on migrant flows, the models have caught the interest of economists
attempting to explain cross-border migration patterns (Beine et al., 2015; H&R, 2015).
Taking on migration flows, they are derived using rational choice theory where individuals
migrate to maximise utility to explain the micro-foundations of the model. As trafficking
can, to a certain (varying) degree, be seen as voluntary or involuntary migration, these
models have also been applied to studies concerning trafficking (such as Akee et al., 2010;
Akee et al., 2014; H&R, 2015). However, when studying trafficking the choice of destina-
tion is seldom taken by the victim, but rather by the trafficker.
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In the migration context, the simplest form of the gravity model is usually described as the
dependent variable as a function of the distance between countries, income and popula-
tion in the two places (Akee et al., 2014). Most researchers elaborate on this specification
depending on what they want to study; as such, the base specification of this study takes
the following form:

Yhot = +βXXht + βZZhot + βQQhot + ωo + γt + εhot

In this equation, Yhot denotes the number victims registered in host country h coming from
origin o in year t, the victims considered can be the total number, the amount trafficked
for sexual exploitation or the amount trafficked for forced labour. On the right hand side,
α is a constant X indicates the two independent variables, measuring if prostitution is
legal and, subsequently, if laws are liberal in time t. Z is an indicator covering the three
main control variables GDP/capita difference, sum of populations and distance between
countries. These are called the gravity variables. Q is a vector of other control variables,
such as the rule of law in destination and origin country and the 3P score described above.
ωo and γt are vectors capturing origin and time fixed effects. ε denotes the idiosyncratic
error term and the β terms are vectors for the estimated coefficients of the variables. In
order to ensure that the standard errors of the coefficients are appropriately conservative,
they are clustered on the country pairs included in the regressions.

The estimation strategy used is an attempt to, as closely as possible, replicate the model
employed by H&R (2015) when estimating the effect of prostitution laws on trafficking.
First, time fixed effects capture confounders that might happen to all countries included
in a given year but vary over time, such as financial crises. Second, origin fixed effects
capture characteristics that are constant for countries of origin across the course of years
but that might differ between the countries of origin. These might be factors that are easy
to measure such as, in the case of Japan and Taiwan, the country being an island or, for
example, factors that are harder to capture but might still confound the results, such as
culture.

To account for the high amount of zeros and overdispersion in the data, the gravity model
is estimated using a Zero-inflated negative binomial estimation (zinb) approach. The zeros
cause the data to be extremely left-skewed while overdispersion means that the variance
of the dependent variable is large compared to the means of the very same. When using
dependent variables that are overdispersed and include a lot of zeros, a number of ap-
proaches can be used, the zinb is one of them. Comparing the usefulness of the zinb to
the others, the Poisson regression model, Negative binomial regression model and Zero-
inflated Poisson regression (ZIP), can be done using a series of tests created by Long &
Freese in 2006 (UCLA, 2019; H&R, 2015). These tests point towards a zinb being the
overall best fit for the data and models at hand.
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The zinb estimates relationships between variables using a maximum likelihood estimator.
For some background, imagine that two cases can occur – if case number one occurs, the
value of the dependent variable is zero and if case number two occurs, values are generated
in accordance with the negative binomial model. The probability that case one occurs is
π and case two occurs with probability (1 − π). This makes the probability distribution
of a zinb variable yi

Pr(yi = j) =

{
πi + (1 − πi)g(yi = 0) if j = 0

(1 − πi)g(yi) if j > 0

where πi a logistic link function and g(yi) is the negative binomial distribution. Using
this, zinb models take two steps to first calculate the probability of the value actually
being zero using a log-likelihood function, to later estimate the relationship between two
variables using maximum likelihood estimation (Garay et al., 2011).

A number of problems are associated with the estimation strategy. First and foremost, as
stressed earlier, data and selection bias is one of them; a selection bias arises because some
individuals might be easier to identify. As earlier mentioned, I try to amend this using
control variables, however, there are still other factors potentially affecting the results.
One such variable is common language which might be one of the reasons why some
countries (such as Russia) have identified more victims than others as the language affects
the possibility to communicate with authorities. This could have been controlled for using
country pair fixed effects but that would seriously affect the identifying variation available
and might, instead, be an idea for future studies using bigger datasets. Last but not least,
there might be cause to worry about simultaneous causality running from the number of
trafficking victims making countries change their prostitution laws. It is indeed debatable
whether it is right to assume that the size of trafficking flows does not affect prostitution
laws. However, prostitution laws have been rather constant during the period and earlier
studies either disregard the issue or argue that prostitution laws are unlikely to be linked
to flows of trafficking victims (Akee et al., 2014). Resting on these facts, prostitution laws
are assumed to be exogenous.

6 Results

In this section, the main results are presented, tested and discussed. The presentation
is divided into three subsections where the estimations refer to the number of victims
trafficked in total, for sexual services and for forced labour respectively. The section on
robustness checks refers to regressions estimated using alternative models; these tables can
be found in sections A3-A7 in the appendix.
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6.1 Presentation and Discussion of Results

In the tables presenting the results below4, the columns are divided into two groups, the
first of which includes the four columns in which coefficients have been estimated using the
entire sample and while the last four present estimates for cross-border trafficking only.
Estimates are expressed as the marginal amount of victims associated with a one point
increase in the independent variable. p-values are in parentheses and, quite far down,
the logarithm of an alpha parameter which indicates the dispersion of the data can be
found. If the alpha is statistically significantly different from zero, zinb is to be preferred
compared to a Poisson model. Had any of the alphas not been statistically significantly
distinguishable from zero, however, the results from a Zero-inflated Poisson regression
model (ZIP) would have been reported in the last few columns of the table.

6.1.1 The Total Flow of Victims

This section refers to hypothesis number one, Prostitution laws have an effect on total
trafficking flows between countries, the direction of which is ambiguous. Table 4 reports
the first few results of this study.

Table 4: Total Victims of Trafficking

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6) (7) (8)

Prostitution legal -0.407∗ -0.574∗ 0.352 -0.173 -0.595∗∗ -1.121∗∗∗ 0.169 -0.219
(0.064) (0.070) (0.487) (0.739) (0.019) (0.001) (0.840) (0.813)

Liberal laws -0.194 -0.0950 0.110 -0.195 -0.229 0.189 0.170 0.255
(0.549) (0.783) (0.755) (0.625) (0.447) (0.526) (0.621) (0.510)

Gravity variables No Yes Yes Yes No Yes Yes Yes

Rule of law (host & origin) No No Yes Yes No No Yes Yes

3P score No No No Yes No No No Yes

lnalpha -0.577∗∗∗ -0.611∗∗∗ -0.712∗∗∗ -0.752∗∗∗ -0.761∗∗∗ -0.821∗∗∗ -0.939∗∗∗ -1.135∗∗∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes Yes Yes Yes Yes
Convergence Yes Yes Yes No Yes Yes Yes No
Observations 1666 1552 1376 1171 1292 1200 1024 872

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01

As can be seen in the first two columns for both groups, counter-trafficking organisations

4Full tables reporting estimates of control variables are available in section A2 in the
appendix.
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identified fewer victims in countries where the purchase of sexual services is legal. These
estimates are statistically significant at the 10 % level for overall and the 5 % and 1 %
levels for cross-border trafficking, respectively. At this stage, the results point towards
the substitution effect being stronger than the scale effect. However, the effect of more
liberal prostitution laws on trafficking inflows remains unknown as estimates vary from
rather small negative effects to bigger positive effects, all statistically insignificant. When
including the WGI rule of law index, however, the estimates for legal prostitution become
weakly positive and lose their statistical significances. This signals that while there might
be a relationship between total trafficking flows and prostitution laws, it cannot be proved
statistically when taking into account the different levels of law enforcement in the origin
and destination countries. Upon including the 3P score in columns (4) and (8), both
estimates for legal prostitution regain their negative signs indicating that, although sta-
tistically insignificant, with respect to how well the countries tackle trafficking, fewer are,
on average, exploited in countries where prostitution is legal. As such, traffickers might be
more prone to evaluate the actual risk of being caught in the country of destination rather
than just the illegality of the business. To put it in a rational choice framework, think
of the trafficker as choosing between two countries where trafficking is illegal. The first
country has a well-functioning law enforcement but a set of laws making prostitution legal.
In the second country, prostitution is illegal but the enforcement of those laws is weak and
the authorities corrupt. While in the first country the trafficker risks the “cost” of prose-
cution, in the second it might only risk having to pay bribes. This is a very stylised and
simplified example but it explains why the rule of law is bound to confound the results,
should it be omitted. Furthermore, as stated when discussing the descriptive statistics
(with reference to the tables in the appendix), on average, countries where prostitution is
legal have higher 3P scores. The fact that they more actively tackle the issue of trafficking
might not only mean that they identify more victims, it might also mean that traffickers
are deterred from joining those markets.

Interestingly, the results do not show the same strong statistical significance for the three
gravity model variables as in the study conducted by H&R (2015). Although these are only
used as control variables in this study, this observation might point towards there being
a disparity between trafficking to European countries and trafficking in an international
context.

6.1.2 Victims Exploited for Sexual Services

The very same specifications used above are applied to evaluate the impact of prostitu-
tion laws on the type of trafficking of foremost interest, namely that of victims exploited
for sexual services. The purpose of this is to give an answer to the second hypothesis,
Prostitution laws affect the flows of victims exploited for sexual services in a host country.
Similar to the effect on the total flows of victims, this effect is ambiguous.
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Table 5: Victims Exploited for Sexual Services

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6) (7) (8)

Prostitution legal -0.746∗ 0.0981 -0.589 0.306 -0.832∗∗∗ 0.689 -0.995 -0.537
(0.071) (0.839) (0.488) (0.663) (0.009) (0.241) (0.587) (0.696)

Liberal laws 0.471 0.302 0.605 0.303 0.471 0.220 0.181 0.334
(0.271) (0.373) (0.149) (0.384) (0.243) (0.527) (0.573) (0.349)

Gravity variables No Yes Yes Yes No Yes Yes Yes

Rule of law (host & origin) No No No Yes No No Yes Yes

3P score No No No Yes No No No Yes

lnalpha -1.067∗∗∗ -1.471∗∗∗ -1.324∗∗∗ -1.553∗∗∗ -1.172∗∗∗ -1.333∗∗∗ -1.779∗∗∗ -1.162∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.081)
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes Yes Yes Yes Yes
Convergence Yes Yes Yes Yes Yes Yes No No
Observations 544 512 416 358 374 352 256 220

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01

When looking at Table 5, the correlation between legal prostitution and trafficking, this
time for sexual exploitation, seems to be be ambiguous. Interestingly, although almost all
of the estimates are statistically insignificant, the correlation seems to be more cohesive
and in line with the earlier presented results when looking at cross-border trafficking than
the full sample. Similar to when evaluating the effect of liberal prostitution laws on to-
tal trafficking flows, none of the estimates are statistically significant at any conventional
level. As such, despite the fact that the positive estimates are rather constant across the
specifications, no conclusion can be made. However, as the results differ from the estimates
reported in Table 4 above, the effect of prostitution laws on trafficking might be muddled
when including other groups that cannot be assumed to be affected by prostitution laws,
i.e. other groups than those exploited for sexual services. In this study, one possible
explanation to the absence of statistically significant results in this variable is the lack of
precision due to the small portion of the sample defined as having liberal laws as well as
the small amount of countries experiencing this kind of inflow.

6.1.3 Victims Exploited for Forced Labour

Table 6 reports how prostitution laws affect the inflow of victims exploited for forced
labour. Keep in mind that, contrary to the first two hypotheses, hypothesis three states
that Prostitution laws per se do not influence the flow of victims exploited for forced labour
in a country. Please make note of the fact that none of the regressions in the table have
estimates of a successfully converged log-likelihood function. This indicates that the same
model that has been used to evaluate the correlation between the two earlier dependent

23



variables and the two independent variables does not hold when evaluating the flows of
victims exploited for forced labour.

Table 6: Victims Exploited for Forced Labour

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6) (7) (8)

Prostitution legal -0.805∗∗∗ -2.207∗∗∗ -1.402∗ -1.053∗ -0.776∗∗∗ -1.999∗∗∗ -0.892 2.366∗

(0.003) (0.000) (0.082) (0.087) (0.005) (0.000) (0.235) (0.062)

Liberal laws 0.0346 0.971 0.793 -2.557∗∗∗ -0.125 0.769 0.731 2.636∗∗

(0.955) (0.132) (0.443) (0.000) (0.838) (0.309) (0.613) (0.012)

Gravity variables No Yes Yes Yes No Yes Yes Yes

Rule of law (host & origin) No No Yes Yes No No Yes Yes

3P score No No No No No No No Yes

lnalpha -0.630∗∗∗ -0.751∗∗∗ -1.242∗∗∗ -2.513∗∗∗ -0.731∗∗∗ -0.838∗∗∗ -1.348∗∗∗ -3.044∗∗∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.001)
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes Yes Yes Yes Yes
Convergence No No No No No No No No
Observations 799 742 688 580 680 630 576 486

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01

Looking at the results of the first row, once again the results seem to point towards
legalised prostitution decreasing the inflow of trafficking. As in both of the previous
sections, though, the statistical significance drops when including the measures of rule
of law. Furthermore, the results are likely subject to bias as forced labour trafficking
is more likely to be driven by labour regulations that might coincide with prostitution
laws. The big coefficients, relative to those in Table 4, indicate that trafficking for forced
labour has a potentially significant influence on the estimates for the overall trafficking
inflows. Looking at the effect of liberal laws on victims exploited for labour in the second
row, they are show a rather inconclusive picture with the two most conservative estimates
showing different signs. This is to be expected as there is no real reason why the amount
of trafficked workers would be affected by the fact that third party involvement and/or
solicitation is allowed when exchanging sexual services for money. As such, this might
explain the ambiguity of the effect of liberal laws on total trafficking flows in Table 3 and
illustrates the problem of not distinguishing between different types of trafficking when
examining the issue.
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6.2 Robustness Checks

6.2.1 Logarithmic Transformation of the Dependent Variables

The tables using logarithmic dependent variables are available in tables A3.1-A3.5 in the
appendix. The dependent variable is defined as log(Y +1), where Y is the dependent vari-
able, to allow for the zero values to remain in the sample; as in the earlier regressions, these
zeros will be accounted for in the zinb regressions. The percentage change in the dependent
variables as a result of a change in the independent variables is calculated as (eβX −1)∗100.

The estimates when looking at Table A3.1, where the total flows of victims constitute the
dependent variable, follow roughly the same patterns as when using the absolute num-
bers. Here, legal prostitution is once again associated with a statistically significant lower
amount of identified victims and, once again, the significance disappears when including
the rule of law variables. Including the anti-trafficking index score does not affect the
estimates very much. The estimates for liberal laws are also similar to the ones estimated
using the absolute numbers, in the sense that they are rather ambiguous and statistically
insignificant.

Tables A3.2 concerns the logarithmic flows of victims of sexual services. Looking at both
tables largely confirm the signs of the coefficients estimated using total numbers. This
means that legal prostitution itself might be negatively correlated with the inflow of victims
of sexual exploitation while liberal laws are correlated with an increased inflow. Looking
at the estimates using forced labour as the dependent variable in tables A3.3, even the first
estimate in column (8) is now negative and the estimate for liberal laws in column (4) has
also changed sign from negative to positive. However, just as earlier the estimates are still
unable to converge and a lot of them are statistically insignificant also when transforming
the variable values into logarithms.

6.2.2 Omitting Japan, Malaysia, Philippines and the U.S.

As earlier mentioned, prostitution laws in Japan, Malaysia, the Philippines and the U.S.
are rather hard categorise. As such, tables A4.1-A4.3 in the regressions report estimates
where these countries have been removed from the sample to see if they have an unwanted
effect on the estimates presented above.

Table A4.1 tells us that for the total flow of trafficking victims, omitting the four aforemen-
tioned countries generally causes the estimates for legal prostitution to be more negative
but stay rather intact. In columns (1) and (2), the estimates even gain in statistical sig-
nificance. As for the second variable of interest, the estimates tend to become lower or
more negative than earlier; the estimates are, however, still statistically insignificant.
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Using victims exploited for sexual services in Table A4.2 shows similar results for the
prostitution legal variable. As for the variable indicating how liberal the prostitution laws
are, though, the estimates have fallen slightly, even causing the correlation to be negative
in column (2). However, they are all still statistically insignificant.

Moving on to Table A4.3, depicting flows of victims exploited for forced labour, most no-
tably there has been a change in the most conservative estimate for legal prostitution for
the full sample in column (4). This estimate now follows that of cross-border trafficking
more closely, although being statistically insignificant. As can be seen, the estimates also
become more extreme when removing the four countries mentioned above; once again,
though, none of the estimates have converged, indicating that the model is not suitable
for this type of trafficking. Furthermore, other factors are still likely to be biasing the
estimates.

6.2.3 Omitting Observations where Rule of law is Unavailable

In order to account for the fact that the sample size differs between regressions, this sub-
section omits the observations where the rule of law index for either origin or host country
is missing. This results in removing all 98 observations in 2018, as the index was not
updated with numbers for that year, as well as 192 observations for various country pairs
listed in Table A5.1 in the appendix. Most notably, 80 observations for trafficking to
Russia disappear as the country lacks a score on the index for all the years covered.

When looking at table A5.2, where regression outputs are presented for the total flow of
victims in this robustness check, the apprehensive reader will note that many of the esti-
mates have changed. Statistical significance is no longer present in any of the specifications
and when looking at the estimates for the full sample all of the estimates have become
positive. In addition, the estimates for liberal laws turn become more positive although
still being statistically insignificant. This is likely driven by the fact that prostitution is
illegal in a majority of the countries omitted as well as because of the fact that Cambodia
identified 866 victims trafficked internally in 2018 and that Russia consistently identified
a rather high amount of victims. As such, the estimates do not seem very robust to re-
moving ”extreme” values; in reality, though, the values reported are unlikely to be very
extreme.

When examining the estimates of the other types of trafficking flows, the estimates seem
to be rather robust when looking at flows of trafficking for sexual services (Table A5.3).
Once again, however, the statistical significance has been disappeared, at least for the
variable Prostitution legal in column (5). For the Liberal laws variable, most estimates
remain rather intact although still statistically insignificant. Similarly, for the flows of
victims exploited for forced labour (Table A5.4), the estimates of this robustness check

26



largely support the results reached earlier with no big changes to the estimates. Most
notably, dropping the observations where rule of law is unavailable causes the significance
in columns (1) and (5) to disappear while both idependent variables gain statistical sig-
nificance in columns (2) and (6).

6.2.4 Exchanging Rule of law for Corruption

As I worry the rule of law variable might be too much alike the 3P index variable and
because it is affected by some kind of measure of trafficking in a country, this subsection
substitutes the rule of law variable for a variable measuring corruption in an alternative
attempt to proxy legal enforcement. Just as the Rule of law variable, this variable is kindly
provided by the World Bank as a part of the WGI. In the tables A6.1-A6.3, columns (1)
and (2) correspond to columns (3) and (4) in the Presentation and discussion of results
section above. Similarly, columns (3) and (4) correspond to columns (7) and (8).

Looking at the total flow of victims, the estimates largely keep their signs and p-values
apart from the estimate for legal prostitution in (3) in Table A6.1. Using corruption rather
than rule of law causes the estimate to become negative (but still statistically insignificant)
in this case; when including the Overall 3P variable, however, the results become more
similar again. As with the robustness checks before, the estimate for liberal laws seems to
be more robust to changes in the specifications.

When examining how exchanging the rule of law variables for corruption affects the es-
timates of the two independent variables on victims exploited for sexual services (Table
A6.2), many of the estimates change. In column (2), legal prostitution no longer is (statis-
tically insignificantly) correlated with an increase in victims, but rather a decrease. The
estimate in column (3) goes in the opposite direction, signalling that legal prostitution
is correlated with an increase in victim flows when controlling for the gravity variables
and corruption; however, this once again becomes negative when including the Overall 3P
variable. Not even the previously rather robust estimates of liberal laws are intact when
changing the control variables as the most conservative estimates become negative rather
than positive (as seen earlier). Looking at the estimates regarding the flows of victims
exploited for forced labour (in Table A6.3), although the estimates become more positive
for both variables, levels of statistical significance and signs remain intact.

6.2.5 Employing a Negative Binomial Regression Model

Following the example of H&R (2015), a negative binomial regression model is employed
as the last robustness check. This model will account for the fact that the data includes
many zeros but not for the fact that the data is overdispersed. The results of this method
can be seen in tables A7.1-A7.3.
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Comparing the results in Table A7.1 with the results in Table 3 (total flow of victims)
shows quite few similarities. The estimates for legal prostitution seem to tend towards a
positive correlation with trafficking while liberal laws tend towards a negative one in the
more conservative estimates, both in the full sample and for cross-border trafficking. A
lot of the estimates do not seem very similar to the flows of victims exploited for sexual
services nor forced labour and might therefore be driven by the ”other/unknown” group
of trafficking flows. As for the estimates for flows regarding victims of sexual exploitation,
the negative binomial regression model shows similar signs for legal prostitution in the
full sample. However, in the more conservative estimates for cross-border trafficking the
values have become rather large and positive but statistically insignificant. Furthermore,
the negative binomial estimates of the relationship between liberal laws and the flow of
victims explotied for sexual services seems to almost entirely contradict the results reached
earlier. The results for flows of victims exploited for forced labour, however, seem to be
in line with the results in Table 6.

7 Conclusion

A goal was set for the study at hand to answer whether the legal status of prostitution
and related activities affect trafficking inflows to host countries and whether said effects
vary depending on type of trafficking. Sadly, I have been unable to prove the effect of
the different legal approaches, and as such the estimates point to a possible relationship
between the variables.

The section above shows a shattered picture of how, or rather if, the legal status of prosti-
tution and related activities are correlated with trafficking inflows to host countries. Most
estimates are statistically insignificant and a number of them derive from unconverged
maximum likelihood functions. For the total flow of victims, the results when looking at
legal prostitution are negative and statistically significant until taking into account how
well these laws are upheld and controlled, making this significance disappear, similar to
the findings of H&R (2015). Similarly, the estimates of liberal laws are statistically in-
significant throughout all specifications and differ depending on whether one looks at the
full sample or only at cross-border trafficking. This estimate also seems to be more robust
when looking only at cross-border trafficking.

Earlier papers have studied this total flow of trafficking victims and how they are affected
by prostitution regulations without addressing the fact that individuals are exploited for
different reasons. In this study, the estimates of the total flow of victims are driven by
the relationship between prostitution regulations and the flows of victims exploited for
sexual services, forced labour and other or unknown exploitation. By running estima-
tions for samples of the two first of the aforementioned subgroups, I am able to show
that they might correlate differently with prostitution regulations. As such, including
those trafficked to be exploited for forced labour or other/unknown reason might cause
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the estimated relationship of prostitution laws and the flows actually expected to correlate
with these laws, i.e. flows of victims trafficked for sexual services, to be muddled. This
conclusion is drawn from the fact that estimates for the two independent variables on
flows of victims exploited for sexual services are generally more robust and constant than
when examining flows of victims exploited for forced labour. Last but not least, I have
taken an important step into distinguishing between total numbers of identified victims
and only those trafficked internationally. It is important to highlight that trafficking is
not only a cross-border business as many victims are exploited in their own home coun-
try. This should be acknowledged in future studies to put pressure on authorities and
non-governmental organisations to report both internal and cross-border trafficking. To
summarize, like in H&R (2015) no conclusion can be made of the relationship between
any type of trafficking and prostitution laws when controlling for rule of law. However,
different types of trafficking are likely to be correlated with prostitution laws in different
ways, meaning it might be good to try to separate them in future studies. Furthermore,
as Cho et al. (2013) emphasised in their study, this study does not lift any of the possible
positive consequences of legalising or liberalising prostitution laws, such as safer working
conditions.

Just like any other study on the subject on trafficking, I would like to stress the importance
of good and reliable data. Although it is impossible to observe any kind of counterfactual
in the form of individuals who have been trafficked but not identified, publishing yearly
data on victims on a country level might boost the interest in the subject. Pressure should
be put on governments to collect harmonised data on the number of trafficking victims
in their country, preferably with information on type of trafficking, gender and country
of origin. Furthermore, projects like the CTDC should be encouraged and made more
accessible to countries and organisations that want to join. In releasing the data on an
aggregate country level, it would not have to be as detailed as in the Global Dataset and
the anonymisation process could, as a result, be loosened a bit. If this was to be done,
future studies could examine this same question using a more encompassing dataset cov-
ering additional country pairs and more victims.

As this study has not been able to show any causal links between trafficking and prosti-
tution laws, no policy implications can be made. However, the rather robust relationship
between liberal laws and trafficking does deserve some further research. This could be
more convincingly analysed with the potential of causal claims in the future if up-to-date
data was to be released for countries that have changed their prostitution laws recently.
If so, I argue, focus should, once again, be on those being exploited for sexual services as
they are the victims most likely to be affected by prostitution laws.
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9 Appendix

A1. Definition of Trafficking in Persons

“(a) ”Trafficking in persons” shall mean the recruitment, transportation, transfer, har-
bouring or receipt of persons, by means of the threat or use of force or other forms of
coercion, of abduction, of fraud, of deception, of the abuse of power or of a position of
vulnerability or of the giving or receiving of payments or benefits to achieve the consent of
a person having control over another person, for the purpose of exploitation. Exploitation
shall include, at a minimum, the exploitation of the prostitution of others or other forms
of sexual exploitation, forced labour or services, slavery or practices similar to slavery,
servitude or the removal of organs;

(b) The consent of a victim of trafficking in persons to the intended exploitation set forth
in subparagraph (a) of this article shall be irrelevant where any of the means set forth in
subparagraph (a) have been used;

(c) The recruitment, transportation, transfer, harbouring or receipt of a child for the pur-
pose of exploitation shall be considered ”trafficking in persons” even if this does not involve
any of the means set forth in subparagraph (a) of this article;

(d) ”Child” shall mean any person under eighteen years of age.” (OHCHR, 2000)
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A2. Complete versions of tables reported in the Results
section

Table A2.1: Total Victims of Trafficking

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6) (7) (8)

Prostitution legal -0.407∗ -0.574∗ 0.352 -0.173 -0.595∗∗ -1.121∗∗∗ 0.169 -0.219
(0.064) (0.070) (0.487) (0.739) (0.019) (0.001) (0.840) (0.813)

Liberal laws -0.194 -0.0950 0.110 -0.195 -0.229 0.189 0.170 0.255
(0.549) (0.783) (0.755) (0.625) (0.447) (0.526) (0.621) (0.510)

log GDP/capita ratio -0.0399 0.394∗ 0.223 0.0517 0.560∗∗∗ 0.444∗

(0.809) (0.072) (0.466) (0.775) (0.009) (0.087)

log Sum of populations 0.0889 -0.248 -0.0423 0.132 0.0708 0.00200
(0.577) (0.144) (0.903) (0.467) (0.734) (0.996)

log Weighted distance -0.249 0.0561 -0.0176 -0.609∗∗∗ -0.197 -0.00632
(0.313) (0.870) (0.967) (0.007) (0.645) (0.990)

Rule of law (host) -0.362 -0.0609 -0.712∗ -0.680∗∗

(0.295) (0.877) (0.094) (0.016)

Rule of law (origin) -1.093 0.539 -1.188 2.030
(0.272) (0.659) (0.545) (0.436)

Overall 3P -0.0494 0.0377
(0.652) (0.654)

lnalpha -0.577∗∗∗ -0.611∗∗∗ -0.712∗∗∗ -0.752∗∗∗ -0.761∗∗∗ -0.821∗∗∗ -0.939∗∗∗ -1.135∗∗∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes Yes Yes Yes Yes
Convergence Yes Yes Yes No Yes Yes Yes No
Observations 1666 1552 1376 1171 1292 1200 1024 872

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table A2.2: Victims Exploited for Sexual Services

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6) (7) (8)

Prostitution legal -0.746∗ 0.0981 -0.589 0.306 -0.832∗∗∗ 0.688 -0.995 -0.537
(0.071) (0.839) (0.488) (0.663) (0.009) (0.242) (0.587) (0.696)

Liberal laws 0.471 0.302 0.605 0.303 0.471 0.220 0.181 0.334
(0.271) (0.373) (0.149) (0.384) (0.243) (0.526) (0.573) (0.349)

log GDP/capita ratio -0.685∗ -1.106 -2.657∗ -0.766 -4.873∗∗∗ -0.157
(0.090) (0.295) (0.053) (0.256) (0.001) (0.975)

log Sum of populations 0.118 1.638 1.281 0.437 2.114∗∗∗ 0.00774
(0.689) (0.119) (0.393) (0.374) (0.007) (0.998)

log Weighted distance 1.364∗∗ 1.878 3.835∗ 2.115∗∗∗ 6.337∗∗∗ 0.0647
(0.023) (0.157) (0.071) (0.003) (0.000) (0.992)

Rule of law (host) 0.945 0.879 3.586∗∗ -0.750
(0.300) (0.606) (0.012) (0.876)

Rule of law (origin) 17.37∗ 13.61∗∗∗ -4.690 0.273
(0.073) (0.009) (0.698) (0.980)

Overall 3P -0.0914 -0.0224
(0.514) (0.853)

lnalpha -1.067∗∗∗ -1.471∗∗∗ -1.324∗∗∗ -1.553∗∗∗ -1.172∗∗∗ -1.333∗∗∗ -1.779∗∗∗ -1.162∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.081)
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes Yes Yes Yes Yes
Convergence Yes Yes Yes Yes Yes Yes No No
Observations 544 512 416 358 374 352 256 220

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01

36



Table A2.3: Victims Exploited for Forced Labour

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6) (7) (8)

Prostitution legal -0.805∗∗∗ -2.207∗∗∗ -1.402∗ -1.053∗ -0.776∗∗∗ -1.999∗∗∗ -0.892 2.366∗

(0.003) (0.000) (0.082) (0.087) (0.005) (0.000) (0.235) (0.062)

Liberal laws 0.0346 0.971 0.793 -2.557∗∗∗ -0.125 0.769 0.731 2.636∗∗

(0.955) (0.132) (0.443) (0.000) (0.838) (0.309) (0.613) (0.012)

log GDP/capita ratio 0.0389 0.526∗∗∗ 0.894∗∗∗ 0.0503 0.671∗∗∗ 1.208∗∗∗

(0.836) (0.003) (0.000) (0.815) (0.000) (0.000)

log Sum of populations -0.584∗∗∗ -0.331 -1.260∗∗∗ -0.460∗ -0.0992 0.00597
(0.006) (0.455) (0.000) (0.069) (0.873) (0.990)

log Weighted distance -0.945∗∗∗ -0.804∗ -0.902∗∗∗ -0.873∗∗∗ -0.674 1.026
(0.000) (0.055) (0.004) (0.002) (0.142) (0.107)

Rule of law (host) -0.814∗ -1.576∗∗∗ -0.907 -0.612∗

(0.051) (0.000) (0.121) (0.056)

Rule of law (origin) -5.314∗∗∗ 3.685 -5.107∗∗∗ 10.57∗∗∗

(0.000) (0.134) (0.000) (0.000)

Overall 3P 0.140 0.636∗∗∗

(0.165) (0.000)

lnalpha -0.630∗∗∗ -0.751∗∗∗ -1.242∗∗∗ -2.513∗∗∗ -0.731∗∗∗ -0.838∗∗∗ -1.348∗∗∗ -3.044∗∗∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.001)
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes Yes Yes Yes Yes
Convergence No No No No No No No No
Observations 799 742 688 580 680 630 576 486

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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A3. Logarithmic Transformation of the Dependent Vari-
ables

Table A3.1: log(Victims of Trafficking+1)

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6) (7) (8)

Prostitution legal -0.0838 -0.136∗∗ 0.0184 0.0128 -0.135∗∗ -0.263∗∗∗ -0.00537 -0.0576
(0.104) (0.038) (0.849) (0.901) (0.034) (0.003) (0.970) (0.701)

Liberal laws -0.0491 -0.0317 -0.0103 -0.0207 -0.0316 0.0636 0.0219 0.0702
(0.480) (0.665) (0.906) (0.828) (0.661) (0.373) (0.823) (0.544)

log GDP/capita ratio -0.0300 0.0669 0.0335 0.0103 0.00496 0.0135
(0.350) (0.119) (0.513) (0.775) (0.934) (0.851)

log Sum of populations 0.0117 -0.0518 -0.0533 0.0409 0.0000939 0.000313
(0.701) (0.110) (0.188) (0.277) (0.998) (0.996)

log Weighted distance -0.0423 -0.00305 0.0900 -0.144∗∗∗ -0.000435 0.00193
(0.374) (0.961) (0.136) (0.006) (0.996) (0.983)

Rule of law (host) -0.0793 -0.00617 -0.0335 -0.0579
(0.146) (0.930) (0.618) (0.452)

Rule of law (origin) -0.142 -0.167 0.00922 0.0216
(0.401) (0.452) (0.977) (0.968)

Overall 3P -0.00821 -0.00253
(0.615) (0.904)

lnalpha -82.60∗∗∗ -119.3∗∗∗ -58.68∗∗∗ -17.92∗∗∗ -20.78∗∗∗ -21.08∗∗∗ -70.15∗∗∗ -19.99∗∗∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes Yes Yes Yes Yes
Convergence Yes Yes Yes No Yes Yes No No
Observations 1666 1552 1376 1171 1292 1200 1024 872

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table A3.2: log(Victims of Sexual Exploitation+1)

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6) (7) (8)

Prostitution legal -0.243∗∗ -0.291 -0.00864 -0.0894 -0.336∗∗∗ 0.0184 -0.300 -0.162
(0.035) (0.306) (0.987) (0.851) (0.000) (0.928) (0.520) (0.710)

Liberal laws 0.285∗ 0.287∗∗ 0.116 0.167 0.215 0.167 0.0569 0.0656
(0.060) (0.034) (0.424) (0.233) (0.117) (0.274) (0.635) (0.599)

log GDP/capita ratio 0.249 0.320 -0.481 -0.150 -1.360∗∗∗ -1.260∗∗∗

(0.192) (0.227) (0.357) (0.397) (0.000) (0.001)

log Sum of populations 0.223∗∗ 0.483 0.706∗∗ 0.126 0.560∗∗∗ 0.532
(0.037) (0.175) (0.025) (0.132) (0.004) (0.156)

log Weighted distance -0.265 -0.175 0.665 0.468∗ 1.760∗∗∗ 1.628∗∗∗

(0.546) (0.726) (0.443) (0.070) (0.000) (0.000)

Rule of law (host) -0.283 0.241 0.989∗∗∗ 0.937
(0.368) (0.564) (0.003) (0.101)

Rule of law (origin) 8.207∗∗∗ 9.506∗∗∗ -0.365 -0.323
(0.000) (0.000) (0.908) (0.936)

Overall 3P -0.0561 -0.0411
(0.575) (0.129)

lnalpha -212.9∗∗∗ -20.08∗∗∗ -20.93∗∗∗ -22.87∗∗∗ -47274.9∗∗∗ -188.0∗∗∗ -317.5∗∗∗ -17.17∗∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.032)
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes Yes Yes Yes Yes
Convergence Yes Yes Yes No Yes Yes Yes No
Observations 544 512 416 358 374 352 256 220

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table A3.4: log(Victims of Forced Labour +1)

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6) (7) (8)

Prostitution legal -0.437∗∗∗ -0.731∗∗∗ -0.960∗∗∗ -0.372 -0.493∗∗ -0.843∗∗∗ -0.205 -0.374
(0.000) (0.000) (0.009) (0.472) (0.032) (0.000) (0.637) (0.685)

Liberal laws 0.308 0.607 0.678∗∗ 0.140 0.325 0.633∗∗ 0.267 0.669∗∗

(0.288) (0.334) (0.039) (0.691) (0.398) (0.042) (0.515) (0.020)

log GDP/capita ratio 0.0562 0.0401 0.224∗∗∗ 0.0932 0.0230 0.0823
(0.476) (0.597) (0.003) (0.197) (0.786) (0.588)

log Sum of populations -0.118 -0.0359 -0.490∗∗ -0.152 -0.000590 -0.00308
(0.485) (0.701) (0.050) (0.107) (0.995) (0.982)

log Weighted distance -0.200∗∗ -0.341∗ -0.169 -0.237∗∗ 0.0000827 0.00265
(0.046) (0.098) (0.561) (0.030) (1.000) (0.993)

Rule of law (host) 0.0406 -0.324∗ 0.0277 0.0868
(0.710) (0.097) (0.853) (0.644)

Rule of law (origin) 0.381 6.781∗∗∗ 0.0870 0.354
(0.633) (0.000) (0.930) (0.893)

Overall 3P 0.170 0.00662
(0.122) (0.967)

lnalpha -151.3∗∗∗ -64277.0∗∗∗ -18.70∗∗∗ -18.02∗∗∗ -2164.0∗∗∗ -1520.9∗∗∗ -23.11∗∗∗ -23.88∗∗∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes Yes Yes Yes Yes
Convergence No No No No No No No No
Observations 799 742 688 580 680 630 576 486

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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A4. Omitting Japan, Malaysia, Philippines and the
U.S.

Table 4.1: Total Victims of Trafficking

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6) (7) (8)

Prostitution legal -0.664∗∗∗ -0.552∗∗ -0.232 -0.135 -0.964∗∗∗ -1.427∗∗∗ -0.770 0.175
(0.001) (0.045) (0.646) (0.793) (0.000) (0.000) (0.376) (0.869)

Liberal laws -0.265 -0.273 0.0481 -0.0602 -0.0398 0.320 0.360 0.254
(0.329) (0.355) (0.874) (0.859) (0.884) (0.297) (0.356) (0.515)

log GDP/capita ratio -0.0172 0.365∗ 0.343 0.0611 0.514∗∗ 0.535∗∗

(0.925) (0.051) (0.115) (0.723) (0.011) (0.045)

log Sum of populations 0.0790 -0.260 -0.128 0.0869 0.0760 -0.0322
(0.674) (0.252) (0.716) (0.663) (0.780) (0.952)

log Weighted distance 0.135 0.174 0.489 -0.622∗∗∗ -0.467 0.0850
(0.487) (0.571) (0.118) (0.003) (0.256) (0.876)

Rule of law (host) -0.444 -0.206 -0.756∗∗ -0.903∗∗

(0.148) (0.624) (0.020) (0.041)

Rule of law (origin) -0.914 -0.0740 -2.218 1.371
(0.447) (0.948) (0.258) (0.612)

Overall 3P 0.110∗ 0.0442
(0.089) (0.655)

lnalpha -0.678∗∗∗ -0.727∗∗∗ -0.865∗∗∗ -0.930∗∗∗ -0.857∗∗∗ -0.911∗∗∗ -1.059∗∗∗ -1.181∗∗∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes Yes Yes Yes Yes
Convergence Yes Yes Yes No Yes Yes Yes No
Observations 1428 1328 1168 997 1088 1008 848 724

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table A4.2: Victims Exploited for Sexual Services

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6) (7) (8)

Prostitution legal -0.667∗∗ 0.825 0.887 0.629 -0.834∗∗∗ 0.503 -0.874 -0.553
(0.049) (0.152) (0.406) (0.569) (0.009) (0.228) (0.636) (0.754)

Liberal laws 0.263 -0.00659 0.130 0.189 0.472 0.185 0.182 0.225
(0.544) (0.982) (0.820) (0.765) (0.243) (0.548) (0.544) (0.459)

log GDP/capita ratio -2.009∗∗∗ -2.546 -2.694 -1.485 -4.446∗∗∗ -4.507∗∗

(0.009) (0.128) (0.179) (0.117) (0.009) (0.014)

log Sum of populations -0.380 0.331 0.846 -0.117 1.773 1.935
(0.250) (0.801) (0.747) (0.849) (0.297) (0.277)

log Weighted distance 2.919∗∗∗ 3.774 4.053 2.339∗∗∗ 5.719∗∗∗ 5.830∗∗∗

(0.003) (0.103) (0.132) (0.004) (0.003) (0.004)

Rule of law (host) -0.663 0.0889 2.979 3.273
(0.668) (0.982) (0.261) (0.249)

Rule of law (origin) 14.45∗∗∗ 14.48∗∗∗ -3.019 -4.035
(0.000) (0.001) (0.814) (0.757)

Overall 3P -0.00502 -0.121
(0.986) (0.158)

lnalpha -1.335∗∗∗ -1.526∗∗∗ -1.295∗∗∗ -1.356∗∗∗ -1.143∗∗∗ -1.334∗∗∗ -1.542∗∗∗ -1.463∗∗∗

(0.000) (0.000) (0.002) (0.002) (0.000) (0.000) (0.000) (0.000)
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes Yes Yes Yes Yes
Convergence Yes Yes Yes Yes Yes Yes No No
Observations 442 416 336 291 306 288 208 179

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table A4.3: Victims Exploited for Forced Labour

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6) (7) (8)

Prostitution legal -0.901∗∗∗ -2.290∗∗∗ -2.694∗∗ 0.984 -0.905∗∗∗ -2.345∗∗∗ -2.739∗∗ 1.564
(0.007) (0.000) (0.041) (0.511) (0.007) (0.000) (0.042) (0.317)

Liberal laws -0.748 0.217 0.496 -5.594∗∗∗ -0.882 0.307 0.790 11.09∗∗∗

(0.301) (0.791) (0.761) (0.003) (0.326) (0.743) (0.732) (0.000)

log GDP/capita ratio 0.234 0.796∗∗∗ 1.079∗∗∗ 0.276 0.812∗∗∗ 1.145∗∗∗

(0.199) (0.000) (0.000) (0.155) (0.000) (0.000)

log Sum of populations -0.755∗∗∗ -1.780∗∗∗ -0.0695 -0.736∗∗∗ -1.674∗∗∗ -0.00301
(0.000) (0.000) (0.916) (0.000) (0.004) (0.997)

log Weighted distance -0.663∗∗ -1.823∗∗∗ 0.610 -0.699∗∗ -1.760∗∗∗ 0.856
(0.018) (0.004) (0.469) (0.019) (0.006) (0.342)

Rule of law (host) -1.962∗∗∗ -0.527 -1.848∗∗ -0.503
(0.000) (0.329) (0.018) (0.386)

Rule of law (origin) -4.270∗∗∗ 4.596∗ -4.326∗∗∗ 9.761∗∗∗

(0.002) (0.097) (0.003) (0.000)

Overall 3P 0.406∗∗ 0.523∗∗∗

(0.025) (0.002)
lnalpha -0.728∗∗∗ -0.845∗∗∗ -1.819∗∗∗ -2.611∗∗∗ -0.710∗∗∗ -0.854∗∗∗ -1.630∗∗∗ -2.935∗∗∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.002)
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes Yes Yes Yes Yes
Convergence No Yes No No Yes No No No
Observations 629 582 528 446 527 486 432 365

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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A5. Omitting observations where rule of law is unavail-
able5

Table A5.1: Observations removed due to missing rule of law variables

Host country
Origin country Egypt Hong Kong Macedonia Russia Syria Thailand United States Total
Belarus 0 0 0 16 0 0 0 16
Eritrea 16 0 0 0 0 0 0 16
Indonesia 0 0 0 0 16 0 0 16
Kyrgyz Republic 0 0 0 16 0 0 0 16
Laos 0 0 0 0 0 16 0 16
Nigeria 0 0 0 16 0 0 0 16
Philippines 0 16 0 0 0 0 0 16
Romania 0 0 16 0 0 0 0 16
South Korea 0 0 0 0 0 0 16 16
Ukraine 0 0 16 16 0 0 0 32
Uzbekistan 0 0 0 16 0 0 0 16
Total 16 16 32 80 16 16 16 192

5This omits all observations in 2018, causing 98 observations to be dropped in the first
stage; thereafter, all observations for Cambodia-Madagascar and Madagascar-Cambodia
are removed as these country pairs only experienced flows in 2018. The last step is to
remove the 192 observations described in Table A15 above.
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Table A5.2: Total Victims of Trafficking

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6) (7) (8)

Prostitution legal 0.0487 0.406 0.352 0.217 -0.104 -0.119 0.169 -0.151
(0.829) (0.324) (0.487) (0.655) (0.686) (0.827) (0.840) (0.874)

Liberal laws -0.0435 -0.00874 0.110 -0.211 0.0489 0.110 0.170 0.244
(0.891) (0.980) (0.755) (0.582) (0.866) (0.730) (0.621) (0.532)

log GDP/capita ratio 0.190 0.394∗ 0.146 0.181 0.560∗∗∗ 0.511∗∗

(0.284) (0.072) (0.640) (0.413) (0.009) (0.031)

log Sum of populations -0.211 -0.248 -0.406∗ 0.0892 0.0708 0.155
(0.187) (0.144) (0.072) (0.707) (0.734) (0.702)

log Weighted distance 0.150 0.0561 0.405 -0.113 -0.197 -0.00663
(0.656) (0.870) (0.353) (0.740) (0.645) (0.990)

Rule of law (host) -0.362 -0.166 -0.712∗ -0.736∗∗∗

(0.295) (0.654) (0.094) (0.006)

Rule of law (origin) -1.093 -0.803 -1.188 2.580
(0.272) (0.422) (0.545) (0.331)

Overall 3P 0.0164 0.0406
(0.857) (0.620)

lnalpha -0.664∗∗∗ -0.690∗∗∗ -0.712∗∗∗ -0.808∗∗∗ -0.855∗∗∗ -0.867∗∗∗ -0.939∗∗∗ -1.142∗∗∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes Yes Yes Yes Yes
Convergence Yes Yes Yes No Yes No Yes No
Observations 1344 1344 1344 1144 1024 1024 1024 872

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table A5.3: Victims Exploited for Sexual Services

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6) (7) (8)

Prostitution legal -0.653∗ -0.173 -0.589 0.614 -0.608 1.642 -0.995 -0.519
(0.072) (0.825) (0.488) (0.692) (0.194) (0.179) (0.587) (0.701)

Liberal laws 0.295 0.285 0.605 0.209 0.371 0.0204 0.181 0.364
(0.303) (0.402) (0.150) (0.696) (0.333) (0.957) (0.573) (0.342)

log GDP/capita ratio -0.492 -1.106 -2.950 -1.302∗ -4.874∗∗∗ -0.102
(0.383) (0.295) (0.334) (0.061) (0.001) (0.984)

log Sum of populations 0.179 1.638 1.125 0.884 2.114∗∗∗ 0.00724
(0.772) (0.119) (0.647) (0.125) (0.007) (0.998)

log Weighted distance 1.027 1.879 4.393 3.555∗∗ 6.337∗∗∗ 0.0519
(0.225) (0.157) (0.313) (0.014) (0.000) (0.994)

Rule of law (host) 0.945 0.574 3.587∗∗ -0.793
(0.300) (0.876) (0.012) (0.868)

Rule of law (origin) 17.37∗ 13.97∗∗∗ -4.692 0.208
(0.074) (0.000) (0.698) (0.985)

Overall 3P -0.0440 -0.0173
(0.874) (0.884)

lnalpha -1.410∗∗∗ -1.443∗∗∗ -1.324∗∗∗ -1.480∗∗∗ -1.128∗∗∗ -1.377∗∗∗ -1.779∗∗∗ -1.151∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.092)
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes Yes Yes Yes Yes
Convergence Yes Yes Yes Yes Yes Yes No No
Observations 400 400 400 344 256 256 256 220

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table A5.4: Victims Exploited for Forced Labour

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6) (7) (8)

Prostitution legal -0.704 -2.074∗∗∗ -1.402∗ -1.053∗ -0.553 -1.456∗ -0.893 2.366∗

(0.168) (0.004) (0.082) (0.087) (0.131) (0.064) (0.235) (0.062)

Liberal laws 0.547 2.088∗∗ 0.793 -2.557∗∗∗ 0.539 2.432∗∗ 0.732 2.636∗∗

(0.808) (0.013) (0.443) (0.000) (0.582) (0.036) (0.613) (0.012)

log GDP/capita ratio 0.127 0.526∗∗∗ 0.894∗∗∗ 0.331 0.671∗∗∗ 1.208∗∗∗

(0.555) (0.003) (0.000) (0.115) (0.000) (0.000)

log Sum of populations -0.877∗∗∗ -0.331 -1.260∗∗∗ -0.603∗∗ -0.0992 0.00597
(0.000) (0.454) (0.000) (0.039) (0.873) (0.990)

log Weighted distance -0.806∗∗ -0.804∗ -0.902∗∗∗ -0.642 -0.674 1.026
(0.028) (0.055) (0.004) (0.104) (0.142) (0.107)

Rule of law (host) -0.814∗ -1.576∗∗∗ -0.907 -0.612∗

(0.051) (0.000) (0.121) (0.056)

Rule of law (origin) -5.313∗∗∗ 3.685 -5.107∗∗∗ 10.57∗∗∗

(0.000) (0.134) (0.000) (0.000)

Overall 3P 0.140 0.636∗∗∗

(0.165) (0.000)
lnalpha -0.831∗∗∗ -0.979∗∗∗ -1.242∗∗∗ -2.513∗∗∗ -0.943∗∗∗ -1.022∗∗∗ -1.348∗∗∗ -3.044∗∗∗

(0.001) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.001)
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes Yes Yes Yes Yes
Convergence No No No No No No No No
Observations 688 688 688 580 576 576 576 486

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01

47



A6. Exchanging rule of law for corruption6

Table A6.1: Total Victims of Trafficking

Full sample Cross-border trafficking
(1) (2) (3) (4)

Prostitution legal 0.252 -0.262 -0.0824 -0.465
(0.576) (0.640) (0.890) (0.580)

Liberal laws 0.153 -0.238 0.146 0.197
(0.696) (0.619) (0.689) (0.623)

log GDP/capita ratio 0.287 0.0960 0.473∗∗ 0.0984
(0.200) (0.774) (0.049) (0.808)

log Sum of populations -0.234 -0.0155 0.117 0.00980
(0.159) (0.964) (0.576) (0.979)

log Weighted distance 0.0804 -0.0675 -0.230 0.0446
(0.816) (0.876) (0.539) (0.934)

Corruption (host) -0.165 0.0177 -0.390 -0.112
(0.538) (0.957) (0.172) (0.753)

Corruption (origin) -0.789 0.399 0.361 1.432
(0.405) (0.785) (0.790) (0.272)

Overall 3P -0.0364 -0.0161
(0.716) (0.853)

lnalpha -0.701∗∗∗ -0.721∗∗∗ -0.888∗∗∗ -1.108∗∗∗

(0.000) (0.000) (0.000) (0.000)
Time FE Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes
Convergence Yes No Yes No
Observations 1376 1171 1024 872

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01

6In this subsection, specification (1) corresponds to specification (3) in the main text,
(2) to (4), (3) to (7) and (4) corresponds to (8).
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Table A6.2: Victims Exploited for Sexual Services

Full sample Cross-border trafficking
(1) (2) (3) (4)

Prostitution legal -0.206 -0.927 1.125 -0.384
(0.856) (0.504) (0.260) (0.819)

Liberal laws 0.341 -0.239 0.449 -0.161
(0.245) (0.520) (0.384) (0.779)

log GDP/capita ratio -1.890 -1.548 -2.456 -1.578
(0.275) (0.274) (0.122) (0.337)

log Sum of populations 0.159 -0.410 1.140∗∗ -0.189
(0.766) (0.409) (0.024) (0.862)

log Weighted distance 1.450 2.710∗∗∗ 3.296∗∗∗ 2.806∗∗

(0.243) (0.004) (0.006) (0.012)

Corruption (host) 2.192 -2.307 2.448 -2.045
(0.363) (0.346) (0.281) (0.587)

Corruption (origin) 8.587∗∗∗ 8.433∗∗ -1.275 -3.160
(0.008) (0.015) (0.831) (0.541)

Overall 3P 0.104 0.0559
(0.628) (0.735)

lnalpha -1.234∗∗∗ -1.495∗∗∗ -1.507∗∗∗ -1.394∗∗∗

(0.000) (0.000) (0.000) (0.000)
Time FE Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes
Convergence Yes Yes No No
Observations 416 358 256 220

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table A6.3: Victims Exploited for Forced Labour

Full sample Cross-border trafficking
(1) (2) (3) (4)

Prostitution legal -2.080∗∗∗ -2.462∗∗ -1.328∗ 2.684∗∗

(0.007) (0.024) (0.075) (0.039)

Liberal laws 2.050∗∗ -1.185∗ 2.206 3.854∗∗∗

(0.020) (0.052) (0.173) (0.000)

log GDP/capita ratio 0.233 0.548∗ 0.689∗∗∗ 1.349∗∗∗

(0.568) (0.069) (0.000) (0.000)

log Sum of populations -0.846∗∗∗ -1.183∗∗∗ -0.297 0.206
(0.004) (0.007) (0.473) (0.655)

log Weighted distance -0.871∗∗∗ -1.169∗∗ -0.807∗∗ 1.193∗

(0.007) (0.039) (0.040) (0.085)

Corruption (host) -0.143 -0.652 -0.481 -0.464
(0.725) (0.189) (0.195) (0.163)

Corruption (origin) 0.293 -9.509∗ -2.813 66.49∗∗∗

(0.925) (0.053) (0.470) (0.000)

Overall 3P -0.0776 0.725∗∗∗

(0.576) (0.000)
lnalpha -0.985∗∗∗ -1.976∗∗∗ -1.161∗∗∗ -3.008∗∗∗

(0.000) (0.000) (0.000) (0.001)
Time FE Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes
Convergence No No No No
Observations 688 580 576 486

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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A8. Employing a negative binomial regression model

Table A7.1: Total Victims of Trafficking

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6) (7) (8)

Prostitution legal 1.646∗∗ 0.365 1.862 1.912 1.233∗ -0.499 1.635 1.955
(0.013) (0.640) (0.109) (0.182) (0.097) (0.645) (0.364) (0.399)

Liberal laws -2.844∗∗∗ -1.910∗∗∗ -1.972∗∗∗ -2.422∗∗ -2.258∗∗ -0.855 -1.083 -1.485
(0.000) (0.007) (0.008) (0.039) (0.011) (0.375) (0.241) (0.263)

log GDP/capita ratio -0.879∗∗ -0.0738 0.387 -0.464 0.537 1.204∗∗∗

(0.011) (0.896) (0.521) (0.230) (0.237) (0.010)

log Sum of populations -0.230 -0.466 -1.067∗ 0.220 0.272 0.211
(0.444) (0.376) (0.090) (0.525) (0.534) (0.835)

log Weighted distance -0.650 -0.0616 -0.195 -1.316∗∗ -0.548 -0.756
(0.221) (0.942) (0.846) (0.044) (0.611) (0.549)

Rule of law (host) -1.011 -1.816∗∗ -1.431∗∗ -2.810∗∗∗

(0.123) (0.023) (0.015) (0.000)

Rule of law (origin) -0.435 0.985 -1.017 0.690
(0.885) (0.803) (0.788) (0.893)

Overall 3P 0.377∗ 0.543∗∗

(0.080) (0.033)
lnalpha 3.450∗∗∗ 3.366∗∗∗ 3.423∗∗∗ 3.315∗∗∗ 3.437∗∗∗ 3.354∗∗∗ 3.403∗∗∗ 3.322∗∗∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes Yes Yes Yes Yes
Convergence Yes Yes Yes Yes Yes Yes Yes Yes
Observations 1666 1552 1376 1171 1292 1200 1024 872

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table A7.2: Victims Exploited for Sexual Services

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6) (7) (8)

Prostitution legal -1.364 0.103 -0.0399 3.029∗ -1.861∗ 1.849 1.244 2.881
(0.180) (0.937) (0.983) (0.061) (0.053) (0.338) (0.702) (0.291)

Liberal laws -0.499 -0.165 -0.448 -1.294 0.0705 0.0477 -0.0777 -0.298
(0.587) (0.834) (0.710) (0.152) (0.932) (0.955) (0.938) (0.749)

log GDP/capita ratio -1.979 -0.360 -1.893 -2.130 -6.779∗ -7.211∗∗

(0.162) (0.921) (0.509) (0.260) (0.091) (0.012)

log Sum of populations 0.964 -0.0190 0.242 2.166∗ 3.153∗∗ 4.785∗∗

(0.344) (0.992) (0.864) (0.055) (0.032) (0.032)

log Weighted distance 3.025 0.00959 3.583 5.451 10.46∗∗∗ 12.73∗∗∗

(0.199) (0.998) (0.424) (0.101) (0.002) (0.000)

Rule of law (host) -0.521 0.333 3.404 5.642
(0.860) (0.888) (0.326) (0.109)

Rule of law (origin) 4.672 17.09∗∗∗ -0.204 -22.92∗∗∗

(0.736) (0.007) (0.978) (0.003)

Overall 3P -0.285 -0.281
(0.548) (0.592)

lnalpha 3.345∗∗∗ 3.195∗∗∗ 3.244∗∗∗ 2.877∗∗∗ 3.055∗∗∗ 2.927∗∗∗ 2.786∗∗∗ 2.336∗∗∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Time FE Yes Yes Yes Yes Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes Yes Yes Yes Yes
Convergence Yes Yes Yes Yes Yes Yes Yes Yes
Observations 544 512 416 358 374 352 256 220

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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Table A7.3: Victims Exploited for Forced Labour

Full sample Cross-border trafficking
(1) (2) (3) (4) (5) (6) (7) (8)

Prostitution legal -1.139∗∗ -2.967∗∗ -2.044 -0.946 -1.100∗∗ -2.753∗∗ -1.210 2.826
(0.018) (0.023) (0.402) (0.833) (0.042) (0.017) (0.555) (0.447)

Liberal laws -0.591 0.472 0.111 -0.191 0.0127 0.957 0.587 1.307
(0.573) (0.714) (0.963) (0.957) (0.993) (0.545) (0.766) (0.734)

log GDP/capita ratio -0.482∗ -0.523 -0.783 -0.335 0.171 0.400
(0.073) (0.575) (0.450) (0.353) (0.792) (0.496)

log Sum of populations -0.587 -0.516 -0.572 -0.151 0.551 2.377∗

(0.140) (0.457) (0.577) (0.801) (0.469) (0.052)

log Weighted distance -1.181 -0.499 0.232 -1.321 -0.587 1.503
(0.174) (0.650) (0.911) (0.120) (0.589) (0.454)

Rule of law (host) 0.242 0.254 -0.324 -0.0751
(0.855) (0.862) (0.760) (0.956)

Rule of law (origin) 1.366 9.116 5.872 19.02
(0.802) (0.309) (0.397) (0.155)

Overall 3P 0.0574 0.0301
(0.807) (0.881)

lnalpha 2.915∗∗∗ 2.899∗∗∗ 3.070∗∗∗ 2.951∗∗∗ 2.696∗∗∗ 2.678∗∗∗ 2.808∗∗∗ 2.556∗∗∗

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

Time FE Yes Yes Yes Yes Yes Yes Yes Yes
Origin FE Yes Yes Yes Yes Yes Yes Yes Yes
Convergence Yes Yes Yes Yes Yes Yes Yes Yes
Observations 799 742 688 580 680 630 576 486

p-values in parentheses
∗ p < 0.1, ∗∗ p < 0.05, ∗∗∗ p < 0.01
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