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ABSTRACT 

In India, election cycles have repeatedly been reported to sway the microfinance 

sector. Meanwhile, the sector is recognized as an important poverty fighting 

tool; both the largely privately funded MFI system and the largely publicly 

funded SHG system. No previous study has investigated election effects on 

these microfinance providers systematically over all Indian states.  This paper 

uses both a static fixed effects model as well as a dynamic one, to analyze how 

the election cycle affects microfinance output. I use panel data covering most 

Indian states, roughly over the years 2006-2018. There is some evidence that 

MFIs are affected negatively in the year after an election, while the effects on 

SHGs are positive in low political contestation elections and less positive or 

even negative in high political contestations elections. 

 

Keywords; India, Election cycles, Microfinance, Poverty alleviation, Development 

economics 
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1. Introduction 
India has experienced a rapid transformation over time, with extreme poverty 

dropping from 46 percent to an estimated 13.4 percent from 1995 to 2015. Indeed, 

the country aspires to become a high-middle income country by 2030. However 176 

million Indians are still living under the poverty line, making it continuously 

important with poverty alleviating efforts. One of India’s main strategies to achieve 

economic growth and development is by increasing financial inclusion (The World 

Bank, 2019), which mainly infers to provision of microfinance. Consequently, 

microfinance outreach has sharply increased over the past couple of decades, 

reaching more than 139 million households as of 2017 (NABARD, 2017; Sa-Dhan, 

2017). The government of India is by financing The SHG-Bank Linkage Program 

responsible for the alleged largest microfinance project in the world (NABARD, 

2019). In providing a source of finance to people, too poor to be included in the 

traditional financial market, it is thought to provide an opportunity for investments, 

increased entrepreneurship and self-help in the poor population. Indeed, research 

generally does suggest (although modest) positive effects on various development 

outcomes. Please see Beck (2015) for a research review by The World Bank. 

However, there is a worry that the Indian microfinance sector is subject to 

unrighteous pressure by local politicians as a strategy for re-election in the state 

assembly elections, although not previously systematically explored in academia.  

For example, there have been reports of politicians urging microfinance institutions 

change the loan conditions in favor of the clients, or even writing off loans altogether. 

In fact, media recently reported news in the lines with “microfinance still strong 

despite election season, floods and other events” (The Economic Times, 2019; 

Equifax, 2019. Emphasis added). While politicians by such pressure hope to gain 

short sighted popular support among the microfinance clients, it surely makes the 

long-term operations of the institutions more difficult.  Moreover, microfinance 

could be affected by elections via effects on their financing. Research finds that 

private investment in general decreases in years of election, which is explained by an 

increased political tension or unrest in those years. Furthermore, potential changes in 

public spending due to an opportunistic election cycle could have implications for 

the microfinance sector, both in terms of crowding out of private capital as well as 

potential increases in grants.  
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This paper aims at analyzing how microfinance in India, as a multifaceted blend 

of privately and publicly funded agents, reacts to state assembly election years. There 

is a long-lasting debate in academia both on a “political uncertainty cycle” affecting 

private investment, and on an “opportunistic election cycle” creating a public 

spending shock in election years. Moreover, the discussion on crowding out effects 

in relation to public and private investment in general is vast.  However, these 

theories have not previously been applied specifically to the microfinance case. 

Although it would be interesting to identify the different channels mentioned above, 

data limitations make that impossible. Thus, I will in this paper only analyze the total 

effect of elections on the microfinance sector, without attempting to estimate the 

magnitude of any of the possible channels of mechanisms. 

It is important to explore this topic further for several reasons. Microfinance 

targets the low end of the financial market, making it especially interesting when 

adopting a development perspective. Moreover, policy makers both in India and 

internationally, should indeed consider powerful soothing measures if there are 

adverse impacts as soon as a state election is held.  

Namely, there are two types of microfinance channels in India; one is heavily 

dependent on commercial funding (the MFI-system) while the other relies on grants 

(the SHG-system). I will analyze the two channels separately, since they theoretically 

should react differently to public spending and private investment shocks. Moreover, 

it could be the case that these two systems are differently affected by direct political 

pressures. In line with previous literature, this paper uses a fixed effects model in a 

static as well as dynamic setting. I will also allow for heterogeneous effects based on 

degree of political contestation. The data covers roughly the years 2006-2018 and 

most Indian provincial states (the samples differ somewhat for the MFIs and SHGs).  

There is some evidence that MFIs decrease their number of clients the year after 

an election. Since it could take some time to adjust the number of clients due to 

adverse effects in the actual election year, the results indicate that there indeed are 

some election effects. However no effects are found on the loan portfolio. In the SHG 

system there seems to be some positive effects of elections where the political 

contestation is low, and less positive or even negative effects in high contestation 

elections. 

The remainder of the paper is structured as follows. Section 2 provides necessary 

background information on the microfinance sector in general and in the Indian 
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context, as well as information of the Indian states and political system. Section 3 

discusses previous literature on the existence of political pressure on credit 

institutions, the political uncertainty cycle and the opportunistic election cycle. 

Section 4 develops the empirical method and hypothesis, and discusses potential 

threats to identification. Section 5 describes the data and election exogeneity. Section 

6 presents the results, and section 7 concludes. 

 

 

2. Background Information 
This section begins with a broad definition of what microfinance is, in order to give 

a basic idea of the concept. Thereafter, I continue by describing the microfinance 

sector in the Indian context. Basically, there are two systems of microfinance 

provision which are profoundly different in finance and organization, which will 

have great implications for the succeeding analysis. Finally, I briefly describe the 

basics of the structure of India’s political system. 

 

2.1 Microfinance: A definition 

Microfinance is an attempt to offer formal financial services to a segment of the 

market that otherwise goes unserved. The difficulties for a traditional financial 

provider to entry this segment of the market are many. The clients are oftentimes 

scattered over vast rural areas making operational costs high, while the risks 

associated with lending to a low income clientele are substantial. Naturally, a 

traditional financial provider would therefore require high collaterals and fees, 

effectively making the services too expensive. The poor have consequently been 

reduced to informal credit providers such as friends and family, loan sharks or 

pawnshops (Collins et al. 2009). By various forms of innovative product designs, 

microfinance attempts at solving this market failure. Although the general concept 

encompasses several services, including both microcredit, savings, insurance and 

payment solutions, the Indian sector is focused mostly on providing saving 

opportunities as well as microcredit. 

The fundamental idea of microcredit is small loans provided in a joint liability 

lending practice, where members of a loan group all are responsible for the 

repayment of a group member’s loan. As a consequence, the group members will put 
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social pressure on a potentially defaulting member in order to avoid being forced to 

bear the costs of a default. Moreover, a common trait of microcredit is a high 

repayment frequency; the group members usually meet every second week or so to 

jointly handle the repayments. Usually, a local loan official is present at these 

meetings to collect the money. In this way, both the risks and the operational costs 

for the lending institution are kept low, and a relatively low interest rate can be 

offered with no collateral requirements. 

 

2.2. The SHG Microfinance Model 

Under The Self Help Group (SHG) model, a self-help promoting institution (SHPI), 

usually an NGO, helps groups of 15-20 individuals to form a saving group. The group 

is required to initially save since this raises capital for the bank while also shrinking 

the risk of dissolution of the group. After an incubation period the group is linked to 

a conventional bank that will host the savings and lend money to group members. 

When the group is registered with a bank, it is considered as a conventional client 

with requirements of interest payments and instalments, although joint liability is 

practiced (Nasir 2013). Figure 1. is a graph over the development of loans 

outstanding to SHG members, measured in lahks (100 000 rupees). It shows a sixfold 

increase within the sample period. 

The SHPI typically receives no or below cost reimbursement for their services, 

either from the bank or from the clients. The remaining necessary funds come from 

external grants (Ananth 2005). In the 90s, the government owned National Bank for 

Agriculture and Rural Development (NABARD) initiated The SHG-Bank Linkage 

Program, which assist and finance the linkage process. Thus, via this NABARD 

coordinated program, the central as well as state governments finance parts of the 

linkage process. Moreover, a considerable number of the SHGs face loan terms 

subsidized by the central government. Similarly, several state specific funding 

programs assist in the whole process of creating and running self-help groups 

(NABARD, 2010; Nair, 2012).   

 

2.3. The MFI Microfinance Model 

In the MFI system, a non-banking microfinance institution gives microcredit to 

clients, either in a joint liability or an individual setting.  Figure 2. shows the 

development of the loans outstanding to the MFI clients in lahks (100 000 rupees). 
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Notably, the MFI begins from lower levels than the SHG, although it too has 

experienced sharper increase within the sample period. 

 

Figure 1. SHG Loan Portfolio        Figure 2. MFI Loan Portfolio 

 

 

There are several different forms of providers; not-for profit companies and NGOs, 

and also Non-Banking Financial Companies (NBFC). The latter is for profit, and is 

the most widespread one contributing to more than 80 percent of both MFI clients 

outreach and outstanding portfolio (Sa-Dhan, 2014).  

Neither one of the mentioned MFIs can host savings from their clients, meaning 

they have to resort to other sources of funds. NBFCs in particular face a limited 

availability of grant or donor funds. Instead, they are heavily dependent on 

commercial funding including e.g. interest incomes, fees and bank loans (Ananth, 

2005; Sa-Dhan, 2014). In the beginning of the 2000s, the MFI regulation was 

reformed making it possible for the expanding sector to obtain other capital.  

Securisation of microloans as well as capital from private equity investors are of 

sharply growing importance (Nair 2012; Manahan, 2015). Yet, up until 2009 private 

equity deals were few although large, only benefitting the largest MFIs. However 

since 2009, smaller MFIs increasingly succeed in attracting private equity capital 

(Srinivasan, 2010).  

 

2.4 The Indian Federation 

India is divided into 28 states with own legislatures, and 8 union territories which 

mainly are administrative units operating directly under the central government 

(henceforth Government of India, GoI). Figure 3. shows a map over the states and 
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territories. Three of the union territories have their own legislature1 and are 

effectively operating as states in spite of their union territory status. These three 

territories will be included in the analysis since they are thought to be comparable to 

ordinary states in regard of elections. 

 

Figure 3. Map of the Indian States 

 

Source: Maps of India 

 

The constitution divides the legislative power between the central level and the states, 

giving the states powers in for example agricultural and land politics, labor markets, 

electricity infrastructure, water supply management, sanitation and wastage 

solutions, transportations, social development in poor areas, and state police 

(Panagariya et al. 2014). Moreover, both the states and the center have taxational 

powers but in different areas of activities. GoI levies taxes like customs duty, income 

tax, service tax, and central excise duty, while the states decide in matters concerning 

for example income tax on agricultural income, value added tax, property taxes, and 

taxes on various services like drainage and water supply. The local authority may 

also collect inter-state custom duties (Rao and Singh, 2006). Consequently, a state 

                                                             
1 Delhi, Jammu and Kashmir, and Puducherry. 
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election might have great effects both on the economic regulatory environment as 

well as taxation and public spending decisions, providing a foundation for both the 

political uncertainty and opportunistic election cycle hypothesis. In fact, Chhibber, 

et al. (2004) find, by surveying a sample of Indian citizens, that Indians largely hold 

the state government responsible for the provision of local public goods. 

The legislative power of a state is assigned to The Legislative Assembly (Vidhan 

Sabha), or, in bicameral states2, mainly to The Legislative Assembly as well as partly 

to The Legislative Council (Upper house, Vidhan Parishad). In the bicameral system, 

the assembly has the ultimate power, while the council can delay bills although not 

stop them entirely. Upper house members are elected every two years in non-general 

elections, and all or near all legislative assembly members are elected in general 

elections every five years. This paper investigates only the assembly elections, since 

those elections for the mentioned reasons are thought to have a more dramatic impact 

also in the bicameral systems. 

 

 

3. Literature Review 
The two microfinance systems in India do possess fundamental differences, but are 

also similar in some regards. The SHGs are initially financed largely by public grants, 

where after they are to be hosted by a conventional bank. Although public subsidies 

oftentimes remain, the bank lends to the group members on the basis of profitability. 

Furthermore, the providers within the MFI system are diverse, but are generally 

largely dependent on commercial funding. Notably, private equity is increasingly 

important for the sector. 

Thus, theoretically two research fields should be considered when evaluating 

election effects on the Indian microfinance sector. Namely, research both on private 

and public investment cycles due to elections are relevant in our discussion. 

Furthermore, there might be mechanisms unique to the Indian microfinance sector, 

in the form of political pressures on credit and microfinance institutions. In this 

section, previous literature on these three topics is discussed in more detail, beginning 

with the latter. 

                                                             
2 Andhra Pradesh, Bihar, Karnataka, Maharashtra, Telangana and Uttar Pradesh have two chambers, 

while the rest practice unicameral legislative systems. 
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3.1. Political Pressures in Times of Elections 

The saving and joint liability lending groups do form platforms for political 

influence. SHGs have by several political parties been considered to be important 

”vote banks” (in the Indian context, this refers to a bloc of community based loyal 

voters). In fact, several parties even have their own SHGs (Nair, 2015). 

Although, there to my knowledge is no papers investigating political pressures 

over all Indian states, there are some research on the Indian state Andhra Pradesh. 

Lending practices have reportedly been an issue for populist politics in several 

elections there, where politicians pressured lending institutions to lower the interest 

rates and writing off loans (Khön, 2013). Moreover, in a World Bank working paper, 

de la Torre et al. (2011) report results from a survey from the same state, where 

farmers were interviewed. The farmers clearly state an expectation of a reschedule 

of repayments or even loan forgiveness in the event of an election. 

Andhra Pradesh is a natural object for studies like these, since a severe 

microfinance crisis took place there in 2010, however it is also interesting to see how 

widespread this could be in the whole of India. This paper will perform a systematic 

analysis over all Indian states, in order to show to what degree this could be 

happening. Moreover, the previous studies focused on behavior of clients and 

politicians, while not digging any deeper into how the microfinance providers were 

copying. My focus will on the other hand be on the providers and their output. 

Another kind of political pressure possibly conducted in election years is 

pressuring credit institutions to lend more. In that way clients would experience a 

(sham) increase in income. For example, Cole (2009) finds that agricultural credit 

from government-run banks increases in election years in the Indian states, 

particularly where there is a high degree of political contestation. 

 

3.2. The Opportunistic Election Cycle  

Concerning the opportunistic election cycle in public investment, there is a large 

academic literature on the topic, dating back to Nordhaus (1975). For a review of the 

research on developed countries please see Drazen (2000a, b). Although not 

universally robust, the widely held conclusion in the industrialized countries is that 

there indeed exist opportunistic election cycles in one form or another. Essentially, 

incumbents do tend to increase their public spending in election years as a mean to 

get reelected. 
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In cross country comparisons, spending cycles are found to be greater in less 

developed countries compared to industrialized ones (Block, 2002; Schuknecht, 

2000; Shi and Svensson 2006). This is explained by weaker institutional structures 

in less developed countries, making it both easier and more valuable for an incumbent 

to boost public spending as a re-election strategy. 

Moreover, an opportunistic spending cycle could be a matter of prioritization of 

expenditures, as is shown by for example Vergne (2009) and Eslava (2005). In the 

same lines of logic, Khemani (2004) analyses 14 major states in India to see whether 

state assembly elections have any effects on overall as well as prioritization of public 

spending. Although I would say his discussion of control variables is too scant, he 

does report some interesting results. He finds no evidence for significant overall 

fiscal expansions around elections, however the state government does seem to 

reprioritize in favor of narrow interest groups and constituencies that may be critical 

for electoral victory. Analyzing 16 Indian states, Saéz and Sinha (2009) also find 

election effects on specific spending posts, such as agriculture and irrigation. 

Interestingly, they also find that the degree of political contestation to some extent 

seem to have an impact on some public spending decisions. 

 

3.3. The Political Uncertainty Cycle  

A somewhat reverse pattern is found when it comes to private investments, since 

there are strong incentives for a private investor to withhold an investment in case of 

uncertainty. Election outcomes have implications for industry regulation and 

taxation, which in turn will affect the productivity of the investment. Thus, investors 

might prefer to wait until all electoral uncertainties have been resolved.  Indeed, Julio 

and Yook (2012) find clear indications that national elections affect corporate 

investment negatively. They analyze national elections in 48 countries from 1980 to 

2005, in a fixed effects model. Moreover, Boutchkova et al. (2012), using data from 

fifty countries in fixed effects model, show that national elections3 cause changes in 

level of stock market volatility across industries with varying sensitivity to political 

events. This in turn generates further election effects on investments, since stock 

prices oftentimes function as signals for investors (Durnev, 2010).  

                                                             
3 In fact they look at several measures for political instability, but since the focus here is election 

periods that will be the focus of the discussion. 
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Even though there to my knowledge are no papers discussing a political 

uncertainty cycle in India specifically, the papers mentioned do include India in their 

cross country comparisons. Although it by no means indicates solid proof, at least it 

is indicative of a political uncertainty cycle in India. 

Notably, private equity investment has fairly recently become a part of the Indian 

MFI financing structure. Thus in practice, the uncertainty cycle’s effects on 

microfinance might be limited. Moreover, this paper looks at state assembly elections 

and not national ones, which could have important implications. Nevertheless, I 

would argue that election effects on political uncertainty theoretically still are 

possible. Although the states must relate to the federal law, the assemblies have 

essential power over several forms of taxes and regulation processes, making it 

plausible that private investors do take state assembly elections into consideration 

before placing investments in the state in question. 

 

 

4. Empirical Method 
In this section, I will first discuss hypotheses on how more specifically elections are expected 

to affect the microfinance sector in India. Thereafter, I will continue with the specification 

models, including a discussion on potential threats to identification, estimation method, as 

well as the specifications of the heterogeneous effects. 

  

4.1. Hypothesis 

To understand how the MFI and SHG systems could be affected, one must consider 

their different finance and organization structures. In some regards the systems could 

be impacted in similar manners, but in other regards they could significantly differ. 

In the following, I will discuss the various forms of political pressures reported, as 

well as implications of the political uncertainty and opportunistic election cycles. I 

end with a discussion of potential election effects on the demand side of 

microfinance. 

Political pressure by incumbents to write off loans should affect both MFIs and 

SHGs negatively. Moreover, pressure on banks and other credit institutions to lend 

more could make it easier for MFIs to obtain funding loans, although the extent of 

this is unclear. Such pressure will probably have a more direct and stronger effect on 
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SHGs since some of them are hosted by those public banks that feel the heat from 

the state government. In summary, the effects on MFIs and SHGs due to political 

pressures is somewhat ambiguous, and depends on the nature of that political 

pressure. 

Political unrest causing anxiety among private investors would theoretically affect 

the MFI system negatively, since the MFIs in that case could have a harder time 

attracting funds on the capital markets. However only recently it has become fairly 

common for MFIs to obtain capital from private equity investors. Thus in practice, 

this channel of mechanisms is probably not prominent. SHGs should not be troubled 

at all. 

Increased public spending could have adverse effects on MFIs, since it would 

mean increased competition on the capital markets, which would induce crowding 

out effects of private capital. However previous research finds no fiscal expansion 

due to state elections in India, but rather a reprioritizing of the funds, targeting 

specific interest groups and areas (Khemani, 2004; Saéz and Sinha, 2009). Thus 

crowding out effects are unlikely. For the SHGs on the other hand, reprioritizing 

spending decisions could implicate a change in grants. SHGs are highly bound to the 

area where the members live, making a change in SHG grants very visible in the local 

community. Moreover the members of the groups tend to originate from the same 

socioeconomic and ethnic stratas, which in general are important dividends in Indian 

politics (Palshikar et al. 2014). Thus, SHGs could provide a convenient base for 

seeking electoral support.  Indeed, as Khön (2013) and Nair (2015) note, SHGs are 

established platforms for this purpose. Hence, grants to SHGs would probably 

increase in connection with an election. This could in turn lead to an increase in 

created saving groups. If any grants are designed to improve the terms and conditions 

of SHG loans as well, it could be the case that the amount lent increases. 

In conclusion, the MFI system is hypnotized to be affected weakly negatively, 

while the SHG system on the other hand should experience more positive effects.  

Finally, there is a chance there could be effects on the demand side of 

microfinance, both for credit and for savings. For example, the general public could 

also experience anxiety for various reasons due to an election, and might therefore 

wish to increase their savings or repay old debts. Or, on the other hand, people might 

have incentives to borrow if they expect a loan write off shortly, or even being forced 
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to borrow due to income changes. However it is hard to hypothize such effects, since 

the exact nature of them is veiled. 

 

4.2. Main Specification Models 

The empirical strategy is straight forward. The Indian states are according to the 

constitution required to have elections every five years. Hence, I compare 

microfinance outcomes in election years with non-election years. Given that the 

election is exogenous to the outcomes, the estimated effect will be causal. Threats to 

this assumption would be incumbent manipulation of election dates, since 

incumbents might try to time the election to a booming year as a way to get reelected. 

The scheduling of the state elections is decided by the central independent agency 

The Election Commission of India, which makes such manipulation less likely. 

Nevertheless, irregular elections could still be a result of a various kinds of crisis and 

thus be endogenous still. Therefore, it is reassuring that irregular elections are rare 

within the sample period (this is thoroughly discussed in the Data section). Still, in 

line with previous literature on election cycles, I use the constitutional election 

schedule in a robustness check. The results are presented in Appendix 1.  

When considering potential biases, the time horizon must be acknowledged. Many 

variables affect for sure the microfinance sector in general, but as long as they do not 

change over an election year, they will bear no implications for causality. Such 

variables are slowly changing ones such as institutions and demographics. Moreover, 

there are factors that do change due to elections, but still do not pose problems of 

biases. In fact, any such variable that changes due to an election and also affects 

microfinance, could be considered a mechanism. 

However a potential problem for causal estimates is cyclic variation coinciding 

with the election cycle. If the outcome tends to vary in a cyclic pattern coinciding 

with the election cycle but is still caused by other underlying forces, the estimate of 

the effect of election year might be biased. In line with Shi and Svensson (2006), I 

use real GDP per capita and GDP growth as controls to account for this. 

In the opportunistic election cycle literature, the use of dynamic panel models is 

common, i.e. to include lagged variables in the specification (see for example 

Akhemdov and Zhuravskaya, 2004; Block, 2002; Shi and Svensson, 2006; 

Schuknecht, 2000; Vergne, 2009; as well as a brief discussion on ARMA models for 

these purposes by Saéz and Sinha (2009)). The use of autoregressive models are 
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motivated by the fact that the public spending level is thought to depend heavily on 

its past values. By specifying a dynamic model then, one can mitigate 

autocorrelation, which causes bias of the standard errors if present. To investigate 

this in my data, I perform a Woolridge test for autocorrelation in panel data, and 

indeed find significant correlation in the residuals after specifying a simple static 

model. This does seems in order, since microfinance by common sense should be 

heavily dependent on its past values within the panels. 

My main specification is a static one using robust standard errors, since dynamic 

panel estimation is challenging of the data while I have limited sample sizes. 

However by using robust standard errors, one more or less simply throws away the 

dynamic information of the data. Thus, I also specify a dynamic panel model, and 

report the results in Appendix 4. The specifications are as follows; 

 

𝑌𝑖𝑡 =                             ∑ 𝛽𝑗𝐸𝑙𝑒𝑐𝑗𝑖𝑡  2
𝑗=1 +  𝛾𝑤𝑖𝑡 + 𝛼𝑖 + 𝜆𝑡 + 𝑢𝑖𝑡            (1) 

𝑌𝑖𝑡 =  ∑ 𝜃𝑗𝑌𝑖𝑡−𝑗
𝐿
𝑗=1 + ∑ 𝛽𝑗𝐸𝑙𝑒𝑐𝑗𝑖𝑡  2

𝑗=1 + 𝛾𝑤𝑖𝑡 + 𝛼𝑖 + 𝜆𝑡 + 𝑢𝑖𝑡  (2) 

 

Where Yit is a measure of microfinance outreach, including mainly number of clients 

and loan portfolio. Elecjit is election dummies denoting the year of and the year after 

an election in state i, allowing for a delayed microfinance reaction. Significant 

estimates of 𝛽𝑗 would indicate the existence of election effects on microfinance. State 

fixed effects are included to control for time invariant state institutional settings, and 

time fixed effects are included to control for macro trends and shocks. wit is a vector 

of control variables, including real GDP per capita and GDP growth. I will analyze 

MFI and SHG loan portfolio, as well as SHG savings. These variables are expressed 

in nominal terms, making them sensitive to inflation.  Unfortunately, there is no 

public data available on inflation rates in the Indian states over the whole sample 

period, making deflating impossible. In addition, when looking at the inflation rates 

for the years and states available (2011-2018), it is notably volatile; varying from 

around 1 to 10 percent.4 Thus, changes in inflation might have substantial impact 

when measuring the mentioned nominal variables, making it a possibility that any 

election effects found could depend on changes in the monetary value and not on real 

                                                             
4 Data gathered from The Ministry of Statistics and Program Implementation’s (MoSPI’s) CPI 

Archives. 
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changes in the loan or saving portfolio. Thus, in those cases where 𝑌𝑖𝑡 is expressed in 

nominal terms, I also include nominal GDP as a control.  Of course, nominal GDP 

might vary due to other reasons than changes in inflation, but being the best available 

option, I include it to control for inflation. 

When estimating dynamic regressions, there are several things to consider. Firstly, 

the OLS estimator in dynamic panel models with fixed effects suffers from 

attenuation bias. However the GMM estimator developed by Arellano and Bond 

(1991), Arellano and Bover (1995), and Blundell and Bond (1998), does not. Hence. 

GMM will be used for estimation of equation 2. For a further discussion on this kind 

of estimator and why it is suitable in this case, please see the Appendix 2. 

The lag structure of the autoregressive term(s) is tested by using the Bayesian 

information criterion (BIC) for optimal lags.5 It measures the efficiency of a model 

in terms of predicting the data, while it also penalizes inclusion of more parameters 

so that overfitting is avoided. Theoretically, it could be problematic to include lags 

greater than three in the model, since those values are modeled to be impacted by the 

last election. However when performing the BIC test, one lag is shown to be optimal 

in our case, so that such considerations are unnecessary. 

Finally, when using dynamic models, stationarity is of importance. I do consider 

this in Appendix 3, where I perform unit root tests of all variables and discuss the 

data transformation process used to obtain stationary variables where unit roots are 

detected. 

 

4.3. Heterogeneous Effects 

There are reasons to expect heterogeneous effects of elections on microfinance. In 

order for either the opportunistic spending cycle of the political uncertainty cycle 

hypothesis to be valid, it must be uncertain who will win an election. In other words, 

a certain degree of political contestation is needed. Either so that an incumbent deems 

it to be useful or even necessary to boost popularity before an election (by changing 

public spending, pressuring credit providers etc.), or so that private investors 

experience real causes for anxiety. 

There are reasons to believe that there indeed exist a substantial political 

contestation in India; the effective number of parties has increased over the past 

                                                             
5 For a discussion of information criterions in GMM estimation, see for example Hall (2005). 
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decades creating a multi-party structure, and the incumbent turnover is reportedly 

high (Palshikar 2014). However, substantial variation in degree of democracy over 

the different states is generally to be expected in large federal democracies, even 

when their formal institutions are next to identical (McMann, 2018). In fact, Harbers 

et al. (2019a) indeed analyze political contestation and autonomy on the state level 

in the Indian case specifically, and find significant differences between the states and 

over time. Thus, I will allow for heterogeneous effects based on political contestation, 

using the specifications; 

 

𝑌𝑖𝑡 =    ∑ 𝛽𝑗𝐸𝑙𝑒𝑐𝑗𝑖𝑡  

2

𝑗=1

+  ∑ 𝛽𝑗(𝐸𝑙𝑒𝑐𝑗𝑖𝑡 ∗ 𝐷𝑖𝑡) 

2

𝑗=1

+ 𝛽2𝐷𝑖𝑡 + 

+ 𝛾𝑤𝑖𝑡 +  𝛼𝑖 + 𝜆𝑡 + 𝑢𝑖𝑡   (3) 

 

𝑌𝑖𝑡 =  ∑ 𝜃𝑗𝑌𝑖𝑡−𝑗

𝐿

𝑗=1

+ ∑ 𝛽𝑗𝐸𝑙𝑒𝑐𝑗𝑖𝑡  

2

𝑗=1

+  ∑ 𝛽𝑗(𝐸𝑙𝑒𝑐𝑗𝑖𝑡 ∗ 𝐷𝑖𝑡) 

2

𝑗=1

+ 𝛽2𝐷𝑖𝑡 + 

+ 𝛾𝑤𝑖𝑡 +  𝛼𝑖 + 𝜆𝑡 + 𝑢𝑖𝑡   (4) 

 

 

Where Dit is a categorical variable grouping states into high and low contestation 

ones. Note that Dit might change over time due to developments in the state in 

question. 

In high political contestation elections, election effects could be more extreme 

compared to in low contestation elections. The reason being that in elections where 

there effectively is no political competition, the incentives for incumbents to try to 

manipulate the election outcome are lower. Moreover, the capital markets might 

experience less unrest in those elections. 

As previously discussed, there probably are several channels by which elections 

might affect microfinance in different directions, so that the total effect becomes 

somewhat ambiguous. However, any effects found, are hypothized to be more 

extreme in high political contestation elections. In total, the effect on MFIs is thought 

to be negative, which means that the effect in high contestation elections is 

hypothized to be even more negative. Moreover, the total effect on SHGs is thought 

to be positive, making the hypothesis that SHGs in high contestation elections 

experience even more positive effects. 



17 
 

To define Dit, I will use a measure based on the works of Harbers et al. (ibid.), 

which is described more closely in the data section. 

 

 

5. Data 
In the following, the sources of the data used will first be presented, followed by some brief 

statistics of the samples. The measure for political contestation will be thoroughly discussed, 

as well as exogeneity of the state assembly elections. 

 

5.1. Sources 

There is no uniform regulation for the providers and services of microfinance in 

India, and neither is there any comprehensive database over them. Sa-Dhan is a 

membership organization for MFIs, founded by the central bank of India. It has 

collected data over loan portfolio and client outreach in all Indian states during the 

years 2006-2008, 2009-2018. The data is self-reported although controlled by Sa-

Dhan, and comes from Sa-Dhan members and a number of non-members who have 

chosen to report. MFIs representing all legal forms are covered, including not-for 

profit companies and NGOs, as well as NBFC-MFIs. Moreover, the data covers 

cooperative banks but not commercial ones conducting MFI operations. Although 

there is no regulation in India stating that an MFI must register as an MFI, making 

the sample frame an estimation in itself, Sa-Dhan estimates a coverage of 95% or 

more of the MFI sector. There might for sure be a number of organizations operating 

off the radar, but since they must be small in order to so, their share in total client 

outreach and loan portfolio is thought to be negligible. 

Moreover, NABARD publishes annual data on the state level over number of SHG 

linked in their program, as well as loan outstanding against and savings hosted by 

those SHGs, over the years 2008-2014, 2016-2018. Since SHGs can be registered at 

any conventional bank including cooperative ones, there might be a slight overlap 

with the MFI system in the data. 

The electoral data is gathered from the webpage of The Election Commission of 

India, while the GDP data is reported by The Ministry of Statistics and Program 

Implementation (MoSPI). Data on state populations is calculated by the ratio of 
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MoSPI’s Net Domestic Product and Net Domestic Product per Capita series, since 

there is no explicit population data available. 

In order to allow for heterogeneous effects, I need data on contestation. Harbers 

et al. (2019b) have developed a democracy index for all Indian states, which is used 

and extended by using data from The Election Commission of India. 

 

5.2. Samples 

The analysis uses two different samples; one for the MFI-system and one for the 

SHG-system. Notably, missing data differs somewhat for the two systems. Out of 

India’s 36 current states and union territories, 31 hold elections. Of course, only those 

having assembly elections are included in the samples. Moreover, the state of 

Telangana is excluded from both the SHG and MFI analysis, since it was separated 

from Andhra Pradesh in 2014 and consequently does not have any records before 

that year. The state held its first election in 2018. 

The MFI sample consists of 27 states over the years 2006-2018 with the year 2009 

missing. There is no data for Goa, Gujarat and Manipur. 

The SHG sample covers all states and union territories having state elections, but 

over a somewhat shorter time period; 2008-2018, with the year 2015 missing. 

 

5.3. Measures and Summary statistics 

Microfinance will primarily be measured by the loan portfolio outstanding, in the 

Indian scale lakhs (100 000 rupees). For the MFI-system, the number of clients is 

reported as well. MFIs could use both channels in order to adjust to shocks and 

external influence. Thus both variables will be analyzed. For the SHG system, loan 

portfolio as well as savings are used. The number of clients served is not at the 

individual level but rather in terms of self-help groups. Table 1. shows some 

summary statistics of the variables in the different samples. Notably, the maximum 

of the growth rate is very high; 42%. It is the state of Sikkim that has reported such 

a high growth rate in the year 2010. It could be a data entry error, but on the other 

hand, the data is verified by MoSPI, and Sikkim has repeatedly experienced very 

high growth rates almost in line with 40%. Thus, I choose not to change the data 

entry. 
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Table. 1. Summary Statistics 

Variable Mean Std. Dev. Min Max 

MFI-Sample     

Client 1148797 1586072 0 7528000 
Portfolio 137275.6 222225.2 0 1594000 
Election 0.202 0.402 0 1 
Constitutional Election 0.189 0.392 0 1 
RGDP (exp7) 2.92 3.14 426081.8 18.0 
NGDP  (exp7) 3.21 3.68 322908 22.8 
Growth 7.17 3.46 -6.66 42.40 
RGDP/capita      0.828 0.405 0.193 2.404 

Population (exp7) 4.21 4.67 595000 22.1 

SHG-Sample     

Portfolio 123231.2 306448.5 120.83 2224167 

Loan SHGs 142774.5 251312.4 58.7 1683993 

Savings 29884.05 67360.71 4 668242.1 

Saving SHGs 238473.2 321693 187 1495904 

Election 0.209 0.407 0 1 

Constitutional Election 0.191 0.394 0 1 

RGDP (exp7) 2.76 3.06 366096.3 17.9 

NGDP  (exp7) 2.98 3.54 250600 22.1 

Growth 7.34 3.53 -6.66 42.40 

RGDP/Capita      0.875 0.591 0.171 4.773 

Population (exp7) 3.98 4.52 587000 22.1 

 

 

5.4. Political Contestation Measure 

Harbers et al. (2019a) have developed several ”democracy indexes” encompassing 

different aspects. Their largest and by them preferred index summarizes information 

on (i) turnover; whether or not the incumbent has stayed in power at least in two 

consecutive elections, (ii) effective number of parties (ENP) in the assembly as well 

as strength of the opposition (SOP), (iii) autonomy; whether or not the elected 

candidates in fact will rule or not, and (iv) clean elections in terms of election related 

violence, voter intimidation, ballot fraud and other election malpractices. 

I will only use the two first aspects for my index and in order to show why, I will 

in the following discuss each of the aspects, and how they relate to what I am actually 

trying to measure; political contestation. Since the authors discuss each aspect in 

close detail, I refer to their paper for a thorough discussion, and confine myself to a 

shorter description here. 
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As the authors point out, a low turnover might have several reasons; either the 

system favors the incumbent, or the voters are simply happy with his or her 

performance. Therefore, “turnover” is conservatively coded, requiring an incumbent 

to have stayed in power more than two consecutive elections to be defined as a “low 

turnover state”. The ENP is defined by the sum of the squared shares of seats a party 

wins in the assembly.6 SOP is calculated by the total share of the seats in the assembly 

occupied by the opposition. As some final notes, higher values in the index implies 

higher degree of political contestation. Also, turnover, ENP and SOP are treated as 

substitutes when calculating the index, meaning in case of no turnover, a high ENP 

or SOP score can still lead to a high index value, and vice versa. Consequently a low 

score would indicate low or moderately low scores in all aspects. Thus, the index 

based on these aspects summarizes the political contestation in the election in 

question, and therefore should function well as a divider for my heterogeneous 

effects. 

Although Harbers et al. (ibid.) do discuss autonomy and clean elections as well, I 

do not take those aspects into consideration for two reasons. 

Firstly, I question the usefulness of including “autonomy” to begin with, at least 

in my sample period.  Autonomy is included in the original index due to the common 

feature of “President’s Rule” (PR) in India. In the event of PR, GoI takes over the 

administration of the state, dismissing the state government and dissolving the 

assembly.7 In my sample alone, from 2006-2018, there has been 15 instances of PR 

over ten different states, of which five were imposed such as they entailed an 

assembly election8. The author’s index drops to zero in those elections, since they 

argue such episodes imply no political contestation. However all elections held in PR 

periods in my sample occur at the very end of the PR episode; one to three weeks 

before the PR ends. Thus the election in question marks the beginning of the 

formation of the new state government succeeding the PR. Consequently, political 

                                                             
6 The authors include a curvilinear transformation here, since a too high ENP leads to fractionalization 

and hence complicates the democratic process. However I choose not to transform the data, since it 

would be counterintuitive for my purposes of solely measuring political contestation. 
7 The constitution gives GoI the right to impose PR in a state where there is “a breakdown of the 

constitutional machinery”, but it has repeatedly been used in far less severe situations such as loss of 

majority (Hewitt et.al. 2010). 
8 The 2008 elections in Jammu & Kashmir and Nagaland, the 2009 election in Jharkhand, and the 

2014 elections in Andhra Pradesh and Maharashtra 
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contestation among the state parties should be very much expected. Therefore, I 

choose to ignore PR for the construction of my index. 

Secondly, it does make sense to take ”clean elections” into consideration in a 

”democracy index”, since of course, the degree of democracy is debatable in case of 

election incidents and malpractices. These issues could have implications for the 

narrower concept of political contestation as well. Also, frauds and violence in 

connection with an election might have effects on microfinance on its own. Thus, it 

could be interesting to analyze the effects of election violence. However due to time 

limitations I could not gather data on election related deaths and other incidents for 

my extension of the index, which instead made me exclude that aspect. 

Since the original index only covers half my sample, I use the author’s kindly 

provided code and time limited data, as well as newly collected data, to calculate an 

index based on turnover, ENP and SOP over the years 2005- 2018. Figure 4 shows 

the index created by the authors (of course only based on turnover, ENP and SOP), 

as well as my extension (the last dot). Notably, my extension seems to be in line with 

the original series, indicating a successful calculation process. 

 

Figure 4. Political Contestation Index.  

NOTE: Index describing degree of turnover, effective number of parties and strength of the opposition. 
All Indian states/union territories having elections, 1985-2018 
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Based on this index, I create dummy variables for ”high contestation” and ”low 

contestation” elections. Figure 5. presents the distribution of the index, showing a 

large bulk of elections having an index larger than 1.25. Since the index theoretically 

goes from 0 to 2, I simply choose 1 as the divider. Thus ”high contestation elections” 

are defined to be elections where the index is higher than 1, which is close to the 

mean of the index in both the MFI and SHG samples. As a robustness check, I also 

define the cutoff at 1.5 creating a more conservative categorization of high 

contestation elections. Notably, several states change status within the sample period. 

Thus, the categorization is strictly speaking a grouping of elections, and not of states. 

 

Figure 5. Number of Elections over Contestation Index Values, MFI-sample 

 

 

 

The categories of high and low contestation elections is based on the index value of 

the contemporary election. This might seem odd since the categories consequently 

partly are based on the outcome of the election, while any causes for effects on the 

microfinance sector should occur in the time leading up to the election. Thus, an 

implicit assumption must be that the index at the time for the election is a good proxy 

for the competition environment where incumbents and opposition have been active 

shortly prior to the election at hand.  
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It is also noteworthy that although elections can be considered to be exogenous, 

political contestation status is not. There might be some other common feature of 

elections where the political contestation is high, that would cause the heterogeneity 

in the effects. Table 2. explores this possibility, presenting means of observables as 

well as the p-value of a t-test for difference in means. Here, non-election years are 

included, which are categorized based on the index in last election. Thus, any state is 

thought to be a high contestation state if its index has been classified as “high 

contestation” in a particular election, and onwards up until the next election. Figure 

6. shows a scheme visualizing the procedure. From the election in time period 0 up 

until the time period 4, state i is classified as a high contestation one. In the election 

in time period 5, the state is reclassified due to the turnover, ENP or SOP in that 

election. In this example, the status is changed to a low contestation state. 

As Table 2. shows, all differences in observable characteristics are non-

significant, which is promising for causal interpretation. However, when comparing 

simple means, there is no significant difference in the microfinance variables either, 

which could indicate that there in fact are no differences at all. However this must be 

further investigated in regression analysis. 

 

Figure 6. Classification Scheme of Low and High Political Contestation States 

Elections Ei0     Ei5    

Time Period 0 1 2 3 4 5 6 7  

Categorization HCi0 HCi1 HCi2 HCi3 HCi4 LCi5 LCi6 LCi7  
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Table 2. Means in High and Low Political Contestation States 

Variable 

Means: 

High Contestation 

States 

Means: 

Low Contestation 

States 

Diff in Means Test, 

p-values 

MFI-Sample   
 

MFI loan portfolio 127359.7 64450.6 0.996 

Nr of MFI Clients 1117896 619911.7 0.999 
    

Elections 0.22 0.18 0.560 

RGDP 3.14 1.66 0.999 

NGDP 3.27 1.68 0.999 

RGDP/Capita 0.79 0.71 0.952 

Growth 7.57 6.90 0.820 

Population 4.87 2.58 0.999 

Nr. of observations 216 108  

SHG-Sample  
  

SHG loan portfolio 169829 37948.49 0.999 

Nr of loan SHGs 177102.5 79947.61 0.999 

SHG savings 37799.01 15398.19 0.997 

Nr of saving SHGs 280175.5 162150.1 0.999 

    

Elections 0.22 0.19 0.645 

RGDP 3.10 2.16 0.996 

NGDP 3.38 2.26 0.997 

RGDP/Capita 0.93 0.77 0.994 

Growth 7.44 7.18 0.602 

Population 4.59 2.87 0.999 

Nr. of observations 194 106  

NOTE: The categorization of high and low contestation states has been done based on turnover of power in the 
assembly, effective number of parties in the assembly, and strength of the opposition. High contestation is in 
this case considered to be an index higher than 1. 

 

 

5.5. Exogeneity and Timing of the State Assembly Elections 

The constitution requires the states to have elections every five years, which as Table 

3. shows, to a high extent it followed within the sample periods (SHG sample; 2008-

2018, and MFI sample; 2006-2018). Any manipulation of election years would be 

problematic to my identification, since the assumption of exogeneity of elections 

would be violated. Consequently, although unconstitutional elections are uncommon 

in my samples, I perform robustness checks using only the constitutional elections. 

A notable feature visible in Table 3 is that Jammu and Kashmir has not had a single 
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constitutional election during the whole sample period. Thus in all regressions using 

the constitutional schedule, Jammu and Kashmir will be excluded. 

 

Table 3. The three latest elections in all states and union territories having elections  

State: The three latest election years  

 

Andhra Pradesh 2019 2014 2009 

Arunachal Pradesh 2019 2014 2009 

Maharashtra 2019 2014 2009 

Odisha 2019 2014 2009 

Sikkim 2019 2014 2009 

Haryana 2019 2014 2009* 

Jharkhand 2019 2014 2009* 

Chhattisgarh 2018 2013 2008 

Madhya Pradesh 2018 2013 2008 

Meghalaya 2018 2013 2008 

Nagaland 2018 2013 2008 

Rajasthan 2018 2013 2008 

Tripura 2018 2013 2008 

Mizoram 2018 2013 2008 

Karnataka 2018 2013 2008* 

Himachal Pradesh 2017 2012 2007* 

Punjab 2017 2012 2007 

Uttar Pradesh 2017 2012 2007 

Uttarakhand 2017 2012 2007 

Assam 2016 2011 2006 

Kerala 2016 2011 2006 

Puducherry 2016 2011 2006 

Tamil Nadu 2016 2011 2006 

West Bengal 2016 2011 2006 

Bihar 2015 2010 2005 

Delhi 2015* 2013 2008 

Jammu & Kashmir 2014* 2008* 2002* 

*Election not following the constitutional schedule requiring a new election five years after the 

preceding one. 

 

It also becomes evident in Table 3. that the states can be divided into four major 

groups where the elections coincide. If the states in these groups would be similar in 

some regards, the comparability across the groups would be questionable. Do 

disentangle this issue, I turn to the electoral history of the states. 
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The Indian constitution became effective in 1950, and the first elections post-

independence were carried out in 1951. Most of the, at that time, 22 existing states 

participated. The States Reorganization Act was passed in 1956, changing the 

division into 14 states and 6 union territories. Since then, the states and union 

territories have continued to quite frequently been merged and bifurcated, and have 

also seen changes in union territory versus state status. In fact, four new states were 

formed in the 60s, five in the 70s, three in the 80s, and four in the 21st century. In 

addition, there have been other disruptions in the historic election cycles such as 

violence and crisis (Singh, 2019). Consequently, essentially all states and union 

territories have at least once experienced a disruption in their election cycle.9 

Moreover, those states that have emerged by bifurcation and where both parties are 

still in existence do not follow the same election cycle over the years. 

Although the election cycle during the 2000s has stabilized and hence follow the 

constitutional schedule to a very high degree, past disruptions live on in the current 

cycle. Thus, it is hard to find any patterns regarding which states are carrying out 

elections in the same years. Rather, it is more of a product of uncoordinated reforms 

and events in the past. 

Finally, a note must be made on the timing of an election in comparison to the 

Indian fiscal year, which goes from April 1 to March 31. As a consequence, all values 

in any variable reported for a specific year, let’s say 2010, covers the time period 

April 1 2009 to March 31 2010. Thus effects of an election held after March 31, 2009 

will be visible in the 2010 year data. To account for this, I simply change the real 

election year into the year where effects will be visible in the reported fiscal data (all 

microfinance variables as well as GDP). 

 

 

6.   Results 
Results from the MFI-system are firstly presented, followed by the results from the SHG 

analysis. Note that the results for the dynamic specifications, for the purpose of 

comprehensibility, are presented in Appendix 4. 

 

                                                             
9 The exceptions being Chhattisgarh and Uttarakhand, which both were formed in the year 2000 and 

had their first election in 2003 and 2002 respectively. 
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6.1. The MFI-System 

Table 4. shows the MFI results from the static models. Column 1 and 4 are the main 

specifications, while the rest of the columns present results from the heterogeneous 

effects analysis. HCD in the variable list denotes “high contestation dummy”, taking 

the value 1 for either a contestation index higher than 1 (column and 5) or higher than 

1.5 (column 3 and 6). 

 

Table 4. MFI-system, Static Model 

 Loan Portfolio Nr of Clients 

 (1) (2) (3) (4) (5) (6) 

VARIABLES Main HCI>1.0 HCI>1.5 Main HCI>1.0 HCI>1.5 

       

Election -5,117 -7,318 -865.2 -38,718 -179,816 -56,020 
 (10,971) (16,183) (14,620) (98,573) (143,997) (119,186) 

Y.a. election -15,582 -13,224 -10,109 -151,251* -204,261* -172,024** 
 (12,372) (13,364) (11,101) (74,987) (114,281) (82,806) 

Election*HCD  4,348 -12,812  199,529 87,475 
  (27,264) (23,813)  (232,152) (166,144) 

Y.a. Election*HCD  -3,160 -9,453  72,725 132,691 

  (28,390) (38,221)  (171,723) (237,002) 

HCI  -23,368 50,232  36,949 128,778 

  (18,257) (51,118)  (210,224) (425,224) 

       

Fixed effects YES YES YES YES YES YES 

Time effects YES YES YES YES YES YES 

Observations 324 324 324 324 324 324 

R-squared 0.521 0.522 0.528 0.232 0.234 0.236 

Number of States 27 27 27 27 27 27 

NOTE: Static panel regression estimated with fixed effects. Robust standard errors in parentheses. Significance 
levels: *** p<0.01, ** p<0.05, * p<0.1. All regressions contain the control variables real GDP per capita as well 
as GDP growth. The Loan Portfolio variable is expressed in nominal terms, making it neccessary to also control 
for nominal GDP. Money variables are measured in rupees lahks, i.e. 100 000 rupees. 

 

Either when the dependent variable is defined to be the loan portfolio or the number 

of clients, there is a negative but non-significant effect of an election in the main 

specification. Interestingly, there is a significant negative effect on number of clients 

in the year after an election, which could mirror the fact that is takes some time to 

adjust the number of clients. Thus, Table 4. show some weak evidence that the MFIs 

are affected negatively due to an election: MFIs are estimated to on average decrease 

the number of clients by 150-200 people in the year after an election. This estimated 

effect is quite small though, constituting only a bit more than 0.01 percent of the 

mean of clients in the MFI sample. 
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When the heterogeneous effects are introduced, most results remain fairly 

unchanged.  Election year effects remain negative although insignificant in low 

contestation elections (row 1). The interaction term is in most cases positive although 

insignificant. This could indicate that effects on microfinance are less negative10 or 

even positive in high contestation elections. This seems counterintuitive since the 

effects are hypothized to be most extreme in high contestation elections. But then 

again, most estimates are imprecisely estimated, showing non-significance. The 

results largely remain when using constitutional elections instead (see Appendix 1 

for regression output). 

 

 

 

6.2. The SHG-System 

Table 5. shows the result from the static specification for the SHG loan portfolio and 

number of loan SHGs. Thus it partly compares with Table 5. for the MFI-system, 

although the three columns to the right consists of estimates on number of SHG 

groups and not number of clients.  

The signs of the estimates have somewhat changed compared with the MFI 

estimates. Mainly, the effects of an election is generally more positive. Looking at 

the loan portfolio, the election estimate is non-significant in the main specification. 

The reason could be a positive effect of low contestation elections (an estimated 

average effect of 21 lahks, shown in column 2), which is counteracted by a negative 

effect of high contestation elections (21+(-56)=-30 lahks). However the significance 

of the results does not remain in column 3. There, weakly significant effects in the 

same pattern but for the year after an election are seen. 

The number of loan SHGs shows another pattern (column 4-6 in Table 5.). The 

number of SHGs is estimated to on average increase by 33 groups in low contestation 

elections, while the estimated effect of high contestation elections would be 33+(-24) 

9 groups (although the interaction term is non-significant). This seems 

counterintuitive since the effects are hypothized to be most extreme in high 

contestation elections due to stronger incentives for the incumbents. An explanation 

                                                             
10 The effect of an election in an low contestation election (E=1, HCD=0) is estimated by 𝛽1 from 

Equation 3. The effect of an election in a high contestation state (E=1, HCD=1) is estimated by 𝛽1+𝛽2 

from Equation 3. i.e. the estimate of ”Election” added with the estimate of the interaction term in the 

Tables 4-6. For more information on the interpretation of interaction term specifications, see for 

example Stock and Watson (2020). 
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could be in some unobservable characteristics of high contestation elections, such as 

e.g. prevalence of corruption in elections where the contestation is low.  

 

Table 5. SHG-system, Loans Outstanding, Static Model 

 Portfolio Outstanding Nr of loan SHGs 

 (1) (2) (3) (4) (5) (6) 

VARIABLES Main HCI>1.0 HCI>1.5 Main HCI>1.0 HCI>1.5 

       

Election -15,504 21,233* 5,730 16,058 33,032* 25,036 

 (13,089) (12,461) (14,739) (14,578) (17,233) (16,240) 

Y.a. election -3,699 16,140 24,243* 6,670 -7,493 9,973 

 (10,111) (9,846) (12,652) (9,389) (12,776) (7,570) 

Election*HCD  -56,131** -84,798  -23,914 -36,376 

  (26,772) (57,996)  (27,643) (27,218) 

Y.a. election*HCD  -29,662 -101,331*  21,983 -6,391 

  (25,554) (50,746)  (27,383) (29,681) 

HCD  26,067 79,415  -4,040 38,467 

  (19,043) (53,831)  (14,724) (55,768) 

       

Fixed effects YES YES YES YES YES YES 

Time effects YES YES YES YES YES YES 

Observations 300 300 297 300 300 297 

R-squared 0.218 0.225 0.252 0.035 0.041 0.049 

Number of States 30 30 30 30 30 30 

NOTE: Static panel regression estimated with fixed effects. Robust standard errors in parentheses. Significance 
levels: *** p<0.01, ** p<0.05, * p<0.1. All regressions contain the control variables real GDP per capita as well 
as GDP growth. The Loan Portfolio variable is expressed in nominal terms, making it necessary to also control 
for nominal GDP. Money variables are measured in rupees lahks, i.e. 100 000 rupees. 

 

 

In summary, it seems like there are some positive effects of low contestation 

elections, and less positive or even negative effects of high contestation ones. These 

heterogeneous effects counteracts each other in the main specification. When 

portfolio is the dependent variable, the negative effects overtakes the positive ones, 

giving a negative estimate in the main specification. The opposite is true when the 

dependent variable is defined to the number of loan SHGs.  

As previously mentioned, MFIs cannot keep deposits, while the core idea of the 

SHGs on the other hand is to first require savings before allowing a client to borrow. 

Some of the saving SHGs are also borrowing, but others have not yet gained 

borrowing privileges. Changes in the saving amount or number of saving groups 

could indicate difficulties for the SHPIs to start and register new groups, or 

willingness of banks to accept new groups Table 6. shows the results from the SHG 

savings analysis. All estimates are non-significant, and the signs have also somewhat 
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changed compared to the portfolio outstanding analysis. Not surprisingly, most 

results remain when using constitutional elections instead (see Appendix 3 for 

regression output). 

 

Table 6. SHG-system, Savings, Static Model 

 Savings Nr of Saving SHGs 

 (1) (2) (3) (4) (5) (6) 

VARIABLES Main HCI>1.0 HCI>1.5 Main HCI>1.0 HCI>1.5 

       

Election -4,828 3,293 -3,027 13,819 19,046 14,602 

 (4,385) (2,914) (3,327) (11,232) (13,991) (12,749) 

Y.a. election -3,616 1,793 -1,524 3,844 -4,070 709.9 

 (2,680) (4,106) (2,570) (8,723) (9,893) (6,249) 

Election*HCD  -12,376 -6,654  -6,984 -3,710 

  (9,415) (6,785)  (24,335) (40,380) 

Y.a. election*HCD  -8,171 -10,170  12,167 15,592 

  (9,008) (10,308)  (13,412) (30,606) 

HCD  1,923 -7,473  -7,002 13,102 

  (4,878) (8,802)  (18,983) (53,951) 

Fixed effects YES YES YES YES YES YES 

Time effects YES YES YES YES YES YES 

Observations 300 300 300 300 300 300 

R-squared 0.186 0.190 0.195 0.141 0.142 0.144 

Number of State 30 30 30 30 30 30 

NOTE: Static panel regression estimated with fixed effects. Robust standard errors in parentheses. Significance 

levels: *** p<0.01, ** p<0.05, * p<0.1. All regressions contain the control variables real GDP per capita as well 
as GDP growth. The Saving variable is expressed in nominal terms, making it neccessary to also control for 
nominal GDP. Money variables are measured in rupees lahks, i.e. 100 000 rupees. 

 

 

 

7. Conclusion 
In India, media has repeatedly reported election cycles to sway the microfinance 

sector. Direct political pressures, changes in public investments, or lending practices 

by government-run credit institutions could be plausible causes. This paper 

systematically analyzes how the election cycle affects outstanding portfolio and 

number of clients in India’s MFI system and SHG system of microfinance. The 

former is dependent on private capital, while the latter relies on public funds. 

Moreover, only SHGs provide saving services. Due to the system’s differences in 

financing and structure, they are hypothized to react differently to election periods.  

I allow for heterogeneous effects based on political contestation. The reason being 

stronger incentives for incumbents to actively take on measures to stay in power if 
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the political contestation in a particular election is very high, together with higher 

degree of societal unrest in those elections. Political contestation is measured based 

on an index which describes turnover, effective number of parties in the assembly, 

and strength of the opposition. 

I use panel data covering most states in India, roughly over the years 2006-2018, 

and use both a static model as well as a dynamic one.  Using the static model, I do 

find some evidence indicating that there are negative effects on the number of MFI 

clients in the year after an election. Possibly, it could take some time to adjust the 

number of clients as a reaction to adverse impact in an election period. The effects 

on the SHG system are on the other hand generally more positive. Here, the 

heterogeneous effects are more important. In fact, it seems like there are positive 

effects on the SHG portfolio of low contestation elections, and weakly negative 

effects of high contestation elections. For the number of loaning SHGs, essentialy 

the same pattern is seen, although the estimates are more imprecisely estimated. 

Although I basically find no significant effects using dynamic models, I would 

argue the reason is my small sample size. The use of lagged regressors and 

instruments in GMM estimation, as well as taking the log difference in order to obtain 

stationary processes, is challenging of the data. Thus, I would argue the static models 

are more appropriate in my case.  

While the general effects, from the static models, on the MFI and SHG systems 

are in line with the on beforehand established hypothesis, the estimated 

heterogeneous effects are not. Actually, any effects found have shown to be roughly 

equal to or even less extreme in high contestation elections compared to low 

contestation elections. As mentioned above, the aspect of political contestation in an 

election was included in the analysis since the incentives for incumbents to take on 

measures to stay in power might be higher. Thus, effects should have been more 

extreme in those elections. An explanation could possibly be in some unobservable 

characteristics of high contestation elections. For example, corruption is possibly 

more common in connection with low contestation elections. Then, due to the 

absence of turnover and other parties, it is possibly harder to hold incumbents 

accountable, creating fertile grounds for corruption. High corruption would in turn 

indicate easier opportunities for incumbents to for example exercise political pressure 

on credit providers, or reprioritize funds targeted at some specific interest groups. 
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Although this would be interesting to investigate further, the lack of corruption data 

over the Indian states and time, is a serious limitation hard to overcome. 

In general, more detailed and easy to access microfinance data would be desirable 

as well. India having a pronounced strategy of microfinance provision as a poverty 

fighting tool, would certainly benefit from more systematic evaluation of the causes 

and conditions of the sector. Here, only having access to aggregate state level data, I 

have exclusively looked at overall effects on the state level.  By being able to dig 

even deeper into aspects such as kinds of microfinance providers, constituencies and 

access to funds, one would for sure get an even deeper understanding of the 

functioning of the Indian microfinance sector during election periods. 
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Appendix 1: The Constitutional Election Schedule 
 

Notes applicable to all tables in Appendix 1: Static panel regression estimated with 

fixed effects. Robust standard errors in parentheses. Significance levels: *** p<0.01, 

** p<0.05, * p<0.1. All regressions contain the control variables real GDP per capita 

as well as GDP growth. The Loan Portfolio variable is expressed in nominal terms, 

making it necessary to also control for nominal GDP. Money variables are measured 

in rupees lahks, i.e. 100 000 rupees. Since there were no constitutional elections in 

the state Jammu & Kashmir within the sample period, it is excluded from the 

analysis. 

 

Table A1. MFI-system, Constitutional Election Schedule 
 

 Portfolio Nr of Clients 
 

VARIABLES 
(1) 

Main 
(2) 

HCI>1.0 
(3) 

HCI>1.5 
(4) 

Main 
(5) 

HCI>1.0 
(6) 

HCI>1.5 

       
Const. Election -1,447 -4,989 878.8 -19,328 -160,495 -62,698 

 (11,769) (16,838) (15,188) (106,912) (145,790) (124,991) 
Y.a. Const. Election -7,854 -11,442 -7,556 -122,986* -182,510* -169,057* 
 (10,146) (14,068) (11,309) (69,705) (119,150) (86,808) 
Election*HCD  6,460 -3,794  207,705 212,511 
  (28,886) (24,278)  (248,879) (190,813) 
Y.a. election*HCD  5,493 17,491  90,091 290,832 
  (26,946) (38,708)  (183,238) (307,225) 
HCD  -25,146 44,697  40,830 87,908 

  (18,179) (48,418)  (202,101) (401,628) 
Fixed effects YES YES YES YES YES YES 
Time effects YES YES YES YES YES YES 

Observations 312 312 312 312 312 312 
R-squared 0.523 0.525 0.531 0.242 0.244 0.250 
Number of States 26 26 26 26 26 26 

 

 

 

Table A2. SHG-system, Loans Outstanding, Constitutional Election Schedule 

 Portfolio Nr of Loan SHGs 

 (1) (2) (3) (4) (5) (6) 
VARIABLES Main HCI>1.0 HCI>1.5 Main HCI>1.0 HCI>1.5 

       
Const. Election -12,955 22,196* 3,555 21,647 36,713** 25,703 
 (13,130) (12,749) (14,783) (15,243) (17,629) (16,807) 
Y.a. Const. Election  -54,865* -83,171  -20,608 -19,699 
  (28,776) (68,429)  (27,873) (24,924) 
Election*HCD 5,341 16,837 26,212* 12,270 -8,006 9,949 

 (6,063) (10,573) (13,086) (9,381) (13,324) (7,935) 
Y.a. election*HCD  -17,437 -89,687  33,038 20,079 
  (19,739) (53,028)  (28,276) (36,907) 
HCD  24,759 77,389  -6,254 29,037 
  (20,678) (57,384)  (15,322) (52,272) 
Fixed effects YES YES YES YES YES YES 
Time effects YES YES YES YES YES YES 

Observations 290 290 290 290 290 290 
R-squared 0.219 0.225 0.245 0.040 0.047 0.052 
Number of States 29 29 29 29 29 29 
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Table A3. SHG-system, Savings, Constitutional Election Schedule 

 Savings Nr of Saving SHGs 

 (1) (2) (3) (4) (5) (6) 
VARIABLES Main HCI>1.0 HCI>1.5 Main HCI>1.0 HCI>1.5 

       
Const. Election -5,272 3,725 -3,490 18,870* 20,910 13,463 
 (5,565) (2,997) (3,760) (10,252) (14,777) (13,294) 
Y.a. Const. Election -3,784 1,993 -1,479 9,144 -3,437 -21.52 

 (3,387) (4,401) (2,797) (8,639) (10,442) (6,801) 
Election*HCD  -14,185 -8,412  -1,646 26,476 
  (11,371) (10,367)  (23,103) (38,207) 
Y.a. election*HCD  -9,218 -14,002  20,225** 48,620 
  (11,107) (15,305)  (9,129) (29,626) 
HCD  2,549 -6,194  -8,860 -258.4 
  (5,314) (6,862)  (18,137) (52,915) 
Fixed effects YES YES YES YES YES YES 
Time effects YES YES YES YES YES YES 

Observations 290 290 290 290 290 290 
R-squared 0.188 0.192 0.198 0.148 0.150 0.158 
Number of States 29 29 29 29 29 29 
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Appendix 2: GMM Estimation Theory 
In order to estimate the parameters, method of moments (MM) use estimate 

population moments by the sample moments and solve for the parameters. Beginning 

with a simpler example, assume the regression model 𝑌 = 𝑍 ∗ 𝛿 + 𝑢, where z is a 

vetor of explanatory variables of which some might be correlated with the error term 

(endogenous), 𝛿 is a vector if unknown parameters, and u is the error term. Thus the 

error term is by definition 𝑢 = 𝑌 − 𝑍 ∗ 𝛿. Let x be a vector of exogenous instrument 

variables to use for the endogenous variables in z. The population moment that MM 

uses is then E(xu)=0. In other words x must be uncorrelated with the error term. 

Inserting the expression for u, we get the moment; 𝐸[𝑥(𝑌 − 𝑍 ∗  𝛿)] = 𝐸(𝑥𝑦) −

𝛿𝐸(𝑥𝑧) = 0 

This equation is estimated by; 
∑ 𝑥𝑦𝑛

1

𝑛
− 𝛿

∑ 𝑥𝑧𝑛
1

𝑛
= 𝑆𝑥𝑦 − 𝛿𝑆𝑥𝑧 = 0, where 𝑆𝑥𝑦  𝑎𝑛𝑑 𝑆𝑥𝑧 

are the sample means of (xy) and (xz). By simple algebra, one can estimate the vector 

of parameters to 𝛿 =  𝑆𝑥𝑦/𝑆𝑥𝑧. 

Unlike above, if the equation is not exactly identified, 𝛿 cannot be solved for exactly. 

Then, one uses the generalized method of moment’s estimator (GMM), which 

minimizes a specific function of those sample moments. If the system of equations 

are exactly identified, GMM collapses to MM by construction. 

A key issue in all instrumental variable approaches, is to find appropriate 

instruments; variables that correlate with z but not with the error term. One option is 

to use “internal instruments”; which are lagged variables. When introducing these, 

sometimes together with external ones, the moment equation will not be exactly 

identified and hence the need for GMM. Having a dynamic regression model, we 

instead specify; 

𝑌𝑖𝑡 =  ∑ 𝜃𝑗𝑌𝑖𝑡−𝑗
𝐿
𝑗=1 + 𝛽𝐸𝑖𝑡 + 𝛾𝑤𝑖𝑡 + 𝑢𝑖𝑡   (A1) 

Where Eit is the exogenous variable Election year, and wit a vector of control 

variables. The error term consists of both a disturbance term, as well as individual 

specific effects; 𝑢𝑖𝑡 = 𝛼𝑖 + 𝜖𝑖𝑡. Perhaps a rather obvious property of this regression 

is the fact that it contains endogenous regressors: The regressor 𝑌𝑖𝑡−𝑗  is by 

construction correlated with the fixed effects 𝛼𝑖  in the error term, causing dynamic 

panel bias when using the OLS estimator. To see this, consider a situation where 
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state S in a particular year, let’s say 2011, experiences a large negative shock in the 

microfinance sector for some unmodeled reason (𝑌𝑆2011 decreases). Since the shock 

is not modelled, it will appear in the error term 𝑢𝑆2011. The apparent state fixed effect 

𝛼𝑆 for the entire sample period -the deviation of its average microfinance variation 

from the sample average— will also appear to be lower. In 2012, lagged microfinance 

and the state fixed effect 𝛼𝑆 will both be lower due to the shock in 2011. Since 𝛼𝑠 is 

lower,  𝑢𝑖2012 will be lower. Thus there exist a positive correlation between the 

lagged regressor and the error term. This positive correlation makes the OLS 

estimator biased, a problem that is magnified in small samples. The GMM estimation 

procedure takes care of this by a transformation of differencing11; 

∆𝑌𝑖𝑡 =  ∑ 𝜃𝑗∆𝑌𝑖𝑡−𝑗
𝐿
𝑗=1 + 𝛽∆𝐸𝑖𝑡 + 𝛾∆𝑤𝑖𝑡 +  ∆𝜖𝑖𝑡   (A2) 

Since the fixed effect is independent of time it drops out from the error term. If the 

error term is not serially correlated, values of y lagged two periods or more are valid 

instruments for ∆𝑌𝑖𝑡−𝑗 (Arellano and Bond 1991), since  𝑌𝑖𝑡−2, 𝑌𝑖𝑡−3 etc. in that case 

is uncorrelated with ∆𝜖𝑖𝑡 but correlated with ∆𝑌𝑖𝑡−1. For the endogenous variables w, 

lagged levels qualify as instruments. Thus, 𝑤𝑖𝑡−𝑠 is used as an instrument for ∆𝑤𝑖𝑡. 

Since E is exogenous it’s used as its own instrument, giving the population moment 

conditions; 

𝐸(𝑌𝑖𝑡−𝑠∆𝜖𝑖𝑡) = 0  (A3) 

𝐸(𝑤𝑖𝑡−𝑠∆𝜖𝑖𝑡) = 0  (A4) 

𝐸(𝐸𝑖𝑡∆𝜖𝑖𝑡) = 0  (A5) 

Difference GMM (Diff-GMM) uses these instruments and population moments. 

However if the explanatory variables are persistent, lagged levels of the variables are 

weak instruments for the differences. This will increase the variance of the estimates 

and again cause bias, especially in small samples. In order to increase the precision, 

the Systematic GMM estimator (SYS-GMM) introduces more instruments; it 

combines the differenced regression with the original level regression. Over and 

beyond the already mentioned instruments, SYS-GMM uses the differences as 

instruments for the levels in equation 1, giving the population moments; 

                                                             
11 Either by first differencing; 𝑦𝑖𝑡 − 𝑦𝑖𝑡−1, or the forward orthogonal method which is better suited 

for unbalanced panels; 𝑦𝑖𝑡 − (𝑇−1 ∑ 𝑦𝑖𝑠)𝑇
𝑠>𝑡  
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𝐸(∆𝑌𝑖𝑡−𝑠𝑢𝑖𝑡) = 0  (A6) 

𝐸(∆𝑤𝑖𝑡−𝑠𝑢𝑖𝑡) = 0  (A7) 

𝐸(∆𝐸𝑖𝑡𝑢𝑖𝑡) = 0  (A8) 

The lagged differences are uncorrelated with the fixed effects in 𝑢𝑖𝑡, so that the initial 

problem of using equation 1 disapear. Since my sample time period is relatively short 

and the explanatory variables are expected to be rather persistent, the SYS-GMM 

estimator is preferable over the Diff-GMM for my analysis. One can add time fixed 

effects in the form of year dummies, which in that case only should be included in 

the level equation. 
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Appendix 3: Testing for Stationarity 
 

7.4. Stationarity and Data Transformation 

A key concept when dealing with dynamic panel modelling is stationarity. Indeed, 

performing a GMM estimation with non-stationary variables generally yields 

inconsistent estimates. 

Formally, a time series is (covariance) stationary if three properties hold; the 

process exhibits (i) a constant mean and (ii) variance over time, and (iii) an auto 

covariance that does not depend on time but only on time distance. In other words; 

the statistical properties of the process do not change over time. 

In autoregressive models, a particular concern is the presence of a unit root, which 

indicates non-stationarity. In order to test for unit roots, the Augmented Dickey-

Fuller (ADF) framework developed for time series is applied. Firstly in ADF, an 

autoregressive model is estimated; 

 

∆𝑦𝑡 = 𝛾𝑦𝑡−1 + ∑ 𝛽𝑗∆𝑦𝑡−𝑗
𝑝
𝑗=1 + 𝜗′ + 𝜖𝑖𝑡   (A9) 

 

Whereupon 𝑦𝑖𝑡−1 is tested by a t-test of the parameter. The null is 𝛾 = 0 (there exist 

a unit root), and the alternative is 𝛾 < 0 (the process is stationary). 𝜗′ can represent 

a constant, a constant and a time trend, or nothing, depending on what one suspects 

of the looks of the data generating process. The terms ∆𝑦𝑡−𝑗  are included to correct 

for higher order serial correlation, in order to assure that the residuals are not 

autocorrelated. The number of lags is often determined by some information criteria. 

In my analysis, I perform an Im–Pesaran–Shin (IPS) test of a unit root, which uses 

the same model as the ADF but allows for heterogeneous panels. It performs the 

ADF-test for each panel, where after the resulting t-statistics are averaged. Thus, the 

null in this test states that the panel specific 𝛾 equals 0 for all panels. The alternative 

is that some of the panels are stationary. I choose the significance level of 0.05. 

This test is preferable in my case since it can be used in panel data where the 

panels are not all balanced, and it performs better than other tests when the number 

of panels is small relative to time periods. 𝜗′is specified to include panel specific 

constants or panel specific constants and linear time trends. Finally, the number of 

lags in the estimation regression is chosen by the BIC information criteria. 
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Whether a time trend should be included or not in 𝜗′ depends on the data 

generating process; if it has a linear time trend it should be included in the test 

regression. By visually inspecting the data one can get an idea of whether this is the 

case, although there usually is some ambiguity in panel data. Table. A4 presents the 

p-values from the tests both when a linear time trend is included and when it is not. 

Evidently the tests perform similarly for all variables but the Number of saving 

SHGs. By visual inspection, I conclude that there does not seem to be any time trend 

in most of the panels, and thus I trust the second p-value of 0.933. 

 

Table A4. Im–Pesaran–Shin Unit Root Tests of the Dependent Variables 

Variable p-values of the IPS test 

 Linear time trend included 

in 𝜗′ 

No linear time trend 

included in 𝜗′ 

MFI loan portfolio 0.999 0.999 

MFI number of clients 0.957 0.986 

SHG loan portfolio 0.000 0.000 

Number of loan SHGs 0.000 0.000 

SHG saving amount 0.980 0.999 

Number of saving SHGs 0.001 0.933 

Real GDP/Capita 0.190 0.999 

Nominal GDP 0.013 0.999 

Real GDP growth 0.000 0.000 

Note: 𝜗′ refers to the term in model (A9). For those variables with a p-value bigger than 0.05, the null 

of a unit root in all panels is accepted. 

 

 

In those cases where the null is accepted so that there are unit roots in all panels, the 

model is run in differences, since one by such a data transformation can achieve a 

stationary process. However if there is an underlying rate of growth in a variable, no 

amount of differencing will make it stationary. Thus, the data is transformed by 

taking the log difference; log(𝑦𝑖𝑡) − log (𝑦𝑖𝑡−1). When doing so, one gets the growth 

rate of the variable, which is typically stationary. To avoid data loss due to values of 

zero in the data (as is well known, log(0) is not defined), I add 1 to all variables to be 
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transformed before the transformation. Moreover, in case of missing data entries, I 

subtract the lagged log the first preceding time period available. 

When testing the control variables, it becomes clear that both nominal and real 

GDP per capita exhibit unit roots. Non-stationary regressors may not be such a big 

issue, since the samples consist of a large number of entities compared to time 

periods. Furthermore, by including time dummies in the dynamic specification, any 

problems are further mitigated. However, I do perform the same analysis with 

transformed regressors as well, with no big differences in the results (regression 

output available upon request). 

Notably, potential over-differentiating does not affect the consistency of the 

GMM estimates, although it reduces the power of the estimator since the strength of 

the internal instruments is affected negatively. 
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Appendix 4: Dynamic Specification Results 
Table A5. shows loan portfolio and clients within the MFI-system for a dynamic 

specification (equation 2 and 4), using actual election years and not constitutional 

ones. The regressions in Table A5. are performed in log differences since the 

dependent variables exhibited unit roots. Thus the estimates show effects in growth 

rates rather than in levels. For example, in the main specification in column 1, the 

growth rate of the MFI loan portfolio is estimated to on average increase by 0.37 

percentage points. The estimate is weakly significant. 

 

Table A5. MFI-system, Loans Outstanding, Dynamic Model 

 ΔLog(Portfolio) ΔLog(Clients) 
 (1) (2) (3) (4) (5) (6) 

VARIABLES Main HCI>1.0 HCI>1.5 Main HCI>1.0 HCI>1.5 

       

Election 0.372* 0.992 0.453 0.186 0.433 0.300 

 (0.219) (0.642) (0.434) (0.262) (1.055) (0.331) 

Y. a. Election 0.243 -0.0736 0.116 0.240 0.302 0.0610 

 (0.175) (0.773) (0.470) (0.345) (0.612) (0.450) 

Election*HCD  -0.797 -0.533  -0.563 -0.720 

  (0.824) (1.270)  (1.058) (0.597) 

Y.a. Election*HCD  0.607 0.690  -0.333 -0.109 

  (1.302) (1.624)  (0.592) (1.052) 

HCD  0.251 -0.0339  -0.301 -0.139 

  (0.582) (1.023)  (0.359) (0.594) 

Lagged DV -0.00456 0.0603 0.147 -0.0741 -0.0422 -0.0572 

 (0.299) (0.275) (0.384) (0.0956) (0.154) (0.131) 

Fixed Effects YES YES YES YES YES YES 

Time Fixed Effects YES YES YES YES YES YES 

Hansen test p-value 0.999 0.999 0.999 0.988 0.997 0.995 

Autocorr. test p-value 0.592 0.650 0.919 0.960 0.941 0.990 

Observations 243 243 243 243 243 243 

Number of States 27 27 27 27 27 27 

NOTE: Dynamic panel regression estimated with SYS-GMM. Windmeijer (2005) corrected, robust standard 
errors in parentheses. Significance levels; *** p<0.01, ** p<0.05, * p<0.1 The variables are transformed by the 

log difference in order to obtain stationarity. The instruments are two periods lagged levels of the dependent 
variable, real GDP, and growth for the differenced equation, and two periods lagged difference for the level 
equation. Election is instrumented by itself, together with the political contestation dummies and interaction 
terms. The Hansen test is a test of instrument validity where the null is that the instruments are not correlated 
with the error term (valid instruments). Autocorr. is a test for second order serial correlation in the error term, 

with the null that there is none. This is important in order to have valid instruments. 

 

Firstly, the effect of the lagged dependent variable is non-significant in all 

regressions, indicating that a dynamic specification perhaps is redundant using the 

transformed data. Moreover, the number of observations have dropped from 324 in 
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the static model to 243, due to the differencing and the use of lagged variables as 

instruments. This could be the reason to why most effects have lost significance 

compared to the static analysis. I also performed an analysis where the control 

variables exhibiting a unit root also were transformed by taking the log difference. 

The results are not reported, but they essentially remained the same. 

Table A6. shows the loan portfolio analysis for the SHG system. Note that no unit 

root was discovered, so that the regression is performed in levels. The coefficients 

for the lagged value of number of SHGs are significant, making a dynamic 

specification more relevant. However no estimated election estimates show 

significance. Obviously, this method of estimation is more challenging to the data 

than static estimation, which could be a reason. Quite the same pattern is seen in 

Table A7, where SHG savings is analyzed. 

 

Table A6. SHG-system, Loans Outstanding, Dynamic Model 

 Portfolio Loan SHGs 

 (1) (2) (3) (4) (5) (6) 

VARIABLES Main HCI>1.0 HCI>1.5 Main HCI>1.0 HCI>1.5 

       

Election -6,929 3,182 -13,885 15,100* 19,964 11,669 

 (19,132) (25,712) (22,928) (8,968) (25,542) (9,276) 

Y. a. Election -4,696 -26,969 30,071 -3,882 -20,999 -3,609 

 (8,115) (24,955) (35,210) (11,665) (28,343) (11,959) 

Election*HCD  -9,827 47,720  -7,122 -7,122 

  (40,370) (99,158)  (15,824) (15,824) 

Y. a. Election*HCD  33,727 -109,972  -1,363 -1,363 

  (23,582) (84,311)  (18,930) (18,930) 

HCD  -26,028 21,127  1,727 1,727 

  (26,888) (13,026)  (11,603) (11,603) 

Lagged DV 1.135*** 1.140*** 1.134*** 0.925*** 0.936*** 0.922*** 

 (0.0150) (0.0198) (0.0210) (0.0526) (0.0594) (0.0572) 

Fixed Effects YES YES YES YES YES YES 

Time Fixed Effects YES YES YES YES YES YES 

Hansen test p-value 0.809 0.979 0.963 0.640 0.631 0.782 

Autocorr. test p-value 0.474 0.474 0.404 0.209 0.207 0.210 

Observations 240 240 240 240 240 240 

Number of States 30 30 30 30 30 30 

NOTE: Dynamic panel regression estimated with SYS-GMM. Windmeijer (2005) corrected, robust standard 
errors in parentheses. Significance levels; *** p<0.01, ** p<0.05, * p<0.1 The variables are transformed by the 
log difference in order to obtain stationarity. The instruments are two periods lagged levels of the dependent 
variable, real GDP, and growth for the differenced equation, and two periods lagged difference for the level 
equation. Election is instrumented by itself, together with the political contestation dummies and interaction 
terms. The Hansen test is a test of instrument validity where the null is that the instruments are not correlated 

with the error term (valid instruments). Autocorr. is a test for second order serial correlation in the error term, 

with the null that there is none. This is important in order to have valid instruments. 
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The Hansen test p-value, reported in Tables A5-A7, is a test of instrument validity, 

i.e. whether the lagged variables that are used as instruments are correlated with the 

error term or not. The null is valid instruments, and thus we need large p-values in 

order to have a proper model. The results in all tables are reassuring in that regard. 

Moreover, I perform a second order autocorrelation test, which also have 

implications for instrument validity. Only if the error term is not serially correlated, 

lagged values of the dependent variable are valid instruments for ∆𝑌𝑖𝑡−𝑗 (Arellano 

and Bond 1991). This test also show reassuring results, since the null states no 

autocorrelation and is accepted in all specifications. 

 

Table A7. SHG-system, Savings, Dynamic Model 

 ΔLog(Savings) ΔLog(Saving SHGs) 

 (1) (2) (3) (4) (5) (6) 

VARIABLES Main HC Swing Main HC Swing 

       

Election -0.180 -0.0173 -0.176 0.0215 0.234 0.0137 

 (0.152) (0.563) (0.191) (0.0987) (0.175) (0.116) 

After Election -0.0538 -0.526 -0.110 0.0132 -0.115 0.0420 

 (0.187) (1.617) (0.163) (0.0578) (0.0701) (0.0558) 

Election*HCD  -0.306 -0.0164  -0.286 -0.142 

  (0.817) (0.294)  (0.200) (0.192) 

Y. a. Election*HCD  0.468 0.0716  0.201** -0.107 

  (1.870) (0.565)  (0.0973) (0.150) 

HCD  -0.0374 0.0455  -0.00301 0.0601 

  (0.445) (0.197)  (0.0738) (0.152) 

Y. a. Election*HCD   0.449   0.195 

   (0.383)   (0.206) 

Lagged  DV -0.129 -0.169 -0.184 0.0732 0.0200 0.0970 

 (0.254) (0.320) (0.284) (0.151) (0.138) (0.167) 

Fixed Effects YES YES YES YES YES YES 

Time Fixed Effects YES YES YES YES YES YES 

Hansen test p-value 0.935 0.901 0.950 0.375 0.954 0.667 

Autocorr. test p-value 0.445 0.638 0.353 0.361 0.306 0.478 

Observations 210 210 210 210 210 210 

Number of States 30 30 30 30 30 30 

NOTE: Dynamic panel regression estimated with SYS-GMM. Windmeijer (2005) corrected, robust standard 
errors in parentheses. Significance levels; *** p<0.01, ** p<0.05, * p<0.1 The variables are transformed by the 
log difference in order to obtain stationarity. The instruments are two periods lagged levels of the dependent 
variable, real GDP, and growth for the differenced equation, and two periods lagged difference for the level 
equation. Election is instrumented by itself, together with the political contestation dummies and interaction 
terms. The Hansen test is a test of instrument validity where the null is that the instruments are not correlated 
with the error term (valid instruments). Autocorr. is a test for second order serial correlation in the error term, 

with the null that there is none. This is important in order to have valid instruments. 
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