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Abstract 

Post earnings announcement drift (PEAD) is defined as the drift that occurs in a company’s share price 
after their earnings announcement. A company that reports earnings above (below) the analysts’ 
expectations should, according to previous studies of PEAD, continue to drift upwards (downwards) 
after the announcement. (Ball & Brown, 1968) The thesis purpose is to investigate if PEAD existed on 
the Swedish market between 2006-2010. We test PEAD’s existences through; (i) creating portfolios in 
which companies’ abnormal return (AR) we expect to decline or increase, (ii) doing a multiple regression 
analysis to test if the drift is statistically significant. From the results of our study, we can neither accept 
nor reject the hypothesis that PEAD existed on the Swedish market, although the multiple regression 
analysis prove a statistically significant result for companies’ AR that we expect to decline have drifted 
3,11% in a negative direction compared to our total sample. 
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 I. INTRODUCTION  

1.1 Background 
According to Fama (1970), a company’s share price should have the ability to adapt quickly to 

new levels at times when quarterly reports are released. However, in 1968, Ball & Brown 

showed that the share price had a tendency to continue to drift for up to several months after 

the financial information was published (Ball & Brown, 1968). These findings claimed that the 

price did not adjust immediately to new financial information and that the stock market was not 

as efficient as had previously been assumed (Fama, 1965a). This contributed to a debate about 

the market’s inefficiency and failure to analyse and react to new information correctly, which 

contradicted to the hypothesis of an efficient market (Bernard & Thomas, 1990). 

 

If a market is efficient, an asset’s value should always reflect all available information and 

investors should not be able to earn above average returns without accepting above average 

risks (Fama, 1970; Malkiel, 2003). However, after the findings of Ball & Brown (1968), there 

have been countless studies stating that the market is not as efficient as it initially had been 

believed to be. A possible reason for the markets inefficiency could be the investors’ irrational 

behaviour. (Baskin, 1988) Investors’ reaction can often be seen as a “complex and human subject, far 

from the ethereal vision of idealized capital markets often expounded in textbooks and scholarly journals” 

(Baskin, 1988, p. 236). 

 

The doubt on the efficiency of the financial market resulted in that earlier established finance 

assumptions and decision theories has been increasingly criticized and mistrusted, due to the 

fact that they tell little about the actual mechanisms that lead to an investor’s real reaction and 

decisions (Barnes, 2009, p. 5). The discussion about the markets inefficiency is based on 

theories within the area of behavioural finance. Behavioural finance differs from the classical 

financial theory because it states that investors will be influenced by psychological and 

emotional factors when making their decisions. This means that according to behavioural 

finance theories, investors tend to act irrational. While financial theory explains how individuals 

should make their financial decisions, behavioural finance shows how individuals actually do 

make their financial decisions. (Peteros & Maleyeff, 2013)  
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In the last 40 years, an extensive amount of literature has been produced, documenting 

anomalies1 in most capital markets around the world (Taylor & Wong, 2012). One of the most 

documented earnings anomalies, that are dependent on earnings surprises, is the post earnings 

announcement drift (PEAD) (Bird et al., 2013). PEAD is the drift that occurs after earnings 

announcements. The share prices tend to continue to drift in the direction of the earnings 

surprise for several months. (Bernard & Thomas, 1989) After announcements of good news, 

prices drift upwards and after announcements of bad news, prices continue to drift downwards 

(Francis et al., 2007; Setterberg, 2007). The PEAD is seen as robust due to the fact that the 

numerous studies made on the international markets showing its existence for several years in a 

row (Bernard & Sayhun, 1997). Furthermore, Bird et al. (2013) states “It seems like PEAD is as 

much alive today as it ever was” (Bird et al., 2013, p.1). 

1.2 Problematization 
In investors attempt, to identify securities that are currently being undervalued by the market 

and that they believe are likely to surge in price in going forward, they often use a variety of 

valuation and forecasting techniques to find the securities that they eventually can gain from 

buying. Efficient market hypothesis (EMH) claims that none of these techniques works. (Arffa, 

2001, p. 130) Therefore it would be very difficult for investors to either purchase undervalued 

stocks or to sell stocks at inflated prices (Fama, 1965a). It would also be unlikely to be able to 

be profitable from predicting price movements (Arffa, 2001, p. 133).  

 

When firms’ current earnings become known, EMH claims that the information should be 

incorporated into the market price, but according to PEAD, it is not. Instead a pattern have 

been discovered that when firms announce good news (bad news) in their quarterly earnings 

there is a drift upwards (downwards) in abnormal returns after the announcement. (Francis et 

al., 2007; Setterberg, 2007) This is not in line with an efficient market where prices are supposed 

to react timely to new value relevant information (Fama, 1965a; Setterberg, 2007). 

 

PEAD has been known for almost four decades and has been investigated by many researches 

over the years. Kothari (2001) states that ‘‘The PEAD anomaly poses a serious challenge to the efficient 

                                                        
1 Anomalies are deviations in the stock market, which contradict the rules of the theory of an efficient market 
(Taylor & Wong, 2012). 
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markets hypothesis. It has survived a battery of tests and many attempts to explain it away.’’ (Kothari, 2001, 

p. 196). Even though PEAD has been recognized and studied by many throughout the years, it 

is still an on-going debate whether the anomaly really is evidence for the markets inefficiency or 

just a failure to adjust abnormal returns for risk (Bernard & Seyhun, 1997). Bernard and Seyhun 

(1997) eliminate in their study any concern that risk adjustment problems would explain PEAD 

and states that the market is inefficient. Whereas Jones & Litzenberger (1970) on the other hand 

means that PEAD is an artefact of the methodology rather than that the market is inefficient.  

1.3 Question at issue 
PEAD is seen to be a robust phenomenon due to the countless studies and evidence found for 

its existence (Soffer & Lys, 1999). Even though there have been many studies done into the 

cause of PEAD on several international markets, very little focus have been on investigating the 

phenomena on the Swedish market. Sweden should not be an exception to other developed 

stock markets and therefore the drift should exist on the Swedish market. (Setterberg, 2007) 

The research that has been done on the subject is mostly done during the decades of 1980 and 

1990 and the last well regarded study on the Swedish market was done by Setterberg (2007) that 

covers 1990-2005.  Therefore the question is: do the findings of Setterberg (2007) still exist 5 

years after her study? 

1.4 Purpose  
The purpose of our thesis is to investigate if post earnings announcement drift existed on the 

Swedish market between the years 2006-2010.  

1.5 Disposition 
This study is organized as follows: section 2 describes the previous research and the underlying 

theories that affect the market. Section 3 describes our methodology, the structure of our test 

design, and will end with a methodology discussion. Section 4 describes the empirical results 

from our study. Section 5 describes an analysis of our empirical result with previous studies on 

the subject and relevant theories. Section 6 will conclude our study, the flaws that could have 

distorted our result, and suggestions for future research. Bibliography can be find in section 7 

and appendices in section 8.    
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II. THEORY & LITERATURE REVIEW 

In this section of our paper we will present the underlying theories behind our study. We will go through the 

Efficient Market Hypothesis, Random Walk, Behavioural finance and Anomalies with a focus towards 

earnings surprises and post earnings announcement drift. 

2.1 Efficient Market Hypothesis 
The efficient market hypothesis (EMH) states that stock prices at all times fully reflect all the 

available value relevant information about firms. The EMH also relates to a fundamental issue 

in accounting and finance; why and how prices change in security markets. (Fama, 1970) Due to 

the fact that EMH suggests that securities markets are efficient in reflecting information about 

both individual stocks and the stock market as a whole, it would not be possible for an investor 

to outperform the market through neither technical nor fundamental analysis (Fama, 1970; 

Malkiel, 2003). Furthermore the EMH means that when new information enters the market it is 

immediately incorporated into current prices and the release of the new information does not 

enable investors to detect patterns in the prices of securities of the markets. Such patterns 

cannot exist in an efficient market. (Peteros & Maleyeff, 2013)  

The hypothesis of efficient markets has often been divided into three different levels depending 

on how quickly new information is incorporated into prices. The three levels are: weakly, semi-

strong, and highly efficient. If the market is weakly efficient, information on historical rates is 

embedded in prices and it is not possible to obtain excess returns by using historical 

information. If the market is semi-strong efficient, all public information is embedded in stock 

prices and it is not possible to act on new public information. No one should be able to make 

extra profit from the basis of fundamental analysis. However, insider trading can still be a way 

for investors to outperform the market. When the market is highly efficient, all information, 

including past, public and private, is reflected in the current stock prices, which means that 

there can be no excess returns even when knowing insider information. (Fama, 1970) 

2.2 Random walk  
EMH is closely associated with the concept of a “random walk”, which is characterized by 

returns being random, and not dependent on previous returns. The theory of a random walk 

cast doubts on many of the methods that search to describe and predict stock price behaviour. 
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(Fama, 1965b) According to the random walk, the flow of information is immediately reflected 

in stock prices and tomorrow’s returns will reflect tomorrow’s news, and will not be connected 

with the price changes today (Malkiel, 2003). If the prices of stocks followed a random walk, all 

relevant financial information would be reflected in the current price and it would therefore not 

be possible to predict prices of the stock market (Yen & Lee, 2008). 

News is however unpredictable, which means that price changes, can be unpredictable and 

random. Consequently, according to this, prices would reflect all known information and any 

investor buying a broad portfolio of stocks should get the same return as any expert can 

achieve. (Malkiel, 2003)  

2.3 Behavioural finance 
The assumption that investors are rational and unbiased in their decision-making follows the 

theory that the market is efficient (Fama, 1965a). In practice though, the empirical evidence 

suggests the opposite; investors do not always behave in ways that are predicted of them. This 

is because their behaviour is being influenced by their surroundings and they therefore often act 

irrational and are affected by emotions in their judgement. (Shive, 2010) Investors’ irrational 

way of behaving is being explained partly by behavioural finance theory, which studies the role 

of psychology in the investment decision-making process and its effect on the market. The 

theory behind behavioural finance explains that investors will be influenced by emotional and 

psychological factors when making decisions regarding the market, and is focused more on 

trying to explain how an investor act rather than explaining how an investor should act. (Peteros 

& Maleyeff, 2013) 

 

That the theory of behavioural finance is reflected on the market is in part confirmed as 

investors treat risk differently depending on if the market is up or if it is down. That the trading 

volume of stocks goes up as the index rises could also be an indication that investors acts 

differently on the market depending on the situation. (Basu et al., 2008) The investors way of 

reacting during crisis could be summed up by: “Anyone suspecting that investors do not behave rationally 

need look no further for confirmation than the events leading up to the stock market crash of early 2000” (Basu 

et al., 2008, p. 1).  
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The development of behavioural finance was enabled through the shifted focus of the academic 

discussion, from the econometric analyses of time series on prices, earnings and dividends 

toward a creation of models that were based on human psychology and its relation to financial 

markets. The main reason behind this was that researchers had found too many anomalies on 

the market to still believe in the EMH. (Shiller, 2003) Furthermore in Frankfurter & McGouns 

study from 2001, they explain, “What today is known as behavioural finance is in fact, the anomalies 

literature” (Frankfurter & McGoun, 2001, p. 408). 

2.4 Market anomalies  
When a market deviates from the rules of EMH, the market is inefficient and these deviations 

are called anomalies (Tversky & Kahneman, 1986). The most common meaning of anomalies is 

that it is something unusual and different (Frankfurter & McGoun, 2001). Anomalies are 

suggested to be indicators that the market is inefficient (Tversky & Kahneman, 1986). Market 

anomalies often come and go and usually disappear after they have been discovered, but can 

sometimes persist. Whereas many market anomalies have disappeared since their discovery, the 

PEAD still prevails. (Chordia et al., 2009) By exploiting anomalies, investors can outperform 

the market and generate abnormal returns. Some anomalies can be used to build investment 

strategies in order to outperform the market. (Elze, 2011) The fundamental belief about trading 

strategies is that they have a life cycle, which consists of a beginning, middle and also often an 

end. It is also a belief that the strategies have limited duration, which is because when a strategy 

gets known and followed it is no longer successful. These beliefs are built on years of 

experience in strategy research. (Pardo, 2011, p.140) 

2.5 Post Earnings Announcement Drift 
Earnings surprises measure a company’s under- or over performance in comparison to the 

analysts’ expectations. Depending on size of the earnings surprise, investors react and create a 

movement on the market. (Skinner & Sloan, 2002) The interest in this topic is driven by the 

implications this has for several different factors, such as equity valuation, forecasting, debt 

rating, standard settings, and fundamental analysis (Kama, 2009). This is especially important 

when it comes to growth companies where a negative earnings surprise could be affecting the 

stock price significantly (Skinner & Sloan, 2002). 
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PEAD is the tendency for a stock’s share price to drift in the direction of an earnings surprise 

for the time following an earnings announcement. This means that positive (negative) surprises 

are followed by price increases (decreases). (Ball & Brown, 1968; Bernard & Thomas, 1989; Liu 

et al., 2003) The drift contradicts the efficiency of the stock market and poses a significant 

challenge to financial theorist (Brandt et al., 2008). It can be illustrated as figure 1.  

 

         

 

 

 

 

 

 

 

 

Ball & Brown (1968) were the first to document PEAD in 1968 and have remained one of the 

most cited in the area of PEAD research. Since their research was published many others have 

investigated the phenomenon of PEAD (Ball & Brown, 1968). The work of Bernard and 

Thomas (1989) has also been seen as very influential. The PEAD phenomenon is considered to 

be robust and is the oldest continuing market anomaly existing today (Bird et al., 2013). In 

appendix A is a table of some earlier studies that have been done in the area of PEAD. The 

table presents the authors and a short description of their study, to give an overview of the 

studies. It can be shown that most studies have been made on the US market and there are few 

studies made over the last years.  

 

Even if there has been a large amount of studies done on the area of PEAD, few have 

understood the reasons behind the phenomenon (Setterberg, 2011). Many studies believe that 

the sometimes, irrational behaviour of investors are the main cause to the PEAD existence 

(Bernard & Thomas, 1990; Rangan & Sloan, 1998; Brown & Han, 2000). Bartov (1992) states 

that it is the market participants who fail to correctly characterize the process underlying 

Figure 1. Stylized graph of how PEAD should develop after a 

company’s announcement day. (Setterberg, 2011)  
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earnings. Rangan & Sloan (1998) support in their study the results of Bernard & Thomas 

(1990), that states, “The PEAD reflects the investors tendency to anchor on a naive seasonal random walk 

earnings expectation.” (Rangan & Sloan, 1998, p.369). An example of this is that after the 

announcement of good news, returns drift upwards, whereas returns after the announcement of 

bad news continued to drift downwards (Ball & Brown, 1968; Bernard & Thomas, 1989). Other 

explanations which Setterberg (2011) points out are; “Underestimations of earnings persistence, 

underweighted forecasts due to the integral approach of quarterly reporting, or to accounting conservatism, 

inflation illusion, surprise risk, opinion divergence, trading activity by unsophisticated investors, information 

processing biases, structural uncertainty and rational learning, liquidity risk, and transaction costs” 

(Setterberg, 2011, p. 12). 

 

Since Ball & Brown (1968) first published their article, almost four decades ago, studies have 

been made in many different markets; however, few similar studies have been done on the 

Swedish market. Setterberg (2007) was one of the first to report results of PEAD on the 

Swedish market.  She claims that Sweden is in many aspects an interesting market to study, not 

only because few studies have been done in Sweden, but also since studies done internationally 

has not been able to find PEAD on the Swedish market (Rouwenhorst, 1998; Griffin, Ji & 

Martin, 2003; Doukas & McKnight, 2005). Which could indicate that the Swedish market is an 

exception to many other developed economies. However Sweden should not be an exception to 

other developed stock markets and therefore the drift should also exist on the Swedish market. 

(Setterberg, 2007) 

 

This leads us to our hypothesis: 

 

H  Post earnings announcement drift exists on the Swedish stock market 
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III. METHODOLOGY 
In this section of our study we will explain why we have chosen the data that we have and where the data has 

been collected. Furthermore we will also explain how we will do our study and what type of measurements that 

will be using. This part ends with a discussion about our methodology. 

3.1 Selection of sample and data 
To be able to answer our thesis hypothesis a quantitative method is being used, this is because 

this is the most efficient and precise way to measure our purpose. To be able to make any kind 

of generalization when using statistical data analysis, our study will have to be broad and 

relatively closed, which means that we will process a large amount of observations that has been 

predefined for the Swedish market (Jacobsen, 2002, p. 281). Furthermore, this thesis has a 

deductive approach, which means that we will analyse our observation through an existing 

theoretical framework that have been used earlier; in this case to investigate whether the post 

earnings announcement drift exists on the Swedish market. In order to do this it is necessary to 

perform a study that extends over a number of years.  

3.1.1 Population and time period 
The population for our study are all companies publicly traded on the Swedish stock market, 

during the years 2006 and 2010. During this time period we have included the living companies 

but also all the companies that have “died” during the period, which means that they could have 

been bought, been delisted or have went into bankruptcy during the observed years. This has 

been taken into account to get an as accurate picture as possible, and to avoid bias when 

observing the drift during the years. The time period was chosen due to the fact that Setterberg 

(2007), which is one of the few studies made on the Swedish market, did her study between the 

years 1990–2005, and we saw that it would therefore be interesting to investigate the years after 

her study was made. We also investigate the PEAD for all firms on large-, mid- and small cap2.  

3.1.2 Selection sample breakdown 
There are several different factors that make it difficult to get complete data to include a study 

for every year and every quarter. One of the problems is that the database that provides the 

                                                        
2 Large cap consists of companies with a market capitalization higher than 1 billion euro. Mid cap cinsists of 
companies with a market capitalization between 150 million euro and 1 billion euro and small cap consists of 
companies with a market capitalization lower than 150 million euro. (Nasdaq OMX Nordic, 2013) 
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The table shows the total observations that have been excluded due to 
different criteria’s. The observations from the start are calculated from 
the total amount of unique companies that were included in the 
consensus data times the number of quarter (20) during our time period.  

 

consensus data only covers companies registered in Sweden, which means that those who are 

not registered in Sweden could not be included in our study. Examples of firms that are 

registered outside of Sweden are AstraZeneca and Stora Enso, and therefore they will not be 

included in our study. Some quarterly announcement dates are not always available due to the 

fact that they have not been published or been removed.  

 

Table 1 shows the final sample that we got enough information on to be able to do our study 

for each quarter. It was necessary to exclude some observations which could have made the 

study misleading for different reasons. Even if this study has had some loss of observations, it 

still has sufficient data to be regarded as reliable and trustworthy. The largest loss from our total 

sample was those companies that were missing either consensus data or information about their 

quarterly report in the dataset. We also made the decision to exclude 8 observations due to that 

their SUE-value, which will be explained under test design, were too extreme. This could have 

happened due to errors in the databases. As Setterberg (2007), we have also chosen to exclude 

firms within the financial sector from our sample. This is because these firms often have other 

accounting policies than companies in non-financial sectors, which can complicate the 

comparison with other companies. For companies that have shares with different voting rights, 

we have chosen to use the stock that has the highest turnover volume. We have also excluded 

all companies that have different financial years; this is because we want all companies to be 

measured by the same market situation at each quarter. Lastly, we excluded the observation 

where we were not able to find the announcement date for the company. 

Table 1. 

Selection sample breakdown 

Exclusion criteria Loss Observation 

Start (227 companies) 
 

4 540 

No accounting or consensus data -2 372 2 168 

Loss due to extreme SUE-values -8 2 160 

Companies within financial sector -137 2 023 

Loss due to different financial year -124 1 899 

No quarterly report dates -38 1 861 

Final observations (164 companies)   1 861 
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The most extensive study that have been made on the Swedish market until today is the one 

made by Setterberg (2007) where she has a total of 4 241 firm quarter observations from 130 

companies during the time period 1990 – 2005 (Setterberg, 2007). Even though we lost over 

half of our total sample, the final sample of 1 861 observations will be, regarding to average 

observation per quarter, one of the most extensive samples for a study with a focus only on the 

Swedish market. See appendix F for a complete list of all companies and their active quarters 

for our study.  

3.1.3 Data sources 
To be able to execute this study, we have been using several databases and programs to obtain 

the dataset that we need. These databases and the programs that we used to do the statistical 

analyses through are listed below;  

 FactSet: Net income on a quarterly basis is retrieved through this database. In cases 

where accounting data is missing or is incomplete, supplemented data is manually 

collected from each company's quarterly report.  

 FactSet: The announcement dates is obtained from this database. In cases where data is 

missing or is incomplete, supplemented data is manually collected from each company's 

quarterly reports.  

 Factset: All observations are converted to Swedish kronor, if not already reported in 

SEK, exchange rates used with coinciding dates.  

 Thomson Reuters Datastream: Share prices are obtained from this database. 

 Stata: Multiple regression analysis was performed in this statistic data program. 

 Consensus data was received from our supervisor Mattias Hamberg.  

3.2 Test design 
This thesis will test if PEAD exist on the Swedish market with two different methods. The first 

method starts by ranking the companies by an elimination variable, which will create portfolios 

for the companies that are ranked among the 10% highest and 10% lowest by that variable. The 

abnormal return that these portfolios have after 60 trading days will then be calculated. If a drift 

exists on the Swedish market, the portfolios that consist of the companies that were among the 

highest 10 % should have drifted upwards after the release of their quarterly reports and the 
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portfolio that consists of the companies that were among the 10 % lowest should have drifted 

downwards.  

 

The second method that we will use is a multiple regression analysis to see whether the drift 

that may occur is statistically significant. This will be done by setting the abnormal return after 

60 days to the dependent variable and then set dummies for the two portfolios that consist of 

the companies that were ranked among the 10% highest and 10% lowest.  

3.2.1 Method 1 – Creating portfolios 
The explanation of method 1 will be divided into four steps; Calculating Standardized 

Unexpected Earning, Calculating Abnormal Return, Calculating Buy-and-Hold Abnormal 

Return, and Creating an overview 

3.2.1.1 Step 1 – Calculating Standardized Unexpected Earnings 
The variables that are needed to be able to calculate the Standardized Unexpected Earnings 

(SUE) is a company’s announced earnings, the expected value for that company’s earnings and 

the standard deviation of the expected earnings. This will be the elimination variable due to its 

use in earlier studies within this area. (Setterberg, 2007)  

 

For both announced earning and the expected value, net income has been used. To get the 

expected value, we will use consensus data. Our consensus data sample consists of 37 227 

analytical expectations. If these were distributed equally per company, it would be around 11 

expectations for each company in each quarter. However, larger companies often have more 

analysts who follow them and therefore also get more expected values before releasing an 

earnings announcement. Table 2 presents the descriptive statistics of our consensus sample. In 

appendix B, is a graph that shows the distribution and frequency of a certain number of 

analytical expectations per company. Because this is a secondary data source there is a risk that 

some of the expected values are outliers compared to other values for a specific company. We 

will therefore use the median and not the average when we calculate the expected value for each 

company and quarter. The standard deviation is then calculated from the consensus data for 

each company for every quarter. 
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The table shows descriptive statistics of the analytical expectations. The Sum is all the consensus data that we had for that quarter. 
The Maximum, Quartile 3, Mean, Quartile 1, and Minimum are the number of analytical expectations for specific companies.  

 

Table 2 

Descriptive statistics of analytical expectations 

 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 

Sum 1 227 1 161 819 536 1 808 1 644 1 241 881 2 149 1 935 

Maximum 63 53 39 24 81 53 38 27 112 81 

Quartile 3 11 11 8 5 15 15 13 8 17 19 

Mean 10 9 7 4 13 11 9 7 15 13 

Quartile 1 3 4 3 2 4 4 3 3 3 5 

Minimum 1 1 1 1 1 1 1 1 1 1 

 
2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

Sum 1 427 1 048 3 396 2 729 1 946 1 000 4 688 3 574 2 717 1 301 

Maximum 62 42 133 106 73 43 123 95 71 47 

Quartile 3 14 10 34 25 18 10 41 33 25 12 

Mean 10 7 22 17 13 7 27 21 16 9 

Quartile 1 4 3 5 4 3 2 3 3 3 2 

Minimum 1 1 1 1 1 1 1 1 1 1 

 

 

 

SUE is then calculated by subtracting the median of the consensus data for a specific company 

and quarter, which is the expected earnings, from the announced earnings and then divided by 

the standard deviation for that specific company and quarter. The formula is illustrated down 

below.  

 

       
        [      ]

    
 

 

         = the standardized unexpected earnings for firm i at quarter q 

         = the reported earnings for company i at quarter q 

 [      ]   = the expected value of for company y i before quarter q 

      = the standard deviation of expected earnings i before quarter q 

 

After SUE has been calculated for every company in each quarter, we will rank the companies 

after their values. Before we rank them, we will exclude companies that get an extremely high or 
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This table shows, for each quarter, the 10% of the total 
sample of companies that we have sufficient data to perform 

our study for.  

low SUE compared to the other values. This will be done due to the same reason that we chose 

median instead of average when calculating the expected value, to hedge ourselves from the risk 

that one of the variables in the formula is extreme and therefore distort the outcome. When the 

companies have been ranked on their SUE value, we will select the highest 10% and the lowest 

10% for each quarter. Due to this, the amount of companies that are within the highest or 

lowest 10% will shift depending on how many companies that we are able to calculate the SUE 

for in that quarter. In table 3, we have presented the number of companies that are 10% of the 

whole sample for that quarter.  

Table 3 

10 % of the total sample for each quarter 

 
Q1 Q2 Q3 Q4 

2006 6 6 7 7 

2007 6 8 9 9 

2008 10 11 11 9 

2009 11 11 11 9 

2010 12 13 12 10 

 

 

 

The companies that are within the highest 10% will create the p_LONG portfolio which we, if 

we were to implement this as an investment strategy, would buy. The companies that are within 

the lowest 10% will create the p_SHORT portfolio which we, if we were to implement this as 

an investment strategy, would short sell. We will also create a third hedged portfolio which will 

be called p_PEAD where we subtract the p_SHORT portfolios returns from the p_LONG 

portfolios returns to illustrate how an investment strategy would develop if it was possible to 

implement.  

3.2.1.2 Step 2 – Calculating Abnormal Return 
After SUE has been calculated, we will calculate the abnormal return (AR) for each company. 

We calculate the AR from 10 trading days before each company’s announcement date until 60 

trading days after. The reason why we calculate the AR from 10 trading days before is to be able 

to see how the stocks develop before the announcement date. The choice of calculating AR 

until 60 trading days after is because Foster et al. (1984) found in their study that 80% of the 

drift, which comes after an announcement, occurs within 60 days. The AR will be calculated 
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through subtracting the return that a market index has for each day from the return that a 

specific stock has for each day.  

                

 

       = The abnormal return for stock i at time t 

      = The net return for stock i at time t 

     = The net return for the market portfolio at time t 

3.2.1.3 Step 3 – Calculating Buy-and-Hold Abnormal Return 
When the AR has been calculated, we can then use this information to calculate our buy-and-

hold abnormal return (BHAR). This way of measuring the drift has been used by earlier studies 

which prove its relevance for our study (Setterberg, 2007). The BHAR will also be calculated 10 

trading days before the announcement until 60 days after because it is through calculating the 

BHAR that makes it possible to observe a possible drift. BHAR works exactly as the name says; 

we will buy the stock 10 trading days before the announcement day and then hold it until 60 

trading days after. To be able to see more clearly how the stock develops after the 

announcement day, we will also calculate BHAR when we buy the stock at the announcement 

day. BHAR is calculated as the product of each day’s AR from the day that you buy until the 

day that you want to measure as seen by the formula below. 

     (     )  ∏(       )   

  

    

 

        = The abnormal return for stock i at time t 

 

The BHAR will also be calculated for our portfolios where we will weight every company that is 

a part of a portfolio equally. Through this, we will be able to see the BHAR for all portfolios 

and will make it possible for us to compare the drift between them. The BHAR of the p_PEAD 

portfolio will be calculated through subtracting the BHAR of the p_SHORT portfolio from the 

BHAR of the p_LONG portfolio.  

 3.2.1.3 Step 4 – Creating an overview 
To be able to compare the drift in a way that it will be easy to understand and analyse, we will 

create 30 graphs that will be based on the format of figure 1. Of these 30, 20 graphs will be for 
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each quarter which will consist of p_LONG, p_SHORT and p_PEAD for that quarter. We will 

also create graphs for each year (5) and each quarter (4) where a compounded p_LONG, 

p_SHORT and p_PEAD will be included. Finally, we will also make a compounded graph that 

includes all quarters’ p_LONG, p_SHORT and p_PEAD. 

 

Due to the fact that we do not know if the SUE values are fully correlated with a company’s AR 

after 60 trading days, we will also create a graph were the companies are ranked by their AR 

after 60 trading days for each quarter. This will select the companies that generate the highest 

respectively lowest AR after 60 trading days and will illustrate a situation where the best and 

worst companies are picked out to be included in the p_LONG and p_SHORT portfolios.  

3.2.2 Method 2 – Multiple regression analysis 
We will through a multiple regression analysis test how the portfolios that have been created 

through step 1 in method 1 determine the AR. The equation and its variables are stated below.  

 

                                                                

                                     

 

      = The abnormal return after 60 trading days 

    = Constant  

        = Dummy where companies within the p_LONG portfolio equals 1 

         = Dummy where companies within the p_SHORT portfolio equals 1 

          = Dummy where companies that is not within the p_LONG or p_SHORT 

portfolio equals 1 

        = Dummy where companies within 2006 equals 1 

        = Dummy where companies within 2007 equals 1 

        = Dummy where companies within 2008 equals 1 

        = Dummy where companies within 2009 equals 1 

        = Dummy where companies within 2010 equals 1 

       = Dummy where companies within quarter 1 equals 1 

        = Dummy where companies within quarter 2 equals 1 

        = Dummy where companies within quarter 3 equals 1 
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        = Dummy where companies within quarter 4 equals 1 

   = Error constant 

 

Due to the fact that we have three sets of variables that sums up to the total amount of 

observation (D_LONG, D_SHORT, D_OTHERS; D_Y06, D_Y07, D_Y08, D_Y09, D_Y10; 

D_Q1, D_Q2, D_Q3, D_Q4) we will have to omit one of the variables in each of these sets. 

(Suits, 1957) We have chosen to omit the D_OTHERS variable in the first set so that we 

observe if there is a distinguishable difference between the p_LONG and p_SHORT portfolio 

when it comes to how it affects the AR. We also chose to omit the first year and first quarter 

which means that the result that we get will be how much a dummy e.g D_Y07 differs from the 

variables that have been omitted. Because we don’t know if our total sample follows a similar 

pattern, we will do the regression with an adjustment for heteroscedasticity to get a trustworthy 

result (Lin et al., 2011). The equation that will be used is therefore:  

                                                             

               

We will, in line with statistical theory, choose to accept the variables impact on the dependent 

variable if the p-value for this is lower than 5% which means that it is statistically significant 

(Pallant, 2010, p. 161). 

3.3 Methodology discussion 
The advantage of quantitative data for our study is that we are able to collect a more extensive 

sample and it saves time, compared to qualitative data. Due to the fact that this study requires a 

vast amount of data, our only possibility is to use a quantitative approach if we are going to use 

these measures, which is the only way to investigate the PEAD phenomenon on all the 

companies on the Swedish market. The data from the quarterly earnings announcements is 

classified as secondary data, which means that it is a compilation of previously collected data. It 

is always difficult to know whether the information in the secondary data is correct because we 

have not collected the raw data ourselves. However, we believe that due to fact that auditors 

approve the announcements before they go public, they increase the validity of these and the 

values that are stated in them. The databases that we have collected the data from, Datastream, 
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Factset, and our supervisor Mattias Hamberg are all databases that are trustworthy and nothing 

that we believe will lower our validity.  

 

The elimination variable that we have used to calculate earnings surprise in our study is SUE. 

The reason for why we have chosen to use SUE, instead of measures like Earnings 

Announcement Return (EAR)3, is due to the extensive background that SUE has as being the 

elimination value in these types of studies. Some of the most commonly cited authors in this 

field such as Bernard & Thomas (1989) and Foster et al. (1984) have used SUE. We want to be 

able to compare the result that we get with earlier studies, and we therefore believe that it is 

important to use a similar method when calculating the earnings surprise.  

 

Beside the method that we have used to calculate the drift, BHAR, there is also one another 

well regarded method that several authors previously has used, Cumulative Abnormal Return 

(CAR)4. We have not tested this method on our sample but earlier studies such as the one done 

by Bernard & Thomas (1989) shows that the result that these presents, does not differ that 

much. Since our study will be covering the 60 trading days after the day of the announcements, 

the difference that these two would give would probably be very small. The reason why we 

chose BHAR is that this is more correct due to the fact that it takes the interest on interest in 

account, which would create a larger difference if it were measured over a longer time period. 

 

We have chosen to include both living and dead companies, which comes with both positive 

and negative effects. As explained earlier, the inclusion of dead companies gives our result more 

validity but it could also mean that the result will be distorted. This could happen if one of the 

companies that are included in one of the portfolios dies during the time period that we 

measure the BHAR. To decrease the extent of any potential distortion, the stocks that die 

during our time period will be given the same stock price that it had the last living day for the 

rest of the period. The fact that we have a quite large loss of companies for our first six quarters 

could mean that the results of these are distorted. Even though the result of these quarters 

                                                        
3 EAR measures the earnings surprise by observing the AR a company has the days, often 3, around an 
announcement (Foster et al., 1984). 
4 CAR measures the drift by adding the AR for each day together (Bernard & Thomas, 1989), in comparison to 
BHAR by multiplying them. 
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produces similar result as the later quarter in our time period, we could not be sure that the 

effect would be the same if all companies in these quarters were included.  

 

Since we measure the BHAR from the day that each company releases their quarterly report, 

our study would not be possible to implement as an investment strategy. If we would want to 

test if this would function as an investment strategy, the first day that we start measuring BHAR 

would be the day that the last company releases their quarterly report. This has to be done 

because the choice of sample for the portfolios is based on the SUE which means that all 

companies must have reported for us to be able to rank them.  

 

The sum of our entire consensus database is 37 227 expected values done by analysts, which 

mean that if they were divided evenly per company, there would be around 11 expected values 

for each quarter. However, larger companies have more analysts that follow them and therefore 

also get more expected values before releasing an earnings announcement. Since a large 

population creates a more robust standard deviation, the smaller companies that are not 

followed to the same degree, could get a standard deviation that is not as correct as the one that 

the larger companies get. This could be a flaw that can create a misleading result. 

IV. RESULT 

In this section of our study we will present our results. We will first present results for the created portfolios and 

go trough the compounded and the separated BHAR for the quarters and years. After that we will present the 

multiple regression analysis and the descriptive statistics. In the end we will present a graph for the compounded 

BHAR for extreme values.  

 

The result, for the 1861 observations, over every quarter between 2006 and 2010 show that 

there is no significant PEAD on the Swedish market. From figure 2 we cannot see any clear 

drift after the announcement day in either of the portfolios. It is hard to draw any conclusions 

concerning if the PEAD exist on the Swedish market from our result. Though, we can interpret 

that both the p_LONG and the p_SHORT portfolio reacts in its expected direction on the day 

of the announcement. After this reaction, the development of the portfolios is at a consistent 

level and does not drift significantly in any direction. The p_PEAD portfolio does not either 
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show a significant drift but it could indicate a small positive BHAR after 60 trading days. See 

appendix E for a more detailed illustration the BHAR for both the p_LONG and p_SHORT 

portfolio for every quarter. 

 

 

 

We cannot see any pattern in how the portfolios develop when comparing all quarters. Figure 3 

and figure 4 illustrates how the three different portfolios develop during two different quarters 

in two different years. Figure 4 shows a result that we could interpret as evidence that PEAD 

exist on the Swedish market but on the other hand figure 3 shows a completely different result. 

That there is only one year between these and that they are both in the second quarter shows 

how much it could differ from year to year.  
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Figure 4. The graph shows the drift before and after 
the announcement day for the second quarter, 2010, for 
all three portfolios. The y-axis is the BHAR in 
percentage and the x-axis is the trading days before 
and after the announcement day (day 0) is presented. 

Figure 3. The graph shows the drift before and after 
the announcement day for the second quarter, 2009, 
for all three portfolios. The y-axis is the BHAR in 
percentage and the x-axis is the trading days before 
and after the announcement day (day 0) is presented. 

 

Figure 2. The graph shows the compounded BHAR for all three portfolios. At the y-axis the BHAR in 
percentage is measured and at x-axis the trading days before and after the announcement day (day 0) is 
presented. 

Days 
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In appendix C, the graphs for each quarter are presented and the small sample for the portfolios 

in 2006 does not seem to imply a different result than the other years. Neither of the 

compounded graphs in appendix D.1 or D.2 shows that there is a consistency over our time 

period in the direction of the drift after the announcement date. Even though this is true, the 

representativeness of the result in 2010 towards the whole market is considerably higher than 

the representativeness of the result in 2006. The year of 2010 indicates the strongest drift for 

the p_PEAD portfolio. However, the drift does not seem to be a result that both the p_LONG 

and the p_SHORT portfolio drift in the expected direction but rather that the p_LONG stays 

around zero while p_SHORT drifts downwards.  

 

From table 4, we can see that the coefficient for D_SHORT is significant on a 5% level while 

the coefficient for D_LONG is not significant. The result we get from the multiple regression 

analysis is that companies in the p_SHORT portfolios drifts downwards with 3,11% compared 

to the rest of the companies. As can be seen from the table is that the R2-value is quite low with 

degree of explanation of only 1,54%. 

 

                                                                             

                                                       

 
Table 4 

Multiple regression analysis 

Dependent variable: AR Coef. 
Robust Std. 

Err t p-Value 95% conf. Interval 

D_LONG 1,55% 1,10% 1,41 0,160 -0,61% 3,70% 

D_SHORT -3,11% 1,33% -2,33 0,020* -5,72% -0,49% 

D_Y07 -1,91% 1,21% -1,59 0,112 -4,28% 0,45% 

D_Y08 -0,57% 1,47% -0,39 0,697 -3,45% 2,31% 

D_Y09 0,68% 1,11% 0,61 0,544 -1,51% 2,86% 

D_Y10 -0,97% 1,05% -0,93 0,354 -3,02% 1,08% 

D_Q2 3,77% 1,03% 3,67 0,000* 1,75% 5,79% 

D_Q3 3,52% 1,01% 3,47 0,001* 1,53% 5,51% 

D_Q4 4,44% 1,21% 3,68 0,000* 2,07% 6,80% 

_cons -2,37% 1,06% -2,25 0,025* -4,45% -0,30% 

       R2      = 1,54% 
      

* = Significant result on a 95% level 
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The mean, minimum and maximum AR and SUE which the companies that each of the 

variables consists of, can be observed in table 5. What is interesting to see in these descriptive 

statistics is that even though the p_LONG portfolios did not present a significant result, the 

mean of the companies’ AR within this portfolio is still around 1,8 percentage points above the 

mean of the whole sample.  

 

 

As can be seen from the p-values in table 4, the p_LONG and p_SHORT portfolios do not 

generate the highest respectively lowest AR after 60 trading days. To illustrate this, we created a 

graph which shows the situation when the p_LONG and p_SHORT portfolios consists of the 

companies with the highest respectively lowest AR after 60 trading days. In the figure 5, these 

portfolios indicate an extremely strong drift in both directions5.  

 

 

 

                                                        
5 Note that this is an extreme case that would imply 100% correlation between a company’s SUE value and its AR after 60 

trading days. 

Table 5 

Descriptive statistics 

  
Mean Min Max 

Variable Observations AR SUE AR SUE AR SUE 

Whole sample 1861 -0,12% (-0,90) -63,55% (-87,26) 149,20% (76,78) 

p_LONG 188 1,59% (9,44) -44,19% (0,84) 45,67% (76,78) 

p_SHORT 188 -3,07% (-14,30) -63,55% (-87,26) 60,81% (-1,60) 

OTHER 1485 0,04% (-0,51) -60,97% (-14,7) 149,20% (11,6) 

Y06 254 0,48% (-0,05) -37,48% (-49,71) 50,82% (69,47) 

Y07 317 -1,27% (0,80) -47,52% (-37,36) 55,42% (76,78) 

Y08 404 -0,15% (-3,07) -58,30% (-87,26) 149,20% (13,47 

Y09 418 1,03% (-1,46) -54,99% (-59,12) 72,88% (30,94) 

Y10 468 -0,65% (-0,13) -63,55% (-63) 65,87% (64) 

Q1 448 -3,02% (-0,63) -60,97% (-50,33) 45,67% (21,21) 

Q2 477 0,70% (-0,28) -48,36% (-63) 87,68% (64,12) 

Q3 490 0,44% (-1,53) -63,55% (-65,72) 72,88% (28,95) 

Q4 446 1,32% (-1,13) -55,70% (-87,26) 149,20% (76,78) 

The table shows the descriptive statistics for the variables in our multiple regression analysis. The numbers written 
in a parenthesis are the SUE for these variables while the others are the AR. 
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V. ANALYSIS 

In this section, we will present an analysis of our empirical results compared to previous studies on the subject and 

relevant theories.  

In accordance to the international studies of Doukas & McKnight (2005), Rouwenhorst (1998), 

and Griffin, Ji & Martin (2003) we find limited proof that a drift in AR exist on the Swedish 

market. Our proof is related to the companies within the p_SHORT portfolio that drift 

downwards during the 60 trading days after a company’s announcement report. Our result 

differs from earlier findings that have found a drift for portfolios that have been similarly 

structured as ours for example Bernard & Thomas (1989) that get the result of 4,2% for their 

p_PEAD portfolio after 60 trading days. For the companies that are included in the p_LONG 

portfolio, we cannot see a drift that is significantly proven. Because of the fact that we only get 

significant results for the p_SHORT portfolio and that the graphs for each quarter is far from 

predicted patterned, we are uncertain of whether the results that we get are representative for 

how the reality actually looks like or if this is just a coincident. Interesting to highlight is the low 

R2-value and the reason behind it. This value explains how much of our equation that explains 

the AR after 60 trading days. We believe that it would be strange if the earnings surprise was the 

only cause for the AR after 60 trading days due to the numerous factors that affect the market  

In comparison to other studies made in this area, like the one by Setterberg (2007) that covered 

15 years, our study covers a narrower time period of five years, which could distort our result. 

Figure 5. The graph shows the compounded BHAR for all three portfolios, created with the extreme values (the 
companies with the highest and lowest AR, after 60 days). The y-axis is the BHAR in and the x-axis is the trading 
days before and after the announcement day (day 0) is presented. 

Days 
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An abnormal year within a smaller time period would affect the total result to a larger degree 

than an abnormal year in a longer time period. 2008 and 2009 were two extreme years where 

the market was very volatile, which was a consequence of the financial crisis and its effects on 

the market. That our study is covering five years where two of those years could be seen as 

extreme, can implicate a larger distortion of our result. Basu et al. (2008) says in their study that 

investors tend to act irrationally during financial crises. The result that we get from out study is 

inconsistent with the thoughts of Basu et al. (2008). The significant result of the p_SHORT 

portfolio could be an indication that investors act irrational, but it is nothing that we can be 

certain of since neither the drift for the p_LONG portfolio is significant nor that the graphs 

show a patterned result over the years.  

Fama (1970) states that different levels of efficiency exists on the market. The semi-strong level 

should reflect all information that is currently publicly available and from the past (Fama, 1970).  

Our analysis of this theory is that as the levels of efficiency on the market goes down; the more 

information will be unknown for investors. There is, however, a risk that information that is 

held back leaks out on the market which, if the share price reflects all information, should create 

a drift. That the drift does not exist on the Swedish market, or at least not as much as was 

expected, may come from that available information is reflected better and that the Swedish 

market, therefore, is more efficient than other markets. If the lack of distinct results is an effect 

of that the market having become more efficient in this area is hard to say but that would mean 

that the new information that is released together with a company’s quarterly result is quickly 

incorporated in the stock price.  

Most studies that have been made on this subject have been done during the 1980’s and 1990’s 

on the US market and the last well regarded study made on the Swedish market is the one made 

by Setterberg (2007) that covered 1990-2005. We do not believe that the difference in size of 

the Swedish stock market and the US stock market should affect our result due to that the 

Swedish stock market is well developed and functioning. That our study covers a relatively new 

time period could be a consequence that we do not get as significant result as earlier studies 

have found. The PEAD phenomenon may have become better known and exploited by larger 

investors like hedge funds. This could be an indication that PEAD may be in the beginning of 

the end in the life cycle that Pardo (2011, p.140) explains in his book.  
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5.2 Possible flaws in our study 
When doing a study that handles such vast amounts of data processing, there is a risk that an 

error is made during the process. This could be part of the reason why our result does not 

follow the same pattern as earlier studies as for example Setterberg (2007). The reason could 

also be linked to external factors, such as market volatility or investors behavior, which was 

explained earlier.  

 

That the companies that were in the p_LONG and p_SHORT portfolio did not provide the 

highest respectively the lowest AR after 60 trading days was quite obvious in our result which 

could be an indication that the variable that selected these companies may have been inaccurate. 

The SUE variable could vary a lot depending on the standard deviation of the analysts’ expected 

value. Since the number of analytical expectations varies from 1 to 133 this could create 

distorted SUE values which later would divide the companies incorrectly.  

 

In our study, we had fewer observations for the year 2006, which lead to that the portfolios in 

2006 consisted of fewer samples in comparison to the other years. This could create a flawed 

reaction due to the fact that a separate company with an extreme development could affect the 

whole portfolios development to a greater extent. However, when looking at all the quarters, 

the quarters of 2006 did not seem to stand out in a very different way in that respect. Since the 

quarterly samples that have been used in our study are so small in regards to the total amount of 

companies, the conclusion that can be drawn may not be representative for the whole market. 

What most of the previous studies that have been made on this subject has in common is that 

they have been done on a more extensive time period for example Setterberg (2007), which 

studied this phenomenon for 15 years. Due to the fact that our study only covers five years it is 

more vulnerable to market volatility and also extreme company events. The fact that the market 

went into a global financial crisis in the middle of our time period, could affect both how the 

investors act and how the companies perform which therefore would distort our results.  
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VI. CONCLUSIONS AND FURTHER RESEARCH 

Our purpose of this study was to investigate if PEAD exist on the Swedish stock market. We 

can through our results that are illustrated as graphs for each quarter not conclude that there is 

a distinctive pattern in how the portfolios develop after the announcement day. However, 

through multiple regression analysis, we get a significant result, on a 2% level, that the 

companies within p_SHORT have drifted 3,11% in a negative direction compared to our total 

sample. The p_LONG portfolio does not provide any significant result. Because of this, we can 

partially accept our hypothesis, though to a very small degree and only for companies that are 

within the 10% lowest SUE for each quarter (p_SHORT).  

6.1 Conclusion  
To see if we can accept our hypothesis, if PEAD exist on the Swedish market, we have focused 

to look at the correlation between a company’s earnings surprise, SUE, and the AR after 60 

trading days. If PEAD existed on the Swedish market, this would be most distinguishable for 

the companies that have the highest respectively lowest SUE. The sample for the two portfolios 

p_LONG and p_SHORT were selected after the criteria that they had the highest 10% SUE or 

the lowest 10% SUE for each quarter. The AR were then calculated for every observation in 

our sample and the portfolios which then made it possible for us the calculated the BHAR of 

these. To be able to make any conclusions about whether PEAD exists or not, we created 

graphs for each quarter and made a multiple regression analysis. The graphs and the multiple 

regression analysis made it possible to see if there is a pattern in how the portfolios develop 

after their announcement day and dependent the AR is of these variables.  

 

Through our results we can draw the conclusion that there is inconsistent evidence that PEAD 

exist on the Swedish market during the year 2006-2010. This infers that we get a significant 

result for a negative drift for the p_SHORT portfolio but no significant result for the P_LONG 

portfolio for a drift in any direction. The reason that our result differs from earlier studies could 

be a combination of many factors; our sample for some quarters is quite low, standard deviation 

errors when calculating SUE, the short time period and the fact that two of the five years was 

affected by the financial crisis.  
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6.2 Future research  
For further research it could be interesting to investigate if the pattern we did not found is 

consistent throughout more than our time period. It could also be interesting to observe how 

the drift is separated between years with different conditions, for example a year during a 

financial crisis and a normal year. Could it be that some markets are more sensitive and show a 

larger drift than others, if yes, why is that? If the drift would be different during a year of 

financial crisis, it could also be interesting to investigate the reasons behind this and if it had 

anything to do with a lack of investors trusts towards companies. Another suggestion could be 

to examine a more precise reason behind the phenomena in general and do a qualitative 

research under the area of behavioural finance to be able to get a better understanding of the 

investors’ behaviour and how it could affect the market. It would also be interesting to 

investigate if there is a similar pattern on the other Nordic markets due to the similarity that the 

Nordic markets have.  

 

The study that we have made has been focused on testing if PEAD exist on the Swedish 

market. The result that we got was not that convincing but even if it had been, it would not be 

possible to implement a trading strategy on it. It would therefore be interesting to do a study 

that is fully implementable on the market. 
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VIII. APPENDICES 

 

 

The table presents an overview of previous studies done on the area of PEAD 

Authors 
(year) 

Observations Time 
period 

Market Description 

Ball and Brown 
(1968) 

 

x 1946 - 1966 US First to note that the share price had a tendency to continue to drift for up 
to several months after the financial information was published. The share 
price drifted up for "good news" firms and down for "bad news" firms. 

Bartov (1992) 
 
 
 

2 056 
(Firms) 

1979 - 1987 US Presents an empirical study of that the market inefficiency is the 
explanation for the observed PEAD in stock prices.  The findings support 
the failure of the market to characterize the process underlying earnings 

correctly and suggest that this failure fully explains PEAD. 

Bernard & 
Seyhun (1997) 

110 000 
(Firm-quarters 

of data) 
 
 

1971 - 1991 US Finds evidence for that the stocks that have recently announced good 
earnings news dominate those that recently announced bad news. The 
result of the study cast doubt on any belief that asset pricing model 
misspecifications might explain PEAD. 

Bernard & 
Thomas (1989) 

84 792 
(Firm-quarters of 

data) 

 

1974 - 1986 US Seeks to discriminate between the different explanations of PEAD. Claim 
that it exists two alternative explanations for PEAD; a failure to adjust 
abnormal returns fully for risk and a delay in the response to earnings 
reports.  

Bernard & 
Thomas (1990) 

2 649 
(Firms) 

1974 - 1986 US Shows a consistent failure of stock prices to reflect the implications of 
current earnings for future earnings. The stock prices reflect a naive 
earnings expectation; that the future earnings will be the same to earnings 
for the comparable quarter of the prior year.  

Brown & Han 
(2000) 

3 617 
(Firms) 

1961 – 1993 
 

US Extends previous research as the one from Bernard & Thomas, which has 
concluded that stock prices do not fully reflect the implications of current 
earnings for future earnings. Study shows that stock prices do not fully 
reflect the implications of current earnings for future quarterly earnings.  

Chordia & 
Shivakumar 

(2005) 

181 752 
(Firm-quarters of 

data) 

 

1971 - 2001 US Examines the effects of the “inflation illusion hypothesis” for the PEAD. 
The inflation illusion hypothesis suggests that stock market investors fail to 
incorporate inflation in forecasting future earnings growth rates, and this 
causes firms whose earnings growths are positively (negatively) related to 
inflation to be undervalued (overvalued). 

Doukas 
(2005) 

3 084 
(Firms) 

1988 - 2001 Europe 
(13 countries) 

Suggests investors’ psychological conservatism is reflected on the 
systematic errors they make in forming earnings expectations. Therefore 
investors undervalue the statistical weight of new information.  

Griffin et al. 
(2003) 

x x International 
(40 countries) 

Examines examines the relation between momentum and the macro 
economy around the globe. 

Malkeil 
(2003) 

x x US States that as long as stock market exists, the investors’ judgment will 
sometimes make mistakes. The result of this is that patterns and pricing 
irregularities in stock returns can appear over time.  

Rouwenhorst 
(1998) 

2 190 
(Firms) 

1978 -1995 Europe 
(12 countries) 

Documents international return continuation in 12 European countries. 
Find that return continuation is negatively related to firms’ size.  

Setterberg 
(2007) 

 
 
 

130 
(Firms) 

1990 - 2005 SWE First to report results on the post-earnings announcement drift in Sweden. 
Finds evidence for both a post earnings announcement drift and a returns 
momentum effect at the Swedish stock market. (2007) 
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This graph shows an overview of the frequency of analytical expectations. The y-axis is the 
frequency of companies-observations and the x-axis is the numbers of analytical expectations for 
companies. 
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 Appendix C.  
These graphs illustrate the drift for each quarter for every year. The y-axis is the BHAR in 
percentage and the x-axis is the trading days before and after the announcement day (day 0) is 
presented. 
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Appendix D.1 
These graphs illustrate the compounded drift for each quarter. The y-axis is the BHAR in 
percentage and the x-axis is the trading days before and after the announcement day (day 0) is 
presented. 
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Appendix D.2  
These graphs illustrate the compounded drift for every year. The y-axis is the BHAR in 
percentage and the x-axis is the trading days before and after the announcement day (day 0) is 
presented. 
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Appendix E 
This table shows the p_LONG and p_SHORTS development the days after earnings 
announcement. 

Abnormal return 

      Days 

Year/quarter 
Portfolio 
sample Portfolio 10 20 30 40 50 60 

2006Q1 6 
LONG -0,52% -1,97% -1,83% 0,13% 2,17% 2,64% 

SHORT -0,86% -2,14% 0,86% 2,51% 3,32% 2,25% 

2006Q2 6 
LONG 2,57% 0,93% -0,37% -2,18% 0,27% -0,55% 

SHORT -0,06% -0,26% -1,04% -3,12% -6,59% -5,42% 

2006Q3 7 
LONG 0,13% 0,84% 3,78% 4,10% 4,08% 2,55% 

SHORT -0,85% 0,93% 0,29% 0,36% -0,01% 2,49% 

2006Q4 7 
LONG -0,62% -0,04% -0,11% 3,80% -1,63% -0,79% 

SHORT 0,10% 1,83% 4,50% 4,99% 2,63% 1,44% 

2007Q1 6 
LONG 1,23% 1,45% -0,90% -1,08% -0,46% 2,04% 

SHORT 2,45% 2,89% 0,69% -0,74% 0,60% 1,46% 

2007Q2 8 
LONG 3,18% 3,32% 1,95% 3,75% 0,81% -0,08% 

SHORT 0,11% 0,24% 0,85% -0,88% -2,22% -1,47% 

2007Q3 9 
LONG 1,33% -0,94% 0,31% -1,88% -0,54% -1,52% 

SHORT 0,04% 0,09% 1,35% -2,75% -0,90% 2,24% 

2007Q4 9 
LONG 1,91% 3,76% 2,97% 3,08% -0,35% -1,50% 

SHORT 1,85% 2,00% 0,60% 3,00% 0,85% 3,05% 

2008Q1 10 
LONG -0,78% -1,75% 0,01% -3,18% -4,32% -6,54% 

SHORT 3,60% 5,04% 4,09% 0,36% -0,87% -2,70% 

2008Q2 11 
LONG 3,64% -0,39% 1,80% -4,13% -4,04% -0,70% 

SHORT 0,83% -1,53% -1,50% 2,02% -1,00% 1,81% 

2008Q3 11 
LONG -1,14% -3,31% -7,37% -10,19% -7,23% -1,03% 

SHORT -1,52% -4,75% -7,51% -4,90% -1,59% 4,85% 

2008Q4 9 
LONG 7,08% 2,59% 2,58% -4,41% -6,71% -2,32% 

SHORT -1,26% -0,69% -2,90% -4,07% -2,47% -4,79% 

2009Q1 11 
LONG 0,82% 7,27% 2,38% 1,40% 0,43% 0,14% 

SHORT 7,03% 6,37% 6,37% 3,79% 2,81% -0,43% 

2009Q2 11 
LONG -3,92% -0,70% 1,01% 6,18% 3,57% 4,38% 

SHORT -0,01% 5,43% 9,10% 10,39% 11,15% 8,98% 

2009Q3 11 
LONG -0,36% 2,57% 4,41% 6,03% 6,22% 4,57% 

SHORT -3,13% -4,32% -3,06% -4,61% -1,18% -0,38% 

2009Q4 9 
LONG -0,88% 1,47% 2,35% 5,74% 5,35% 4,68% 

SHORT -0,96% -2,10% -1,06% -0,39% -0,03% -6,51% 

2010Q1 12 
LONG -0,75% 1,00% -1,96% -3,17% -2,99% -5,45% 

SHORT 0,82% 1,31% -1,68% -4,39% -6,47% -7,75% 

2010Q2 13 
LONG -1,02% -1,64% 0,74% 1,56% 1,18% 2,07% 

SHORT -3,80% -1,78% -4,96% -7,43% -7,46% -6,49% 

2010Q3 12 
LONG 0,39% -3,94% -3,44% -0,97% 0,82% 1,62% 

SHORT -2,00% -8,90% -10,65% -9,36% -7,03% -4,94% 

2010Q4 10 
LONG 1,87% 3,44% 3,60% 4,36% 1,54% 0,95% 

SHORT -0,15% 6,18% 2,95% 0,16% 3,02% 0,84% 
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Appendix F 
Here is a complete list (1861) of our total sample of companies and the quarters that we had 
sufficient data for. 
 
 
 
 

Company Part of total sample for specific quarters 

AARHUSKARLSHAMN 
2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 
2010Q3 2010Q4 

ABB  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

ACADEMEDIA  2009Q3 2009Q4   

ACANDO  2009Q1 2009Q3 2010Q1 2010Q2 2010Q3  

ACTIVE BIOTECH 2009Q3 2010Q1   

ADDNODE  2009Q3 2009Q4   

AEROCRINE  2009Q4 2010Q2 2010Q3 2010Q4 

AF  2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

ALFA LAVAL 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

ALLENEX 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1   

ALLIANCE OIL SDB 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 
2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

ANOTO GROUP 2006Q2 2006Q3 2006Q4 2007Q4 2008Q2 2008Q3 2008Q4     

ASSA ABLOY  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

ATLAS COPCO  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

ATRIUM LJUNGBERG  
2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 
2010Q3 2010Q4 

AUTOLIV SDB 
2006Q1 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 
2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

AXFOOD 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 
2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

AXIS 
2006Q3 2006Q4 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 
2010Q1 2010Q2 2010Q3 2010Q4 

BE GROUP 2007Q3 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 2010Q3 2010Q4 

BEIJER ALMA  
2006Q2 2006Q4 2007Q3 2007Q4 2008Q2 2008Q3 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 
2010Q4 

BETSSON  2008Q2 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

BILLERUD KORSNAS 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

BIOGAIA  2009Q1 2010Q1 2010Q2 2010Q3 2010Q4 

BIOINVENT INTL. 2010Q1   

BIOLIN SCIENTIFIC 2010Q1   

BIOTAGE 2006Q1 2006Q2 2006Q3 2006Q4 2008Q2 2008Q3 2009Q1 2009Q2 2009Q3 2010Q2 2010Q3  

BJORN BORG 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

BOLIDEN 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

BONG 
2006Q1 2006Q2 2007Q1 2007Q2 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q4 2010Q1 
2010Q2 2010Q4 

BOSS MEDIA 2007Q12007Q22007Q32007Q4 

BROSTROM  2006Q1 2006Q2 2006Q3 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3      

BTS GROUP 2010Q1 2010Q2 2010Q3  

BYGGMAX GROUP 2010Q2 2010Q3 2010Q4 

CAPIO 2006Q1 2006Q2          

CARDO  
2006Q3 2006Q4 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 
2010Q1 2010Q2 2010Q3 2010Q4 

CASTELLUM 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2010Q1 2010Q2 2010Q3 2010Q4 

CATENA 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

CELLAVISION 2010Q2 2010Q3  
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CISION 
2006Q3 2006Q4 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q2 2009Q3 2009Q4 2010Q1 
2010Q2 2010Q3 2010Q4 

CONCORDIA MARITIME  2009Q1 2009Q2 2010Q1 2010Q2 2010Q3  

CONNECTA 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

COREM PROPERTY GROUP 2010Q1 2010Q2 2010Q3 2010Q4 

CTT SYSTEMS 2008Q2 2008Q3 2008Q4     

CYBERCOM GROUP EUROPE 
2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 
2010Q3 2010Q4 

DGC ONE 2009Q1 2009Q2 2009Q4  2010Q3 2010Q4 

DIOS FASTIGHETER 2007Q2 2007Q4 2008Q2 2008Q3 2009Q1 2009Q2 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

DUNI 2009Q1 2009Q2 2009Q3 2010Q1 2010Q2 2010Q3  

DUROC  2010Q2  

ELANDERS  2006Q4 2007Q1 2007Q2 2007Q3 2007Q4       

ELECTROLUX  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

ENEA 2007Q1 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1   

ENIRO 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

ERICSSON  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

FABEGE 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2009Q1 2009Q2 
2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

FAGERHULT 2007Q1 2007Q4 2008Q1 2008Q2 2008Q3 2009Q1 2009Q2 2009Q3 2010Q1 2010Q2 2010Q3 2010Q4 

FASTIGHETS BALDER  2007Q1 2007Q2 2010Q1 2010Q3 2010Q4 

FENIX OUTDOOR  2009Q2 2010Q1 2010Q2 2010Q3  

G & L BEIJER 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2010Q1 2010Q2 2010Q3  

GETINGE 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

GLOBAL HEALTH PARTNERS 2010Q1 2010Q2 2010Q3 2010Q4 

GUNNEBO 
2006Q4 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 
2010Q2 2010Q3 2010Q4 

HALDEX 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 
2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

HEMTEX 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

HENNES & MAURITZ  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

HEXAGON  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

HEXPOL  2008Q2 2008Q3 2008Q4 2009Q1 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

HIQ INTERNATIONAL 
2006Q2 2006Q3 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 
2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

HL DISPLAY  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q2  

HMS NETWORKS 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

HOGANAS  
2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 
2010Q3 2010Q4 

HOLMEN  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2009Q1 2009Q2 
2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

HOME PROPERTIES 2006Q1 2006Q2 2006Q3 2007Q1 2007Q2 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4     

HUFVUDSTADEN 
2006Q1 2006Q2 2006Q3 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 
2010Q1 2010Q2 2010Q3 2010Q4 

HUSQVARNA  
2006Q2 2006Q3 2006Q4 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 
2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

I A R SYSTEMS GROUP 2007Q4 2008Q2 2008Q3      

IBS   2006Q3 2006Q4 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4     

IMAGE SYSTEMS 2007Q2        

INDUTRADE 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2010Q1 2010Q2 2010Q3 2010Q4 

INTELLECTA  2010Q1 2010Q2  

ITAB SHOP CONCEPT  2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2  

JEEVES INFO.SYSTEMS  2008Q1 2008Q3 2010Q1 2010Q2  

JM 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

KABE HUSVAGNAR  2007Q3 2007Q4 2008Q2 2008Q3      

KARO BIO 2009Q1     
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KLOVERN 2006Q2 2008Q1 2008Q2 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

KNOW IT 2010Q1 2010Q2 2010Q3  

KUNGSLEDEN 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

LAMMHULTS DESIGN GROUP 2006Q4 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q2 2010Q1 2010Q2 2010Q3 2010Q4 

LINDAB INTERNATIONAL 
2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 
2010Q3 2010Q4 

LUNDIN PETROLEUM 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

MEDA 
2006Q1 2006Q2 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 
2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

MEDIVIR  2009Q1 2009Q2  2010Q1 2010Q2  

MEKONOMEN 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 
2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

METRO INTL.SDB  
2006Q3 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q3 2009Q4 2010Q1 
2010Q2 2010Q3  

MICRONIC MYDATA 
2006Q1 2006Q3 2006Q4 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 
2010Q1 2010Q2 2010Q3 2010Q4 

MIDSONA  2008Q1 2008Q2 2008Q3      

MODERN TIMES GP.MTG  
2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 
2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

MODUL 1 DATA 2010Q2  

MUNTERS 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3  

NCC  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

NEDERMAN HOLDING 2009Q1 2009Q2 2009Q3 2010Q1 2010Q2 2010Q3  

NEFAB  2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3        

NEONET  2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3    

NET ENTERTAINMENT NE  2009Q2 2009Q3 2010Q1 2010Q2 2010Q3 2010Q4 

NET INSIGHT  2010Q1 2010Q2 2010Q3 2010Q4 

NEW WAVE GROUP  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

NIBE INDUSTRIER  
2006Q1 2006Q2 2006Q3 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 
2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

NOBIA 
2006Q4 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 
2010Q2 2010Q3 2010Q4 

NOLATO  
2006Q1 2006Q3 2006Q4 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2010Q1 
2010Q2 2010Q3 2010Q4 

NORDIC MINES 2009Q2 2010Q3 2010Q4 

NOTE 2006Q3 2007Q3 2008Q2 2008Q3 2008Q4 2009Q1 2010Q1 2010Q2 2010Q3  

ODD MOLLY INTL. 2010Q2 2010Q3 2010Q4 

OEM INTERNATIONAL  2010Q1 2010Q2 2010Q3  

OPCON 2010Q1 2010Q2 2010Q3 2010Q4 

ORC GROUP  
2006Q3 2006Q4 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 
2010Q2 2010Q3 2010Q4 

OREXO 2007Q1 2007Q2 2009Q1 2009Q2 2009Q3 2010Q1 2010Q2 2010Q3  

PA RESOURCES  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

PARTNERTECH 2006Q3 2006Q4 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q3 2010Q1 2010Q3  

PEAB  
2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 
2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

PERGO 2006Q1 2006Q2 2006Q3          

POOLIA  2007Q1 2007Q2 2007Q4 2008Q1 2008Q4 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

PROACT IT GROUP 2009Q1 2009Q2 2009Q3    

PROBI 2009Q4 2010Q1   

PROFFICE  2008Q1 2008Q2 2008Q3 2009Q1 2009Q2 2009Q3 2010Q1 2010Q2 2010Q3 2010Q4 

PROFILGRUPPEN  2007Q3 2007Q4 2008Q3 2009Q1 2010Q1 2010Q2 2010Q3  

Q-MED 
2006Q4 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 
2010Q2 2010Q3 2010Q4 

RAYSEARCH LABS. 2009Q1 2009Q2 2009Q3 2010Q1 2010Q2 2010Q3  

READSOFT  2007Q3 2008Q1 2008Q2 2008Q3 2008Q4 2009Q2    

REJLERKONCERNEN 2008Q1 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q2 2010Q3  

REZIDOR HOTEL GROUP 2008Q1 2008Q2 2010Q1 2010Q2 2010Q3  
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ROTTNEROS 2006Q3 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3    

SAAB  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q2 2010Q3 2010Q4 

SANDVIK 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

SARDUS  2006Q3 2006Q4         

SAS 
2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 
2010Q2 2010Q3 2010Q4 

SCA  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

SCANIA  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

SECO TOOLS  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

SECURITAS  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

SEMCON 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

SENSYS TRAFFIC 2007Q3 2007Q4 2008Q1       

SIGMA B 2007Q4 2008Q2 2008Q3 2008Q4     

SINTERCAST 2010Q1 2010Q2  

SKANSKA  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

SKF  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

SOFTRONIC  2010Q2 2010Q3  

SSAB  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

SWECO  2008Q1 2008Q2 2008Q3 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3  

SVEDBERGS I DALSTORP  2007Q2 2007Q3 2008Q1 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

SWEDISH MATCH 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

SWEDISH ORPHAN 
BIOVITRUM 2007Q2 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

TELE2  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

TELELOGIC 2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4       

TELIASONERA 
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

TRADEDOUBLER 
2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 
2010Q4 

TRELLEBORG  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

TRICORONA  2009Q1 2009Q2 2009Q3    

WALLENSTAM  
2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2009Q4 2010Q1 
2010Q2 2010Q3 2010Q4 

VBG GROUP 2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

WIHLBORGS FASTIGHETER 
2006Q1 2006Q2 2006Q3 2007Q1 2007Q2 2007Q3 2007Q4 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 
2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

VITROLIFE 2006Q4 2007Q1 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 2009Q2 2009Q3 2010Q1   

WM-data 2006Q1 2006Q2          

VOLVO  
2006Q1 2006Q2 2006Q3 2006Q4 2007Q1 2007Q2 2007Q3 2007Q4 2008Q1 2008Q2 2008Q3 2008Q4 2009Q1 
2009Q2 2009Q3 2009Q4 2010Q1 2010Q2 2010Q3 2010Q4 

XANO INDUSTRI  2010Q2  

 


