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UN Peacekeeping and Forced Displacement in South
Sudan
Ralph Sundberg

Department of Peace and Conflict Research, Uppsala University, Uppsala, Sweden

ABSTRACT
DoesUNpeacekeeping reduce thenumberofpeople forciblydisplacedbyviolence?
While previous research has found that the presence and size of peacekeeping
deployments can reduce violence, little is known about how peacekeepers affect
other aspects of civilian protection. Using original data on sub-national events of
forced displacement and the location and size of UN troop deployments this
study systematically evaluates the criticized efforts of UNMISS in South Sudan,
while simultaneously testing hypotheses on peacekeepers and forced
displacement. It is hypothesized that increasing numbers of troops affect the
flight equation among civilians through the promise of and actual deterrence of
violence. These deterrence-based hypotheses are also discussed in relation to the
South Sudan context, creating scope conditions for their possible application in
this case. The statistical analysis provides, however, no robust evidence for
peacekeepers reducing the occurrence or levels of forced displacement, and only
weak evidence of displaced congregating in larger numbers around
peacekeeping locations. The paper ends by arguing that the theoretical argument
provided may still be valid, but that an effect was not feasible to identify in South
Sudan where the peacekeeping mission – despite its comparatively large
numbers – lacks credible deterrent capacity.

Introduction

Can UN peacekeepers reduce the scourge of forced displacement? In 2016 the
Internal Displacement Monitoring Centre estimates that some 6.9 million
new conflict displacements took place, adding to some 40.1 million people
already displaced.1 In specific countries such as Syria and South Sudan, the
scale of displacement and the suffering it brings is staggering. In South
Sudan the conflict that began in December 2013 has to date produced some
2.5 million refugees and 2.2 million internally displaced: entailing displace-
ment of more than 1/3 of the population.2
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Previous research on the sub-national effects of peacekeeping has demon-
strated that the presence and size of armed peacekeepers reduces the number
of civilians killed, as well as the number of battle-related deaths.3 Thus, UN
peacekeepers appear to be doing their job in this important sphere of protec-
tion of civilians (PoC). Research has, however, focused practically only on this
one dimension of PoC, although civilians in civil wars also face heightened
levels of disease, starvation, and – not least – forced displacement.

This paper presents what is probably the first study of UN peacekeeping
deployments and the occurrence and magnitude of forced displacement on
the sub-national level. This is done via a systematic statistical analysis of the
United Nations Mission in South Sudan’s (UNMISS) PoC efforts in South
Sudan. Theoretically, the study departs from the standard model of displace-
ment as a choice made by weighing costs and benefits of staying, combined
with theory on the conflict-mitigating effects of peacekeeping. It is argued
that peacekeepers can act both as push and pull factors in affecting displace-
ment, and are effective when they alleviate the push factor of violence
throughdeterring the use of violence. The theory section, additionally, proposes
that peacekeepers may also act as a pull factor: peacekeepers may attract those
forcibly displaced to areas of higher security and opportunity. These general
hypotheses are also scrutinized through the lens of the case of South Sudan.
It is argued that this particular case has left little room for UNMISS to create
credible deterrence, and that results should be evaluated with this in mind.

Hypotheses are tested using two sub-national data sources: the Geo-PKO,4

which tracks the sub-national location and size of UN deployments, and an
original dataset on events of displacement in South Sudan’s 74 counties
between 2011 and 2017. South Sudan is a case with not only interesting vari-
ation on the dependent and independent variables, but interesting also
because UNMISS has been the target of scathing criticism for its failures in
PoC.5 Little if any research has been systematically conducted on South
Sudan in this regard, however, making it difficult to evaluate UNMISS’
efforts in an unbiased manner. The study thus contributes the first systematic
analysis of UNMISS and forced displacement.

The results point, however, in favour of UNMISS’ critics, as no robust evi-
dence is found for peacekeeping reducing the occurrence or magnitude of
forced displacement. It is shown, additionally, that peacekeepers might act
also as pull factors, as those displaced tend to seek shelter in protected sites
around peacekeeping bases. The results are discussed within the context of
South Sudan, and with a focus on the mechanism of deterrence. The study

3Bove and Ruggeri, “Kinds of Blue”; Hultman, Kathman, and Shannon, “UN Peacekeeping and Civilian Pro-
tection”, Ruggeri, Dorussen, and Gizelis, “Winning the Peace Locally”; and Kathman and Wood, “Stop-
ping the Killing During the ‘Peace.’”

4Cil et al., “Mapping Blue Helmets.”
5Hovil, “UN Peacekeepers in South Sudan”; IOM, “If We Leave We Are Killed”; and Williams, “Key Questions.”
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ends with a discussion on the theoretical scope conditions that need to be in
place for PoC efforts to function as theorized.

UN Peacekeeping and the Protection of Civilians

To study peacekeeping’s effects on PoC a new wave of peacekeeping studies
has begun to move away from the mission- and country-level analyses of pre-
vious studies,6 disaggregating both dependent and independent variables in
time and space. These studies have produced hopeful results. Hultman,
Kathman and Shannon identified that increasing the size of UN police and
military deployments decreased the number of civilians killed in conflict,7

Kathman and Wood demonstrated the same effect in the post-conflict
period,8 and Bove and Ruggeri that increasing troop diversity decreased civi-
lian victimization.9 In the same vein, Fjelde, Hultman and Nilsson demon-
strated that local-level increases in peacekeepers reduced the level of rebel-
instigated civilian targeting.10 In sum, the second generation of studies
points towards peacekeeping being important for peace and PoC.

Although protecting civilians from harm has always been a core normative
issue for peacekeeping, it became a focal point only at the turn of the century,
after which most missions included a focus on PoC.11 The bulk of cross-case
research on PoC has, however, focused on only one specific dependent vari-
able: direct deaths. While an important topic there are other forms of victimi-
zation, safeguarding against which also translates into PoC: for instance sexual
violence and abuse, food security, and this paper’s focus of forced displace-
ment. Although forced displacement has been studied for years,12 practically
no studies have analysed if and how it is affected by peacekeeping. One excep-
tion is a working paper by Costalli and Ruggeri.13 They demonstrate, tenta-
tively, that the presence and size of peacekeeping has a positive effect on
the return of refugees, but that size and presence has no effect on the creation
of displaced. Ruggeri and Costalli’s country-level analysis has one significant
limitation though: the aggregated level of analysis does not allow us to study if
UN troops decrease refugee outflows from the locations where they are
present vis-à-vis where they are not. Seeing as we know that UN peacekeeping
mainly decreases levels of organized violence in the sub-national locations
where they are present, a country-level analysis might not give us the full

6For instance, Fortna, “Does Peackeeping Keep Peace?”; Gilligan and Sergenti, “Do UN Interventions Cause
Peace?”; and Koops et al., “Peacekeeping in the Twenty-First Century.”

7Hultman, Kathman, and Shannon, “UN Peacekeeping and Civilian Protection.”
8Kathman and Wood, “Stopping the Killing.”
9Bove and Ruggeri, “Kinds of Blue.”
10Fjelde, Hultman, and Nilsson, “Protection Through Presence.”
11Koops et al., “Peacekeeping in the Twenty-First Century.”
12Adhikari, “The Plight of the Forgotten Ones”; Adhikari, “Conflict-Induced Displacement”; Davenport et al.,
“Sometimes You Just Have to Leave”; and Melander and Öberg, “Time to Go?”

13Ruggeri and Costalli, “Peace at Home?”
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picture. This study addresses this gap, through analysing the effects of the
location and size of peacekeeping on forced displacement.

Why and When Do People Flee?

Research on forced displacement – encompassing both IDPs and inter-
national refugees – has established that, even under challenging circum-
stances, individuals make choices of whether or not to flee.14 The most
prominent model is ‘choice-centered’ and calculates, from the rational
choice perspective of utility maximization, what push and pull factors
weigh into individuals’ choices to flee.15 Push factors are those phenomena
from which individuals want to escape, such as violence or difficulties in pro-
curing food. Pull factors are those that promise individuals better utility in a
different location: what are the levels of security available elsewhere? When
push and pull factors combine to outweigh the utility available in a location
of origin, people make the choice to flee towards locations deemed more fruit-
ful and/or accessible. Consequently, much previous research has focused on
what factors make displacement more or less likely and what factors increase
or decrease the magnitude of flight?

Violence has been identified as the primary push factor. Logically, people
often choose to flee when they deem their lives to be at risk. Davenport and
colleagues found, at the country-level, that violence and threats of violence
were major determinants of refugee flows.16 Melander and Öberg demon-
strated that both the intensity of ongoing violence and its geographical
spread were associated with forced displacement, as more individuals risk vio-
lence.17 Adhikari, in his studies of Nepal, also concluded that the anticipation
of and acts of violence are the core reasons for forced displacement. In short,
the literature agrees on the primacy of violence and the threat of violence as
determinants of flight,18 while factors such as infrastructural and economic
opportunities are secondary considerations.

Peacekeepers and the Flight Equation

Howmay the presence and size ofUNpeacekeeping contingents feed into these
decisions? The above discussion on the factors found to influence flight pro-
vides a set of ways in which peacekeepers may affect push and pull factors.

14Adhikari, “The Plight of the Forgotten Ones”; Adhikari, “Conflict-Induced Displacement”; and Steele,
“Seeking Safety.”

15Adhikari, “Conflict-Induced Displacement”; Davenport et al., “Sometimes You Just Have to Leave”; and
Steele, “Seeking Safety.”

16Davenport et al., “Sometimes You Just Have to Leave.”
17Melander and Öberg, “Time to Go?”
18Adhikari, “The Plight of the Forgotten Ones”; Adhikari, “Conflict-Induced Displacement”; also Moore and
Shellman, “Fear of Persecution”; and Weiner, “Bad Neighbors, Bad Neighborhoods.”
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First, peacekeeping presence and size may serve to decrease the two push
factors of actual violence and the perceived threat of violence. After all, PoC
mandates dictate that peacekeepers should protect civilians from harm. Pre-
vious studies have also shown this to be the case to some extent: when the size
of a peacekeeping contingent increases, levels of civilian victimization and
violence between warring parties decrease.19 Previous research consequently
points towards peacekeepers abating levels of violence, and thus possibly
diminishing the threat and actual exposure to violence. Seeing how previous
research identifies violence or the anticipation of it as the primary factor in the
flight equation, peacekeeping may decrease forced displacement.

At least two possible pathways are available for how this violence-mitigating
effect may factor into decision-making. First, a substantial peacekeeping pres-
ence may reduce actual levels of violence in a locale, and subsequently mitigate
this push factor. The less violence is present in an area, the less an individual
should deem her/himself to be at risk. As the size of a peacekeeping contingent
increases and diminishes levels of violence further, this should have additional
effects on the approximated utility of staying. Second, not only the presence of
violence, but the anticipation of it may be modified by peacekeeping presence.
Individuals in conflicts where peacekeepers are present expect that their pres-
ence is at least some form of safeguard against abuse. Thus, as a UN presence
grows, people’s anticipation of violence should decrease; again affecting this
push factor negatively. The logic in this second pathway differs from that in
the first in at least one important way. While violence is actually decreased in
the first, this need not be so in the second. In this pathway, it is the anticipation
of protection that affects the flight equation.

The chief theoretical mechanism relied on by previous research to explain
the violence-mitigating effects of peacekeeping is that of deterrence.20 While
the exact argument differs across studies, the general claims include that
peacekeepers mitigate violence through establishing effective control of
areas, patrolling these and showing presence, interceding and interpositioning
themselves between parties: thus deterring the use of force through raising the
costs of aggression. Lindberg Bromley identifies two poles on a continuum of
the mechanism: deterrence in the form of displaying presence and mobility
and thus signalling the possible cost of engaging in violence, and enforcement
in the form of offensive action to punish transgressions.21 Often, the deterrent
capacity of a peacekeeping mission is equated with its national and/or sub-
national presence and size: larger size entails higher deterrent capacity.22 At

19Hultman et al., “UN Peacekeeping and Civilian Protection”; Hultman et al., “Beyond Keeping Peace”; and
Kathman and Wood, “Stopping the Killing.”

20Lindberg Bromley, “MINUSMA and Mali’s Precarious Peace”; Ruggeri, Dorussen, and Gizelis, “Winning the
Peace Locally”; and Hultman et al., “UN Peacekeeping and Civilian Protection.”

21Lindberg Bromley, “MINUSMA and Mali’s Precarious Peace.”
22Fjelde et al., “Protection Through Presence”; Hultman et al., “Beyond Keeping Peace”; and Ruggeri Dor-
ussen, and Gizelis, “Winning the Peace Locally.”
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the other end of the continuum lies enforcement: more offensive actions taken
by peacekeepers to protect civilians, including interpositioning, forced disar-
mament, and offensive posturing. Also at this end of the spectrum, presence
and size are thought to be indicative of deterrent capabilities.23 Put simply,
increasing deterrent capacity translates into less violence.

Peacekeeping may serve to decrease forced displacement also through
other mechanisms. One possibility is that the interpositioning of peace-
keepers between warring parties decreases displacement as the geographical
spread of violence is hindered. For example, levels of violence may remain at
similar levels as before the intervention in some localities, but is hindered
from spreading to new locations. This situation would, however, be depen-
dent on the size of the force being large enough to deter warring actors from
movement towards UN locations. The size of UN forces should thus matter
also if this mechanism is at play. From the above two hypotheses are
derived:

H1: All else equal, as the number of peacekeepers in an area increases, the prob-
ability of events of mass displacement decreases.

H2: All else equal, as the number of peacekeepers in an area increases, the
number of forcibly displaced decreases.

Peacekeeping deployments are likely, however, to not only affect push, but
also pull factors. As discussed above, the deployment of peacekeepers in a
locale extends a promise of protection, which strengthens this area’s pull rela-
tive to other proximate locations. A peacekeeping base also attracts other pull-
factor activities, such as increased economic activity (due to the service indus-
try and trade), and NGO and aid delivery.24

At least two implications are necessary to approach in more detail. First,
when people are forcibly displaced they should be more likely to flee
towards peacekeeping areas, rather than locations without peacekeepers.
This can take the form of either intra-area movement towards a peacekeeping
location, or as extra-area flight towards a peacekeeping location. Second,
increases in this pull factor may also entail that the individual’s propensity
to flee is increased if he or she is proximate but not under the direct protection
of peacekeepers. In formal terms, if push factors across locale A and B are
equal while the pull factor is higher in locale B (closer to a peacekeeping
base), individuals may be more inclined to flee from B than from A. It is
thus possible that peacekeeping deployments also increase the propensity to
flee.

23Lindberg Bromley, “MINUSMA and Mali’s Precarious Peace”. See also Posen, “Military Responses” for a
discussion on types of military means to halt displacement.

24Beber et al., “Challenges and Pitfalls of Peacekeeping Economies”; and Carnahan, Gilmore, and Durch,
“New Data on the Economic Impact of UN Peacekeeping.”
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With the data available the latter implication cannot be tested in any con-
vincing manner, but the reader should note that these processes can coexist
with displacement-mitigating effects. The first implication – that faced with
violence the displaced move towards peacekeeping areas – can, however, be
tested, and forms the basis of hypothesis 3 below:

H3: All else equal, areas with higher numbers of peacekeepers will be more
likely to be net-receivers of displaced people.

It should be noted that the theory section contains a tension between the
peacekeeping literature that focuses on ‘actual’ numbers of fatalities and
peacekeepers, and the IDP/refugee literature that argues for the importance
of perceptions in decision-making. ‘Objective’ numbers and subjective per-
ceptions tend to not overlap completely, as demonstrated for instance in
the mismatch identified by Müller and Bashar between perceptions of
conflict and security held by locals and by peacekeepers in Darfur.25 Notwith-
standing this tension, observing the numerical presence of peacekeepers and
its relationship to displacement should tap into a formidable portion of
decision-making, while one should keep in mind that there are many
factors that this model cannot account for.

The Limited Deterrence of UNMISS(?)

All three hypotheses rely on the presence of the mechanism of deterrence: that
the warring parties will shy away from violence when aggression appears too
costly. Interestingly, much of the critique that has been levelled against
UNMISS in terms of PoC failures can in large parts be related to a lack of
deterrent capacity.

UNMISS was established when South Sudan became independent from
Sudan on 9 July 2011. UNMISS’ original Chapter VII mandate tasked the
operation with a wide range of missions, including supporting the new gov-
ernment in peace consolidation, assisting in PoC, and helping establish
state influence. Initial mandated troop levels stood at 7000 troops and some
900 UN police.26 Both mandate and troop levels were to change with the
December 2013 government crisis, when the President, Salva Kiir, accused
his Vice President Riek Machar of attempting a coup and fighting broke
out between their loyalists. The ruling SPLM/A split along ethnic lines,
with Machar’s faction becoming known as the SPLM/A – In Opposition.
From its initial concentration to South Sudan’s major urban areas the civil
war expanded to encompass almost the entirety of the country and many
other ethnic communities. The expansion of the civil war led to both a

25Müller and Bashar, “UNAMID Is Just Like Clouds”. See also Stefanovic and Loizides, “Peaceful Returns,” for
an overview of perceptional factors that guide the choices of displaced.

26UNMISS, “UNMISS: Mandate.”
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strengthened PoC mandate and increases in troop sizes, with the latest figures
standing at 17,000 troops, including 4000 for the Regional Protection Force
(RPF).27

Despite this comparatively large troop size and a strong mandate UNMISS’
PoC efforts have been harshly criticized. Several reports highlight many events
where inaction by UNMISS has led to disasters in the form of killings, sexual
violence and displacement.28 Reviewing these reports it appears that UNMISS
has not succeeded in posing as a credible deterrent, since (1) UNMISS has not
engaged in practically any offensive action or conducted operations to punish
transgressors, nor (2) has it acted with force when strategic locations have
been threatened or attacked.

Turning first to the offensive spectrum, one reason for this failure appears
to be that UNMISS’ freedom of action is restrained by the necessity of govern-
ment consent for deployment: undercutting possibilities to act against the
many transgressions of the government itself.29 Little seems to have
changed with the deployment of the Regional Protection Force (in 2016),
which mandated UNMISS to protect civilians using ‘all means necessary’
and ‘engage any actor’ threatening civilians.30 Additionally, UNMISS’
freedom of movement has been restricted by several actors, and the mission
has not used force to assert its rights in this sphere. As demonstrated by
Duursma in a study on obstruction of peacekeepers in Darfur, such actions
can be used by warring parties to undermine protection efforts and open
up for civilian targeting.31 Deterrence through punishment has thus barely
existed since the inception of UNMISS, nor have come into place later.

Secondly, there is ample evidence that the warring parties have no qualms
about attacking locations where UNMISS is present. Consider the town of
Malakal where the UN’s own reports note the town changing hands a full 12
times: this despite some 1000–2500 troops present.32 Similar disregard of
UNMISS’ presence can be noted in the repeated battles for Wau and Bor. In
all these instances UNMISS failed to intervene or interposition themselves,
and their mere presence seems to have done little to deter attacks. There are
also ample reports thatmilitias andother armed actors actwith impunity in com-
mitting atrocities right on the perimeter and in the vicinity of UNMISS bases.33

Consequently, the case of South Sudan can be seen as a hard test for the
deterrence-reliant hypotheses; or alternatively as a least-likely case. It is

27UNSC, “UNSC 2304 (2016)”; and UNMISS, “UNMISS: Mandate.”
28IOM, “If We Leave We Are Killed”; IRRI, “Protecting Some of the People”; Sharland and Gorur, “Revising
the Mandate in South Sudan”; and Williams, “Key Questions.”

29Sharland and Gorur, “Revising the Mandate in South Sudan”; and Williams, “Key Questions.”
30UNSC, “UNSC 2304 (2016).”
31Duursma, “Obstruction and Intimidation.”
32UN HQ Board of Inquiry, “Notes to Correspondents.”
33Hovil, “UN Peacekeepers in South Sudan”; IOM, “If We Leave We Are Killed”; and IRRI, “Protecting Some
of the People.”
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important to keep in mind, however, that the reports referenced above have
not been conducted systematically and can thus not paint a full picture of fail-
ures and successes. The majority of incidents reported on concern locales
where UNMISS is present; leaving us to speculate on the scale of violence
and displacement in areas where peacekeepers are not present. In addition
to hypothesis-testing a further contribution made in this study is, thus, con-
ducting the first systematic evaluation of UNMISS’ effects on forced displace-
ment in South Sudan.

Materials and Methods

The hypotheses are evaluated by analysing spatially and temporally disaggre-
gated data on UN peacekeeping and forced displacement in South Sudan
between 2011 and 2017. The time period studied is bounded by the creation
of South Sudan in July 2011, and the last year for which there is data on all
variables (2017). The unit of analysis is the county-month, with correspond-
ing data for the presence and size of UN peacekeeping and the number of for-
cibly displaced. The original data structure contains 6164 county-months.

Dependent Variables

Dependent variables were constructed from an original dataset on forced dis-
placement in South Sudan 2011–2017. The author identified all situation
reports, bulletins, and humanitarian updates on South Sudan from OCHA
(Office for the Coordination of Humanitarian Affairs), IRNA (Integrated
Rapid Needs Assessment), Humanitarian Response, and all Protection Situ-
ation, Camp Coordination and Camp Management Cluster, Operational,
and Situation updates, reports, and fact sheets, from UNHCR (via Reliefweb).

From these reports events of displacement were manually coded within
and from South Sudan’s 74 counties. Each event is a reported incident of
mass displacement, with ‘mass’ signifying that it was large enough to be
noticed and recorded by humanitarian organizations. Each event contains
the month of the exodus, its geographic origin (at the county-level), the
approximated number of individuals displaced, and the known point/s of
arrival of the displaced. Events were then aggregated to the county-month
level, providing a month-by-month estimate of both where the forcibly dis-
placed escaped from and where they went. Note that forced displacement
does not necessarily mean that individuals leave their county of origin. A sub-
stantial proportion of events entail fleeing to neighbouring areas within the
same county. Approximately 600 events of mass displacement were coded
between 2011 and 2017 period, totalling some 4.2 million IDPs and refugees.
A more in-depth description of the coding practice and its challenges are
given in the Online Appendix, Section A.
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Using these data I constructed the three main dependent variables: displa-
ced_exit, displaced_exit_dummy, and netreceiver. Displaced_exit is a count
variable of the number of displaced people in a specific county-month (irre-
spective of whether they were displaced away from or within their county of
origin). This variable is used to evaluate H2 on the number of people forcibly
displaced. Displaced_exit_dummy is a dichotomized variety, capturing
county-month events of mass displacement. This variable records if a
county-month experienced one or more events of mass displacement or
not, and is used to evaluate H1. Finally, netreceiver is a dichotomous
county-month variable which captures if a county was a net-receiver or
net-giver of displaced. This variable is constructed by, per county-month, sub-
tracting the number of people displaced from a county from the number of
people seeking refuge in the same county, and then dichotomizing it (with
a score of 1 entailing that a county-month is a net-receiver). This variable
thus captures the two different processes of (1) people being displaced but
remaining in their county, and (2) if displaced people move towards other
counties after being displaced. The variable should thus consider both of
the two routes suggested in the theory section of either remaining close to a
peacekeeping location or moving towards such a location. For H3 to be sup-
ported, larger numbers of peacekeepers should correlate with a county being a
net-receiver (all else equal). Descriptive statistics are available in Table 1.

Independent Variables

To create the independent variables I extend and make use of the Geocoded
Peacekeeping Operations Dataset (GEO-PKO),34 which codes the sub-

Table 1. Descriptive statistics.
Variable N Mean St. dev. Min Max

displaced_exit 6164 684.1 5353.8 0 150,000
displaced_exit_dummy 6164 0.053 0.224 0 1
netreceiver 6164 0.018 0.134 0 1
notroops1 6164 3.7 12.1 0 104.3
notroops2 6164 0.001 0.003 0 0.02
notroops3 6164 4733.7 30,371.4 0 406,438
lpop 6164 11.4 0.63 9.2 12.8
fiveyear_violence 6164 56.3 174.9 0 1252
frst2000 6164 41.3 17.4 9.9 77.2
gcppc05 6164 17.6 94.9 6.5 850.9
cap_dist 6164 391.9 182.9 19.6 810.3
c_size2 6164 0.68 0.76 0.062 6.01
bdist 6164 100.1 73 4.83 268.7
road_density 6164 3.89 2.1 0.76 11
troopspatlag 6164 19.6 28.5 0 180
bestlagdummy 6164 0.18 0.46 0 5

34Cil et al., “Mapping Blue Helmets.”
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national location and size of all UN peacekeeping missions in Sub-Saharan
Africa 1994–2014. I expanded the dataset to include South Sudan 2015–
2017, following available coding rules. I make use of the month as the tem-
poral level of analysis, and match the geographical locations and deploy-
ment-month to the county-month data structure.

For robustness purposes, I construct several independent variables. First,
notroops1 measures the size of the peacekeeping contingent in each county-
month. Data comes in the form of the number of deployed platoons, com-
panies, and battalions, following NATO and UN standards of 35 peace-
keepers in a platoon, 150 in a company, and 650 in a battalion. The
variable is rescaled to correspond to increases on the platoon basis, and is
the main independent variable. Notroops2 takes heed to peacekeeping’s
magnitude of responsibility in each county by dividing the troop number
with a county’s population level, creating a ‘peacekeepers per capita’
score. Lastly, notroops3 takes heed to the landmass that peacekeepers have
to cover, dividing county size by the number of troops. The size of a
county relative to the number of peacekeepers affects the mission’s possibi-
lities for patrolling territory and reacting to events. Descriptive statistics are
available in Table 1.

Figure 1 displays the spatial variation in the raw scores of independent and
dependent variables. Panel (a) shows, per county, the average number of
peacekeepers per year over the 2011–2017 period, while Panel (b) shows
yearly averages of forced displacement.

Matching Approach

Using a naïve observational design comes with the problem of the non-
random nature of where peacekeepers deploy.35 The main analytical
problem in such a design is that peacekeepers are likely to deploy to certain
‘hot spots’: locations that attract peacekeepers while simultaneously having
a higher likelihood of experiencing forced displacement. If the design does
not account for this, results will yield incorrect inference, for instance,
showing that peacekeeping increases levels of displacement (visible as a poten-
tial issue in Figure 1). This analytical problem occurs both for the analysis of
from where the displaced leave (H1 and H2), as well as for where they go
(H3). To account for this selection I make use of nearest neighbour and
exact matching, distinguishing between county-months with peacekeeping
deployment (treated cases) and counties without peacekeeping deployment
(control cases). ‘Peacekeeping deployment’ (deployed) entails that the UN
had established a base in an area with at least one platoon.

35Fjelde et al., “Protection Through Presence”; and Ruggeri, Dorussen, and Gizelis, “On the Frontline Every
Day.”
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Matching and Control Variables
I begin by identifying a set of variables to be used for matching and control
purposes. First, I include a measurement of previous violence, as studies

Figure 1. Panel (a): spatial distribution of independent variable, Panel (b): spatial distri-
bution of dependent variable.
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demonstrate that peacekeepers are more likely to deploy to ‘hot spots’: areas
that are more likely than others to see both deployment and renewed vio-
lence.36 To account for this I construct a measurement capturing fatalities
from organized violence (fiveyear_violence) in a county in the five years
before the observation period (i.e. five years before the start of the dataset
in summer of 2011). This variable is coded using events of organized violence
from the UCDP GED.37 In the main models, I do not match on more recent
violence as this would induce post-treatment bias.38

Second, infrastructure and terrain (in the form of the magnitude of phys-
ical obstacles or opportunities) have been identified by previous research as
factors that affect the choice to flee, as well as the feasibility of deployment
and armed clashes.39 Transportation infrastructure is measured by each
county’s road density (road_density), calculated by dividing the length of
motorable roads in each county with its size using data from OCHA
(https://data.humdata.org/dataset/south-sudan-roads). I additionally match
on levels of forestation ( frst2000), and county size (c_size2). Forestation
measures the proportion of a county covered in dense forests.40 County size
was calculated by the author using QGIS and PostGIS.

Third, I match on distance to international border (bdist) and distance to
capital (cap_dist). As argued by Ruggeri, Dorussen, and Gizeliz distances to
the capital and to international borders affect the ‘feasibility and cost of
deploying’, while peripheral areas may attract more fighting, and thus more
displacement.41 Both these variables were calculated in QGIS and PostGIS.

Fourth, I match on population (lpop) and average GDP per capita
(gcppc05) in each county. Population is argued to correlate with the occur-
rence of organized violence and the deployment of peacekeepers,42 and
GDP per capita may attract more violence, as well as a higher feasibility of
peacekeeping deployment. The natural log of population is used, with data
from South Sudan National Bureau of Statistics,43 while data on GDP per
capita is from De Juan and Pierskalla.44

Finally, I include two controls in the form of spatial lags (not used for
matching). Troopspatlag is a spatial lag of troop deployments, capturing per
county-month the number of troops in neighbouring counties, as these

36Costalli, “Does Peacekeeping Work?”; Powers, Reeder, and Townsen, “Hot Spot Peacekeeping”; and
Ruggeri et al., “On the Frontline Every Day.”

37Sundberg and Melander, “Introducing the UCDP GED.”
38Ho et al., “Matching as Nonparametric Preprocessing.”
39Adhikari, “The Plight of the Forgotten Ones”; Adhikari, “Conflict-Induced Displacement”; and Townsen
and Reeder, “Where Do Peacekeepers Go.”

40De Juan and Pierskalla, “Manpower to Coerce and Co-opt”; Ruggeri, Dorussen, and Gizelis, “On the Fron-
tlines Every Day”; also Powers et al., “Hot Spot Peacekeeping.”

41Buhaug and Gates, “The Geography of Civil War”; and Powers et al., “Hot Spot Peacekeeping.”
42Powers et al., “Hot Spot Peacekeeping.”
43National Bureau of Statistics, “Statistical Yearbook for Southern Sudan 2009.”
44De Juan and Pierskalla, “Manpower to Coerce and Co-opt.”
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may affect both push and pull factors. Similarly, to account for other nearby
spatial push and pull factors I include a spatial lag of nearby fighting (bestlag-
dummy). This variable captures, per county-month, the number of neigh-
bouring counties experiencing violent events (based on the UCDP GED)
with at least one fatality.

Correlation Analysis
As the objective with matching is to balance covariates that influence the
probability of the occurrence of both dependent and independent variables
I first correlate these variables with the matching variables. Separate corre-
lation analyses were conducted for the three dependent variables, as the pro-
cesses of displacement production may differ. Variables identified to have an
influence on both dependent and independent variables (signified by signifi-
cance stars) are used in the matching process. Standardized variables were
used for ease of interpretation.

Matching Procedures
Having identified confounders (see Table 2), I apply these variables in two
separate matching procedures: nearest neighbour and exact matching.
Nearest neighbour matching (Mahanalobis distances) provides a more ‘gener-
ous’ matched dataset, matching all treated cases (county-months with peace-
keepers) with the most similar untreated cases (county-months without
peacekeepers). The exact matching model provides a more trimmed dataset
of matches within the exact same coarsening strata. This process is repeated
for all three dependent variables, creating separate datasets.

Results of the matching were not perfect (see Table 3). The original naïve
dataset is highly unbalanced, with multivariate distance scores (L1) of 0.93,
0.61, and 0.86 for the three dependent variables. The naïve dataset is thus
not particularly suitable for hypothesis-testing, as units with and without
peacekeeping deployments are very different. The nearest neighbour match-
ing shows good improvement for the count data on displacement, decreasing
L1 to 0.52, but only slightly decreasing it in the other two datasets (from 0.93
to 0.88, and 0.86 to 0.76). Finally, the exact matching approach reduces the
multivariate L1 distances substantially and represent – across variable
means – the best matching solutions. All matching solutions, however, have
remaining imbalances, meaning that results should be interpreted carefully.45

For transparency purposes, I make use of all three varieties of the data in the
analyses. A detailed table of matching results is available in the Online
Appendix (Table B1).

45As pointed out by one anonymous reviewer the static nature of many of the control variables accounts
for much of the difficulty in removing imbalance.
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Statistical Considerations

The three dependent variables call for different statistical approaches. To
evaluate hypotheses 1 and 3 binomial logistic regressions are applied, with
robust standard errors clustered on county. For hypothesis 2 the dependent
variable is over-dispersed with a long right-leaning tail and an abundance
of zeros. Pre-analysis testing indicated that the dispersion was not Poisson,
and both Vuong tests and BIC and AIC comparison preferred zero-inflated
negative binomial models for the naïve and nearest neighbour datasets.46

The exact matching dataset lacks an abundance of zeros and prefers negative
binomial models, with robust standard errors clustered on county.

In all models, I avoid controlling for covariates that may induce post-treat-
ment bias, for instance, the levels of ongoing conflict in a locality. As peace-
keepers set out to minimize casualties and to some extent redeploy to do so,
including this variable may bias estimated effects.47 Put differently, I avoid
covariates that are in themselves dependent in the post-treatment stage on
the score of the independent variable.

Table 2. Matching variable correlations.
PK

deployment
Displacement exit

(count)
Displacement exit

(dummy)
Netreceiver
(dummy)

Five-year
violence

0.16*** 0.07*** 0.06*** 0.014

County size 0.31*** 0.02 0.03* −0.011
Distance to
capital

0.06*** −0.02 −0.004 −0.003

Log of
population

0.12*** 0.06*** 0.05*** −0.003

Road density 0.008 0.02 −0.02 −0.007
Distance to
border

−0.16*** −0.02 −0.004 0.03*

Forestation 0.27*** 0.001 −0.03** −0.03*
GDP per capita 0.19*** −0.006 0.01 0.017

Table 3. Matching scores for dependent variables.
Naïve dataset Nearest neighbour Exact matching

Displacement exit (dummy)
L1 (LCS) 0.93 (12.8%) 0.88 (20.5%) 0.53 (100%)

Displacement exit (count)
L1 (LCS) 0.61 (38.9%) 0.52 (47.8%) 0.38 (100%)

Netreceiver (dummy)
L1 (LCS) 0.86 (18.3%) 0.76 (31.4%) 0.52 (100%)

46In the zero-inflated negative binomial models I use the UCDP best estimate of fatalities (taken from the
UCDP GED), the log of population, and historical violence to model excess zeros.

47Ho et al., “Matching as Nonparametric Preprocessing”; and King and Zeng, “When Can History Be Our
Guide?”
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Results

Hypothesis 1

I begin the analysis by evaluating hypothesis 1: that increasing deployment
size decreases the probability of the occurrence of mass displacement
events. Models 1–3 are bivariate models, each using one of the three datasets:
the naïve original data, the nearest neighbour matching, and the exact match-
ing. In Models 4–6 control variables corresponding to those used in the
matching are introduced, and finally, in Models 7–9 additional control vari-
ables. Table 4 displays results for these models.

Results in Table 4 refute H1, however, as there are no negative and statisti-
cally significant coefficients (which would indicate a decreased probability of
mass displacement). In Models 1–3 the coefficient on troop size is positive and
significant for the naïve and nearest neighbour datasets, and negative but
insignificant for the exact matching. The positive coefficients in Models 1
and 2 imply a positive correlation between the probability of mass displace-
ment and troop deployment. This association is, however, most likely an arte-
fact of the unbalanced data (L1 = 0.93 in the naïve dataset and 0.88 in the
nearest neighbour). As the imbalance decreases in the exact matching data,
the coefficient becomes negative (albeit not significant). Bivariate correlations
do not, however, support H1.

In Models 4–6 matching variables are introduced, to exploit the last avail-
able variation.48 Results do not change when controlling for these additional
variables. Support for H1 is, however, not forthcoming in the full models
with additional controls either (Models 7–9). In these models, the troop
coefficient is positive and significant in the naïve and nearest neighbour
data, while negative but insignificant in the exact matching. Consequently,
the main models demonstrate no support for H1. One should keep in
mind, again, that the naïve and nearest neighbour datasets are relatively
unbalanced.

Hypothesis 2

I now turn to H2: that increases in troop levels will be associated with
decreases in the count of displaced people. As discussed in the section on stat-
istical considerations, the different datasets prefer different count models:
these are noted at the top of Table 5.

Results in Table 5 are similar to what was found for H1, in that the coeffi-
cients on the troop size variable are positive in the naïve and nearest neigh-
bour datasets, and negative in the exact matching data. Of more direct
interest for evaluating H2, no coefficients have statistically significant negative

48Gilligan and Sergenti, “Do UN Interventions Cause Peace?”
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Table 4. DV: Dummy variable of displacement events.
(1) (2) (3) (4) (5) (6) (7) (8) (9)

Naive Nearest Exact Naive Nearest Exact Naive Nearest Exact

notroops1 0.019*** 0.018*** −0.017 0.018*** 0.018*** −0.061 0.021*** 0.022*** −0.054
(0.003) (0.003) (0.040) (0.003) (0.004) (0.049) (0.004) (0.004) (0.064)

fiveyear_violence 0.001** 0.001* 0.003* 0.001 0.001* 0.017**
(0.000) (0.000) (0.001) (0.000) (0.000) (0.006)

lpop 0.083 0.071 0.138 0.202 0.138 −2.568*
(0.098) (0.150) (0.437) (0.109) (0.170) (1.138)

c_size2 0.061 0.034 −0.972 −0.017 0.001 −6.672*
(0.081) (0.090) (0.701) (0.094) (0.095) (2.647)

frst2000 −0.008* −0.005 0.014 −0.009 −0.003 0.073*
(0.004) (0.006) (0.014) (0.005) (0.007) (0.033)

cap_dist 0.001 0.001 0.013**
(0.000) (0.000) (0.005)

bdist −0.002* −0.004* 0.006
(0.001) (0.002) (0.006)

road_density2 −0.073* −0.026 0.355
(0.034) (0.047) (0.254)

gcppc05 0.001 0.001* −0.339
(0.001) (0.001) (2.928)

troopspatlag 0.002 0.006 0.000
(0.002) (0.003) (0.016)

bestlagdummy 0.780*** 0.862*** 1.114***
(0.093) (0.138) (0.250)

Constant −2.988*** −2.931*** −2.519*** −3.702** −3.670* −4.438 −5.008*** −4.684* 20.072
(0.060) (0.083) (0.164) (1.141) (1.842) (5.135) (1.296) (2.149) (23.672)

N 6164 3172 792 6164 3172 792 6164 3172 792
AIC 2519.224 1411.878 413.670 2502.225 1403.235 405.275 2427.888 1362.352 389.118
BIC 2532.677 1424.003 423.019 2542.584 1439.608 433.322 2508.606 1435.097 445.213
LogLikelihood −1257.612 −703.939 −204.835 −1245.112 −695.617 −196.637 −1201.944 −669.176 −182.559
*p < .05.
**p < .01.
***p < .001.
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Table 5. DV: Count of displacement.
(1) (2) (3) (4) (5) (6) (7) (8) (9)

Naive (ZINB) Nearest (ZINB) Exact (NB) Naive (ZINB) Nearest (ZINB) Exact (NB) Naive (ZINB) Nearest (ZINB) Exact (NB)

notroops1 0.016** 0.012* −0.088 0.012* 0.009 −0.128 0.009 0.006 −0.059
(0.005) (0.005) (0.094) (0.006) (0.006) (0.094) (0.007) (0.008) (0.099)

fiveyear_violence 0.000 0.000 0.001* 0.001 0.001 0.087***
(0.000) (0.000) (0.001) (0.000) (0.000) (0.005)

lpop 0.328* 0.456* 0.189 0.330* 0.547** −17.421***
(0.155) (0.188) (0.464) (0.153) (0.203) (1.132)

cap_dist −0.001 0.000 0.080***
(0.001) (0.001) (0.003)

bdist −0.001 −0.000 0.004
(0.001) (0.002) (0.007)

road_density2 0.034 0.041 4.784***
(0.043) (0.053) (0.437)

c_size2 −0.015 −0.086 −32.684***
(0.092) (0.099) (2.094)

frst2000 0.008 0.007 0.291***
(0.005) (0.006) (0.026)

gcppc05 −0.001* −0.001* −16.551***
(0.000) (0.001) (3.213)

troopspatlag 0.000 0.001 −0.010
(0.002) (0.003) (0.023)

bestlagdummy 0.052 0.051 0.269
(0.091) (0.109) (0.292)

Constant 9.310*** 9.462*** 6.956*** 5.495** 4.079 4.510 5.314** 2.514 262.465***
(0.087) (0.119) (0.318) (1.744) (2.126) (5.038) (1.879) (2.595) (27.384)

N 6164 3172 792 6164 3172 792 6164 3172 792
AIC 9123.097 5706.135 1702.449 9112.716 5699.464 1704.300 9109.438 5705.089 1709.278
BIC 9170.182 5748.570 1716.473 9173.254 5754.023 1727.673 9223.788 5808.145 1770.047
LogLikelihood −4554.54 −2846.07 −848.23 −4547.36 −2840.73 −847.150 −4537.72 −2835.55 −841.64
Note: *p < .05, **p < .01, ***p < .001. Inflation model not shown.
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effects. That is, there is no evidence that increases in troop size in a location is
related to lower levels of displacement, speaking against H2.

Models 10–12 show the bivariate relationships across the three datasets.
Here, coefficients are positive and significant for the two first datasets, but
negative (not significant) in the exact matching data. Again, however, these
positive associations are more likely caused by imbalances in the data,
rather than an actual association in which peacekeepers cause more displace-
ment. There are also no significant negative effects of troop size in the models
that introduce the matching variables (Models 13–15), nor in the full models
(Models 16–18). Coefficients in the exact data models are consistently nega-
tive, but not significant. Across models, positive and significant coefficients
on the main independent variables are more common, although many
models produce no significant effect in any direction. Results in thus refute
H2, as increasing troop size is not associated with lower counts of displaced.

Hypothesis 3

Finally, I evaluate H3: that counties with comparatively higher numbers of
peacekeepers will be more likely to be net-receivers of displaced people.
The dependent variable is a dummy of whether or not a county-month is a
net-giver (0) or net-receiver (1) of displaced.

Results are presented in Table 6 and provide only some support for H3.
Across the full set of models (19–27) there are several positive and significant
coefficients, denoting that as troop size increases so does the probability that a
county-month will be a net-receiver of displaced.

The first three models (Models 19–21) show bivariate relationships, where
the troop size coefficient is positive and significant in the naïve and nearest
neighbour datasets, while the coefficient is negative but not significant in
the exact matching data. In interpreting this output one should again keep
in mind the imbalances in the different datasets: L1 scores of 0.86 and 0.76.
The bivariate patterns are stable across all models with controls (Models
22–27), thus demonstrating at least some support for H3.

Consequently, the analysis ofH3 yielded some, but not clear-cut, evidence in
favour of the proposition that larger troop contingents attract displaced people
to a higher degree. Although amajority of the coefficients spoke in favour of the
hypothesis the evidentiary value is lowered as these relationships were ident-
ified only in relatively unbalanced datasets. Support for the hypothesis
should thus be classified as tentative.

Robustness Analyses

To check for model and variable dependency I conducted several robustness
analyses. First, I reran the regression models using notroops2 and notroops3,
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Table 6. DV: Dummy of net-receivers.
(1) (2) (3) (4) (5) (6) (7) (8) (9)

Naive Nearest Exact Naive Nearest Exact Naive Nearest Exact

notroops1 0.013** 0.017*** −0.153 0.015** 0.018*** −0.129 0.022** 0.029*** −0.069
(0.005) (0.005) (0.108) (0.005) (0.005) (0.106) (0.007) (0.008) (0.118)

bdist 0.001 −0.004 −0.001 0.002 −0.005 −0.002
(0.002) (0.003) (0.005) (0.002) (0.004) (0.008)

frst2000 −0.011 −0.026* −0.030* −0.005 −0.027 −0.048
(0.007) (0.011) (0.013) (0.009) (0.015) (0.054)

fiveyear_violence 0.001 0.001 −0.006
(0.001) (0.001) (0.010)

lpop −0.139 −0.329 1.040
(0.195) (0.250) (2.311)

cap_dist 0.001 0.002* −0.005
(0.001) (0.001) (0.008)

road_density2 −0.024 −0.072 −0.341
(0.058) (0.067) (0.468)

c_size2 −0.409 −0.241 2.273
(0.409) (0.232) (4.198)

gcppc05 0.001 0.002 2.950
(0.001) (0.001) (4.634)

troopspatlag 0.005 −0.008 −0.022
(0.003) (0.008) (0.026)

bestlagdummy 0.728*** 1.139*** 1.399***
(0.121) (0.192) (0.415)

Constant −4.056*** −4.242*** −3.601*** −3.771*** −2.729*** −2.275** −2.907 0.126 −30.958
(0.100) (0.153) (0.296) (0.403) (0.659) (0.822) (2.236) (2.927) (41.412)

N 6164 3172 792 6164 3172 792 6164 3172 792
AIC 1118.753 535.940 158.508 1115.846 534.477 155.905 1096.314 507.984 157.952
BIC 1132.206 548.064 167.857 1142.752 558.726 174.603 1177.031 580.730 214.047
LogLikelihood −557.377 −265.970 −77.254 −553.923 −263.239 −73.952 −536.157 −241.992 −66.976
*p < .05.
**p < .01.
***p < .001.
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denoting a ‘peacekeepers per capita’ score and a ‘peacekeepers per square kilo-
meter’ score. These variables can be construed as capturing different aspects of
the density of peacekeepers in a sub-national locality, which may matter for
efficiency.

Results using these variables are, however, for all purposes the same as in
the main models (Tables B2–B7, Online Appendix). Throughout models with
both notroops2 and notroops3 as the main explanatory variables coefficients in
the naïve and nearest neighbour datasets tend to be positive and significant,
and coefficients in the exact dataset are negative but insignificant. Thus,
across these models, there is no support for H1 or H2, while the tentative
support for H3 remains.

In additional analyses, other varieties of the dependent variable were also
studied. In two sets of models the count variable of displacement (used in
H2) was transplanted with its natural log, and in the second set with a trans-
formation to the proportion of a county’s population displaced. The coeffi-
cient on troop size remains positive and significant using the naïve and
nearest neighbour datasets, and negative but not significant in the exact
matching data (B8–B9, Online Appendix).

In tests on different cuts of the data, I subsetted the data to take as the unit
of analysis only county-months with a peacekeeping deployment, leveraging
within-unit variation to reduce non-random deployment bias. I reran
models for all three hypotheses (B10–B12, Online Appendix), but with no
implications for H1 and H2. These models, however, spoke against H3, as
all positive coefficients were insignificant. Additionally, I eliminated potential
outliers in the datasets: observations with deviant displacement scores. I then
reran the main and subsetted models with results remaining virtually
unchanged. I additionally reran the main models (with full controls) while
ignoring the post-treatment bias issue: thus including a measurement of
ongoing violence in each county-month. Although post-treatment bias is a
serious issue, levels of violence are important push factors that might
require modelling. In these models (B13–15) levels of violence (best) are (as
expected) strong push factors for displacement, but the main findings do
not change. Finally, I reran the main models but with a fixed-effects specifica-
tion (clustering on county) and using controls with temporal variation: this
did not produce evidence in favour of any of the hypotheses. Consequently,
alternative specifications do little to change the main conclusions.

Discussion and Conclusion

The statistical analysis failed to demonstrate support for H1 or H2, and pro-
vided only weak evidence in favour of H3. Increasing troop levels were not
associated with declines in the frequency of mass displacement or the
number of displaced, and only in the unbalanced datasets did increasing
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troop size attract more displaced. A few models – mainly the ones using the
naïve and nearest neighbour datasets – found positive correlations, implying
that peacekeepers increase the number of displaced. Seeing, however, to
results in the more balanced datasets, the soundest conclusion is that troop
size is not directly associated with forced displacement in this sample.
Although some evidence was found in support of H3 – implying that peace-
keepers act as a pull factor for displaced people – issues with data balance are
relevant here too.

Of major interest is what can account for this lack of an association? Below
I discuss potential explanations and what they may entail for the case of South
Sudan and UNMISS, as well as peacekeeping theory.

Turning first to data issues, the lack of balance in the data diminishes pos-
sibilities of unbiased estimation. The maximal reductions in L1 distances were
only to 0.53, 0.38, and 0.52, and even the best matching solutions could
balance data only at the means, and not consolidate distributions. Thus,
units that were similar on all aspects but the independent variable were
difficult to identify, and effects thus difficult to evaluate. A strong claim that
peacekeeping does not reduce levels of forced displacement is hardly feasible.

Second, the possibility should be considered that even if peacekeepers do
lower levels of displacement-inducing violence, these reductions may not be
enough to mitigate displacement. Two recent studies conducted on the vio-
lence-mitigation of peacekeeping underline points in this regard. Ruggeri,
Dorussen and Gizelis find that although local deployments shorten conflict
episodes, there is little evidence that peacekeepers stop local conflict from
occurring.49 Fjelde, Hultman and Nilsson identify that local deployments
do well in reducing rebel violence against civilians, but does not have the
same effect on government-initiated killings.50 Seeing as civilians in South
Sudan need to escape violence both by government and rebel actors, and as
they are unlikely to factor in – to any high degree – the duration of
fighting, it is worth considering that a minor reduction in violence does not
alter civilian calculations enough to reduce displacement. Future research
should attempt to investigate cut-off points, or if a complete reduction of vio-
lence is necessary to make people stay put.

Third, recall from theory that the underlying premise of peacekeeping’s
ability to mitigate forced displacement was credible deterrence. In outlining
the case of South Sudan I argued that UNMISS has almost completely
lacked such a capability. This first systematic analysis of peacekeeping and
forced displacement supports this assertion. UN peacekeeping may fare
better in mitigating forced displacement in cases where more deterrent
capacity is present. Such research should be undertaken before any broader

49Ruggeri, Dorussen, and Gizelis, “Winning the Peace Locally.”
50Fjelde, Hultman, and Nilsson, “Protection Through Presence.”
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claims are made regarding the relationship between peacekeeping and forced
displacement.

The above should not be taken, however, as UNMISS not having protected
civilians. Hundreds of thousands have sought and found relative refuge in
PoC sites.51 The evidence identified in favour of H3, in that county-months
with more troops had higher probabilities of being net-receivers of displaced,
is thus not unsurprising. Tentative evidence thus suggests that larger UN con-
tingents act as pull factors in individuals’ calculations of where to go once
uprooted. Although this may be viewed as a perverse side-effect that can
increase rates of displacement, one should consider that compared to
impromptu IDP camps, PoC sites offer better opportunities for survival.
Even the reports and analyses that criticize UNMISS’ failures highlight that
many thousands of lives have been saved via this ad hoc solution.52

Support for H3 was, however, not clear-cut, and further research is necessary
to better understand the strength and drivers of this possible effect.

Finally, it should be considered what these findings imply for our theories
of peacekeeping, deterrence, and PoC. First of all, the case of UNMISS calls
into question equating mission size with deterrent capacity: UNMISS had
the highest number of military peacekeepers of all missions in 2018 yet dis-
plays little deterrent capacity. Although more recent studies have identified
that troop quality and mission diversity also matter for mitigating violence,53

theory and measurement are still focused on troop size as a proxy for deter-
rence. Of importance for the disaggregated approach, this lack of equivalence
between size and deterrence seems to exist also at the local level, as even the
stationing of thousands of troops in some areas did not stop the warring
parties from seizing strategic locations. These results run counter to what
has been found in the latest studies on peacekeeping and civilian victimiza-
tion, where local increases in troop size served to lower levels of violence
via deterrence.54 This study suggests that this correlation is conditional or
context-sensitive. Mandate strength does not appear to be such a condition,
as UNMISS came armed with and received a reinforced PoC mandate with
wide-ranging possibilities for the use of force.

Costalli, in his study of Bosnia also notes a UN PoC failure, and suggests
that the main deterrence-decreasing factors were the ‘highly motivated
internal actors’, and the ‘necessity’ to stay neutral.55 Similar factors have
been identified as hindering effective PoC also in cases such as Cyprus and
East Timor. In both these latter cases, the UN faced parties that were strongly

51IOM, “If We Leave We Are Killed”; and UNMISS, “UNMISS PoC Sites.”
52IRRI, “Protecting Some of the People”; and Sharland and Gorur, “Revising the Mandate in South Sudan.”
53Bove and Ruggeri, “Kinds of Blue”; and Haas and Ansorg, “Better Peacekeepers, Better Protection?”
54Fjelde et al., “Protection Through Presence”; and Ruggeri, Dorussen, and Gizelis, “Winning the Peace
Locally.”

55Costalli, “Does Peacekeeping Work?” 375.
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motivated to push their agendas of civilian displacement. In Cyprus the UN
failed to use capabilities that were at hand – partly in order to remain
neutral – while a lack of capabilities in East Timor made it impossible to
stop marauding pro-Indonesian militias even if willingness had been
present.56 These are relevant factors to consider also for UNMISS, and
more broadly theoretically. Deterrence and its credibility are relational con-
cepts, where not only the strength of peacekeepers weighs in, but also the
strength and motivation of the warring actors, and the commitment and will-
ingness of the peacekeepers. To exemplify Costalli’s factors in regard to
UNMISS, the warring actors proved early on in the conflict that they were
indeed ‘highly motivated’ to commit brutal atrocities, at the same time as
UNMISS’ felt constrained due to necessary government consent, and as
their movements were obstructed without response.57 In places such as
Malakal and Bor UNMISS had enough troops for a show of force, but the
aforementioned factors decreased their willingness and/or opportunities to
do so: leading to failed deterrence. When levelling such critique it is relevant,
however, to consider Posen’s theorizing regarding the difficulties inherent in
the military options available to halt displacement disasters.58 Posen notes
that those trying to stave off displacement-inducing violence often find them-
selves unable to deter an attacker, and instead rely on compelling the attacker
to change behaviour: something that is difficult due to the attacker often being
stronger than the intervener in terms of force capabilities, coherence, and will-
ingness. As became the case in South Sudan, Posen notes that the creation of
‘safe havens’ (PoC sites in this context) is often the most expedient solution to
the urgent needs created by mass displacement in contexts where capacity and
capability are lacking.

Seeing to the above, this study echoes Haas and Ansorg’s call for better
measurements of mission capacity/capability,59 as well as more research to
better understand the conditions – local and mission-wise – that affect the
application of credible deterrence. It seems imperative to gain a much deeper
understanding of the local-level mechanisms that facilitate or hinder PoC.
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