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Abstract 

Beyond the material consequences, violence can have a great psychological impact on the 

individual. Violence can cause institutional and interpersonal distrust, and in turn harm economic 

growth and political stability. As of today, there is more knowledge about the consequences of trust 

than its determinants, and longitudinal studies are scarce. This paper exploits survey data and 

disaggregated data on violence from Mexico, a country which since 2007 has experienced a rapid 

increase in violence. With the use of a Linear Fixed Effects Model, I analyse the impact of municipal 

level violence on trust in crime-related institutions and in other individuals. I find a significant 

relationship, robust across different model specifications, between exposure to battles and trust in 

the federal, state and municipal police forces. This positive effect is also found for battles involving 

police forces. Furthermore, I find evidence of a negative relationship between riots and 

interpersonal trust. 

Keywords: trust, interpersonal trust, institutional trust, violence, battles, violence against civilians, 

riots 
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1. Introduction 
Conflict and violence studies have recently attracted increased interest. Understandably, since the material 

and immaterial effects can be substantial for the individual and society. Many regions and countries 

experience violence, but the short- and long-term effects still divide scholars. Some literature points to how 

violence may hold back societies from prosperous economic growth and preserves inequality (Collier et al. 

2003; and Miguel & Roland 2006). In some cases, violence may even have positive consequences, by 

promoting nation building nation building and the development of democratic institutions (Cramer et al. 

2006; and Bellows & Miguel 2006). While violence comes in different shapes, let it be organized crime, civil 

war, or terrorism, they share the characteristic of causing fear and insecurity (Simon 2007, 295-297).  

The psychological effects of violence highlight the importance to further investigate its impact on social 

capital. Social capital is a set of informal relationships and norms which help achieve goals and enable a 

society to function properly. One of its key components is trust, which has been documented to be a 

significant determinant of social cohesion, political stability, and economic growth (Rothstein & Stolle 2008, 

442-444). The crucial role of trust leads us to this paper, which aims to investigate the relationship between 

violence and trust. More specifically, to study the implications of violence on interpersonal trust and trust 

in law-enforcement and judicial institutions. To observe this, I take advantage of the rich available 

disaggregated data on public opinion and violence from Mexico. Since the “War on drugs” was initiated by 

former president Calderón in 2006, the country has experienced a rapid increase in violence, often connected 

to organized crime. The high levels of, and large variation in, violence across municipalities makes Mexico 

a suitable study object for the purpose of this thesis. This thesis exploits data between 2019 and 2021 from 

a national survey. The survey asks around 100,000 individuals annually about their trust in others and 

institutions related to crime and violence (INEGI 2021). The data on municipal violence is derived from 

the Armed Conflict Location & Event Data Project (ACLED) between the years 2018 and 2021.  

Studies relying on the cross-sectional dimension are sensitive to omitted variable bias and reverse causality. 

While access to more comprehensive data has facilitated research about the relationship between violence 

and social capital, research with panel data is still scarce. In this thesis I use fixed-effects panel data methods 

to overcome some of the problems commonly associated with research in this field. Fixed effects allow 

controlling for unobserved, time-invariant, characteristics at the municipal level. This thesis examines how 

both total violence and different forms of violence impact trust at the municipal level. I explore that violence 

the past six months is negatively associated with trust in the federal police force. These results are statistically 

significant and consistent across different model specifications. The fixed effects model also suggests that 

battles between organized groups the previous six months is the driving force behind the decrease in trust 

in state and municipal police forces. Interestingly, this paper also finds a negative relationship between 

battles involving police forces and trust in both the federal, and the state and municipal police forces. 

Furthermore, I find some evidence that riots have negative effects on trust between people, although these 

results appear to be more sensitive to model specification. 
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This paper is related to the literature about the relationship between violence and institutional trust. It is in 

line with, e.g., cross-sectional studies like Blanco and Ruiz (2013), and Corbacho et al. (2015), who both find 

that victimization and insecurity have negative effects on trust in the police and judicial institutions. It is 

also related to studies on interpersonal trust, e.g., Wu (2020) who explore that people who have been 

exposed to gun violence show lower levels of trust in other people or panel studies like Glanville et al. 

(2013), and Bauer (2015), who find no relationship between exposure to violence and trust in other 

individuals. This thesis contributes to previous literature in both its methodological approach and its 

findings. Studying the psychological consequences of violence at the municipal level over time, instead of 

the more common cross-sectional analysis at the individual level, enables the possibility to control for 

unobserved, stable characteristics. Furthermore, unlike most previous studies, this thesis does not examine 

direct victimization. Instead, it looks at how changes in violence in the municipality impacts local levels of 

interpersonal and institutional trust. Third, the independent variable of this study is reported violence the 

previous six months, putting emphasis on the short-term effects of violence. 

Finally, this thesis contributes to the broad field of research on social capital and its causes and 

consequences. The documented role of both interpersonal and institutional trust for economic growth and 

political stability underlines the importance for governments to allocate resources efficiently to tackle issues 

related to violence. 

2. Literature Review 
Trust is a complex phenomenon and comes with various definitions and types. Previous research has 

examined, amongst others, the overlap between social and political trust (Newton 2001); how trust can be 

measured (Sapienza et al. 2013); the reciprocal relationship between civic engagement and interpersonal 

trust (Brehm & Rahn 1997); and biological and environmental determinants of trust (Ben-Ner & 

Halldórsson). Other literature has discussed the importance of institutional quality for economic growth 

and why the quality of institutions is highly affected by citizens confidence in its performance (Jaitman et 

al. 2015).  

Trust as a factor for economic growth has received increased attention in economic literature. With the use 

of U.S. cross-state survey data, Dincer & Uslaner (2010), estimate the relationship between trust and 

economic growth. They find that trust is positively associated and robust to different measures of economic 

growth. In a cross-country study with survey data from 29 market economies, Knack & Keefer (1997) 

investigates the role of social capital for the economy. They conclude that civic cooperation and trust are 

positively associated with economic growth. 

Despite the documented importance of trust for economic development, quality of institutions, democratic 

stability, and civic cooperation, determinants of trust have received far less focus than the consequences of 

trust (Bjørnskov 2007, 2).  
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2.1. Consequences of Violence on Interpersonal Trust 
In the field of determinants of trust, some scholars have argued that personal experiences are important for 

people’s perceptions of others (e.g., Hayashi & Yosano 2005; and Burns et al. 2013). Other papers have 

demonstrated that trust, to a large degree, is pre-determined and stable over time (Uslaner 2002; and Becker 

1996). 

Glanville et al. (2013) find support for the latter perspective in a longitudinal study with first-difference 

estimation. They use Television viewing as a proxy for exposure to crime and find no significant relationship 

with interpersonal trust. These results are confirmed in another longitudinal study, conducted by Bauer 

(2015). By combining matching with change score analysis, he finds no significant causal relationship 

between crime victimization and interpersonal trust that is consistent across model specifications. In an 

experiment conducted by Glaeser et al. (2000), 258 Harvard undergraduates participate in a game where a 

sender can give up to 15 dollars, which is doubled by the experimenter, to a recipient. The recipients are 

then allowed to give back as much money as he or she prefers, where the amount sent is used as a measure 

of trusting behaviour. The researchers find no relationship between violence or other past personal 

experiences on trusting behaviour. Corbacho et al. (2015) use survey data from Latin America and find a 

negative but weak relationship between individual victimization and trust in friends and family but no effects 

of violence on trust in business partners.  

In contrast, there are other studies who support the theory that past personal experiences have a 

considerable impact on interpersonal trust. In a similar experiment as Glaeser et al. (2000), conducted in 

Tajikistan over ten years after the civil war 1993 - 1997, participants get to decide how much money to give 

to recipients from the same village. Using sent money as a proxy for interpersonal trust, Cassar et al. (2013) 

explores that individuals’ who were exposed to violence during the civil war, on average, send 40 % less the 

amount of other people. They also present evidence that the relationship is heterogenous and stronger in 

localities where people from different political groups co-exist. Becchetti et al. (2013) carries out a 

longitudinal experiment in Kenya, where individuals participate in a two-period common pool resource 

game. The authors explore that victimized individuals show larger reductions in trustworthiness compared 

to those who have not been victims of violence in the period between the experiments. In another study, 

using three rounds of cross-sectional survey data from Uganda between 2000 and 2012 and, De Luca & 

Verpoorten (2015) report a negative relationship between violence and social capital. With the use of First-

Difference Estimation, they find that individuals from districts affected by the current conflict show lower 

levels of interpersonal trust than others. However, the authors examine a quick recovery process after the 

conflict, indicating that the effects of violence on interpersonal trust are short-term, but not long-term. 

2.2. Consequences of Violence on Institutional Trust 
Due to the ethical and practical limitations of carrying out experiments as well as lack of available panel 

data, most studies on violence impact on institutional trust have followed a cross-sectional design. While 

much of the literature report a negative relationship, there is still debate about the direction and magnitude 
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of the effects. A paper which suggests a positive direction is García-Ponce & Pasquale (2015), who use 

Afrobarometer and ACLED data from Zimbabwe between 2004 and 2009. They find that recent political 

violence is positively associated with reported trust in the president. They also explore that the effect is 

larger the more recent an individual has been exposed to violence. The authors consider the possibility that 

the positive relationship is a result of respondents hiding their true opinion rather than an actual increase in 

their institutional trust. Despite this possibility, they mean that this could be an indication of the 

effectiveness for the regime of using violence against the opposition to gain public support. Another paper 

related to this thesis is Ishiyama et al. (2018). With AmericasBarometer survey data from Mexico from 2012, 

they analyse the relationship between violence and institutional trust at the individual, and municipal level. 

In contrast to their expectations, they explore no or a positive relationship between victimization and 

political trust in government institutions at the individual level. They find that individuals who have been 

exposed to violence are more likely to show support in the local government. At the municipal level, they 

analyse the effects of exposure to violence on judicial institutions and in the local government and find no 

evidence of neither a positive nor negative relationship. 

Other papers suggest a negative effect of violence on institutional trust. Among these are Blanco and Ruiz 

(2013). Using AmericasBarometer survey data from Colombia between the years of 2004 and 2010, they 

explore that crime victimization and perceptions of insecurity have negative effects on trust in institutions. 

Their results also indicate that the impact is larger for institutions of law enforcement & judicial institutions. 

In a similar, cross-country, study of 19 LAC countries, the findings of Corbacho et al. (2015) support that 

there is a negative relationship between individual victimization and institutional trust. They report that 

people who have recently been mugged or assaulted show lower levels of trust for the police and the judicial 

system. De Juan & Pierskalla (2016) take an approach where they match sub-national Nepalese survey data 

with civil-war data to analyse how exposure to violence impacts political trust. They observe a negative, 

significant relationship between violence and trust in the national government. They provide further 

confirmation of the association by implementing an instrumental variable approach.  

A democracy’s failure to deal with the problem of violence could potentially decrease support for the 

political system. This is reported by Bermeo (1997), who examine how authoritarian policies and leaders can 

thrive in a violent environment. The paper concludes that European democracies who broke down between 

the world wars had a three times higher crime rate than the ones who survived. What characterized the 

authoritarian leaders gaining power was their promise to bring law and order. This is an indication of a 

relationship than could neither be isolated to a specific time or region. Using Mexican public opinion data 

from LAPOP and ENSI, Blanco (2013) finds that higher perception of insecurity at the individual level is 

negatively correlated with support for democracy and satisfaction with the democratic system. 
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3. Theoretical Framework 
Social capital is a complex and multidimensional concept which has recently received increased interest in 

the literature. There is no universal definition nor form of social capital. In short, social capital could be 

described as a form of capital which enables cooperation and trust between members of society (Fukuyama 

1995). It can be horizontal, i.e., ties between members of similar social status or vertical, which refers to 

hierarchical connections between individuals, groups or institutions of unequal status or power (Bhandari 

& Yasunobu 2009). In an influential work, Putnam (1993) wrote that “social capital refers to features of 

social organization such as networks, norms, and social trust that facilitate coordination and cooperation 

for mutual benefit.”  

As trust is a major component of social capital, it is of interest to study the concept more closely. Deciding 

to trust increases your vulnerability and comes with the risk of being betrayed. In an experiment, Putnam et 

al. (1994) compared the performance of newly established regional governments in Italy. While some 

governments were failures in terms of efficiency, corruption etc., others were more successful. The reasons 

behind if a government succeeded or not were beyond the more expected ones, like party politics, social 

stability etc. Instead, what primarily determined the performance of the government were historical 

traditions of trust and civic engagement in the region.  

Economic literature has since Adam Smith’s famous work “The Wealth of Nations” traditionally defined 

individuals as rational acting out of self-interest. Traditional economic models have become increasingly 

criticized for making economic growth purely a product of economic variables and ignoring the social and 

cultural factors behind economic development (Bhandari & Yasunobu 2009). Trust has historically played 

a major role in how deals and trade have been conducted. Despite the more complex and contractual nature 

of agreements today, trust between parties still plays an important role when conducting deals (Macaulay 

1963, 58). Arrow (1972) once stated “Virtually every commercial transaction has within itself an element of 

trust, certainly any transaction conducted over a period of time”. Arrow points out the role of trust for 

lowering transaction costs and healthy business environments. Furthermore, he argues that while written 

contracts can reduce the role of trust in making agreements, it is still of vital importance that each part 

expects the other to fulfil the terms of the contract and its obligations. The role of trust for economic growth 

has received increased acknowledgement and recent studies have confirmed a positive relationship (see e.g., 

Dincer & Uslaner 2010 and Knack & Keefer 1997). 

There are several potential channels that could affect trust. Individuals could inherit cultural norms of trust. 

People may also be more likely to trust people who appear similar to themselves (Alesina & La Ferrara 

2002). One factor that could potentially affect trust is personal experiences. According to Akerlof (1983), 

personal experiences tend to shape people’s attitudes, values, and loyalties over time. Akerlof argues that, in 

contradiction to traditional economic models, values and beliefs frequently change and are choices rather 

than being predetermined. In this context, someone who lives in an environment where people treat each 



9 
 

other well may hold higher levels of interpersonal and institutional trust than someone who frequently is 

mistreated. Furthermore, well-working crime-preventing institutions may signal that individuals’ who do not 

abide by the rules are handled efficiently and kept away from committing crimes. Therefore, violence could 

potentially reduce trust both by leading to being victimized, through exposure to violence through media 

channels, word by mouth etc. as well as and indicating institutional weakness. Alesina & Ferrara (2002) 

provide support for this in a study where they find that people who have recently experienced traumatic 

events are less likely to trust than others. Furthermore, they find that the effect diminishes over time, 

indicating stronger short-term than long-term effects of violence on trust. 

The dynamics of collective action have been widely studied in experimental settings. A common game is 

the Prisoner’s dilemma, in which cooperation would favour both players in the long-term. In this setting, it 

is common that failure to cooperate lead to suboptimal outcomes where both players benefit less than they 

otherwise would. Putnam (1993) argues that this failure to cooperate for mutual benefit is a consequence of 

lack of social capital. Burnham et al. (2000) explore that changing the name of the other player to “partner” 

instead of “opponent” influences the participants to trust the other player. I.e., it doubles the likelihood of 

a player acting trustworthy compared to when a player is referred to as an opponent. In relation to this 

experiment, there is a possibility that living in a violent environment could impact how someone perceive 

others. It could, i.e., increase the probability that people view others as opponents instead of partners. 

Potentially, this could lead to lower levels of trust among the population and influence people to act out of 

self-interest rather than for the greater good. This is also stated by Rohner et al. (2011), who with support 

from their theoretical model argue that environments of conflict signal that others are not trustworthy. In 

such an environment, “neighbour might turn against neighbour” and fear increase. This could reduce the 

willingness to trust others and, in turn, also lead to a decline in trade deals and agreements between parties. 

4. Background of Mexico 

4.1. Governance 
Mexico is the 3rd largest country in Latin America. It is a federal republic with a presidential system, divided 

into 31 states plus Mexico City. The country has officially been a democracy since the establishment of the 

constitution in 1917 but was under one-party rule until the year of 2000 (Klesner 2001, 107). 

The federal government is divided between the executive, legislative and the judicial power. The states have 

their own constitutions, and the governments are structured in similar way as the federal government, with 

executive, legislative and judicial bodies. They have the right to decide about local tax levels. Furthermore, 

Mexico has 2481 municipalities (Mexico city’s 16 entities included) which have their own elected 

governments. The governments, which are led by mayors, are responsible for the provision and maintenance 

of several public services as well as assisting the state and federal governments. Despite the relegated powers 

to states and municipalities, the political structure of Mexico is highly centralized. While the state and 

municipalities have their autonomous rights, decision-making is, to a large degree, dependent of how the 

federal government allocates its resources (Merrill & Miró 1996, 238-246). 
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4.2. Law Enforcement & Judicial Institutions 
Mexico has a complex Law Enforcement system, with various police forces and judicial institutions. There 

are federal, state, and municipal police forces.1 They are divided in preventive and judicial branches. While 

the preventive police forces at all levels are uniformed, with the primary responsibility to deter and stop 

crime, the judicial police forces work with investigations (Esparza & Ugues 2020, 106-107).2  

In 2019, president Obrador founded a new police force called the National Guard. This force replaced the 

Federal Police, which had repeatedly been accused of corruption. The main objective of the National Guard 

is to fight organized crime and support state and municipal authorities, especially in areas heavily affected 

by organized crime and violence. This makes it a vital law enforcement institution in a country where 

violence related to organized crime has continued to thrive (Kilroy Jr. 2021, 3). 

4.3. The Evolution of Violence 
Violence keeps having a great impact in Latin America. In LAPOP’s AmericasBarometer survey for 2004, 

20% of the respondents answered that security-related issues constituted the biggest problem for their 

country. The same number in 2014 was 33%, just behind economic issues (USAID 2014). This concern is 

understandable considering that the average homicide rate is 21.5 per 100,000 inhabitants and in 2016 47 of 

the 50 most murderous cities were found in the region (Igarapé Institute 2018). 

Fig. 1. Homicides in Mexico over time (Source: World Bank)

 

Many of these cities are located in Mexico. The rapid increase in violence and casualties can be derived from 

the “war on drugs”, which was initially launched by the previous president Felipe Calderon in 2006, 

supported militarily and financially by the United States. This was an effort to counter organized crime and 

the growing influence of drug-trafficking cartels in the country. The militarization of law enforcement and 

use of heavy weaponry has contributed to a brutal environment where both a wide range of criminal groups, 

the police force, and military participate (Rodríguez 2016, 43-46).  

 
1 For a table of the police forces & judicial institutions, see appendix. 
2 Table 1, containing information on the police forces and judicial institutions, can be found in the appendix. 
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Between 2007 and 2012, Mexico experienced a 200 % increase in intentional homicides. After a short decline 

between 2012 and 2014, violence once again began to rapidly increase. In 2020, the homicide rate of Mexico 

was 29 per 100,000 inhabitants - three and a half times the rate in 2007. The pattern is mixed throughout 

the country and the death rate is primarily driven by a couple of states and cities. During the first years of 

the “War on drugs”, violence was mainly concentrated to states bordering the United States, such as Baja 

California and Tamaulipas. Over time, violence has spread across the country and today some of the most 

dangerous states and cities are found in the central and pacific states, e.g., Colima and Guerrero (Beittel 

2018). As an example, Colima saw a 1,360 % increase (5 to 71) and Guanajuato a 1,250 % (4.5 to 57) increase 

in their homicide rate between the years of 2007 and 2020 (ELCRI 2021). 

Fig. 2. Heat map of homicide rate in Mexican states (Source: Latin America Risk Report) 

 

 

Battles, extortions, and kidnappings of civilians are today common in many parts of Mexico. According to 

the ENVIPE survey carried out in 2018, nearly 25 million people over the age of 18 had been victimized by 

crime the last year and 78 % responded they felt insecure (InSight Crime 2019). Ultimately, the spread of 

violence has led to an increase in internal and external migration, kidnappings, and killings of both high-

profile targets and ordinary citizens (Rosen & Zepeda Martinez 2015, 162). InSight Crime (2021) reported 

that the local elections in 2021 were the deadliest yet, seeing at least 89 political candidates killed and 800 

violent acts recorded. 

5. Data 

This paper utilizes (i) cross-sectional data on interpersonal and institutional trust at the individual level, 

aggregated at the municipal level; (ii) the number of violent events at the municipal level; (iii) cross-sectional 

demographic and socio-economic control variables individual data aggregated at the municipal level; and 

(iiii) population data from the 2020 population census and estimated population data. 
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5.1. INEGI and the ENVIPE Survey 
The data for the dependent variables on interpersonal and institutional trust is gathered from a public 

opinion survey provided by INEGI institute. It is an autonomous public body, responsible for collecting 

and providing information and statistics about Mexico. The agency carries out the population census and 

the economic census as well as gathers data on various economic and social indicators.  

To INEGI’s responsibility comes carrying out surveys on public opinion. The ENVIPE surveys are carried 

out in the spring each year. The primary ambition is to obtain information on levels of crime, the 

characteristics of crime and its causes and consequences. Furthermore, the survey asks the respondents 

about interpersonal trust and their perceptions of the performance of law enforcement and judicial 

institutions.  

The reason for using the ENVIPE survey above other surveys is two-fold. First and foremost, it is unusually 

comprehensive for being a survey of public opinion, with around 100,000 households per wave. Secondly, 

it is carried out annually since 2011, most recently 2021. This enables the possibility to construct a panel 

with municipalities as the unit of analysis. 

ENVIPE follows a three-staged sample design including stratification and clustering and has a national 

probability design, based on information from the national population census of 2010. The survey is 

representative for voting-aged adults at the national and the state level (INEGI 2021). ENVIPE is highly 

regarded, and its complex design makes it robust to problems commonly associated with the sampling 

process of surveys. The disadvantage of the repeated cross-sectional design of the survey is that it erases the 

possibility to include individual fixed effects. On the other hand, it removes the risk of attrition bias 

associated with longitudinal surveys (i.e. the risk of drop-offs during the study) as different individuals are 

interviewed each round (Palma 2021). 

I will use data from the 2019, 2020 and 2021 waves of the ENVIPE survey. Respondents are asked about 

their confidence in others and in crime-related institutions. The answers of the ENVIPE survey are ordered, 

categorical response variables, where 1=Much faith, and 4=Much distrust. 

5.1.1. Interpersonal Trust 
There is no universal method to measure interpersonal trust. While trust in others can mean everything 

from your close relatives to unknown people, it is important to be precise in what relationship you want to 

study. Many papers that study the phenomenon of interpersonal trust use survey responses from some 

established surveys like World Values Survey (WVS), General Social Survey (GSS) or AmericasBarometer 

to measure trust. A question often used to measure trust is the question from WVS “most people can be 

trusted”, which is commonly used in studies about generalized trust. While this is an interesting question, 

the aim of this paper is to study how violence impacts the average trust for specific groups of people, i.e., 

particularized trust. The index Interpersonal Trust is constructed by calculating the mean of the four 

responses from the questions below. 
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Table 1. Variables of interpersonal trust 

 

5.1.2. Institutional Trust 
As the table in the Background section shows, respondents of the ENVIPE survey are asked to answer how 

much they trust law enforcement and judicial institutions. As previously described, Mexico has law 

enforcement & judicial institutions at the municipal, state, and federal level.  

I will, first and foremost, study the impact of violence on trust in the National Guard individually. The 

reason behind this decision is that the reformation of the federal police force was seen as an important step 

towards tackling organized crime more strongly and efficiently (Moyano 2020, 4-6). Two indices are also 

constructed, one for trust in the uniformed police at the municipal and state level, and one for the judicial 

institutions.  The main variables of interest are presented in the table below. 

Table 2. Variables of institutional trust 

  

Analysing all different police forces and judicial branches is beyond the scope of this paper. Despite the 

differences between the police forces and their respective roles, the responsibilities can overlap. Mexico’s 

many security challenges and the on-going drug-war has led to the involvement of police forces at all levels. 

Hence, it could be difficult for the public to distinguish between them and their respective responsibilities 

(Esparza & Ugues 2020, 108). Constructing two indices could, in this regard, increase variation and better 

capture differences in institutional trust. The indices are constructed by calculating the mean from all three 

answers at the individual level. They then follow the procedure presented in section 5.1.3.     

5.1.3. Transformation of Response Variable  
A factor to take into consideration when dealing with survey data is how to code the responses. The answers 

of the ENVIPE survey are ordered, categorical response variables, where 1=Much faith, and 4=Much 

distrust. While we know that 1 is a more positive response than 2, and 3 than 4, we do not know if they 

represent the same distance. We cannot know if the distance between 1 and 2 is the same as the distance 

between 3 and 4 (Algan & Cahuc 2010, 7-8). To facilitate interpretation, this thesis transforms the ordinal 

Interpersonal trust 

Dígame el grado de confianza que tiene en … Tell me how much faith you have in ... 

Vecinos Neighbours 

Compañeros de trabajo / negocio, escuela Colleagues from work / business, school 

Familiares o parientes Relatives or family members 

Amigos Friends 

Variable Index 

National Guard  

Police Force 
Municipal Traffic Police; Municipal Preventive Police; 

and State Police 

Judicial Institutions Attorney General; Public Ministry; and Judges 
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variables to dichotomous variables. This is done by computing the mean for all responses in each 

municipality and year, which results in a variable with an interval between 1 and 4. The municipality means 

are then recoded to binary response variables that equals 1 if a municipality has a lower average (higher 

trust) than the sample mean for the respective dependent variable.3 The model will therefore predict the 

probability that the dependent variable equals 1 (High trust), instead of how the independent variables 

impact the relative change of an interval variable.4 

5.2. Armed Conflict Location & Event Data Project (ACLED) 
In Mexico, as in the LAC region, official government data on crime and violence is not very reliable since it 

is often underreported (Vilalta et al. 2016, 106). This thesis exploits data from The Armed Conflict Location 

& Event Data Project (ACLED) between 2018 and 2021. ACLED is a non-profit organization collecting 

comprehensive data on violent and non-violent events in over 190 countries (ACLED 2021). 

ACLED has the advantage that it provides data on disaggregated violence at a sub-national level. 

Furthermore, instead of only relying on official government data on violence, ACLED gathers the 

information from various sources, e.g., local news sources, NGOs, social media, and local conflict 

observatories (ACLED 2021). This should make it less sensitive to measurement error. ACLED may still 

underestimate the volume of violent events, especially “events of non-strategic importance”, which is 

important to be wary of (ACLED 2019, 9). Furthermore, all violent events are given the same weight, which 

means that e.g., large, and small clashes are both reported as one, similar, event. While this could decrease 

precision, ACLED is still one of the most comprehensive and reliable sources of conflict data and used 

both by governments a wide range of researchers (e.g., Kishi et al. 2020; and Raleigh 2012). The database is 

also updated weekly, which enables the possibility to study the effects of violence in recent time prior to the 

ENVIPE survey. This would not have been possible with aggregated yearly data, which e.g., normally is the 

case for official data on homicides. 

Ideally, the analysis would be over a longer time-period, which would allow for an increased number of 

observations per category and sub-category of violence. However, in Latin America and Mexico, ACLED 

has only provided data since 1st of January 2018. This limits the possibility to study the impact of violence 

to a time-period of three and a half years. 

5.2.1. Independent Variables of Interest 
The explanatory variables for measuring violence are derived from municipal level data on number of Battles; 

Violence against civilians; and Riots (ACLED 2021). The ACLED database also includes data on 

Explosions/Remote violence, Protests and Strategic developments. The reason for not analysing their impact is, in the 

first case, the rarity of these events. In the latter cases it is because they do not involve violence and because 

 
3 For the distribution of the dependent variables, see appendix. 
4 An alternative approach that uses the median instead yields qualitatively similar results (not reported). 
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of the broad definition of what they constitute. Including these types of events in the analysis is, therefore, 

beyond the scope of this paper. 

Battles and Violence against civilians represent, in large, violence connected to organized crime. Battles5 are 

between members of organized groups, e.g., between two drug cartels or a drug cartel and a police force. 

Violence against civilians6, on the other hand, are events where civilians are direct victims, e.g., kidnappings or 

extorsions. Battles involving a police force and Violence against civilians by police forces are also analysed. In contrast 

to these variables, Riots7 does to a larger degree represent civil disobedience. This enables the possibility to 

study if and how levels of trust are affected differently depending on the characteristics of violence. For 

each municipality, I look at the total number of violent acts, both aggregated and disaggregated, 6 months 

prior to the ENVIPE survey. Hence, this thesis studies the short-term effects of violence. The variables are 

standardized to facilitate interpretation. 

Table 3. Summary statistics for Trust and Violence8 

 

  

 

 

 

 

 

 

 

 

5.3. Control Variables 
It is important to control for municipal characteristics that vary across the sample. While it is impossible to 

control for all characteristics and factors, it is important to include as many covariates as possible that are 

expected to influence trust. If not accounting for confounding variables, Omitted Variable Bias (OVB) 

would occur and violate the internal validity. Hence, the results could become biased (Schjoedt & Sangboon 

 
5 “ACLED defines a battle as “a violent interaction between two politically organized armed groups at a particular 
time and location.” Battles can occur between armed and organised state, non-state, and external groups, and in any 
combination therein”. (ACLED 2021) 
6 “ACLED defines ‘Violence against civilians’ as violent events where an organised armed group deliberately inflicts 
violence upon unarmed non-combatants.” (ACLED 2021) 
7 “Riots’ are violent events where demonstrators or mobs engage in disruptive acts, including but not limited to rock 
throwing, property destruction, etc. They may target other individuals, property, businesses, other rioting groups or 
armed actors.” (ACLED 2021) 
8 Note: Lower values of trust indicate higher trust. 1=Much faith, 4=Much distrust. 

Variable Obs Mean Min Max 

       

Institutional and Interpersonal Trust (2019 - 2021)         

National Guard 2208 1.74 1 3.40 

Police Force 3086 2.44 1.22 3.72 

Judicial 2823 2.29 1 4 

Interpersonal 3317 2.17 1 3.55 

       

Reported violence (2018 – 2021)         

Battles 3317 .57 0 47 

Violence against civilians 3317 2.65 0 203 

Riots 3317 .34 0 43 

Police Battles 3317 .39 0 41 

Police Violence against civilians 3317 .03 0 3 
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2015). Inspiration has been drawn from various papers about determinants of trust (e.g., Ceobanu et al. 

2010; and Fernandez & Kuenzi 2006).  

This thesis utilizes available population data at the municipal level. However, due to lack of publicly available 

municipal demographic and socio-economic data, municipal-level control variables are constructed from 

the ENVIPE surveys for each year. The mean of age, gender, education; population; unemployment; and 

indices of quality of infrastructure, and socio-economic conditions, at the municipal level are included in 

the regressions. These have been proved to be important predictors of trust (See e.g., Zak & Nack 2001; 

and Glaeser et al. 2000).  

Table 4. Summary statistics of control variables9 

  

 

 

 

 

 

 

While not having access to official municipal statistics is by no means optimal, this paper argues that the 

included controls should do a sufficient job in accounting for local characteristics that are expected to 

influence the outcome variables. Furthermore, unobserved characteristics should, in large, be controlled for 

with municipal fixed effects. This should mitigate the problem of the lack of publicly available municipal 

level data. 

6. Empirical strategy 
The econometric strategy used to estimate the effect of levels of violence at the municipal level on average 

interpersonal and institutional trust is presented below.  

6.1. Limitations of Cross-Sectional Analysis 
The ENVIPE survey from INEGI follows a cross-sectional framework, which means that different 

individuals are interviewed each round. Many papers use surveys of this type for analysing the effects of 

victimization and exposure to violence on trust (e.g., Corbacho et al. 2015). However, there are limitations 

with cross-sectional analysis. Relying on the cross-sectional dimension makes it harder to control for 

 
9 Gender is the share of men at the municipal level; Age the mean years of age; Level of Education the mean years of 
education; Unemployment the share unemployed; Infrastructure and Socio-Economic index are indices containing 
information infrastructure (e.g., missing lighting) and socio-economic standards (e.g., if drugs are sold) of 
neighbourhoods.  

Variable Obs Mean Min Max 

Demographic & Socio-Economic Controls         

Population 3278 100787 537 9041395 

Gender (1 - Man, 0 - Woman) 3317 .54 0 1 

Age 3317 43.50 28 69 

Level of Education 3164 5.06 1 10 

Unemployment 3314 .07 0 .56 

Infrastructure index 3317 .45 0 .90 

Socio-Economic index 3317 .31 0 .68 
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heterogeneity across the sample. Furthermore, studies of this type often suffer from omitted variable bias 

and reverse causality. While including a large set of control variables can help reduce endogeneity concerns, 

it is difficult to know if you have included all relevant control variables. If unobserved confounders correlate 

with the independent or dependent variables, the exogeneity assumption is violated and the results will most 

likely be biased and inconsistent (Hsiao 2014, 11). 

6.2. Fixed Effects Model 
This thesis overcomes some of the problems associated with cross-sectional analysis by aggregating the 

individual responses at the municipal level and regressing the mean on violence reported at the municipal 

level. It enables observing the same unit of analysis over time and allows for the implementation of fixed 

effects at the municipal level. While the dichotomous dependent variables could imply some advantages of 

modelling the relationship with a Conditional Logistic regression, this thesis decides to use a Linear Fixed 

Effects Model similar to previous literature, e.g., Geys and Qari (2017). The main reason for this is that the 

Conditional Logistic regression omits observations that are homogenous across time. In that case, the 

analysis would be restricted to heterogenous groups, which according to Beck (2020) is a problematic 

solution and could bias the estimates of the coefficients.  

It is reasonable to assume that there are unobserved municipal characteristics that are correlated with both 

violence and trust. For example, some municipalities may hold characteristics which both increase the 

likelihood of violent events to happen and the levels of trust among the population. Not controlling for 

these unobserved factors could lead to Omitted Variable Bias (OVB) and cause biased and inconsistent 

estimates. Under the assumption that the unobserved confounders are stable over the sample period, the 

main benefit of using fixed effects is that it eliminates the issue of OVB. I.e., it allows for the possibility to 

control for unobserved, time-invariant, determinants of trust that are correlated with violence. (Collischon 

& Eberl 2020, 291-292).  

Ultimately, the inclusion of fixed effects improves the credibility of the estimates as causal effects. While 

there is still reason to be careful in drawing causal interpretations, this methodological approach better 

overcomes issues of endogeneity than many previous studies about violence and trust. In addition, the panel 

spans over three years which increases observations in comparison to a single year cross-sections analysis. 

The dependent variable will be regressed on the predictors as per the equation below.  

Trustit = β1Battlesit + β2Violenceit + β3Riotsit + β4
TControlsit + αi + δt + εit   (1) 

Where i=1, 2,… t=1,2,… Trustit represents the ith municipality in time t, β1 the estimated effect of Battles on 

trust, β2 the estimated effect of Violence against civilians on trust, β3 the estimated effect of Riots on trust, 

β4 effects of a set of demographic and socio-economic control variables, αi municipality fixed effects, and δt 

time fixed effects. εit is the error term. In a case where trust is below the sample mean (High trust), the 

dummy variable equals 1. The time dummies control for time-specific fixed effects and the municipality 

fixed effects control for time-invariant municipality characteristics. Errors are expected to be correlated 
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within clusters at the municipal level. Neglecting to account for clustering effects could lead to 

underestimating the standard errors and, therefore, rejecting the null of no effect too often.  

To complement the Fixed Effects Model, a basic linear OLS regression is also performed. The OLS 

estimator is expected to be less accurate as it does not include an individual intercept for each municipality. 

However, state dummies are included in the OLS regression to account for different, unobserved, 

characteristics at the state level that are constant over time. 

A sensitivity analysis will be performed to test the robustness of the results. The independent variables of 

interest will be analysed together, with and without other municipality-level variables believed to be 

determinants of interpersonal and institutional trust. Adding relevant variables will check the robustness of 

the estimated effects of our main variables of interest. Introducing other variables lets us know if the 

strength and significance of the coefficients remain despite other possible explanations included. It reduces 

possible bias due to reverse causality, measurement error and omitted variable bias. By following previous 

literature and having access to the rich individual-level data from INEGI, it lets us control for characteristics 

that could otherwise violate our estimations. 

7. Results 

7.1. Institutional Trust and Total Violence (OLS) 

 

 Table 5. Institutional Trust and Total Violence  
OLS (1) (2) (3) (4) (5) (6) 

 National Guard National Guard Police Force Police Force Judicial Judicial 

              

Violence -0.09*** -0.06*** -0.09*** -0.03*** -0.07*** -0.03*** 

 (0.01) (0.01) (0.01) (0.01) (0.01) (0.01) 

       
Observations 2,208 2,112 3,086 3,040 2,823 2,673 

R-squared 0.12 0.14 0.16 0.23 0.11 0.15 

Controls N Y N Y N Y 

Municipal FE N N N N N N 

State FE Y Y Y Y Y Y 

Time FE Y Y Y Y Y Y 

       
Notes: OLS regressions. Controls: population, gender, age, education, unemployment, infrastructure index, socio-economic index.  

*** Significant at the 1 percent level. ** Significant at the 5 percent level. * Significant at the 10 percent level. Clustered standard errors in parentheses. 

First, the dependent variables measuring institutional trust are regressed on the total amount of violence, 

which is the sum of Battles, Violence against civilians, and Riots. The OLS regressions suggest a significant 

relationship between violence and trust in institutions of law enforcement and judicial institutions. This 

relationship holds when including control variables that are expected to influence the outcome variables. 

Using a linear OLS model with and without control variables, we see that the coefficients are negative and 

significant at the 1% level for all dependent variables and model specifications. As expected, the effect is 



19 
 

larger on all three dependent variables when control variables are not included. This can, e.g., be seen in (1), 

where an increase in Total violence by 1 standard deviation is associated with a 9 % decrease in the 

probability that a municipality shows more trust for the National Guard than the sample mean.  A similar 

pattern appears for   Police Force (column 3-4) and Judicial Institutions (column 5-6). 

7.2. Institutional Trust and Total Violence (FE) 

 

 Table 6. Institutional Trust and Total Violence  
FE (1) (2) (3) (4) (5) (6) 

 National Guard National Guard Police Force Police Force Judicial Judicial 

        
Violence -0.09** -0.09** -0.02 -0.03 -0.03 -0.03 

 (0.04) (0.04) (0.03) (0.03) (0.03) (0.03) 

       
Observations 2,208 2,112 3,086 3,040 2,823 2,673 

R-squared 0.03 0.05 0.01 0.03 0.03 0.05 

Controls N Y N Y N Y 

Municipal FE Y Y Y Y Y Y 

State FE Y Y Y Y   
Time FE Y Y Y Y Y Y 

Notes: Fixed Effects regressions. Controls: population, gender, age, education, unemployment, infrastructure index, socio-economic index.  

*** Significant at the 1 percent level. ** Significant at the 5 percent level. * Significant at the 10 percent level. Clustered standard errors in parentheses. 

For the FE regression, only model (1) and (2) are still significant. The effects of Total Violence on trust in 

the National Guard are similar to the OLS results without controls. An increase by 1 standard deviation of 

Total Violence is associated with around a 9 % decrease in the probability that a municipality shows more 

trust in the National Guard than the sample mean. In both (1) and (2), the relationship is significant at the 

5% level. These results confirm the association between violence and trust in the National Guard, the federal 

police whose main responsibility is organized crime. The impact on trust in the Police Force (columns 3-4) 

and in the Judicial Institutions (columns 5-6) is also negative, but the inclusion of municipal fixed effects 

lowers the precision of the estimates with respect to the OLS ones. While this does not mean that there is 

no relationship, it cannot be confirmed by the model. Whether the significance is removed due to there 

being no relationship, sample size or the specification of the model is difficult to tell. However, the signs of 

the coefficients still suggest that if there is a relationship, it is negative. 

The results from Table 5 and 6 complement papers like Blanco and Ruiz (2013), who find that individual 

crime victimization and perceptions of insecurity have a negative effect on trust in law enforcement & 

judicial institutions. The findings indicate that the effects of violence on institutional trust go beyond 

personal victimization, but are also determined by levels of violence at the municipal level. However, when 

including fixed effects, the relationship only holds for trust in the National Guard, but not in the Police 

Force or Judicial Institutions.  
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7.3. Institutional Trust and Disaggregated Violence (OLS) 

 

 Table 7. Institutional Trust and Disaggregated Violence  
OLS (1) (2) (3) (4) (5) (6) 

 National Guard National Guard Police Force Police Force Judicial Judicial 

        

Battles -0.04** -0.03** -0.05*** -0.03*** 
-

0.03*** -0.02** 

 (0.01) (0.01) (0.01) (0.01) (0.01) (0.01) 

Violence against civilians -0.04*** -0.03* -0.04*** -0.00 -0.03** -0.01 

 (0.02) (0.02) (0.01) (0.01) (0.01) (0.01) 

Riots -0.04*** -0.02* -0.05*** -0.01 
-

0.05*** -0.01 

 (0.01) (0.01) (0.01) (0.01) (0.01) (0.01) 

       
Observations 2,208 2,112 3,086 3,040 2,823 2,673 
R-squared 0.12 0.14 0.17 0.23 0.12 0.15 

Controls N Y N Y N Y 
Municipal FE N N N N N N 
State FE Y Y Y Y Y Y 
Time FE Y Y Y Y Y Y 

Notes: OLS regressions. Controls: population, gender, age, education, unemployment, infrastructure index, socio-economic index.  

*** Significant at the 1 percent level. ** Significant at the 5 percent level. * Significant at the 10 percent level. Clustered standard errors in parentheses. 

In Table 7., the indicators of violence are separated. Battles, Violence against civilians, and Riots are now 

studied individually to see whether they impact the dependent variables of interest. This allows us to see 

which the main factors behind institutional trust are. The OLS regressions provide some interesting results. 

For all dependent variables and model specifications, Battles are negative and significant.  

For Violence against civilians, the relationship is not as clear for all dependent variables or model 

specifications. All coefficients are negative, and column (1-3) and (5) are significant from the 1% to 10% 

level. However, neither column (4) or (6) are significant, indicating a weaker relationship for trust in the 

Police Force and Judicial Institutions.  

Riots show a similar pattern as the coefficient for Violence against civilians. While all model specifications 

with control variables excluded show negative and significant results at the 1% level, it drops to the 10% 

level for the National Guard (2) when including the demographic and economic control variables. For the 

Police Force (4), and the Judicial Institutions (6), the coefficients still indicate a negative relationship, but 

they are no longer significant.
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 7.4. Institutional Trust and Disaggregated Violence (FE) 
 

Notes: Fixed Effects regressions. Controls: population, gender, age, education, unemployment, infrastructure index, socio-economic index.  

*** Significant at the 1 percent level. ** Significant at the 5 percent level. * Significant at the 10 percent level. Clustered standard errors in parentheses. 

Table 8 presents, to some degree, another story than the previous ones. In summary, when accounting for 

differences across municipalities which are constant over time, many of the reported significant effects from 

the OLS estimations disappear.  

The indicator for Battles has a negative coefficient and is significant at the 5 % level for (1) and (2) when 

including FE. Interestingly, the coefficients are larger for the FE Model than the results from the OLS 

estimations that was presented in Table 8. For both (1) and (2), an increase in Battles by 1 standard deviation 

is associated with a 5 % decrease in the probability that a municipality has an average trust in the National 

Guard higher than the sample mean. 

On the contrary, Violence against civilians and Riots are no longer significant. This is the case for all 

dependent variables and model specifications. Violence against civilians still has negative signs for across all 

model specifications. Riots, on the other hand, indicate a weak, but positive, relationship with Judicial 

institutions. 

The results are partly in line with previous findings on violence effects on institutional trust. De Juan & 

Pierskalla (2016) use total killings for measuring violence and find that it reduces trust in the national 

government. Table 9 shows that this relationship also holds for trust in police forces at different 

geographical levels (National Guard and Police Force). On the other hand, table 9 also provides valuable 

evidence that the effects differ depending on the characteristics of violence, where only battles between 

organized groups is confirmed to affect people’s trust in the police. 

 

 Table 8. Institutional Trust and Disaggregated Violence  
FE (1) (2) (3) (4) (5) (6) 

 National Guard National Guard Police Force Police Force Judicial Judicial 

        
Battles -0.05** -0.05** -0.02* -0.02* -0.02 -0.02 

 (0.02) (0.02) (0.01) (0.01) (0.02) (0.02) 

Violence against civilians -0.03 -0.03 -0.00 -0.01 -0.02 -0.02 

 (0.03) (0.04) (0.03) (0.03) (0.02) (0.03) 

Riots -0.05 -0.04 -0.01 -0.01 0.01 0.01 

 (0.03) (0.04) (0.02) (0.02) (0.02) (0.03) 

       
Observations 2,208 2,112 3,086 3,040 2,823 2,673 

R-squared 0.03 0.05 0.02 0.03 0.03 0.05 

Controls N Y N Y N Y 

Municipal FE Y Y Y Y Y Y 

State FE Y Y Y Y Y Y 

Time FE Y Y Y Y Y Y 
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7.5. Institutional Trust and Police Violence 

 
Table 9. Institutional Trust and Police Violence 

FE (1) (2) (3) 

 National Guard Police Force Judicial 

     
Police Battles -0.05** -0.02* -0.01 

 (0.02) (0.01) (0.02) 

Violence by Police -0.00 -0.00 -0.01 

 (0.01) (0.01) (0.01) 

    
Observations 2,112 3,040 2,673 

R-squared 0.05 0.03 0.04 

Controls Y Y Y 

Municipal FE Y Y Y 

State FE Y Y Y 

Time FE Y Y Y 
Notes: Fixed Effects regressions. Controls: population, gender, age, education, unemployment, infrastructure index, socio-economic index.  

*** Significant at the 1 percent level. ** Significant at the 5 percent level. * Significant at the 10 percent level. Clustered standard errors in parentheses. 

This section analyses how battles involving police forces; and violent acts at civilians by the police, impact 

trust for the National Guard (1), Police Force (2), and Judicial Institutions (3).  

We see that for both independent variables of interest and for all model specifications, the coefficients are 

negative. However, the relationship is only significant for the variable Police Battles and in model (1) and 

(2). Violence against civilians by the police is a rare event with only 84 observations in the dataset. This may 

explain why a significant relationship cannot be found as the sample is too small to capture it. Therefore, it 

is important not to draw strong conclusions from these results. Still, it could provide an indication on how 

citizens react to violent actions by authorities of law and order and if there are any spill-over effects in trust 

to the Judicial institutions. These spill-over effects are neither confirmed for Battles involving police forces 

nor Violence against civilians by police forces. 

For the National Guard (1), an increase by 1 standard deviation in Police Battles decreases the probability 

by 5 % that a municipality, on average, has a higher trust than the sample mean. For the Police Force (2), 

the effect is around 2 %. The relationships suggest that when the police forces take violent measures and 

take part in battles to stop and combat crime, people of the municipality tend to trust them less. As the 

quality of institutions and authorities also depend on people’s trust in them, these results could be worrying. 

While it is beyond the scope of this paper to examine why battles involving the police is associated with a 

decrease in trust, it is an interesting finding for future research about the consequences of the work of the 

police and their methods. 
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7.6. Interpersonal Trust and Total Violence 
 

 

 

 

 

 

 

 

Notes: OLS & Fixed Effects regressions. Controls: population, gender, age, education, unemployment, infrastructure index, socio-economic index. 

*** Significant at the 1 percent level. ** Significant at the 5 percent level. * Significant at the 10 percent level. Clustered standard errors in parentheses. 

For Interpersonal Trust, i.e., the index of trust in Neighbours, Friends, Colleagues, and Relatives, the 

relationship is not consistent across model specifications. (1) indicates a positive and significant relationship. 

For the models with fixed effects, (3) and (4), the coefficients flip signs and now indicate a weak, but negative 

relationship between Total Violence and Interpersonal Trust.  

It is important to be careful drawing any conclusions from the results in (1). While it is interesting that it 

presents a positive link, the other regressions do not confirm these results. If there is some truth in the 

results, it is an indication of a different relationship than for municipal trust for crime-related institutions. 

They suggest that larger levels of violence at the municipal level increases people’s trust in each other. 

However, they should be interpreted with much caution since neither of the other estimations confirm a 

significant relationship. In contrast, including fixed effects provides indications of a negative relationship 

between violence and interpersonal trust. 

The results relate to the findings of Corbacho et al. (2015), who find that individual victimization of crime 

has a negative but weak relationship with trust in friends and family. With control variables and municipal 

fixed effects included, this thesis is not able to confirm a significant relationship. It could, perhaps, be argued 

though that if there is a relationship it is negative, as suggested by the negative slope. 

 
Table 10. Interpersonal Trust and Total Violence 

 OLS OLS FE FE 

  (1) (2) (3) (4) 

 Interpersonal Interpersonal Interpersonal Interpersonal 

      
Violence 0.03*** 0.02 -0.00 -0.01 

 (0.01) (0.01) (0.02) (0.02) 

     
Observations 3,317 3,124 3,317 3,124 

R-squared 0.18 0.25 0.01 0.07 

Controls N Y N Y 

Municipal FE N N Y Y 

State FE Y Y Y Y 

Time FE Y Y Y Y 
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7.7. Interpersonal Trust and Disaggregated Violence 
 

 

 

 

 

 

 

 

 

Notes: OLS & Fixed Effects regressions. Controls: population, gender, age, education, unemployment, infrastructure index, socio-economic index. 

*** Significant at the 1 percent level. ** Significant at the 5 percent level. * Significant at the 10 percent level. Clustered standard errors in parentheses. 

In the separate analysis of the indicators of violence, another pattern than for institutional trust appears. 

The coefficient for Battles is insignificant in both the OLS models (1) and (2), and the Fixed Effects Models 

(3) and (4).  

The results from (1) and (2) indicate a positive relationship between Violence against civilians and 

interpersonal trust. They suggest that municipalities with more violent acts against civilians, on average, have 

higher interpersonal trust among the population. It is reasonable since traumatic experiences can make 

people come closer and put more trust in each other. These results are in line with, e.g., Gilligan et al. (2014) 

who explore that an individual who was more exposed to violence in the Nepalese civil war report higher 

levels of interpersonal trust. However, when including fixed effects in (3) and (4), the coefficients are smaller 

and insignificant. Hence, the significant relationship in (1) and (2) could be due to omitted variable bias. 

The effects of Riots are ambiguous and depend on the model specification. In the OLS regression (1), the 

coefficient is positive and significant at the 1 % level. Another relationship appears when including 

municipal fixed effects. Now, the coefficients become negative and significant at the 10 % level. An increase 

by 1 standard deviation in Riots corresponds to around a 4 % decrease in interpersonal trust according to 

model (3) and (4). While the significance at the 10 % level suggests that we interpret these results with 

caution, (3) and (4) provide indications of Riots being the primary factor influencing people’s trust in each 

other. Speculating why, one factor could be that Riots are usually an act of civil obedience, performed by 

regular citizens, while Battles and Violence against civilians usually are between and by organized criminal 

groups. Therefore, Riots could influence individuals trust in other people more negatively, as they might be 

more likely to associate them with such violent acts than with Battles or Violence against civilians. These 

Table 11. Interpersonal Trust and Disaggregated Violence 

 OLS OLS FE FE 

  (1) (2) (3) (4) 

 Interpersonal Interpersonal Interpersonal Interpersonal 

      
Battles -0.01 -0.01 -0.01 -0.01 

 (0.01) (0.01) (0.02) (0.02) 

Violence against civilians 0.03** 0.02* 0.02 0.01 

 (0.01) (0.01) (0.02) (0.02) 

Riots 0.03*** 0.01 -0.04* -0.04* 

 (0.01) (0.01) (0.02) (0.02) 

     
Observations 3,317 3,124 3,317 3,124 

R-squared 0.19 0.25 0.01 0.08 

Controls N Y N Y 

Municipal FE N N Y Y 

State FE Y Y Y Y 

Time FE Y Y Y Y 
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findings complement earlier studies like Becchetti et al. (2013), who find that victims of violence show less 

trustworthy behaviour than non-victims. In addition, this thesis provides indications that all types of 

violence do not impact trust in a similar way. Instead, it can vary depending on the characteristics of violence 

that people are exposed to, where violence more related to civil obedience (Riots) seem to have the greatest 

impact on trust in others. 

8. Robustness 

8.1. Omitted Variable Bias (OVB) 
Lack of available data limits the possibility to control for all possible pre-treatment characteristics. There is 

a possibility that unobserved confounders both impact a municipality’s probability of experiencing violence 

and interpersonal and institutional trust of individuals living in the municipality. Despite controlling for 

unobserved, stable characteristics at the municipal level, and including relevant control variables, it is 

difficult to completely exclude the presence of OVB. In that case, covariates are correlated with the error 

term which could bias the estimated coefficients of the regressions (Leszczensky & Wolbring 2019, 4). Being 

victimized by crime or violence is not a random treatment but instead based on several characteristics that 

are difficult to completely control for. This paper argues that the decision to use violence at the municipal 

level should, in comparison to victimization at the individual level which many previous papers have based 

their analysis on, reduce the probability of OVB (e.g., Singer et al. 2015; and Bauer 2015). Furthermore, 

despite the potential risk of OVB, the use of a linear fixed effects model should still reduce the presence 

and severity of it. Hence, while one should be careful of causality claims, the coefficients are likely to provide 

good indications of the correlations. 

8.2. Simultaneity Bias 
It is also important to be aware of the potential endogeneity problem where X and Y, simultaneously affect 

each other. That would be, where X affects Y, but Y also affects X. There is a possibility that Institutional 

and/or Interpersonal trust impacts both violence and/or reported violence.  

The first methodological problem appears if people or groups who perform violent acts, e.g., target 

municipalities with people of lower trust. This would result in a situation where levels of violence are based 

on levels of trust and would violate the exogeneity assumption. However, as presented in the data section, 

ACLED gathers information on violent events from several sources of information, instead of relying on 

official crime statistics. The methodology behind the ACLED data should therefore reduce the potential 

endogeneity problem of simultaneity between violence and trust. 

The second methodological problem could arise because the independent variables are based on reported 

violence. We cannot be sure about how accurate reported violence is in relation to actual violence. Several 

previous papers have argued for the possibility that trust in crime-related institutions has a negative effect 

on people’s willingness to report crime (e.g., Bennett & Wiegand 1994). This could be a concern when using 

crime data to estimate the relationship between levels of crime and trust. However, recently, influential 
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papers like Kääriäinen & Sirén (2011) have documented no link between trust in the police force and 

reported crime, which supports the hypothesis that reported violence is exogenous.  

8.3. Additional Results and Robustness Checks 

8.3.1 Using only ACLED Data 
When constructing the main dataset, there were 1588 observations from the ENVIPE dataset that did not 

find a match in the ACLED dataset. These observations were included in the final dataset, and recoded to 

having values of 0 for Battles, Violence against civilians and Riots for the specific year(s). While this strategy 

is reasonable, it is based on the condition that there were no violent events happening in the municipality 

for the specific year. While ACLED is a credible source of information, non-reported events could still be 

the consequence of missing data. If ACLED, for example, did not report violence from a municipality 

because they did not have access to the information, this could lead to biased estimates and the validity of 

the results could be violated.  

To check if the results are robust to the exclusion of these observations, I run a fixed effects regression, 

only with observations found in both the ACLED and ENVIPE dataset. I.e., only with observations 

containing at least one event of reported Battles, Violence against civilians, or Riots for a specific year.  

For the National Guard (1), we see that Table 12 confirms the results from presented in Table 8.10 The 

coefficient for Battles is slightly larger and, as in the baseline model, significant at the 5 % level. A similar 

pattern can be seen for the Police Force (2), where the coefficient for Battles is slightly larger than in Table 

4, but significant at the 10 % level. Violence against civilians and Riots are still non-significant. Furthermore, 

the results confirm the non-significant relationship between all indicators of violence and trust in Judicial 

Institutions (3). For Interpersonal Trust, Riots is still negative and significant at the 10 % level (4) 

8.3.2. Conditional Logit Model 
As a further robustness check of results from the Fixed Effects baseline model, the variables of trust are 

regressed with the use of a Conditional Logit Model. As discussed in section 6.2, logistic regressions are 

used for predicting outcomes when the dependent variable is dichotomous. The Conditional Logit model 

uses matching and stratification. It also controls for time-invariant characteristics and is often used for 

analysing panel data with a dichotomous dependent variable (Allison 2009). 

The results in Table 12. are also confirmed in Table 13. The relationship between Battles and the National 

Guard (1), as well as the Police Force (2), are now significant at the 10 % level. This provides a further 

indication that the results are robust to different model specifications and strategies. 

8.3.3. Reverse Causality 
The FE Model captures all unit-specific time-invariant effects. However, it assumes strict exogeneity, where 

Y is dependent on X, but not the opposite. Since the effects are believed to be a reaction of people to past 

violence, it is important to test that they are not capturing something underlying that also correlates with 

 
10 Table 12 can be found in the appendix. 
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reported violence, which could lead to a placebo effect. In a case of reverse causality, future levels of 

reported violence would be dependent on current levels of trust. This would violate the exogeneity 

assumption that violence is independent of trust and cause biased estimates (Leszczensky & Wolbring 2019, 

5).  

To test if X is independent of Y, as discussed in section 6.2, a lead variable is implemented in the regression 

as a robustness check. The lead variable is reported Battles, Violence against civilians and reports the 6 

months after each survey. If it is past violence that people react to, and if violence is not that correlated over 

time, we should expect no significant effects for the regressions in Table 15. If the lead variables of interest 

are not statistically significant, that supports the assumption that Institutional and Interpersonal trust have 

no impact on levels of violence/reported violence. On the other hand, if the regressions report a significant 

relationship, this suggests endogeneity by reverse causality and would be an indication of bias in the baseline 

results. 

Table 14. provides no such evidence.11 It presents results of the relationship between levels of violence in 

terms of Battles, Violence against civilians and Riots the first 6 months after the survey and current 

institutional and interpersonal trust. Neither of the coefficients of violence are significant, which strengthens 

the exogeneity assumption. 

8.3.4. 12 Months Window 
This thesis studies the effects of violence the last 6 months on institutional and interpersonal trust. To study 

how violence or crime exposure affects trust, many papers use surveys of victimization the past year or 

yearly data on homicide levels or other types of criminal or violent acts. To check the time window of when 

violence impacts trust, I instead look at violence the previous 12 months. This could provide an indication 

of the effects on trust being long-term (violence 12 months prior to survey) and/or immediate (violence 6 

months prior to survey).  

Table 15 does not confirm a significant relationship between violence the previous 12 months and 

institutional and interpersonal trust.12 Interestingly, this indicates that trust is sensitive to recent violence, 

but this relationship fades when the time window of reported violence increases. It could imply that people 

react to recent violent events but forget about violence happening further back in time. These results are in 

line with De Luca & Verpoorten (2015) and Alesina & Ferrara (2002), who explore short-term, but not 

long-term, effects of exposure to violence on trust.  From a positive perspective, it is an implication that 

while violence has a negative effect on institutional and interpersonal trust in the more immediate aftermath, 

the prospect of a quick recovery is good if levels of violence can be reduced. 

 
11 Table 14 can be found in the appendix. 
12 Table 15 can be found in the appendix. 
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8.3.5. Principal Component Analysis 
In this section, the indices are constructed using Principal Component Analysis (PCA) (Wold et al. 1987). 

Table 16 shows that, when using PCA, the results in the previous models are not only confirmed but 

strengthened.13 The magnitude of the coefficients and the significance levels provide evidence of strong 

relationships in both (1) and (3). These results indicate that the relationships are robust to different 

specifications of the indices. 

9. Conclusion 
This paper adds knowledge to the broad field of social capital and determinants of interpersonal and 

institutional trust. The more optimistic findings are related to trust in judicial institutions and, to some 

extent, interpersonal trust. However, this thesis provides panel data evidence supporting previous research 

that suggest violence having a negative effect of trust in the police. In line with Blanco and Ruiz (2013), this 

thesis provides robust results about the negative association between violence and trust in the federal, as 

well as the state and municipal police forces. 

There are strong indications that the characteristics of violence matter for the response of the population. 

Violence related to organized crime is the driving factor behind decreasing levels of trust in the police, while 

civil obedience seems to have a larger impact on how people trust other people. This implies that, to deal 

with both areas of trust, measures to tackle different forms of violence must be taken.    

Furthermore, a worrying concern is that forceful acts by the police forces against organized criminal groups 

does not, on average, seem to be received positively by the population. The negative relationship between 

battles involving the police and trust in the police forces indicates that the violent measures taken by the 

police does not have support from the population.  

The violent environment is a big concern for Mexico. In summary, these findings show that if violence 

continues to persist, it could slowly undermine trust in crime-related institutions. While it is not necessarily 

a direct line between the quality of institutions and people’s trust in them, it is of vital importance that 

people have a certain amount of trust in the police force and crime-related institutions. Otherwise, it could 

further cause an environment of inefficiency in crime-prevention and distrust.  

This thesis has no ambition to recommend solutions on how to stop violence or improve the quality of the 

police forces. However, the findings question the large involvement by the police in battles with organized 

groups. They appear to be counterproductive as they cause greater distrust in the police among the 

population. While there is not always an alternative than taking part in battles, and while not getting involved 

could potentially cause greater distrust, these are at least indications that it could be recommended to revise 

the strategy of how to best combat organized crime. The counterproductive results of the “War on drugs” 

is further evidence that a more forceful approach to combatting organized crime can backfire. 

 
13 Table 16 can be found in the appendix. 
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Further research about the subject of violence and interpersonal and institutional trust is encouraged. The 

findings of this thesis hope to contribute to inspiration for further research on violence and trust in the 

Mexican context. The National Guard was an initiative and reform at the federal level that came with 

expectations in the fight against organized crime. While this thesis looks at how violence affects people’s 

trust in the institution, future research should look more in detail at the accomplishments of the police force 

and what determines its support from the citizens.  

This thesis also hopes to provide a basis for future research on the determinants of trust. Subnational data 

on violence (e.g., ACLED) continues to improve and consistently becomes more reliable and 

comprehensive. Furthermore, future studies will have access to reliable conflict data that spans over a longer 

period. This will increase variation in the data and enable the possibility to study how the relationship evolves 

over time. 
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11. Appendix 
The table below presents ten questions from INEGI’s ENVIPE questionnaire regarding people’s trust in 

police forces, military, and judicial institutions. 

Table 1. Law Enforcement Authorities & Judicial Institutions of Mexico (Source: INEGI) 

 

 

 

 

 

 

 

 

 

 

 

 
14 Policía Federal was dissolved in December 2019 and replaced by Guardia Nacional. It is only included as a 
question in ENVIPE 2019 and 2020. 
15 It was founded in 2019 and replaced the Policía Federal. Only included in ENVIPE 2020 and 2021. 

Institutional trust 

¿Cuánta confianza le inspira la (el) (autoridad)? How much faith do you have in (authority)? 

Institution Translation Geographical level Main responsibility 

Policía de Tránsito Transit police Municipal Control traffic 

Policía Preventiva Preventive Police Municipal Patrol and stop crime 

Policía Estatal State police State Patrol and stop crime 

Policía Federal Preventiva14 Federal Police Federal Patrol and stop (organized) crime 

Guardia Nacional15 National Guard Federal Patrol and stop (organized) crime 

Policía Ministerial o Judicial Ministerial or Judicial Police Federal Investigation of federal crimes 

Ministerio Público y Fiscalías 

Estatales 

Public Ministry and Attorney 

Generals of the State 
State 

Lead investigations and prosecution of 

state crimes 

Fiscalía General de la República 
The Office of the Attorney 

General of the Republic 
Federal 

Lead investigations and prosecution of 

federal crimes 

Ejército Army Federal 
Provide internal security and defend 

external aggressions 

Jueces Judges All 
Preside court proceedings and issue 

rulings 
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Fig. 3. Distribution of Dependent Variables 

 

 

 

 

 
Table 12. Trust with only ACLED data  

FE (1) (2) (3) (4) 

 National Guard Police Force Judicial Interpersonal 

      
Battles -0.06** -0.02* -0.02 -0.01 

 (0.03) (0.01) (0.02) (0.02) 

Violence against civilians -0.03 0.00 -0.01 0.01 

 (0.04) (0.04) (0.03) (0.02) 

Riots -0.04 -0.02 0.01 -0.05* 

 (0.04) (0.02) (0.03) (0.03) 

     
Observations 1,177 1,718 1,571 1,737 

R-squared 0.12 0.01 0.04 0.08 

Controls Y Y Y Y 

Municipal FE Y Y Y Y 

State FE Y Y Y Y 

Time FE Y Y Y Y 
Notes: Fixed Effects regressions. Controls: population, gender, age, education, unemployment, infrastructure index, socio-economic index.  

*** Significant at the 1 percent level. ** Significant at the 5 percent level. * Significant at the 10 percent level. Clustered standard errors in parentheses. 
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 Table 13. Trust and Disaggregated Violence  
Conditional Logit (1) (2) (3) (4) 

 National Guard Police Force Judicial Interpersonal 

      
Battles -0.43* -0.28* -0.15 -0.08 

 (0.22) (0.16) (0.12) (0.13) 

Violence against civilians -0.42 0.09 -0.14 0.15 

 (0.47) (0.21) (0.21) (0.27) 

Riots -0.26 -0.15 0.14 -0.24 

 (0.26) (0.20) (0.16) (0.15) 

     
Observations 622 1,239 1,240 1,240 

Controls Y Y Y Y 

Municipal FE Y Y Y Y 

State FE Y Y Y Y 

Time FE Y Y Y Y16 
Notes: Conditional Logistic regressions. Controls: population, gender, age, education, unemployment, infrastructure index, socio-economic index. 

*** Significant at the 1 percent level. ** Significant at the 5 percent level. * Significant at the 10 percent level. Clustered standard errors in parentheses. 

 

Table 14. Trust and future disaggregated Violence 

FE (1) (2) (3) (4) 

 National Guard Police Force Judicial Interpersonal 

     
Battles 0.02 0.00 0.01 -0.01 

 (0.02) (0.01) (0.02) (0.01) 

Violence against civilians -0.01 0.02 0.00 0.01 

 (0.04) (0.03) (0.03) (0.02) 

Riots -0.02 0.02 -0.04 -0.02 

 (0.04) (0.02) (0.02) (0.02) 

     
Observations 2,112 3,040 2,673 3,124 

R-squared 0.05 0.03 0.05 0.07 

Controls Y Y Y Y 

Municipal FE Y Y Y Y 

State FE Y Y Y Y 

Time FE Y Y Y Y 
Notes: Fixed Effects regressions. Controls: population, gender, age, education, unemployment, infrastructure index, socio-economic index.  

*** Significant at the 1 percent level. ** Significant at the 5 percent level. * Significant at the 10 percent level. Clustered standard errors in parentheses. 

 

 
 
 
 
 
 
 
 
 
 

 
16 The coefficients presented are not marginal effects. The magnitude of the coefficients can therefore not be in 
compared to the previous models.  
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Table 15. Trust and disaggregated Violence past 12 months 

FE (1) (2) (3) (4) 

 National Guard Police Force Judicial Interpersonal 

      
Battles 0.00 0.01 -0.01 -0.01 

 (0.03) (0.02) (0.02) (0.02) 

Violence -0.03 -0.00 -0.01 0.01 

 (0.03) (0.03) (0.03) (0.03) 

Riots -0.07 -0.01 0.03 -0.00 

 (0.05) (0.02) (0.03) (0.03) 

     
Observations 1,358 2,022 1,834 2,049 

R-squared 0.09 0.02 0.05 0.07 

Controls Y Y Y Y 

Municipal FE Y Y Y Y 

State FE Y Y Y Y 

Time FE Y Y Y Y 
Notes: Fixed Effects regressions. Controls: population, gender, age, education, unemployment, infrastructure index, socio-economic index.  

*** Significant at the 1 percent level. ** Significant at the 5 percent level. * Significant at the 10 percent level. Clustered standard errors in parentheses. 

 

Table 16. Principal Component Analysis 

FE (1) (2) (3) 

 Police Force Judicial Interpersonal 

        

Battles -0.04*** -0.01 -0.02 

 (0.02) (0.02) (0.01) 

Violence against civilians -0.01 -0.01 0.01 

 (0.03) (0.03) (0.02) 

Riots 0.01 0.00 -0.07*** 

 (0.02) (0.02) (0.02) 

Observations 3,040 2,673 3,124 

R-squared 0.02 0.04 0.03 

Controls Y Y Y 

Municipal FE Y Y Y 

State FE Y Y Y 

Time FE Y Y Y 
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Table 17. Heterogenous Effects 

Population < 35,000 > 35,000 < 35,000 > 35,000 < 35,000 > 35,000 < 35,000 > 35,000 

  (1) (2) (3) (4) (5) (6) (7) (8) 

 

National 
Guard 

National 
Guard 

Police 
Force 

Police 
Force Judicial Judicial Interpersonal Interpersonal 

                  

Battles -0.26** -0.04* -0.01 -0.02* -0.12 -0.02 -0.01 -0.01 

 (0.11) (0.02) (0.08) (0.01) (0.09) (0.02) (0.08) (0.02) 
Violence against 
civilians -0.15 -0.03 -0.26 0.00 -0.50* -0.01 0.21 0.01 

 (0.40) (0.04) (0.24) (0.03) (0.28) (0.03) (0.18) (0.02) 

Riots -0.13 -0.03 -0.01 -0.01 0.21* 0.00 -0.22** -0.02 

 (0.17) (0.04) (0.11) (0.02) (0.13) (0.03) (0.09) (0.03) 

Observations 1,066 1,046 1,487 1,553 1,207 1,466 1,559 1,565 

R-squared 0.04 0.08 0.05 0.02 0.09 0.04 0.09 0.08 

Controls Y Y Y Y Y Y Y Y 

Municipal FE Y Y Y Y Y Y Y Y 

State FE Y Y Y Y Y Y Y Y 

Time FE Y Y Y Y Y Y Y Y 

 

 

 

 

 

 

 


