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Abstract  

This paper investigates the European CDS markets response to earnings announcements 

between the years 2011-2013. Through the use of event study methodology, we 

investigate if the CDS market reacts to earnings news in terms of abnormal spread 

changes. Furthermore, by exploring the pre- and post announcement window the study 

examines the efficiency of the CDS market. The results imply that earnings 

announcements provide valuable information to the CDS market, with statistically 

significant results on the 5 % and 10 % significant level for negative and positive news 

respectively. Additionally, the paper shows that the market has a rather symmetric 

reaction to negative and positive earnings news since there is no significant difference 

in effects. The paper further reveals that there is no significant difference in the 

response between different credit rating groups. In terms of market efficiency, the study 

cannot confirm that there is anticipation for earnings announcements. The study further 

shows that there is no post-earnings announcement drift in the CDS market and that the 

market, overall, is efficient in incorporating the information into the spreads. Finally, a 

cross-sectional regression analysis confirms that negative earnings surprises are linked 

to large announcement day reactions, while positive earnings surprises are not.    

 

Keywords: Credit default swaps, European CDS market, Earnings announcements, 

Earnings Surprises, Event study, Market efficiency.  
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1.0 Introduction 

In today’s volatile environment, counterparty credit risk has become a crucial variable 

facing financial markets participants worldwide (Arora et al, 2012). This increased 

focus of credit risk explains the phenomenal growth of the credit derivatives market that 

has been observed over the last decades (Jorion and Zhang, 2007). Credit derivatives are 

financial instruments that trades over the counter (OTC) and whose profits are 

associated with the default risk of an underlying asset (Zhu, 2006). Within the credit 

derivative market, the credit default swap (CDS) is the most widespread and important 

instrument (Zhu, 2006). However, in contrast to the stock market, the CDS market is a 

quite novel field within the academic literature. Earnings announcements informational 

value has been exposed to countless of stock market research [(e.g. Ball and Brown 

(1968), Foster, Olsen, and Shevlin (1984), Bernard and Thomas (1989), Bernard, 

Thomas, and Abarbanell (1993) among others]. Today, it is a well established fact that 

positive (negative) stock gains are linked with positive (negative) earnings news 

(Greatrex, 2009). In contrast, CDS market studies within this research area are still in its 

infancy stage, and the aim of this paper is thus to investigate the CDS market's reaction 

to earnings announcements and extend the quite limited academic literature within this 

field.       

In essence, a CDS instrument offers insurance against the risk of default by the 

underlying reference entity and is an important tool for managing credit risk (Jorion and 

Zhang, 2007). The seller of a CDS contract most stand the risk of default and is 

obligated to acquire the reference bond if an event such as bankruptcy or failure to pay 

takes place (Zhu, 2006). The buyer of a CDS contract, on the other hand, is obligated to 
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make periodical payments until the maturity day the CDS contract (Zhu, 2006). This 

premium paid, called the spread, isolates the associated credit risk and is hence a risk 

measure on its own (Greatrex, 2009). For instance, a high spread reveals that the market 

associates high risk with the reference firm (Greatrex, 2009). Fundamentally, a CDS 

contract is very similar in nature to a simple insurance plan, in which one participant 

undertakes the risk and the other participant makes premium payments (Weistroffer, 

2009).       

The CDS market started to grow in the late 1990s, and as the market has developed, 

researchers have suggested a range of different models for valuing credit derivatives 

such as CDS contracts (Greatrex, 2009). Previous studies such as Benkert (2004), Batta 

(2006) and Callen et al. (2009) recognize the impact of earnings in relation to the CDS 

market, and finds that earnings are significantly linked to the level of the CDS spread. 

Firm value is a key factor in many CDS valuation models and in the case that earnings 

provide vital information about the value of the company, any difference from 

anticipated earnings should affect the CDS spread (Greatrex, 2009). Furthermore, 

whether the CDS market reaction is efficient, in accordance with the efficient market 

hypothesis (EMH), is a fundamental and interesting question for further examination. 

Research conducted by Norden and Weber (2004) as well as Hull et al. (2004), analyze 

CDS spreads in relation to credit rating announcements and find the CDS market to be 

efficient. However, in regards to earnings announcements, results regarding the 

efficiency of the market lack empirical consensus. In a study comparable with ours, 

Greatrex (2009) examines the efficiency of the US CDS market. The results 

demonstrate that the CDS market has significant reactions to earnings surprises and that 

the CDS market’s reaction to earnings announcements not is entirely efficient. In 
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contrast to this, Zhang and Zhang (2011) study the informational efficiency of the US 

CDS market and find it to be efficient.   

The conflicting results of these studies, as well as the fact that they only examines the 

US market, urges for more research into this field. Studies within this area are not only 

important in order to access factors that influence CDS spreads – but also because an 

efficient CDS market might lead to more accurate pricing of credit risk (Reid, 2005). 

The question that this paper attempts to answer is hence: Do earnings surprises affect 

CDS spreads upon the announcement of earnings news? The aim of the study is thus to 

explore if earnings news provide valuable information to the CDS market. Furthermore, 

it provides an opportunity to investigate the informational efficiency of the CDS market 

in relation to earnings announcements. In order to examine this we employ, similar to 

Greatrex (2009), an event study methodology. However, this paper is in contrast to 

earlier studies focused on the European CDS market, which is smaller in size compared 

to the US CDS market, but sill important in a global context. As a result, this study 

contributes to earnings announcement and market efficiency research as traditional 

event study methodology is adapted in a new setting. Furthermore, the results might 

also be of importance for market participants interested in credit risk as it explores one 

of the most important, and debated, financial instruments to hedge counterparty credit 

risk today.        

 

The remainder of this paper is organized as follows. Section 2.0 describes the 

theoretical framework and the hypotheses development. Section 3.0 outlines the 

methodology. Section 4.0 presents our empirical findings and result, and section 5.0 

conclude and summarize the findings.    
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2.0 Theoretical framework and Hypothesis development 

 

2.1 The Efficient Market Hypothesis 
 

According to Fama (1970), the efficient market hypothesis (EMH) can be defined by 

the fact that security prices immediately and fully reflects all available information. 

Fama (1970) further states that there are three major versions of the EMH; weak, semi 

strong, and strong. The weak form states that security prices already reflect all the past 

published information (Fama, 1970). The semi strong form states that security prices 

reflect all the past published information and that the price of a security instantly 

changes to reflect newly published information (Fama, 1970). The strong form of the 

EMH declares that security prices change immediately to reflect even private 

information (Fama, 1970). Fundamentally, in an efficient market, the price of a security 

already reflect the information of all past events that have occurred – and on events that 

are predicted by the market to take place in the future (Fama, 1965). In essence, this 

means that historic movements or other trends of an individual security cannot be used 

to predict future patterns of that security (Fama, 1965). An efficient market will thus 

remove arbitrage opportunities that exist due to that investors take advantage of 

abnormalities in the market place. Theoretically, the existence of an efficient credit 

derivatives market should increase the overall liquidity of the credit market, which in 

turn leads to gains such as lower transaction costs (Reid, 2005). Moreover, an efficient 

CDS market should allow for more accurate pricing of credit risk, which has increased 

in importance as the market for credit derivatives has grown (Reid, 2005).   
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2.2 Models for pricing credit risk  
 

Over the last decades a vast amount of research has investigated the pricing procedures 

of credit risk (Zhu, 2006). Typically, these procedures consist of three elements; 

likelihood of default, loss given default – and correlation between these two factors 

(Zhu, 2006). In essence, two basic models for settling the price of credit risk 

instruments such as CDS contracts exist; structural- and reduced form models. 

Structural models were introduced by Black and Scholes (1973) and Merton (1974). 

Reduced form models, on the other hand, originated from Jarrow and Turnbull (1992), 

and later studied and developed by Das and Sundaram (1998), Duffie and Singleton 

(1999) among others. Structural models value credit instruments, such as CDS 

contracts, through the factors that have a direct influence on economic distress; i.e. the 

volatility of the company’s assets, the risk free rate and the firms leverage ratio (Callen 

et al, 2009). In essence, structural models presume that we have unlimited information 

about the entity, equally to the knowledge held by the firm’s managers, which implies 

that a firm’s default time can be predicted (Jarrow and Protter, 2004). In contrast, 

reduced form models assume that we have more limited knowledge and rely on 

financial market information to determine the probability of default (Jarrow and Protter, 

2004).  

 

2.2.1 Earnings and CDS spreads 
 

Despite the strong theoretical foundations of structural- and reduced form models, they 

typically yield poor results when used in practice (Callen et al, 2009). In response to 

this, Duffie and Lando (2001) introduce a “hybrid model”, which take into 
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consideration accounting information such as cash flows, earnings and accruals as price 

determinants of credit risk. In theory, earnings should be related to CDS spreads since it 

can be used by the market to estimate the firm’s financial situation (Bhat et al, 2011). 

Fundamentally, increased earnings should decrease a company’s credit risk since the 

firm is wealthier and hence less apt to default (Bhat et al, 2011). Furthermore, the 

finance literature implies that current earnings are an excellent predictor of future 

earnings. Thus, an increase (decrease) in earnings foretells an increase (decrease) in 

future firm performance and should therefore reduce (increase) the probability of 

default (Bhat et al, 2011).   

 

Consistent with these arguments, several studies [e.g. Benkert (2004), Batta (2006) and 

Callen et al. (2009)] investigate the pricing implications of earnings on CDS prices. 

Benkert (2004) look at how factors such as firm leverage, credit rating, the risk-free 

rate, earnings to sales and earnings to interest impact CDS prices. Overall, the study 

shows that earnings are significantly associated with CDS spreads. In a closely related 

study, Batta (2006) investigates CDS spreads in relation to factors such as equity 

returns, credit ratings, size, leverage and interest coverage ratios and finds that earnings 

are significantly and negatively related to CDS spreads. Similarly, Callen et al. (2009) 

investigates earnings impact on credit risk within the CDS market. According to Callen 

et al. (2009), the CDS market is the most appropriate setting for studying credit risk as 

CDS instruments, in contrast to bonds, essentially are pure credit risk tools. Overall, 

their findings show that earnings are negatively and significantly correlated with CDS 

spreads, and thus conveying important information about credit and default risk. 

Consistent with these findings, Duffie and Lando (2001) argue that earnings are an 

important factor in the short-term change of a company’s asset structure. It thus 
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provides information to the market about the reference entity’s financial health, which is 

a crucial aspect in the pricing of credit risk (Bhat et al, 2011). Additionally, Kwan 

(1996) demonstrates that bond yields are strongly affected by company specific 

information, which suggest that CDS spreads also should be affected by specific events 

such as earnings announcements. Thus, in light of this literature, we suggest the 

following hypothesis:   

 

H1: Earnings surprises will affect CDS spreads within the announcement window.   

 

2.2.2 Reaction of CDS spreads to earnings news 
 
 
According to Norden and Weber (2009), positive (negative) earnings surprises will 

reduce (increase) the price of debt since the reference entity is less (more) likely to 

default. Within the CDS market, a high spread show that high risk is associated with a 

specific reference entity (Greatrex, 2009). Fundamentally, this means that an inverse 

relationship could be observed between CDS spreads and earnings news; i.e. that CDS 

prices will drop in relation to positive earnings surprises and increase in relation to 

negative earnings surprises (Greatrex, 2009). The literature also predicts that the 

reaction for CDS spreads could be asymmetric between positive and negative news. For 

instance, Hull et al (2004) as well as Norden and Weber (2004) finds that negative 

announcements have a significant effect on CDS spreads, while positive announcements 

show no significant effect on CDS spreads. According to Norden and Weber (2004), 

this could be explained by the fact that negative news could lead to punitive effects on 

the management team. Greatrex (2009) also confirms that there is an asymmetric 

reaction between positive and negative news and state that “bondholders do not have a 



 

 

 Earnings Announcements In The Credit Default Swap Market – An Event Study 

  

 

  

12 

call on cash flows beyond receiving their money back” (p.201), as an explanation for 

this. Basically, this means that their only risk is if the reference entity defaults on their 

payments. In essence, this would lead to that the CDS market is less keen than the stock 

market to react to positive news, which suggest the subsequent hypothesis:          

 

H2: Negative news will have a greater effect on CDS spreads than positive news. 

 

2.2.3 Credit ratings and CDS spreads  
 

Numerous of studies that investigates the price determinates of CDS instruments also 

suggests that credit rating is a key factor that influence CDS spreads. Cossin and Hricko 

(2001) study whether factors such as leverage, the risk free interest rate, credit ratings, 

stock prices, market capitalization and the yield curve is important variables when 

valuing CDS instruments. Their findings show that many of the included variables have 

a significant impact on CDS prices and conclude that credit ratings, stock prices, the 

slope of the yield curve and leverage is the main factors that influence CDS spreads. 

Similarly, Abid and Naifar (2006) analyze the relationship between CDS spreads and 

different factors such as time to maturity, the risk free rate, credit ratings, the yield 

curve and equity volatility. There results show that the majority of the variables 

included in the study are important factors in the valuation of CDS instruments. 

Furthermore, they conclude that credit rating is the main factor that influences CDS 

spreads. In relation to this, Avramov et al. (2007) study the most influential factors of 

credit spreads and observe that results differ between firms with different credit ratings. 

Moreover, Kwan (1996) finds that bonds with lower credit quality are more sensitive to 

company specific information, which suggests that firms with lower credit ratings 
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should experience stronger reactions to specific events such as earnings news. Hence, 

we suggest the following hypothesis:    

 

H3: Reference entities with lower credit ratings will experience stronger reactions to 

earnings new than firms with higher credit ratings.      

 

2.3 The informational efficiency of the CDS market 
 

Examining the CDS market response to earnings news also urge for studying the 

informational efficiency of the market.  Even before Fama’s (1970) established theory 

about market efficiency, anomalies in financial markets have been observed that go 

against the EMH. Ball and Brown (1968) published one of the first studies that 

documented the fact that stock markets does not react to earnings announcements in 

accordance with the EHM. This phenomena, known as the post–earnings announcement 

drift (PEAD), is the occurrence of that a security’s cumulative abnormal returns keep on 

drifting in the direction of the earnings surprise for a considerable time after an earnings 

announcement (Livnat and Mendenhall, 2006). Following Ball and Brown (1968), 

several studies confirms the PEAD within the stock market [(e.g. Joy, Litzenberger, and 

McEnally (1977), Rendleman, Jones, and Latane (1982), Foster, Olsen, and Shevlin 

(1984), and Bernard and Thomas (1989)].  

 

A growing body of literature also examines the efficiency of the CDS market in 

different contexts. Norden and Weber (2004), simultaneously analyses the stock- and 

the CDS markets response to rating announcements. Their results show that for negative 

credit events, within the event window, significant abnormal returns are obtained in 
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both markets. Furthermore, their findings illustrate that both markets anticipate rating 

downgrades and also reviews for downgrades. However, the study cannot identify any 

post-announcement effects. Similarly, Hull et al. (2004) analyze CDS spreads in 

relation to credit rating announcements. The results from the study demonstrate that 

reviews for downgrades contain significant information to the CDS market. However, 

actual downgrades do not. Furthermore, their study illustrates that the CDS market 

anticipates downgrades approximately 90 days prior to the announcement. Moreover, 

consistent with, Norden and Weber (2004), no post-announcement effects are identified. 

In relation to earnings, Greatrex (2009) studies the efficiency of the US CDS market. 

The study employs event study methodology in which both the stock- and the CDS 

markets reaction to earnings news are examined and compared. The result from the 

study illustrates that both the stock- and the CDS market have significant responses 

upon the announcement of earnings news. Furthermore, there are signs that the CDS 

market anticipates negative earnings news as spreads increases significantly within in 

the pre-announcement window. According to Greatrex (2009), this pre-announcement 

movement may mirror information leakage or expectations by the market. Accordingly, 

we expect to find that the CDS market will anticipate the direction of the earnings 

surprise, which lead to the following hypothesis:      

 

H4: CDS spreads will anticipate the direction of the earnings surprise and begin to 

move prior to the announcement date.  

 

Greatrex (2009) also examines CDS spreads within the post-announcement window and 

finds a post-announcement effect in the form of overreaction to negative earnings news. 

In contrast to this, Zhang and Zhang (2011) examine the efficiency of the US CDS 
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market by studying the CDS markets reaction to earnings news. Their findings 

demonstrate that the CDS spreads show abnormal return within the announcement 

window for both positive and negative earnings announcements. However, their results 

indicate that there is no post-earnings announcement effects within the CDS market and 

thus conclude that the market is efficient. In a slightly different setting, Jenkins et al. 

(2011), examinees the efficiency of the CDS market by exploring the connection 

between CDS spreads and earlier announced accounting information. The study is 

performed over three different time periods and the result shows that prior to the 2007-

2008 credit crises the CDS market was efficient. However, during the ongoing credit 

crisis the study shows the CDS market to be less efficient with signs of under-reaction 

in relation to previously published accounting information. Finally, in the instant time 

period after the credit crisis, the market is still not efficient with signs of over-reaction 

in relation to earlier reported accounting information. Thus, the results of the study 

show the CDS market to be efficient in stable economic times but less efficient during 

more unstable economic time-periods. As can be understood from these different 

studies, results regarding the efficiency of the CDS market lack empirical consensus. 

However, within the stock market the post–earnings announcement drift is one of the 

most documented and established anomalies (Livnat and Mendenhall, 2006). Thus, with 

the results from the stock market research in mind we suggest the following hypothesis:        

 

H5: CDS prices will continue to drift in the direction of the earnings surprise after the 

time of the earnings announcement.  
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3.0 Methodology 

 

3.1 Research approach  
 

This study explores how earnings announcements affect the CDS market. In order to 

investigate this, the paper employs a quantitative research method, which allows 

generalization of our results to a larger extent (Saunders et al, 2009). Furthermore, we 

adopt a deductive approach as our hypotheses are derived from previous research 

(Saunders et al, 2009). The hypotheses of this paper are tested on the European CDS 

market between the years 2011-2013. The method that we employ is both descriptive 

and explanatory; where traditional event study methodology as well as a cross sectional 

regression analysis is used. The study is primarily guided by Greatrex (2009), which 

provides a solid framework for conducting our research in a proper way. Furthermore, 

by applying measures that are employed in established and well-regarded research 

publications we enhance the validity and comparability of this study’s results.   

 

3.2 Data collection and sample  
 

The sample for this study is collected from the database Bloomberg and consists of 

CDS pricing data for the time period of 2011-2013. The CDS pricing data used in this 

study is the quote of the average bid and offer level. To employ quotes rather than 

transaction prices could be a potential limitation of this study. However, due to the fact 

that CDS instruments are traded over the counter, this is the standard procedure for 

valuing CDS contracts (Greatrex, 2009). The study investigates the European CDS 

market, and only EUR contracts are therefore selected. Furthermore, we are focusing on 



 

 

 Earnings Announcements In The Credit Default Swap Market – An Event Study 

  

 

  

17 

the five year maturity contracts since it is the most frequently traded maturity (Greatrex, 

2009). The analysts' forecasts employed in the study are the mean estimates obtained 

from Bloomberg. For the earnings figures the study focuses on quarter 4 earnings, and 

both the actual earnings figures and the report date are obtained from 

Bloomberg. Quarter 4 is chosen because it is the last earnings figures for the year and 

because the figures often are audited, which arguably could make them more reliable 

than earlier quarter’s figures. Furthermore, the iTraxx Europe index returns and credit 

rating information is also obtained from Bloomberg.  

 

The European CDS market is quite small compared to the US CDS market. In total, 668 

firms are listed as having outstanding five year maturity CDS contracts. However, from 

this initial sample a substantial number of the CDS contracts are not relevant for our 

study or are excluded due to lack of available data. First of all, several CDS contracts 

are related to the government sector, which make them irrelevant sine earnings figures 

and earnings forecasts not are provided. Secondly, numerous of contracts are issued on 

private companies, who likewise do not provide earnings figures or earnings forecasts. 

Furthermore, several CDS contracts are missing data for long periods of time and are 

therefore excluded from the sample. Finally, numerous of contracts are excluded due to 

the fact that the underlying reference entity not had published figures for quarter 4 for 

2013 at the time of the data collection. These circumstances results in a data series of 

516 events over the years 2011-2013. However, from this sample 132 events are 

excluded due to the fact that the firms do not provide earnings figures on a quarterly 

basis. All in all, the final sample includes 384 individual earnings announcements over 

291 trading days, which gives us 111 744 daily observations. Table 1.0 below shows 

how the data for the entire sample is distributed over the years.      
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 Table 1.0       

Data final sample 

  No. of events   No. of daily observations  

All  384   111 744 

2013 97   28 227 

2012 147   42 777 

2011 140   40 740 

The table shows how the data for the entire sample is distributed over the years. No. of events corresponds to the 

number of earnings announcements in the sample; while the no. of daily observations is the number of daily 

observations for all firm over the 291 trading days included in the study.  

 

 

3.3 Event study  
 

To investigate the impact of earnings announcements on the CDS market an event study 

methodology is employed. This paper follows traditional event study methodology 

described by MacKinlay (1997). However, the methodology is adapted to a new setting 

that investigates the European CDS market and its reaction to earnings news. As 

expressed in the hypothesis development, our study looks at earnings announcements 

impact before, during, and after the earnings announcement. Following Greatrex (2009), 

the event window consist of the 20 trading days prior to the actual event, the event date 

(i.e. the announcement day), and the 20 days after the actual event. Thus, it include a 

total of 41 trading days, which is referred to as the [-20, +20] time interval. The [-1, + l] 

time period is the announcement window of the study, while the [-20,-2] and [+2, +20] 

time periods is referred to as the pre- and post announcement window respectively. 
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To measure earnings surprise, this study follows Greatrex (2009) in which unexpected 

earnings (UE) are calculated as percentage deviations from the mean analysts estimates: 

 

Where Qit is quarter 4 earnings per share of the firm and E(Q)it is the mean analysts’ 

estimate of earnings reported by Bloomberg.   

 

3.3.1 Estimation of normal and abnormal return 
 

The most fundamental part of conducting an event study is the measurement of normal 

performance, from which abnormal performance then can be found (MacKinlay, 1997). 

One of the most established models to measure normal performance is the market model 

(MacKinlay, 1997). Following Greatrex (2009), this study use the market model to 

obtain the normal performance; where the changes in a company's CDS spreads are 

regressed on the changes in the CDS market as a whole. In this study, the market model 

is projected over 250 trading days prior to the event window itself. To make sure that 

the normal return not is influenced by the returns around the event, it is standard for the 

event window and the estimation period not to overlap (MacKinlay, 1997). As shown in 

the figure below, this study uses a two day gap between the estimation window and the 

event window to further mitigate this problem.    
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Following Greatrex (2009), the market model is estimated using the following equation:  

  

Where ∆CDSit is the day to day change in the CDS spread for company i at date t (CDSit 

- CDSit-1). INDXt is a proxy for the market portfolio, consisting of the iTraxx Europe 

index as of day t. The iTraxx Europe index is chosen because it is the main CDS index 

within Europe.  ∆INDXt is the daily change in the iTraxx Europe index (INDXt - INDXt-

1), while αi and βi are the parameters of the market model and εit is the zero mean 

disturbance term. This is identical to Greatrex (2009) except that we use the iTraxx 

Europe index for estimating the market portfolio, while Greatrex (2009) use an equally 

weighted index consisting of all firms in the sample of the study. This could be a 

potential improvement of Greatrex’s (2009) model as it is standard in an event study to 

use a broad index as a proxy for the market portfolio (MacKinlay, 1997).   

The figure illustrates the timeline of the event study. The event window consist of the 20 trading days prior to the 

actual event, the event date (i.e. the announcement day), and the 20 days after the actual event. The [-1, + l] time 

period is the announcement window of the study, while the [-20,-2] and [+2, +20] time periods is referred to as 

the pre- and post announcement window respectively. The study use the market model to account for normal 

performance where the changes in a company's CDS spread are regressed on the changes in the CDS market as a 

whole. The market model is projected over 250 trading days prior to the event window itself. To make sure that 

the normal return not is influenced by the returns around the event this study uses a two day gap between the 

estimation window and the event window. 
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Abnormal spread changes are then computed over the event window as:  

 

After obtaining the abnormal performance for each individual event, cumulative 

abnormal spread changes (CASC) are then accumulated across the numerous multiday 

periods as: 

 

3.4 Hypothesis testing 

 

3.4.1 Test of Hypothesis 1  
 

To test if earnings surprises affect CDS spreads within the announcement window, as in 

Hypothesis 1, the data is divided into three different categories; namely good news, no 

news, and bad news. Following Cambell et al. (1997) and Greatrex (2009), earnings 

announcements are considered to be bad news if the percentage deviation from analysts 

estimates is shown to be smaller than -2.5 %, no news if the percentage deviation from 

analysts estimates is between -2.5 % and +2.5 %, and good news if the percentage 

deviation from analysts estimates is shown to be larger than +2.5 %. Mean cumulative 

abnormal spread changes (CASCs) are then calculated for the different groups in the 

announcement window [-1, +1 days] as described above. Finally, to test if CASCs are 

significantly different from zero within the announcement window, a one sample t-test 

is performed.  
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3.4.2 Test of Hypothesis 2 
 

To test if negative news has a greater effect on CDS spreads than positive news, as in 

Hypothesis 2, the absolute effects on CDS spreads are compared between the bad and 

good news group. Furthermore, to test for any differences in effects a two sample t-test 

is performed, which is useful in order to determine if the effects between the two groups 

are significantly different.     

 

3.4.3 Test of hypothesis 3 
 
 

To test if reference entities with lower credit ratings will experience stronger reactions 

to earnings new than firms with higher credit ratings, as in Hypothesis 3, the data is 

divided into two rating categories; AA/A and BBB/non-investment grade (NIG). The 

AA/A category includes all firms with a rating of AA, AA-, A+, A, and A-. While the 

BBB/NIG category consists of all companies with a rating of BBB+, BBB, and BBB- as 

well as all firms with below BBB- ratings (often referred to as non-investment grade or 

junk bonds). CASCs are then computed for the two credit rating groups within the 

announcement window [-1, +1 days]. Furthermore, to test if there are any differences in 

results between the groups a two sample t-test is performed.  

 

3.4.4 Test of Hypothesis 4 and 5   
 

To test for anticipation, as in Hypothesis 4, and for post announcements reactions, as in 

Hypothesis 5, CASCs are calculated for the pre-announcement window [-20, -2 days] 

and the post-announcement window [+2, +20 days] as described earlier. By looking at 
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the pre-announcement window we will get insight into how the CDS prices move prior 

to the announcement window and thus if any anticipation by the market can be detected. 

Likewise, the resulting CASC for the post-announcement window will provide insight if 

the CDS market is efficient in incorporating the information into the spreads, or if any 

post-announcement drift can be detected. The results are then tested for significance 

with a one sample t-test in order to determine if CASC are significantly different from 

zero within the pre- and post announcement window respectively.   

 

3.5 Validity concerns 
 

Earlier research suggests that credit rating is a key factor that influence CDS spreads, 

and many CDS event studies employs ratings based index-adjustment procedures for 

obtaining normal performance [e.g. Hull et al. (2004), Norden and Weber (2004)]. As 

an alternative to the market model Greatrex (2009) also employs a ratings based index-

adjustment model for comprising purposes. The two models show similar results within 

the [-1, +1 days] window. However, in the pre- and post announcement window the 

results differ. This study has chosen to follow Greatrex (2009) main model (i.e. the 

market model). The market model does not account for differences in a reference 

entities credit rating, which could be a potential limitation of our study. However, since 

the index-adjustment model can yield less robust results when the event window, as in 

this study, is quite long we judge the market model to be a more appropriate choice. 

Furthermore, as described in section 3.4.3 this study is interested in the reaction in 

relation to the different credit ratings, instead of including them in the actual model of 

normal return.   
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4.0 Empirical results and discussion 

 

4.1 Descriptive Statistics 
 
Table 1.1 below show the descriptive statistics for the daily credit default swap spread 

levels between the years 2011-2013.       

 

Table 1.1                 

Descriptive Statistics 

Year  No. of 

events 

Mean 5 yr 

CDS 

spreads 

Standard 

deviation 

Coefficient 

of variation 

Skewness Kurtosis Max Min 

                  

2013 97 158.29 138.33 87.39 2.14 5.04 916.96 20.34 

                  

2012 147 295.78 307.79 104.06 2.72 11.25 3425.45 29.86 

                  

2011 140 258.55 309.72 119.79 3.99 23.38 4544.30 25.89 

                  

The table illustrates the descriptive statistics of the daily credit default swap spread levels on a yearly basis. The data 

spans between the years 2011-2013. The data source is Bloomberg.  

 

The data varies over the years with a mean five-year CDS spread of 158.29, 295.78 and 

258.55 basis points (bps) for the years 2013, 2012 and 2011 respectively. The CDS 

spreads also fluctuate across different reference entities with Nestle SA having the 

lowest spread of 20.34 bps, whereas Norske Skogindustrier ASA has the highest spread 

of 4544.30 bps. Table 1.1 further highlight that the CDS data is positively skewed, and 

that fairly large values of skewness and kurtosis is observed. It should be pointed out 

that while non-normality is quite frequent in financial data (Greatrex, 2009), it can 

affect the results when applying parametric testing procedures that are built on 

normality assumptions.   
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As shown in figure 1.1 below CDS spreads also varies quite substantial over time, 

where the lowest levels can be observed in 2013. The graph further highlights that there 

has been a substantial drop in CDS prices, which most likely is related to 

macroeconomic factors. For instance, in 2011 the subprime crisis was still occurring; 

with many companies having problems in managing their debt. Since then there has 

been a general deleveraging among companies in Europe (Feyen et al, 2012), which in 

essence might decreased the risk and hence the CDS spreads.        

 

 

 

Table 1.2 below also shows descriptive statistics categorized by industry. Average 

spreads are lowest for the Consumer (Non-cyclical) with 98.27 bps and the Energy 

sector with 103.32 bps, and highest for the Financial sector with 339.83 bps and the 

Basic Materials with 290.39 bps. The Basic Materials industry also has the highest 

standard deviations of 405.74 bps, whereas the Technology sector has the lowest of 

36.52 bps. Furthermore, looking at relative dispersion, the coefficient of variation is 

highest for the Communications and Basic Materials industry of 147.91 and 139.72 
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The figure shows the time-series of the mean daily CDS spreads in bps between the years 

2011-2013. The data source is Bloomberg. 

 

Figure 1.1: Mean daily CDS spreads 2011-2013   
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respectively. This relative volatility can to a large extent be attributed to the firms 

Norske Skogindustrier ASA and Hellenic Telecommunications, who showed the highest 

spread over the time period of 4544.30 bps and 3425.45 bps respectively. Moreover, the 

table demonstrates that the data not is concentrated in any/a few industries but is quite 

widespread over the different sectors. However, the financial sector is, not surprisingly, 

by far the industry that has the most events over the time period examined. Furthermore, 

the technology sector is very small and only includes four events over the entire time 

period.    

 

Table 1.2                 

Descriptive Statistics - Industry sectors 

Industry sector No. of 

events 

Mean 5 

yr CDS 

spreads 

Standard 

deviation 

Coefficient 

of 

variation 

Skewness Kurtosis Max Min 

Basic Materials 37 290.39 405.74 139.72 3.91 19.36 4544.30 37.98 

                  

Communications 50 247.64 366.29 147.91 3.64 16.10 3425.45 32.35 

                  

 

Consumer, 

Cyclical 33 257.07 261.25 101.63 1.71 2.03 1408.46 41.17 

                  

Consumer, Non-

cyclical 
43 98.27 61.96 63.05 1.49 2.25 381.17 20.34 

                  

Energy 19 103.32 64.42 62.35 2.53 9.74 544.37 26.58 

                  

Financial 138 339.83 282.66 83.18 2.38 8.97 2581.26 40.18 

                  

Industrial 37 161.06 119.27 74.05 1.67 2.91 727.50 37.00 

                  

Technology 4 117.13 36.52 31.18 0.18 -0.88 209.13 53.40 

                  

Utilities 23 169.94 133.24 78.40 2.41 7.74 958.05 47.83 

                  

The table illustrates the descriptive statistics of the daily credit default swap spread levels on an industry basis. The data 

spans between the years 2011-2013. The data source is Bloomberg.  
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Finally, table 1.3 shows descriptive statistics of the daily CDS spread levels segmented 

by the two credit rating categories as described in section 3.4.3
1
. The tables illustrates 

that the average CDS spreads increase as the credit quality declines. Thus, as predicted 

by theory, credit ratings seems to influence the level of CDS spreads, which implies that  

CDS spreads increase as credit quality gets worse. Furthermore, the table also mirrors 

an increase in the standard deviation as credit ratings declines.     

 

Table 1.3                 

Descriptive statistics - Credit rating groups 

Credit rating 

groups  

No.  of 

events 

Mean 5 

yr CDS 

spreads 

Standard 

deviation 

Coefficient 

of 

variation 

Skewness Kurtosis Max Min 

                  

AA/A 168 144.76 117.85 81.41 2.10 5.60 1054.58 20.34 

                  

BBB/NIG 216 327.36 339.25 103.63 2.96 13.43 4544.30 47.83 

                  

The table illustrates the descriptive statistics of the daily credit default swap spread levels for the two credit rating 

groups. The data spans between the years 2011-2013. The AA/A category includes all firms with a rating of AA+, 

AA, AA-, A+, A, and A-. While the BBB/NIG category consists of all companies with a rating of BBB+, BBB, and 

BBB- as well as all firms with below BBB- ratings. The data source is Bloomberg.  

 

4.2 Event study results 
 

4.2.1 Do earnings surprises affect CDS spreads within the announcement 

window? 

 

Table 1.4 below demonstrates the mean cumulative abnormal spread changes (CASCs) 

over the event window. As described earlier, the earnings announcements are divided 

into three different categories; namely good news, no news, and bad news. However, 

since our sample only has one event that is categorized as no news; this event is merged 

                                                        
1
 Descriptive statistics for all credit ratings are provided in Appendix 1. 
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into the good news group
2
.   

 

Table 1.4     

Cumulative Abnormal Spread Changes  

Announcement window CASCs (-1, + 1 days) 

News No. of events CASC 

Bad news 115 3.14** 

    (2.24) 

Good news 269 -2.01* 

    (-1.77) 

The table demonstrates the mean cumulative abnormal spread changes (CASCs) within the earnings announcement 

window [-l, +l days]. CASCs are obtained by the use of the market model. Bad news is categorized as percentage 

deviation from analysts' estimates if shown to be smaller than -2.5 %. Good news is categorized as percentage 

deviation from analysts' estimates if shown to be larger than +2.5 %. The t-statistics are reported in parentheses 

below CASCs. Asterisk signs (*), (**) and (***) specify that the results are statistically significant at a 10 %, 5 % 

and 1 % level respectively.          

 

The results from table 1.4 shows that the change in spreads is +3.14 bps for the bad 

news group and -2.01 bps for the good news group within the [-1, +1] announcement 

window. This shows that there is an inverse relationship between the prices change for a 

CDS instrument and the direction of the earnings surprise. The inverse relationship is 

consistent with previous CDS studies, including Greatrex (2009). CASC for negative 

news are significant within the [-1, +1] window with a p-value of 0.027. Thus, it shows 

that the CDS market does value the informational content of earnings announcements in 

relation to negative news. The result is consistent with both Norden and Weber (2004) 

and Hull et al. (2004), who finds that negative events significantly effects CDS spreads 

within the announcement window. However, when comparing the results of the study 

with CDS credit rating studies [e.g. Norden and Weber (2004) and Hull et al. (2004)], 

the CDS market's reaction is much greater for credit events than for earnings 

announcements. For instance, Norden and Weber (2004) find abnormal return of 

                                                        
2
 The single no news event has a percentage deviation from analysts’ expectations of 2.04 % and is 

therefore closer to the good news group than the bad news group.  
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approximately 6.8 bps in relation to negative credit events. Looking at positive news, 

the result is not significant at the 5 % level within the [-1, +1] announcement window. It 

is, however, significant at the 10 % significant level with a p-value of 0.079, which 

indicates that positive news also provides some informational value to the CDS market. 

H1 is thus supported for negative news at the 5 % significant level and at the 10 % 

significant level for positive news. This result is in line with Greatrex (2009), who finds 

that spreads increase significantly for both negative and positive news within the 

announcement window. However, Greatrex (2009) finds a much higher level of 

significance for positive news. Still, we should keep in mind that our results might be 

influenced by the fact that this study has a quite small sample size, compared to for 

instance Greatrex (2009), which makes it harder to reach a high level of significance.   

 

4.2.2 Does negative news have a greater effect on CDS spreads than 

positive news?  

Table 1.5 below shows the result from the two sample t-test between the effects of bad 

news and good news within the announcement window.   

 

Table 1.5     

Cumulative Abnormal Spread Changes  

Difference in effects between bad news and good news (-1, + 1 days) 

Bad news CASC   3.14 

Good news CASC   -2.01 

Difference in effects    1.13 

    (0.63) 

The table demonstrates the mean cumulative abnormal spread changes (CASCs) within the earnings announcement 

window [-l, +l days]. CASCs are obtained by the use of the market model. Bad news is categorized as percentage 

deviation from analysts' estimates if shown to be smaller than -2.5 %. Good news is categorized as percentage 

deviation from analysts' estimates if shown to be larger than +2.5 %. Difference in effects is the difference in the 

absolute effect on CDS spreads between bad and good news.  The t-statistics are reported in parentheses below the 

difference in effects. Asterisk signs (*), (**) and (***) specify that the results are statistically significant at a 10 %, 5 

% and 1 % level respectively.          
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The table illustrates that the change in spreads is +3.14 bps for bad news and -2.01 bps 

for good news. The difference in effects on CDS spreads is thus 1.13 bps. The two 

sample t-test show that the difference not is statistically significant with a p-value of 

0.533. As a result, H2 is not supported and we can thus reject the alternative hypothesis 

that negative news will have a greater effect on CDS spreads than positive news. This 

implies that the CDS market does not value the informational content for negative news 

more than for positive news. It should be pointed out that while the difference in effects 

on CDS spreads between bad news and good news not is significant, the difference in 

results of +3.14 bps for bad news and -2.01 bps for good news is statistically 

significant
3
. However, the difference in effects on CDS spreads is only 1.13 bps. This 

result is in contrast with Greatrex (2009), who finds that there is an asymmetric reaction 

between positive and negative news. However, these conflicting results is most 

probably attributed to the fact that the difference in effects is much greater for Greatrex 

(2009), who finds changes in CDS spreads of approximately +5 bps for negative news 

and -1 bps for positive news.   

 

4.2.3 Do reference entities with lower credit ratings experience stronger 

reactions to earnings new than firms with higher credit ratings?       

 

Table 1.6 below shows CASCs for the credit rating groups AA/A and NIG/BBB over 

the announcement window [-1, + 1 days]. The table indicate that lower credit rated 

companies have a stronger reaction than more highly ranked companies. For both 

negative and positive earnings news within the [-1, +1] window, BBB/NIG firms have 

the strongest reactions of +4.50 bps and -3.28 bps for negative and positive news 

                                                        
3
 The two sample t-test confirms that the difference between bad news and good news CASCs are 

statistically significant with t-statistic of 2.850 and a p-value of 0.005.   
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respectively. Similarly, the AA/A category shows the smallest reaction for both 

negative and positive earnings news within the [-1, + 1] window of 0.96 bps and -0.53 

bps respectively. For negative news, CASCs for the BBB/NIG category is statistically 

significant within the announcement window [-1, +1 days] with a p-value of 0.033. 

However, the AA/A category show no significant result within the announcement 

window [-1, +1 days] with a p-value of 0.529.  These results are in line with studies 

such as Avramov et al. (2007), who explore important factors of credit spreads and 

conclude that results varies between credit ratings. For positive news, none of the rating 

categories shows significant CASCs within the announcement window [-1, +1 days] 

with p-values of 0.456 and 0.107 for the AA/A category and the BBB/NIG category 

respectively. Still, it should be pointed out once more that these results might be 

influenced by the fact that each credit rating group contains a quite small number of 

events. Consequently, this is most probably the effect of that each credit rating category 

contains very few events and that positive news, in general, only is significant at the 10 

% level.     

Table 1.6     

Cumulative Abnormal Spread Changes  

Announcement window CASCs divided by credit rating groups (-1, + 1 days) 

  No. of events CASC  

Bad News     

AA/A 44 0.96 

    (0.64) 

BBB/NIG 71   4.50** 

    (2.18) 

Good News     

AA/A 124 -0.53 

    (-0.75) 

BBB/NIG 145 -3.28 

    (-1.62) 

The table demonstrates the mean cumulative abnormal spread changes (CASCs) within the earnings announcement 

window [-l, +l days]. CASCs are obtained by the use of the market model. The AA/A category includes all firms with a 

rating of AA, AA-, A+, A, and A-. While the BBB/NIG category consists of all companies with a rating of BBB+, BBB, 

and BBB- as well as all firms with below BBB- ratings. Bad news is categorized as percentage deviation from analysts' 

estimates if shown to be smaller than -2.5 %. Good news is categorized as percentage deviation from analysts' 

estimates if shown to be larger than +2.5 %. The t-statistics are reported in parentheses below CASCs. Asterisk signs 

(*), (**) and (***) specify that the results are statistically significant at a 10 %, 5 % and 1 % level respectively.          
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Table 1.7 below further demonstrates the result from the two sample t-test between the 

different credit rating categories. The results from the table shows that there is no 

significant difference between the credit rating groups for neither negative nor positive 

news within the announcement window [-1, +1 days] with p-values of 0.168 and 0.200 

for bad and good news respectively. Thus, even though spreads for negative news 

implied that responses differ by credit quality we do not find sufficient evidence that 

there is a statistically significant difference between the two credit rating categories. 

Consequently, we cannot reject the null hypothesis that there is no difference between 

the groups – and H3 is therefore not supported.    

 

Table 1.7     

Cumulative Abnormal Spread Changes  

Difference between credit rating groups (-1, + 1 days) 

Bad news     

AA/A CASC   0.96 

BBB/NIG CASC   4.50 

Difference in means   3.54 

     (-1.39) 

      

Good news     

AA/A CASC   -0.53 

BBB/NIG CASC   -3.28 

Difference in means   2.75 

    (1.29) 

The table demonstrates the mean cumulative abnormal spread changes (CASCs) within the earnings announcement 

window [-l, +l days]. CASCs are obtained by the use of the market model. Bad news is categorized as percentage 

deviation from analysts' estimates if shown to be smaller than -2.5 %. Good news is categorized as percentage 

deviation from analysts' estimates if shown to be larger than +2.5 %. The AA/A category includes all firms with a 

credit rating of AA, AA-, A+, A, and A-. While the BBB/NIG category consists of all companies with a rating of 

BBB+, BBB, and BBB- as well as all firms with below BBB- ratings. The t-statistics are reported in parentheses 

below the difference in means. Asterisk signs (*), (**) and (***) specify that the results are statistically significant at 

a 10 %, 5 % and 1 % level respectively.           
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4.2.4 Does the CDS market anticipate the direction of the earnings 
surprise?  
 

Table 1.8 below shows CASC for the pre-announcement window. 

 

Table 1.8 

Cumulative Abnormal Spread Changes  

Pre-announcement window CASCs (-20, -2 days) 

News No. of events CASC 

Bad news 115 4.74 

    (1.22) 

Good news 269 -4.53 

    (-1.22) 

The table demonstrates the mean cumulative abnormal spread changes (CASCs) within the pre-announcement 

window [-20, -2 days]. CASCs are obtained by the use of the market model. Bad news is categorized as 

percentage deviation from analysts' estimates if shown to be smaller than -2.5 %. Good news is categorized as 

percentage deviation from analysts' estimates if shown to be larger than +2.5 %. The t-statistics are reported in 

parentheses below CASCs. Asterisk signs (*), (**) and (***) specify that the results are statistically significant at 

a 10 %, 5 % and 1 % level respectively.          

 

The results from the table indicate that there is an anticipation of both negative and 

positive earnings news with a change in CASCs, prior to the actual announcement date, 

of +4.74 bps and -4.53 bps for bad news and good news respectively.  However, none of 

these results are significant with p-values of 0.225 and 0.222 for bad and good news 

respectively. Thus, we do not find sufficient evidence to support H4. These results are 

in some contrast to Greatrex (2009), who finds that CASCs for negative earnings news 

increases significantly with 12 bps prior to the actual announcement date. These 

different results could be a potential indicator that the CDS market is more efficient 

today. Greatrex (2009) investigates the years before the financial crisis, and with tighter 

regulations the CDS market might experience less information leakages today compared 

to the period prior to the financial crisis. Still, if less information is leaked today one 

could also argue that we should see a greater reaction within the announcement window 
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compared to Greatrex (2009). However, since this not is the case, the difference in 

results might be attributed to the fact that the two studies are performed in different time 

periods. For instance, there might be smaller movements in CDS spreads in general 

today compared to the years 2001-2006 since the market as a whole has reduced in size. 

In addition, the studies are performed in two different markets and there might therefore 

be regional and national differences that influence the results.   

 

4.2.5 Do CDS prices continue to drift in the direction of the earnings 
surprise after the time of the earnings announcement?     

        
Table 1.9 shows CASCs for the [+2, +20] post-announcement window.  

 

Table 1.9 

Cumulative Abnormal Spread Changes  

Post-announcement window CASCs (+2, +20 days) 

News No. of events CASC 

Bad news 115 1.99 

  

 

(0.71) 

Good news 269 0.86 

    (0.43) 

The table demonstrates the mean cumulative abnormal spread changes (CASCs) within the post-announcement 

window [+2, +20 days]. CASCs are obtained by the use of the market model. Bad news is categorized as 

percentage deviation from analysts' estimates if shown to be smaller than -2.5 %. Good news is categorized as 

percentage deviation from analysts' estimates if shown to be larger than +2.5 %. The t-statistics are reported in 

parentheses below CASCs. Asterisk signs (*), (**) and (***) specify that the results are statistically significant at a 

10 %, 5 % and 1 % level respectively.          

 

The results from the table show that CASCs are quite modest in the period following 

the earnings announcement. Bad news shows a small change of +1.99 bps over the 20 

days following the announcement; while good news shows an even smaller change of 

+0.86 bps. The results from the t-test further shows that neither bad news CASC nor 

positive news CASC are significant within the post-announcement window with p-
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values of 0.476 and 0.670 respectively. This result implies that there is no post 

announcement drift in the CDS market and that the market, overall, is quite efficient in 

incorporating the information into the spreads. Accordingly, we do not find any 

evidence to support H5 – which consequently is rejected in favor for the null 

hypothesis. This finding differ somewhat from Greatrex (2009) who finds that CASCs 

experience a reversal of approximately 9 bps in the post-announcement window, which 

indicate that the CDS market overreacted to earnings news. Still, Greatrex (2009) show 

that this post-announcement reversal not is statistically significant when using the 

market model to measure abnormal return. Our results are also in contrast to the many 

stock market studies [e.g. Ball and Brown (1968), Foster, Olsen, and Shevlin (1984), 

Bernard and Thomas (1989) etc.] who confirms the post–earnings announcement drift. 

However, the results are consistent with many CDS market studies [e.g. Norden and 

Weber (2004), Hull et al. (2004) and Zhang and Zhang (2011)], who confirms that the 

CDS market is efficient. Accordingly, the result of this study provides an indication that 

the CDS market is more efficient than the stock market in responding to earnings news. 

Furthermore, the result from Jenkins et al. (2011) shows the CDS market to be efficient 

in stable economic times but less efficient during more unstable economic time-periods. 

The results regarding market efficiency in this study might therefore be a result of that 

the data is collected between the years 2011-2013, where we have seen a quite stable 

economy.  

 

4.3 Robustness testing 
 

Due to normality concerns arising from the descriptive statistics all event study results 

are also tested with nonparametric testing procedures.  Nonparametric test can be used 
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when the data do not fulfill the normality requirement or, as in this case, is skewed 

(Saunders et al, 2009).  First of all, a one sample Wilcoxon signed rank test, which is a 

nonparametric alternative to the one-sample t-test, is used to test Hypothesis 1, 4 and 5. 

Furthermore, to test for differences between good and bad news as well as credit rating 

categories, as in Hypothesis 2 and 3, a nonparametric alternative to the two sample t-test 

in form of the Wilcoxon-Mann-Whitney U test is performed.   

The one sample Wilcoxon signed rank test for Hypothesis 1 verifies that CASC for 

negative news are significant with a p-value of 0.021. Furthermore, it confirms that 

CASC for positive news not are significant at the 5 % significant level with a p-value of 

0.274. H1 is thus supported for negative news but not for positive news, when using the 

5 % significance level as a threshold, despite of the testing procedure used. For 

Hypothesis 2 the Wilcoxon-Mann-Whitney U test confirms that the difference in effects 

between bad news and good news not are statistically significant with a p-value of 

0.468. H2 is thus rejected with both parametric and nonparametric testing procedures. In 

terms of Hypothesis 3, the one sample Wilcoxon signed rank test confirms that the 

BBB/NIG category is significant for negative news with a p-value of 0.042. 

Furthermore, it confirms that none of the other credit rating groups show significant 

results within the announcement window. The Wilcoxon-Mann-Whitney U test further 

verifies that there is no significant difference between the credit rating groups for 

neither negative nor positive news with p-values of 0.287 and 0.759 respectively. 

Consequently, both parametric and nonparametric testing procedures show that there is 

no significant difference between the two credit rating groups.  

In terms of anticipation, as in Hypothesis 4, the one sample Wilcoxon signed rank test 

validate that CASCs not are significant at the 5 % significant level for positive news. 
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However, it is significant at the 10 % level with a p-value of 0.065. Furthermore, the 

results differ for negative news as the nonparametric test shows CASC in the pre-

announcement window to be significant with a p-value of 0.015. Thus, it offers a small 

indication that the market anticipates negative news before the actual event. This result 

is in line with Greatrex (2009) who finds that CASC increase significantly for negative 

news within the pre-announcement window. Finally, to shed light on post-

announcement responses, as in Hypothesis 5, the one sample Wilcoxon signed rank test 

confirms that neither bad news CASC nor positive news CASC are significant within 

the [+2, +20] window with p-values of 0.102 and 0.078 respectively. Thus, both the 

parametric and nonparametric testing procedure verifies that there is no post-earnings 

announcement drift – and hence that the market is rather efficient in incorporating the 

earnings announcement information into the spreads.  

 
4.4 Cross-sectional regression analysis  
 

To make sure that the results from the event study are robust to alternative 

methodologies a cross-sectional regression analysis is also performed. Following 

Greatrex (2009), the regressions take the form: 

CASCit  =  α0 + β1POSit + β2NEGit + β3BBB/NIGit + εit   

The dependent variable CASCit is represented by the cumulative abnormal spread 

changes within the announcement window. The explanatory variables include the 

indicator variables POSit, NEGit, and BBB/NIGit. For POSit and NEGit the data is divided 

into earnings surprise quartiles, measured by percent deviations from analysts’ 
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estimates. NEGit is set to one for firms with unexpected earnings in the lowest earnings 

surprise quartile and zero otherwise; while POSit is set to one for firms with unexpected 

earnings in the highest earnings surprise quartile and zero otherwise. As explained by 

Greatrex (2009), these coefficients can be understood as the abnormal return attributed 

to the fact that a reference entity reports an unexpectedly large (negative or positive) 

earnings surprise. The BBB/NIGit variable is represented by firms belonging to the 

lower credit rating group and is thus set to one if firms belong to the rating group 

BBB/NIG and zero otherwise. Finally, control variables are incorporated for firm size 

and industry sectors. The control variable SIZEit is the natural logarithm of the market 

capitalization, while the industry codes consist of; Basic materials (BM), 

Communications (COMM), Consumer-cyclical (CCY), Consumer-noncyclical 

(CNCY), Energy (EN), Financials (FIN), Industrial (IND), Technology (TECH), and 

Utilities (UTIL). The model is identical to Greatrex (2009) except from the fact that we 

divide the data into quartiles instead of deciles since we have fewer observations. 

Furthermore, we have two credit rating groups compared to Greatrex (2009) who has 

four. This means that our variable for credit rating includes all firms with a rating of 

BBB+, BBB, and BBB- as well as all firms with below BBB- ratings (i.e. non-

investment grade); while Greatrex (2009) variable only includes non-investment grade 

(NIG) firms.  

 

Table 2.0 below demonstrates the results from the cross-sectional regression analysis. 

As can be seen from the table, the coefficient for NEG of 5.47 is statistically significant 

with a p-value of 0.017.  This shows that the most extreme negative earnings surprises 

in quartile 1 are associated with large reactions of approximately 5.5 bps. The POS 

variable, on the other hand, is not significant with a p-value of 0.800. Furthermore, the 
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dummy variable for BBB/NIG graded firms is not significant with a p-value of 0.820. 

This finding is consistent with the result of the event study as well as the findings of 

Greatrex (2009), which indicates that credit quality not is a driving factor in the CDS 

markets response to earnings announcements. Moreover, none of the control variables 

showed significant results. This indicates that negative earnings surprises are the main 

factor, of the investigated variables, that influence CDS spreads upon the earnings 

announcements day. It should also be pointed out that while the adjusted R
2 

of the 

regression is quite small, it is comparable to the result of Greatrex (2009).  

 

Table 2.0   

Cross-sectional Regression Analysis Result 

Announcement Window CASCs 

  Coefficients 

Intercept 0,02 

  (0,00) 

NEG   5,47** 

  (2,40) 

POS 0,60 

  (0,25) 

BBB/NIG 0,52 

  

(0,22) 

 

    

Adjusted R Square 0,0120 

Observations 384 

The table shows the cross-sectional regression results for the mean cumulative abnormal spread changes 

(CASCs) within the earnings announcement window. Reported in the table is the coefficient estimates for the 

regressions: CASCit = α0 + β1POSit + β2NEGit + β3BBB/NIGit + εit. CASCit are obtained by the use of the 

market model and corresponds to the mean cumulative abnormal spread changes over the [-1, +l] 

announcement window for a total of 384 earnings announcements. NEG is an indicator variable for the 

most negative earnings surprises (quartile 1); while POS is an indicator variable for the most positive 

earnings surprises (quartile 4). BBB/NIGit is a dummy variable for firms that belong to the rating group 

BBB/NIG. Control variables are incorporated for size and industry. SIZE is represented by the natural 

logarithm of the market capitalization. Industry codes are Basic materials (BM), Communications 

(COMM), Consumer-cyclical (CCY), Consumer-noncyclical (CNCY), Energy (EN), Financials (FIN), 

Industrial (IND), Technology (TECH), and Utilities (UTIL). The t-statistics are reported in parentheses 

below CASCs. Asterisk signs (*), (**) and (***) specify that the results are statistically significant at a       

10 %, 5 % and 1 % level respectively.                
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5.0 Conclusion 

 
This study is set out to investigate if earnings surprises affect CDS spreads upon the 

announcement of earnings news. The aim of the study is thus to explore if earnings 

announcements provide valuable information to the CDS market. Furthermore, it 

provides an opportunity to investigate the informational efficiency of the CDS market in 

relation to earnings news. In order to examine this we employ traditional event study 

methodology. However, the methodology is adapted to a new setting that investigates 

the European CDS market between the years of 2011-2013.  

 

The results from the study show that the change in spreads is +3.14 bps for bad news 

and -2.01 bps for good news within the announcement window. In terms of negative 

news, the result from the study show that the CDS market does value the informational 

content of earnings announcements as spreads increase significantly within the 

announcement window. For positive earnings news, the result is not significant at the 5 

% significant level within the announcement window. It is, however, significant at a 10 

% significant level, which indicates that positive news also provides some informational 

value to the CDS market. Consequently, the findings of the study imply that the 

European CDS market considers earnings announcements to be a relevant factor in the 

pricing of credit risk. The study cannot confirm that the market has a stronger reaction 

to negative earnings news than to positive earnings news as there is no significant 

difference between the effects on CDS spreads. The paper also reveals that there is no 

significant difference between the credit rating groups for neither negative nor positive 

news within the announcement window. In terms of market efficiency, the results 

indicate that there is a small anticipation of both negative and positive earnings news 
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within the pre-announcement window. However, none of these results are 

significant.  Thus, the study cannot confirm that there is anticipation for the earnings 

news within the CDS market. Likewise, the study shows that there is no post-earnings 

announcement drift in the CDS market and that the market, overall, is efficient in 

incorporating the information into the spreads.  

 

Due to normality concerns arising from the descriptive statistics all event study results 

are also tested with nonparametric testing procedures. The nonparametric test confirms 

all result of the event study a part from the anticipation for negative news within the 

pre-announcement window, which is shown to be significant. Thus, it provides a small 

indication that the market anticipates negative news before the actual event. 

Furthermore, to make sure that the results from the event study are robust to alternative 

methodologies, a cross-sectional regression analysis is performed. The results confirm 

that negative earnings surprises in the lowest quartile are linked to large announcement 

day reactions. Furthermore, it shows that not even the most extreme earnings surprises 

for positive news are significant within the announcement window. Moreover, we could 

not find any evidence from the regression analysis that credit quality is a driving factor 

in the CDS markets response to earnings news. Accordingly, the results from the 

regression indicate that negative earnings surprises is the main factor, of the variables 

investigated, that influence CDS spreads upon the earnings announcements day.     

 

All in all, the results from this study extends the limited academic CDS market literature 

and contribute to earlier research by investigating a relative unexplored market within 

this research area. The results of the study are consistent with many previous studies. 

However, some results are in contrast to for instance Greatrex (2009), which could be 
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attributed to the fact that the studies are performed in two different markets and time 

periods. Still, it should be pointed out that one limitation of this study is the quite small 

sample size, which most certainly could contribute to the difference in results between 

the two studies.  

 

5.1 Suggestion for further research  
 

Given that the CDS market is a quite novel field within the academic literature more 

studies in general need to be performed to truly assess issues such as the impact off 

earnings and market efficiency. Furthermore, there are numerous of topics within this 

field that still are unexplored. For instance, when comparing the results of this study 

with the results from Greatrex (2009), it provides an indication that there might be 

regional differences between the US and European CDS market. One suggestion for 

further research could therefore be to perform a study in a comparative framework that 

simultaneously analyses the two markets to see if any differences can be detected. 

Alternatively, such a study could include other markets as well to get a more 

comprehensive picture of the CDS markets national and regional differences. 

Furthermore, with the limitations of this study in mind, we suggest further research of 

the European CDS market with a larger sample size. Due to the fact that this market is 

quite small one suggestion could therefore be to extend the sample to include earnings 

announcements for all the four quarters, or to add additional years to the study. Finally, 

with numerous of new regulations such as Basel III it would be interesting to investigate 

what effects such regulations has on the informational efficiency of the CDS market. 

However, since Basel III recently was implemented such a study would have to be put 

on hold so that the effects of the regulation have become visible. 
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7.0 Appendix 

Appendix 1.  

Table 1.3  Number of  
events 

Mean 5 yr 
CDS 

spreads 

Standard 
deviation 

Coefficient 
of variation 

Skewness Kurtosis Max Min 

                  

AAA 0 – – – – – – – 

                  

AA 12 89.37 49.67 55.58 1.12 1.10 294.67 20.34 

                  

AA- 23 89.49 46.87 52.38 0.97 0.50 278.33 25.89 

                  

A+ 29 128.19 94.72 73.89 1.90 4.66 623.33 22.18 

                  

A 47 175.70 130.64 74.36 1.58 2.47 820.50 30.02 

                  

A- 57 161.65 133.41 82.53 1.96 4.87 1054.58 32.35 

                  

BBB+ 30 102.30 39.24 38.36 1.92 6.09 365.75 47.83 

                  

BBB 75 213.66 152.52 71.38 1.75 3.64 1135.00 53.40 

                  

BBB- 32 215.00 141.41 65.77 2.05 4.42 863.95 57.02 

                  

BB+ 15 344.27 146.74 42.63 1.03 1.06 958.05 124.17 

                  

BB 11 361.07 140.45 38.90 1.53 2.39 855.90 169.12 

                  

BB- 17 796.63 420.42 52.77 1.90 6.38 3425.45 193.58 

                  

B+ 6 553.88 260.79 47.09 0.24 -0.72 1239.96 81.74 

                  

B 5 729.65 306.18 41.96 0.79 -0.38 1535.47 262.01 

                  

B- 3 893.98 454.75 50.87 0.48 -1.08 1839.58 271.09 

                  

CCC+ 2 1674.57 685.38 40.93 0.63 1.30 4544.30 574.94 

                  

CCC 1 1765.17 518.43 29.37 -0.13 -1.35 2581.26 895.06 

                  

Missing/NR 19 383.73 298.35 77.75 1.09 0.35 1402.95 51.34 

                  

 


