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“I’m so glad this was my first election.” 

– Taylor Swift, regarding the US 2008 Presidential Election  

(Rolling Stone, 2009) 

1 Introduction 

That the first time is special is true about many things that you do, and especially 

regarding those acts that are recognized as being of certain significance. In a modern 

democracy, the act of voting is possibly the single most important contribution from the 

common citizen to the institutions of governance (Aldrich, 1993). As such, it is not only held 

as a civic duty, but also as a right, which was only acquired after a long struggle for universal 

suffrage. At its best, electoral eligibility is the guarantee for citizens’ equal influence – one 

person, one vote – over the governing powers. The limitations to enfranchisement differ in 

the democracies of today, but one thing that is common to them all is that there is some 

form of age limit – a voting age. Hence, the first time a person is able to vote might be the 

closest thing a modern democracy has to an initiation rite, marking the transition from 

unaccountable adolescent to liable adult. 

In the case that is to be more closely examined in this thesis, Sweden, no restrictions 

to voting for citizens exist besides a voting age of 18 (Swedish Election Authority, 2015). In 

democracies worldwide, the age limit is usually set to the age of majority, and hence 18 is 

the most common limit even though it ranges from 16 to 21 (Inter-Parliamentary Union, 

2016). There are certainly arguments for having an age limit for eligibility – it is reasonable to 

get to vote first when assuming the responsibilities associated with coming of age, and an 

age limit at least works as a proxy for the maturity that might be needed to make an 

informed decision about voting. However, for the individual this restriction is arbitrary – you 

surely do not transform into a more mature person overnight when turning 18, but from one 

day to the other you acquire electoral eligibility. Furthermore, the first election where an 

individual is eligible to vote takes place at a more or less arbitrary point between the 18th 

birthday and some years after, depending on the length of terms and electoral laws. This 

variation, which arguably can be seen as exogenous, will be used in this thesis to draw 

conclusions about past eligibility’s causal effect on electoral participation, with the use of 

data for electoral turnout in the Swedish election to the European Parliament 2009. 

Electoral participation is a topic in political science that has been studied extensively 

(for reviews, see e.g. Geys, 2006a; 2006b; Smets and van Ham 2013). Determinants of 

turnout on individual and aggregate levels have been an important subject to study both for 

political scientists and institutions (e.g. political parties), during most of the twentieth 

century (McLean and McMillan, 2009). At first, aggregate data based on election results was 

used (e.g. by Tingsten (1937)), but the development of survey research techniques made 

new research possible during the post-war era. One of the major proponents of this 

movement was the Survey Research Center at the University of Michigan, where a pilot 

study of the US electorate was carried out in 1946 – which would later turn into the 

American National Election Studies (ANES, McLean and McMillan, 2009). The volume of the 
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research field that is associated with studies of turnout and its determinants is immense, 

and a complete overview of this extensive literature goes well beyond the scope of this 

thesis.  

In spite of the vast amount of research on voting, the topic is (or at least was) still “not 

well understood” according to Aldrich (1993). To more thoroughly understand why 

individuals decide whether or not to vote, many pieces need to be put together. Regarding 

individual voting behavior in general, one main finding is that it is habitual, which is not as 

trivial as individuals showing persistence in behavior – in other words, voting in one election 

will increase the probability of voting in subsequent elections, regardless of previous 

underlying probability (Green and Shachar, 2000). This explains the relationship between 

age and turnout that is generally found, described by Plutzer (2002) as “a steep rise in 

turnout in young adulthood, followed by gradual increases until voters reach their sixties” – 

even though this description does not reveal the whole truth about the relationship in 

Sweden (see section 2.3.2). Individuals who vote when first eligible will thereby be more 

probable to vote in following elections, and at each election some individuals who have not 

voted previously will turn out and thus may acquire the habit of voting (Aldrich et al., 2011; 

Plutzer, 2002). Further, arrays of socio-economic, social and cultural variables have been 

found to influence the voting decision – even though the plausible confounding effects 

makes it hard to determine causal relationships (Plutzer, 2002:48; Smets and van Ham, 

2013). 

The effect of previous eligibility on voting is just one piece of this complicated puzzle, 

but it is one that so far has not been assessed thoroughly. Evidence from previous research 

suggests that this effect differs significantly, both in direction and strength across different 

contexts (Bhatti et al., 2016; Coppock and Green, 2016; Dinas, 2012; Meredith, 2009). In this 

thesis, I will examine how previous eligibility affects voting behavior in Sweden, and thus 

hopefully shed further light upon the significance of this specific determinant of turnout.  

1.1 Purpose 

The objective of this study is to assess the causal effect of previous eligibility on 

subsequent electoral participation. With data for age and turnout for almost all eligible to 

vote in the Swedish election to the European Parliament 2009, both previous eligibility and 

outcome (i.e. if an individual voted in 2009) is measured. The difference in turnout between 

individuals who barely had passed the age limit at certain previous elections, and those who 

just had not, is estimated. Within a regression discontinuity framework, the validity of the 

interpretation of this difference as the causal effect of previous eligibility can be evaluated 

thoroughly. A similar study has been carried out by Bhatti et al. (2016) on Finnish and Danish 

elections, and Dinas (2012), Coppock and Green (2016) and Meredith (2009) have used 

eligibility cut-offs for IV designs to estimate the effect of previous voting on subsequent 

voting. 

The main focus of the thesis is to study if there is an effect of being eligible in the 

election immediately preceding (t-1, i.e. the election to the Riksdag 2006) the one where the 

outcome is measured (t0), which more intuitively can be described as the (non-age related) 
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difference between voting for the first or the second time. With the condition in the 

parenthesis in the previous sentence, this is not as trivial as it might sound: Persons “as-if-

randomly” distributed to being first or second time-voters will – if the identification is valid – 

be the same in all characteristics except this one, and hence this estimation discloses the 

exact effect of having been eligible to vote before. Similarly, the effects of having been 

eligible to vote or not in a number of previous elections (t-x; x = 2, …, 16), respectively, will be 

estimated. These elections differ both in type and salience, which can provide at least a 

suggestive answer to the question if the effect of past eligibility is contingent on these 

characteristics. 

The strength of this thesis thus relies on two pillars: First the data, with electoral 

turnout observed for almost all eligible individuals (which is unprecedented in a Swedish 

context), and second the identification of a possibility for a valid regression discontinuity 

design, making causal inference credible in a context where the analysis most often cannot 

go further than descriptive statistics. 

1.2 Brief Summary: Hypotheses, Results and Conclusions 

The theoretical and empirical reasons for my hypotheses are explained more 

thoroughly in section 2, previous research. To summarize, I expect there to be a positive 

first-time “hype” effect on turnout, or equivalently a negative effect of one-time eligibility. 

Further, I expect that subsequent turnout will be lowered by being eligible to vote for the 

first time in a second-order low-salience election, namely one to the European Parliament. In 

section 3, I present the methods used in this thesis, and how causality can be inferred with 

the use of a regression discontinuity design. Section 4 presents the results, and section 5 

concludes with a short discussion on the conclusions and their implications. 

The results lend their support to the first hypothesis, but not the second one. The 

causal effect of previous eligibility in the 2006 general election is about -2.5 percentage 

points, and highly consistent over different model specifications. For the earlier cut-offs 

(measuring e.g. the causal effect of two-time eligibility, comparing third- and second-time 

voters), only one out of 15 reaches statistical significance. This positive effect found for 1982 

eligibility is however not very consistent, and I conclude that no clear effects for any of these 

cut-offs are found. 

The main conclusion of this thesis is that the first-time hype result was found as 

expected, and this is well in line with previous findings by Bhatti et al. (2016) and Melton 

(2010). The first-time effect amounts to an increase in turnout by about 7 %, or 0.9 standard 

deviations. This explains part, but not all, of the negative relationship between age and 

turnout for the very young voters (see figure 2). The universality of this result is naturally 

very hard to know, since only a few similar studies have been carried out, and hence there is 

a great need for more research within this branch of electoral studies. Nonetheless, in the 

Swedish election to the European Parliament of 2009, the first time truly was special.  
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2 Previous Research 

In this section’s first part, I will provide an overview of previous research and try to 

locate my thesis in the body of literature, mainly for the purpose of showing the relevance of 

this particular study. I start with a short account of the general empirical picture of why 

people vote. In the second part, I will present previous research that is more closely related 

to the particular question that is to be answered in this thesis, namely studies on how 

previous eligibility and previous voting affects subsequent voting, and the neighboring 

subject of habit formation and youth voting behavior. A part on the particular characteristics 

of the context of this study follows, and a presentation of my hypotheses concludes. 

2.1 Voting 

Ever since Anthony Downs (1957) stipulated the so-called “paradox of voting”, political 

scientists have tried to provide theoretically coherent explanations of why individuals do 

turn out to vote. The question is intuitively compelling and challenging: Why do so many 

people vote, when the chances that one’s vote matters in the sense of being of decisive 

significance for the election at hand are infinitesimal? This debate has been going on for a 

long time within the community of political scientists, and the leading approach since Riker 

and Ordeshook’s (1968) seminal work remain within the rational choice pound (Aldrich, 

1993). However, in this empirically oriented thesis I will focus on the vast amount of works 

that have been committed to studying turnout from an empirical perspective. 

In a recent review article, Smets and van Ham (2013) find that the most accurate 

description of the state of the research on individual-level determinants of turnout is “an 

embarrassment of riches”. Reviewing 90 empirical studies published in top journals during 

the 00’s, more than 170 different independent variables are found included in the models. 

There seems to be no consensus whatsoever on a “core model”, which is evident by e.g. the 

two most commonly included explanatory variables, age and education, being used in only 

72 and 74 percent of the studies respectively (p. 345). The variables that the authors find to 

consistently have an effect on turnout are age (linear and squared), education, residential 

mobility, region, media exposure, mobilization efforts (by partisan and non-partisan agents), 

vote in previous election, party identification, political interest and political knowledge (p. 

356). This situation, with such a wide plurality of competing explanations to turnout, has its 

strengths and weaknesses. That no consensus has emerged in this field might not be 

considered strange, since voting is apparently a complex phenomenon, whereby studies aim 

to corroborate certain (pet) theories rather than assess their comparative strengths (Smets 

and van Ham, 2013:345). However, when this results in models being consistently 

underspecified, the risk for spurious inference (barring a strong design) is apparent.  

Of particular importance to this study is that previous voting seems to affect 

subsequent voting positively, which is related to the question of the effect of eligibility on 

voting. Otherwise, if the identification strategy and design applied in this thesis is valid, the 

other factors should be balanced across groups or exclusively affected through some 

individuals having been (not) eligible before, which makes for a strong case against 

considering including them as controls. The effect size of previous voting found by Smets and 
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van Ham (2013:352) when reviewing prior research is “close to 1”, which means that voters 

show strong signs of what is usually called habitual voting (Plutzer, 2002).  

The finding that voting is habitual is concluded by “virtually all major works on 

turnout” (Plutzer, 2002:42), and it is a claim that has not been substantially challenged since 

Campbell et al. (1960:ch. 5) in their seminal work described voting as “a type of conduct that 

is somewhat habitual”. To reiterate, this means that voting or abstaining with a somewhat 

Bayesian interpretation “updates”, i.e. raises or lowers, the individual’s probability of voting 

in the next election (Green and Shachar, 2000:562; Melton, 2010:4). According to Smets and 

van Ham’s (2013:352) categorization, habitual voting belongs to the fold of rational choice 

theories of voting. This is however not at all evident from all of the empirical studies of the 

phenomenon, since this categorization reasonably must depend on the reasons for voting 

being habitual. 

A categorization of explanations or mechanisms for habitual voting that subsequently 

have been widely used was proposed by Green and Shachar (2000), boiled down well for the 

sake of this thesis by Melton (2010:6) to two viable mechanisms, one psychological and one 

institutional. The institutional mechanism corresponds well to the rational choice 

categorization made by Smets and van Ham (2013:352), where voting means that individuals 

will “face lower information barriers” the next time, reducing the cost term in the rational 

choice equation. This effect is obviously very context-dependent, since the barriers to voting 

differ substantially across countries. Once individuals become experienced voters however, 

their probability to vote should not be affected much by turning out, since there no more 

are any information barriers to overcome (barring e.g. voting law change). Moreover, the 

habitual effect can be expected to be asymmetric – not voting should not lower the 

probability of subsequent voting, while voting naturally raises it (Melton, 2010:8). This is also 

easily reconcilable with the findings of Plutzer (2002:42), who notably studies US voters, who 

face comparatively high barriers to vote. As Melton (2010) argues, this mechanism cannot be 

expected to be at work in the context of this study, Swedish elections, since these barriers in 

a comparative perspective are non-existent: Registration is automatic, voting cards with 

extensive information is sent out to all eligible, polling stations are abundant (i.e. close, with 

short to no queue times) and in well-known locations such as the closest school or church 

and advance polling stations are set up 18 days before the elections at public places such as 

shopping malls and train stations (Swedish Election Authority, 2016).  

The second mechanism suggested by Melton (2010) does not correspond well to the 

rational choice theory, but has to do with psychological factors (the “psychological model” in 

Smets and van Ham (2013:353f), where habit is strikingly absent) and is most 

straightforwardly described as “voting causes individuals’ [sic] to see themselves more as 

voters” (Melton, 2010:8). The implications of this hypothesized mechanism are quite 

different compared to the institutional one. In contrast, the self-identification mechanism is 

expected to work “both ways” – not voting might make the individual identify more as a 

non-voter, in equivalence to voting making the individual more of a voter. Furthermore, the 

psychological mechanism – although expectedly being very heterogeneously distributed – is 
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not dependent on the context for its expected presence (Melton, 2010:8f). Even though one 

can imagine many reasons for the magnitude of the psychological effect to differ in group- 

and country-specific contexts, it should always be in effect to some extent. Based on this 

reasoning (from Melton, 2010), Sweden makes for an excellent example for testing if this 

mechanism is valid – if evidence of habit is found in this case, and solid ground exists for the 

institutional mechanism to not be valid, by exclusion it can be attributed to the psychological 

one. 

Many recent studies have been carried out trying to empirically corroborate the claim 

that voting is habitual, which is harder than it might seem – for a causal relationship to be 

established, a strong design is needed (see section 3.1). One approach to doing this is by 

using (in a sub-population) randomly distributed get-out-the-vote (GOTV) mailings, and 

estimating the effect of voting in subsequent elections “downstream”, done in large scale 

first by Gerber et al. (2003). Coppock and Green (2016) provide both a good overview of 

these studies (p. 3ff) and new evidence for habitual voting with this approach (p. 8ff). 

Another way of estimating this causal effect is through the use of a regression discontinuity 

design, using voting age thresholds as an instrument for exogenous shocks to turnout. Four 

studies that apply this design are presented in the next section. 

2.2 Regression Discontinuity Approaches to Eligibility and Voting 

The reason for habitual voting being of particular importance to this thesis is that it so 

closely relates to the question of what the effect of past eligibility is. As described in the 

previous section, the habitual voting hypothesis can be reformulated as “voting causes 

voting”. Since eligibility is the prerequisite for being able to vote, this effect can be used to at 

least draw tentative conclusions about the presence of habit formation, and with an IV 

design (see e.g. Meredith, 2009:191ff) credible causal estimates of the effect of voting in an 

election on subsequent voting can be provided. 

The usage of voting age restrictions as a possibility for regression discontinuity designs 

was pioneered by Meredith (2009), using voter data for Californian elections. In Meredith’s 

article, evidence for habit is confirmed through estimates being positive and significant both 

for eligibility, and suggestive evidence (with an IV design) being provided that previous 

voting also raises the probability to vote in the elections where the outcome is measured 

(2004 presidential, 2005 special election and 2006 midterms). Subsequently, the approach 

has been applied in a US context by Dinas (2012) and Coppock and Green (2016), and in a 

Nordic (Finnish and Danish) context by Bhatti et al. (2016). A brief summary of these studies 

is provided in table 1. 

Regarding the results, all the studies in an American context show (or indicate, in 

Coppock and Green’s case) that the effect of previous eligibility on subsequent turnout is 

positive. With the language of this thesis, the first time was not special – rather, experience 

seems to have mattered more. Moreover, the effect that is found in these papers diverge 

significantly regarding what kind of election an individual first becomes eligible to vote in. 

The results that low-salience eligibility experience does not affect future turnout nearly as 

much as their high-salience counterparts are strikingly consistent. Moreover, the positive 
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effect that is found in an American context is evidently very long-term, and in all three cases 

stretches practically over the whole considered period. Hence the suggested time-spans 

seems to be more limited by data than by the dissipation of the actual effect.  

In contrast to these results, Bhatti et al.’s (2016) study displays clear results in the 

opposite direction of the American studies. In an effort to distinguish if and how salience 

matters, they use data from all four combinations of high- and low-salience elections where 

the outcome is measured, and previous high- and low-salience ones. The results regarding 

this are quite mixed, but the two considered elections where first-time hype seems to have 

mattered the most are the two low-salience ones (Danish municipal, Finnish municipal; 

Bhatti et al., 2016:154). This result, from a similar context, indicates that I have a good 

chance of finding an effect if there is one. The reason for the negative result of previous 

eligibility is interpreted by the authors as rather being a positive effect of voting the first 

time, which they label a “hype”, described as “the psychological reward, thrill or simply 

entertainment value of voting” which is reinforced by voting the first time being an exercise 

of a newly gained right. 

The fact that Bhatti et al.’s (2016) results diverge sharply from the other studies might 

be discomforting at first glance – maybe something was missed by bad luck or author errors? 

However, as discussed previously, the institutional settings and contexts could hardly be any 

more different for western democracies than Nordic and American ones. For example, as 

Bhatti et al. (2016:152) writes, “turnout for even low-salience elections is usually higher than 

that of presidential elections in the US”, and, more importantly for this thesis, the cost of 

voting is significantly higher in the US. The point is that the results from the US regarding 

turnout cannot be expected to have very strong bearing on the situation in the Nordic 

countries, even though very similar results across contexts would suggest that the answer to 

the “experience vs. first time boost”-question is more universal than context-dependent.  

Due to the comparative similarity, I consider Bhatti et al.’s (2016) study to be of much 

greater predictive value to the results of this thesis than the ones carried out with US data. 

Furthermore, since Bhatti et al. do not intend to use the eligibility effect only as an 

instrument to estimate voting’s effect on subsequent voting, they commit greater resources 

to check the robustness of these specific estimates, e.g. by displaying results from 

parametric and non-parametric regressions with a number of different bandwidths (see 

section 3.3). The joint evidence from Bhatti et al.’s (2016) study point in the direction that in 

the Nordic countries, turnout seems to be unaffected or depressed by previous eligibility, 

and hence this is what I expect to find in a Swedish context. 
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Author (year) Meredith (2009) Dinas (2012) 
Bhatti et al. 

(2016) 
Coppock and 
Green (2016) 

Variable(s) of 
interest 

Eligibility and voting Voting Eligibility Voting 

Context; 
election year 

and type 

California;  
2004 Presidential, 
2005 Special, 2006 

Midterms 

US nationally; 
Focus on 1968-
1970, with data 
available until 

1992. 

Denmark; 2009 
Municipal. 

Finland; 1999 
Parliamentary, 

2012 Municipal, 
2012 

Presidential. 

17 US states; 
National 

elections 1992-
2010.  

Eligibility 
estimate 

+3.0 – +4.5* 
(Presidential on 

Presidential) 
-1.6 –  -0.4 

(Midterms on 
Presidential) 

+19.7 – +22.1* 
(Presidential on 

Midterms) 
-0.8 – +1.4 

(Midterms/Special on 
Midterms) 

+12.3* 
(Presidential on 

Midterms) 
+17* 

(Presidential on 
Presidential) 

-3.1 – -6.1(*) 
(Danish 

Municipal) 
-1.0 – 2.9(*) 

(Finnish 
Parliamentary) 

-9.0 – -12.9* 
(Finnish 

Municipal) 
Null 

(Finnish 
Presidential) 

N/A 

Voting estimate 

+5.0 – +7.5* 
(Presidential on 

Presidential) 
+ 10.0 – +11.3* 
(Presidential on 

Midterms) 
Null 

(Special/Midterms on 
Midterms/Presidential) 

+26.6 – 28.7* 
(Presidential on 

Midterms) 
+17* 

(Presidential on 
Presidential) 

N/A 

+9.0 – +14.7* 
(Presidential on 

Midterms) 
+6.8 – +22.6* 
(Midterms on 
Presidential) 

+11.7 – +21.0* 
(Presidential on 

Presidential) 
+7.5 – +23.2(*) 
(Midterms on 

Midterms) 

Suggested 
longevity 

12 years 
(Presidential on 

Presidential) 

28 years 
(Presidential on 

Presidential) 
N/A 

20 years 
(Presidential on 

Presidential) 
Table 1. Previous studies applying RDD. Estimate measurement in percentage points, not percentage. 
*Significance at least at the 95 % level, parenthesis denotes one or more, but not all, being significant.  
Estimate intervals show lowest to highest from different models, not CI. 

2.2.1 Continuity of the Effect 

A question that naturally arises when one discovers a strong effect on turnout of 

previous eligibility and/or voting is if it lasts, and for how long. If the hypothesis that voting is 

habitual is true, then it is reasonable to expect that a shock to turnout, regardless of its 

direction, will be enduring but diminishing as the experience of previous voting evens out. 

This is investigated further by the American authors, since their express purpose is to use the 

voting age discontinuity to study if the habit hypothesis can be confirmed empirically (Dinas, 

2012; Meredith, 2009; Coppock and Green, 2016).  
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The results are remarkable and mostly concurrent – in two of three cases, they find 

that the positive effect of previous eligibility on consecutive voting lasts as long as can 

possibly be studied given the data available. However, it should be noted that the patterns 

discovered are somewhat different. The most persistent endurance is found in Coppock and 

Green’s (2016: 19) article, where the effect does not seem to be diminishing at all over the 

considered time period of 20 years. Dinas’ (2012:448) results are two-fold: at first the effect 

diminishes, which is easily explained by all voters gaining electoral experience, but after 

twenty years the effect returns and grows even stronger than in the first considered 

election. This is indeed a “puzzling feature” (p. 448) of the data, and can possibly be 

explained by other factors’ magnitude of impact during parts of the voter’s lifecycle, or the 

type of election the voter first is eligible in, which I return to in the next section. Finally, 

Meredith’s (2009:203) evidence for an enduring effect is the most ambiguous of the three. 

The 12-year estimate comes from eligibility in 1992 having a significant and positive effect 

on voting in 2004, but it should be noted that this only is found in one of two used 

specifications, which is also true for the effect of 1996 eligibility (Meredith, 2009:203). 

Moreover, 1988 eligibility does not affect turnout in 2004 in any of the models.  

A fair summary conclusion of the studies in this respect is that the effect of previous 

eligibility seems to be lasting longer than an election cycle, but that the details about how 

long and why the length differs are hard to determine. For the purpose of expectations 

regarding the results in this thesis, it is unfortunate that Bhatti et al. (2016) do not expand 

on this topic. If I do find a negative effect of previous eligibility on voting, i.e. a “first-time 

hype” effect, then it can probably be expected to dissolve quicker than a positive habitual 

experience effect. The reason for this is theoretical and intuitive: A first-time hype should be 

useful only in one’s first election, and the effect should not separate e.g. second- and third-

time voters significantly. On the other hand, the empirics from the studies performed in an 

US setting might be considered tentative evidence that any shock to turnout will have 

effects that persist. If that would be the case, it would also obscure the actual first-time 

effect by the “leftover” hype that affects second-time voters, since those make up the 

control group in this case. The conclusion regarding the general longevity of an effect of 

previous eligibility with respect to this thesis is that it is very hard to hypothesize how the 

length and strength might look. A case can be made for persistence to be probable if there is 

a primary effect, but the cases for no long-term effect or the opposite positive effect of 

previous eligibility due to experience taking over and dominating hype could also be made, 

and based on this I am hesitant to speculate on the results. However, another topic that can 

lead to plausible predictions of results in this thesis is the salience and type of the 

considered elections, which I turn to in the next section. 

2.2.2 Character of Elections 

That the type of elections matter for their salience, and that salience matters for 

turnout, is uncontroversial. If there is to be a psychological hype effect from voting the first 

time, the general excitement level about the election will reasonably play an important role 

as well (Bhatti et al., 2016:153f). Since these effects can be assumed to affect younger voters 
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to a higher degree than older, the authors of the studies presented previously in this part all 

consider type of elections as being of importance. The division into first- and second-order 

elections is quite clear in both US and Nordic contexts, with US Presidential elections, 

Swedish general elections, and Finnish and Danish national elections enjoying much higher 

turnout rates and attention respectively than their midterm, European Parliament and 

municipal counterparts. In Sweden, the quadrennial general elections to national, regional 

and municipal assemblies have enjoyed participation rates of between 80 and 90 % of the 

eligible population since the 1960’s. The elections to the European Parliament however, held 

since 1995 (every fifth year since 1999), draws around half of that measure with a record 

turnout of 51 % in the 2014 elections (Statistics Sweden, 2016). The salience of an election is 

obviously not only captured by the type of it, but it marks the clearest division into elections 

that engage wider and more narrow parts of both the electorate and other actors such as 

the media. This division serves as a good approximation of the eventual contingency on 

salience for the results in this thesis.  

The pattern of European Parliament elections being second-order is not a Swedish 

phenomenon but one that is present in all EU countries (Franklin and Hobolt, 2011). The 

question of how the introduction of these elections into established political systems affects 

turnout was studied by Franklin and Hobolt (2011), and the results with most direct 

implications for this thesis are that those whose first election is to the European Parliament 

(and not a national one) have lower turnout rates subsequently (p. 73ff). This finding is easily 

reconcilable with previous research showing that the habit of voting (or not) is established 

during young adulthood, more precisely after three electoral experiences. In these first 

encounters with the choice to vote or abstain, variables like resources matter the most, and 

hence one can expect that motivational effects associated with the salience of an election 

will also have an especially strong impact on young voters (Plutzer, 2002; Mullainathan and 

Washington, 2009). Since a second-order election depresses turnout generally, when it is the 

individual’s first opportunity to practice their voting right this entails a risk of a disruption to 

the development of establishing a habit, lowering subsequent turnout. This implies that the 

estimation of the first eligibility effect in this thesis might be biased upwards, since the 

election where outcome is measured is second-order. However, since the empirics suggest 

that this effect is more pronounced in the long run, and that it only marginally increases the 

risk of a false negative (but not a false positive) for the expected effect, this does not imply a 

critical problem. 

The empirical evidence from the studies utilizing discontinuities is equivocal on the 

significance of election types. Meredith’s (2009) results, that eligibility for second-order 

midterms and special elections has no effect on turnout in subsequent elections, in contrast 

to the comparatively strong effect of previous eligibility in a presidential election, are 

probably the most easily reconcilable with those of Franklin and Hobolt (2011). The results in 

Coppock and Green’s (2016:16ff) more contextually extensive article indicate that the 

habitual effect of voting in low-salience elections is equivalent to the effect of voting in a 

high-salience one. This result, although surprising, might be explained by the characteristics 
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of voters in the respective kinds of elections. Since the turnout in second-order elections in 

all the considered contexts is substantially lower generally, and even further diminished in 

the young populace, more voters that turn out in these elections can be expected to be 

“high-propensity” voters – i.e. individuals that will turn out to vote almost regardless of 

election saliency. In the Finnish/Danish context, Bhatti et al. (2016) set out to investigate the 

effect of salience thoroughly by designing their study to include all four pairs of previous 

low-/high- and current low-/high-salient elections. Since only one instance of each dyad is 

studied their evidence has to be seen as indicative, but there does not seem to be any 

difference in effect depending on the type of the previous election (i.e. the one where the 

“control group” first was eligible). However, the found negative effect of eligibility was 

stronger in both the considered elections of second-order character. The suggested reason 

for this is that since turnout rates are so high in first-order elections, effects like these are 

very hard to discern if there are any – the high degree of mobilization mitigates individual-

level differences (Bhatti et al., 2016:158). Resources – here considering a first-time “hype” as 

one – will simply matter more for mobilization in second-order European Parliament 

elections than in first-order ones in a context with high turnout rates. 

The importance of saliency and election type for the effect of previous eligibility is in 

conclusion ambiguous. The good news, however, is that this can be assessed empirically to 

some extent in my study. As previously stated, I expect Bhatti et al.’s (2016) results to be 

more predictive of my own, and hence I hypothetically have a good chance of finding a first-

time hype effect if there is one. However, this also highlights the limitation that naturally 

comes with only having data for one particular election, which implies that I should be 

additionally hesitant to generalize any results to first-order Swedish general elections. The 

possibility of discerning different effects for low- and high-salient elections is limited to 

studying cut-offs for eligibility that lie further back in time. As stated in the previous section, 

the empirical evidence is unclear to the extent that I do not hypothesize on the general time 

trend of the effect (i.e. the differences between second- and third-time voters and so on), 

but comparatively I expect turnout to be lowered by first being eligible in an election to the 

European Parliament. 

2.3 Locating the Thesis 

2.3.1 Relevance 

The utilization of voting age as a discontinuity for the study of how eligibility (and 

voting) affects subsequent voting is a very recent phenomenon, initiated by Meredith’s 2009 

article. As it usually is with a field that is not very well developed yet, no gold standard for 

conducting the research methodically exists, and the results taken as a whole are to say the 

least disparate. Hence, every theoretical, methodological and empirical contribution makes 

the state of affairs significantly clearer.  

The scientific relevance of this thesis lies in the possibility to further explore how 

previous eligibility affects subsequent voting in a context where it never has been applied 

before, and to positively further advance the understanding of turnout. The results of this 

thesis can additionally corroborate or discredit theories about if and how psychological-
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motivational shocks and experience matters for voting, and the closely related theory of 

habitual voting. A remarkable feature of this thesis is that I have access to a uniquely large 

dataset (N = 6421140), and thus have the possibility to answer these questions 

comprehensively within the uncharted territory of eligibility’s effect in Sweden. With the 

background provided in this chapter, it is hopefully clear that this study is located firmly in a 

field of research that is a vibrant and pertinent one, not only for the sake of the practitioners 

of electoral studies themselves, but possibly also for the health of democracy itself – as 

Lijphart (1997) argues, a more equal participation is needed for a democracy worthy of its 

name, and surmounting this challenge has to start with understanding it better. 

2.3.2 Context 

Elections to the European Parliament have been held in Sweden since 1995 following 

the Swedish joining the EU in the same year, and from 1999 held regularly every fifth year 

jointly with the rest of the union (Swedish EU Information service, 2016). Turnout to these 

and other Swedish elections (including the referenda on joining the EU -94 and the Euro -03) 

since 1994 are shown in figure 1. The turnout to national elections in Sweden generally is 

among the highest of democracies that do not have compulsory voting laws, and in 

comparison to this the European Parliament electoral turnout is bleak. 

  
Figure 1. Turnout in Sweden 1994-2010. Source: Statistics Sweden (2016) 

For the purpose of this thesis, one important subject is how the relationship between 

age and turnout looks in these elections respectively, since the main interest of my study 

naturally is first- and second-time voters, i.e. young ones. The average turnout since 2000 in 

national and EP elections respectively show a clear curvature that is well known to be a 

consistent relationship in virtually all established democracies (see e.g. Plutzer, 2002). The 
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turnout seems to be substantially lower in EP elections in every age group, with the only 

discernable difference being that the gap is relatively smaller among older voters, 65+.  

However, what becomes clear from the more detailed 2009 turnout graph is that there 

is more to the story than the averages reveal – among the very young voters, turnout is as 

high as it is for middle-aged voters. In fact, the relatively high turnout rate (43 %) for 18-year 

olds in the Swedish European Parliament election is only retrieved by 45-year olds and older. 

That this pattern is not only limited to this specific election nor a Swedish context in general 

is confirmed by the findings of Öhrvall (2009, Swedish Riksdag elections), Bhatti et al. (2012, 

Finland, Denmark and Texas) and Konzelmann et al. (2012, Germany). Although limited to 

empirics mainly from northern Europe, the negative relationship between age and turnout 

among very young voters seems to be generally true, albeit hard to discover without large 

datasets. 

 
Figure 2. Turnout and age. Squares represent 5-year age group averages (7 years for 18-25 year olds), and the line one-year 
increments (2009). Note: Due to data unavailability 80+-voters are excluded. Source: Statistics Sweden (2016). 

The implications of this finding for the study to be purported in this thesis are not 

necessarily extensive. However, it might be useful for model specifications to know how 

turnout is affected by age, which is the “running variable” in this design. A conclusion to 

draw from figure 2 that is somewhat comforting is that the turnout-age relationship for the 

EP election of 2009 does not seem to differ in any noticeable sense from other Swedish EP 

elections. This makes the case for results being generalizable at least to other Swedish 

elections to the European Parliament stronger. 

2.4 Hypotheses 

To conclude the section on previous research, I will reiterate the results that I expect 

from my estimations, i.e. my two hypotheses: 
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 H1: The effect of having been eligible once before is negative, since there is a 

positive psychological effect on voting by being eligible for the first time. 

 H2: The relative long-term effect of first having been eligible in an election to 

the European Parliament is negative, since the experience of first being eligible 

for a second-order election have been found to suppress future turnout. 

Since Bhatti et al. (2016) find a negative effect of previous eligibility, or what they call a 

first time hype, in a very similar context I expect this to be the case in Sweden as well. 

However, strong evidence that point in the opposite direction is found by other authors 

using voting age discontinuities to estimate the effect of previous eligibility, which provides 

an argument for this hypothesis to be taken more lightly (Coppock and Green, 2016; Dinas, 

2012; Meredith, 2009). Since these results exclusively come from a US context, which in 

many important respects deviate significantly from a Swedish one, the suggested effect still 

seems plausible. The theoretical reasons for this is mainly provided by Melton’s (2010) 

argument that psychological mechanisms will dominate in Sweden where the institutional 

barriers to voting are very low.  

If a first time-hype effect is found, I expect that it might persist. However, the previous 

evidence does not lend much credibility to any more precise hypothesis regarding this 

matter. The reason that it is hard to move beyond mere speculation is that the studies that 

find the opposite effect of what I expect do find it to be very consistent over time, but the 

question is how context-dependent this is. The psychological boost of voting the first-time 

might be considered a positive shock to turnout, which Coppock and Green (2016) concludes 

generally lasts. However, the mechanism that makes the effect of eligibility positive in the 

US context, habit, might come into effect in a Swedish context too. If this is the case, then 

this would after an unknown amount of time begin to dominate over the remnants of the 

first-time hype effect, making the total effect of previous eligibility first zero and gradually 

positive. Intuitively, it makes sense that the first-time boost is limited to the actual first time 

one is eligible, but considering the lack of evidence, this is only a more or less educated 

guess. 

One thing that previous research is more concurrent on, however, is that the character 

of the election an individual first is eligible to vote in matters for subsequent turnout. 

Franklin and Hobolt (2011) show that voters who were first eligible to vote in elections to 

the European Parliament have a lower propensity to vote than their peers who were first 

eligible in general elections. Here the strength of the design employed in my thesis becomes 

evident – I do not have to rely on comparisons of broad voter groups, nor ecological 

inference based on aggregated data, but can rather credibly draw causal conclusions on this 

matter by estimating regressions using a number of groups in the vicinity of the cut-offs for 

eligibility.  
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3 Methods 

This section is divided into three parts. The first part presents the methodology in a 

more general sense and explains how a regression discontinuity design can enable credible 

causal interpretations of relationships, due to its close kinship to experimental designs. The 

second part contains information on the data used in this thesis. In the final third part, 

details pertaining to the particularities of this thesis are presented, e.g. how to present the 

data and estimate the models. 

3.1 Methodology 

3.1.1 Potential Outcomes and Problems 

The ultimate goal in quantitative social sciences regularly is to be able to draw 

conclusions about causal relationships, since it is "at the center of explanation and 

understanding" (Brady, 2008). When social phenomena is observed, it is easy to analyze how 

they relate to one another in terms of correlations, in claims like "when X happens, Y tends 

to happen too" or "when X is present to a certain degree, Y tends to be present to a certain 

degree too". Almost any two phenomena in social science that is reasonably measurable can 

be studied this way. However, there remains a substantial methodological challenge to go 

from claims like these to claims about causality, i.e. that X not only occurs simultaneously 

with or before Y, but causes Y.  

That this challenge is harder to surmount than what intuition first suggests, due to the 

so-called fundamental problem of causal inference can be shown by an example from Rubin 

(1974:689). Imagine that you have got a headache, and that you have a couple of aspirins. If 

you choose to take the pills, and the headache an hour later is gone, you would probably 

gladly attribute this remedy to the pills. If it is still there, a reasonable conclusion would be 

that the aspirin did not work. However, you could also have chosen to wait the headache 

out, and just have a glass of water without taking any medicine. If this line of action was 

chosen, and you still had a headache (or the situation even worsened), the choice to not 

take any aspirin would probably be seen as a bad one in retrospect. On the other hand, if the 

ache would be gone, the problem solved itself. The challenge for the researcher is that we 

can only observe what happens in a particular situation when one of these lines of action is 

chosen, and causality is defined as the difference in outcomes for different lines of action for 

the individual (Rubin, 1974:689). With respect to the example, you cannot both take an 

aspirin and not take an aspirin at the same time - if you take an aspirin and the headache 

recedes, you do not know what would have happened had you not taken one. If you had 

been as good off without taking an aspirin, the remedy must be attributed to other factors 

(e.g. time) rather than the substance, so no strict causality can be concluded from the taking 

of medicine and later feeling fine. The point of this example is that causality in a scientific 

sense is a very demanding concept, and cannot be established without very good reasons. 
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 Y0i Y1i 

Di = 0 
Observed/ 

Actual 

Unobserved/ 

Counterfactual 

Di = 1 
Unobserved/ 

Counterfactual 

Observed/ 

Actual 
Table 2. Potential outcomes. 

To formalize this, I use notation provided by Angrist and Pischke (2009:12ff). The 

outcome of interest for the individual is denoted by Yi. The treatment status, e.g. if the 

person takes an aspirin or not is denoted by Di = {0, 1}1. The potential outcomes for the 

individual is presented in table 2. The upper left and lower right cells are straightforward to 

interpret as the values the outcome take if the individual gets the treatment or not. The 

interpretation for the unobserved values is a bit trickier, but the lower left can be described 

as “the outcome for a person that took the aspirin, had she not taken it” and the upper right 

as “the outcome for a person that did not take the aspirin, had she taken it” (Angrist and 

Pischke, 2009:12ff). Thus, the observed outcome can be written as: 

𝑌𝑖 = {
𝑌1𝑖 if 𝐷𝑖 = 1
𝑌0𝑖 if 𝐷𝑖 = 0

 

The fundamental problem of causal inference is rather straightforward to explain using this 

notation. The causal effect of interest is Y1i – Y0i, but both of these outcomes are never 

observed for one individual (at the particular time). The most simple solution to this is thus 

to compare the outcomes of individuals who were treated (Di = 1, i.e. took the aspirin) to the 

outcomes of those who were not treated (Di = 0, i.e. did not take the aspirin), which is 

usually called the control group. Formally, what is then estimated is: 

 𝐸[𝑌1𝑖|𝐷𝑖 = 1] −  𝐸[𝑌0𝑖|𝐷𝑖 = 0] (1) 

The problem with this is that barring manipulation, the individuals that receive the 

treatment and those who do not might differ not only in the respect that the first have taken 

aspirin and the latter have not – for example, it might indeed be so that those who have 

aspirin readily available on average are sicker, thus leading us to the risk of fallaciously 

concluding that aspirin makes your health worse. Since the same individuals’ different 

outcomes cannot be observed, we will not know what the causal effect of the treatment is, 

let alone if there is any besides a mere correlation. The problem that confounds the attempt 

to make causal inference then essentially can be described as a selection problem – without 

being able to treat and not treat the same individual(s), a bias might be introduced. 

Formally, this can be shown by adding and subtracting an unobserved term, and rearranging 

equation 1 (Angrist and Pischke, 2009:15): 

 𝐸[𝑌1𝑖|𝐷𝑖 = 1] − 𝐸[𝑌0𝑖|𝐷𝑖 = 1]⏟                  
𝐴𝑣𝑒𝑟𝑎𝑔𝑒 𝑡𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡 𝑒𝑓𝑓𝑒𝑐𝑡 𝑜𝑛 𝑡ℎ𝑒 𝑡𝑟𝑒𝑎𝑡𝑒𝑑

+   𝐸[𝑌0𝑖|𝐷𝑖 = 1] −  𝐸[𝑌0𝑖|𝐷𝑖 = 0]⏟                    
𝑆𝑒𝑙𝑒𝑐𝑡𝑖𝑜𝑛 𝑏𝑖𝑎𝑠

 (2) 

What is shown in this equation is simply another way of stating what has been stated 

before – since we cannot both treat and not treat the same individual, we cannot see the 
                                                      

1The logic provided in the examples can easily be extended to continuous independent variables (e.g. done in 
Angrist and Pischke, 2009). 



 19 

causal effect of treatment on any particular unit. With the reasoning provided by the 

potential outcomes framework, it is easy to describe the difficulty that is associated with 

causal inference. However, there are also possible remedies, which are presented in the 

following section. 

3.1.2 Experiments and Other Strategies: The Struggle for Independence 

To be able to make causal inference plausible, we need to make sure that the second 

term in equation 2 is as close to zero as possible – i.e. that the groups are not different in 

any way that causes bias. The best strategy for achieving this is through randomization of 

treatment status – by performing an experiment (Angrist and Pischke, 2009:15ff). The 

randomization of treatment status guarantees (with a large enough n) that the two groups 

will not differ in any observable or unobservable characteristic, which could otherwise 

confound the results (Sekhon, 2008). Formally, if 𝐷𝑖  is randomized, it is independent of the 

potential outcomes for the individuals, and hence they become the same in expectation for 

both groups: 

 {𝑌0𝑖, 𝑌1𝑖 ⫫ 𝐷𝑖}  →  𝐸[𝑌1𝑖|𝐷𝑖 = 1] =  𝐸[𝑌1𝑖|𝐷𝑖 = 0], 𝐸[𝑌0𝑖|𝐷𝑖 = 1] =  𝐸[𝑌0𝑖|𝐷𝑖 = 0]  (3) 

Combining equations 2 and 3 yields this simplified result when subtracting the control 

group outcome from the treatment outcome: 

 𝐸[𝑌1𝑖|𝐷𝑖 = 1] − 𝐸[𝑌0𝑖|𝐷𝑖 = 0]          = 𝐸[𝑌1𝑖 − 𝑌0𝑖]⏟      
𝐴𝑣𝑒𝑟𝑎𝑔𝑒 𝑡𝑟𝑒𝑎𝑡𝑚𝑒𝑛𝑡 𝑒𝑓𝑓𝑒𝑐𝑡 (𝐴𝑇𝐸)

  

Even though many challenges remain when designing studies (such as establishing 

relevance!) the point with randomization is that the selection bias is eliminated, and hence a 

simple comparison of means can be used to estimate a causal effect – an average treatment 

effect for the whole considered population, rather than an average treatment effect on the 

treated (Rubin, 2005). 

In most real-world cases it is either unethical, overly expensive, or outright impossible 

to perform an experiment. However, since the real cases would be the ones that interest us 

the most, other strategies needs to be found to be able to draw conclusions about causality 

when using observational data (Rubin, 1974). Nevertheless, experiments serve as the 

benchmark for the manipulation processes that provides possibilities for credible causal 

inference. The case that is to be studied in this thesis is an example of one where only 

observational data is imaginable – there are certainly good reasons why we would not 

randomly assign voting rights to young individuals, yet it would be optimal if we wanted a 

clear answer to the question of how previous eligibility affects subsequent voting. 

Considering the potential outcomes framework presented above, it is rather easy to 

see that randomization is not necessary for causal inference to be valid – it only serves as the 

theoretically most straightforward way to eliminate the selection bias. As described 

previously, the aspect of randomization that solves the selection bias problem is that it 

ensures independence of the treatment from the potential outcomes. In many of the real-

world cases, e.g. regarding the economic returns to education, we can assume that our 

variable of interest has some effect, but since treatment status is not independently 

assigned with respect to the potential outcomes, i.e. other things that determine future 



 20 

earnings, it is very hard to estimate the isolated effect of education (Angrist and Pischke, 

2009:54). For example, a simple comparison of the earnings of those who have a university 

degree and those who do not would lead to an overestimation – a biased estimate – of the 

returns to education, since university graduates probably would have earned more than 

their counterparts anyhow. If we are fortunate enough to be able to take into consideration 

(in a regression setting: control for) all else that determines an individual’s potential 

outcomes, we are able to plausibly attribute any remaining differences to the education 

level – i.e. a causal effect. Formally, if the vector 𝑋𝑖
′ contains all these variables, the 

conditional independence assumption (CIA) can be described with the following equation, 

which shows how causal interpretation of difference in outcomes is credible conditional on 

𝑋𝑖
′ (Angrist and Pischke, 2009:54): 

 {𝑌0𝑖, 𝑌1𝑖 ⫫ 𝐷𝑖| 𝑋𝑖
′}  →  𝐸[𝑌𝑖|𝑋𝑖

′, 𝐷𝑖 = 1] −  𝐸[𝑌𝑖|𝑋𝑖
′, 𝐷𝑖 = 0] = 𝐸[𝑌1𝑖 − 𝑌0𝑖|𝑋𝑖

′]   

This reasoning is based on the concept of selection on observables, which simply put 

means that we know and observe the factors that determine selection (Barnow, Cain and 

Goldberger, 1980). As long as these are measured correctly, the following regression model 

gives an unbiased2 estimate of the true causal effect, where 𝑌𝑖 as before denotes the 

individual’s outcome, 𝛼 the true value of the control group outcome, 𝛽 the true value of the 

treatment effect, 𝐷𝑖  treatment status for the individual and 𝜀𝑖 an individual error term: 

 𝑌𝑖 = 𝛼 +  𝛽 ∗ 𝐷𝑖 + 𝛾 ∗ 𝑋𝑖
′ + 𝜀𝑖  

The conclusion of this section is that although randomization remains a best practice 

for being able to draw causal conclusions, it can be done with other techniques as long as 

independence of the treatment status can be assured. 

3.1.3 Regression Discontinuity Design3 

A special case of selection on observables is when there is a rule determining 

treatment status, based on the value of a variable (called the running variable) that is 

observed, of which treatment status thus is a deterministic function. If this is the case, a 

regression discontinuity design (RDD) can be used to make causal inference credible, by 

looking only at observations close to the cut-off point determined by the rule. This approach 

was developed by Thistlethwaithe and Campbell (1960) in a study of the effects of receiving 

a certain certificate of merit on later outcomes, where this certificate was given to all test-

takers getting scores over a certain value. The design has subsequently been used in a wide 

number of disciplines, for example in political science by using close elections to estimate 

incumbency advantage (Lee, 2008), returns to office (Eggers and Hainmüller, 2009) and the 

impact of partisanship on policy (Gerber and Hopkins, 2011). 

The appeal of this approach is intuitive: If one would compare all individuals that did or 

did not receive the grant considered in Thisthletwaithe and Campbell’s (1960) study, great 

differences in outcomes would be expected. However, essentially unmeasurable variables 

                                                      
2In the sense that its expected value is the true value, formally 𝐸[�̂�] = 𝛽. 
3 This section only brings up what regularly is called a sharp RDD. For a further discussion about the case of 
imperfect compliance, with a probability shift at the cut-off (a “fuzzy RD design”), see e.g. Angrist and Pischke, 
2009:259ff) or Lee and Lemieux (2010:299ff). 
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such as underlying ability will be confounding the results, making the move from correlation 

to causation implausible. By looking only at those in the very close vicinity of the 

determining threshold however, one can expect that essentially no differences exist 

between those individuals except for the ones barely over the cut-off getting the certificate 

and the ones below not getting it. Hence, the difference in outcomes can be attributed to 

the causal effect of winning the National Merit Scholarship (Thistlethwaithe and Campbell, 

1960:310). Another strength of the design is that its validity easily can be assessed by 

graphically displaying the results – if a clear discontinuity is present in the outcome variable 

at the cut-off of the running variable, but all other variables evolve smoothly over the cut-

off, the effect is probably real. However, the natural weakness to the RD design is its limited 

scope of applicability – where no known rules determining the considered treatment status 

are present, the design simply cannot be applied. 

 As in all of the mentioned studies employing the RD design, the possibility to use it 

arises from identifying clear rule-based cut-offs that most often result from different types 

of administrative or legislative decisions, where a cut-off point simply has to be placed 

somewhere (Imbens and Lemieux, 2008:616). As such, it is not only a special case of 

selection on observables, but also a relatively convincing form of a natural experiment (Lee 

and Lemieux, 2010:282). The assumption that needs to be satisfied is that there is a well-

known running variable, with a cut-off that unconditionally determines treatment status. 

Outcome values do not have to be independent of the running variable, but the assumption 

that they are continuous around the threshold needs to be fulfilled (Lee, 2008). For example, 

a linear functional form for the relationship between the running variable and the outcome 

is often assumed, but this is not necessary – what is required is that the functional form is 

specified correctly, which otherwise could lead one to draw erroneous conclusions. 

Technically, a misspecification of the model generates a bias in the treatment effect (Lee and 

Lemieux, 2010:316).  

The point with employing a RD design is that causal conclusions can be drawn based on 

observational data, using cut-offs provided by deterministic rules that are often found in 

real-world examples. In an observational setting, this design is one of few that has been able 

to decently recover benchmarks provided by experiments (Caughey and Sekhon, 2011:385; 

Green et al., 2009). The interpretation of the estimation of the treatment effect is essentially 

local – a local average treatment effect (LATE). The studied population is individuals in the 

very close vicinity of a given threshold, and this naturally might have implications for the 

external validity of the study. Further, the logic behind a valid interpretation of the RD 

estimate as revealing the causal effect relies on the subjects studied not being able to 

determine their score on the running variable with precision (Lee, 2008:676). If the score on 

the running variable is determined at least partly by a stochastic function, individuals with 

running variable-values close to the cut-off are “as-if-randomly” assigned to control and 

treatment groups. If this “local randomization” condition is satisfied, that is theoretically 

sufficient for a RDD estimate to be interpreted as a causal effect (Lee and Lemieux 

2010:295). Fortunately, this is not simply a question of making a convincing theoretic 
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argument, but can be tested empirically by studying the values of pre-treatment covariates 

(Caughey and Sekhon, 2011) and/or the density distribution of the running variable close to 

the cut-off (McCrary, 2008). 

3.2 Data 

The data used in this thesis was collected for a research project led by my supervisor 

Sven Oskarsson, in which I have worked assisting with data collection and correction. The 

data was retrieved from electoral rolls, which each municipality is obliged to keep and make 

publicly available according to Swedish freedom of information legislation. Thus, by 

construction the data only contains the eligible population, and the lower age limit is given 

by 1991-06-07, the last day on which one could be born and still be 18 years old, i.e. eligible 

to vote in the European Parliament election of 2009. To maintain anonymity for individuals’ 

voting decisions, the data is collapsed to only show dates, number of individuals born on 

that date and how many of them who voted. For the same purpose, I only have data for the 

population born on or after 1929-01-01 (since neither data for individual voters nor older 

voters in general would be of any use for the purpose of this thesis, this comes at no cost). 

Albeit public, the electoral rolls kept by the municipalities have not previously been 

collected. The official voting results are maintained by Statistics Sweden (2016), and they are 

obtained at the time of each election from the regional boards. These results only contain 

number of people who voted and population by municipality and region. Hence they cannot 

be used for the study of age and voting generally, nor for estimations like the ones in this 

thesis. However, these results serve the purpose of being a point of comparison to scrutinize 

if the data collected is accurate or not. In table 3, some of these comparisons are presented 

together with relevant summary statistics. 

The reasons that 2.6 % of the population (eligible and voting) is missing are related to 

problems with the data collection. Firstly, the municipal authorities that keep the records 

have to find them and be willing to cooperate (which they however are required to 

according to Swedish law). Here, some problems have arisen where data is completely 

missing for five municipalities (Åsele, Gnosjö, Järfälla, Piteå and Sundbyberg), which explains 

approximately three quarters of the discrepancy between the collected data and the official 

statistics. This should not lead to any tremendous concern, since there is no reason to expect 

that anything is systematically omitted by the exclusion of theses municipalities. The 

remaining difference, amounting to about 40 000 individuals, is a result of simple mistakes. 

The main part of this difference is due to missing pages from the electoral rolls, which were 

scanned by hand and converted into readable data with OCR-technique. Since over 160 000 

pages of electoral rolls were copied and/or scanned, it is no wonder that some were 

accidentally omitted by e.g. scanning a page twice and forgetting the next one, and this 

cannot be expected to have any systematic patterns introducing bias to the estimates.   
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Data comparison 

 Eligible population (1000’s) 
Of whom voted 

(1000’s) 
Turnout (%) 

Thesis data 6398 2959 46,25 

Statistics 

Sweden 
6568 3039 46,27 

Ratio (%) 97,4 97,4 99,96 

Summary statistics (by day of birth) 

 Minimum Maximum Mean 

Number of 

individuals 
102 668 282,5 

Of whom 

voted 
44 285 130,7 

Turnout (%) 26,1 70,8 46,8 
Table 3. Data description. All numbers represent the 18-79 year old (on 2009-06-07) population only. 

The conclusion I draw from table 3 is that the data seems to be in good condition. 

Obviously, there might be other errors present in the data than that some individuals are 

missing, since there are many steps where human mistakes or machine errors can be 

expected to be made. However, this is probably marginal and most likely unsystematic. The 

sheer amount of data is unprecedented in a Swedish context, and is also very large in 

comparison to similar studies (e.g. Bhatti et al., 2016). One noticeable irregularity in the data 

that could lead to more serious problems (i.e. bias) is that many more individuals have the 

birthdates first January and July compared to any other dates, but this is however restricted 

to those born from the 50’s to early 80’s. This is due to the assignment of these dates to 

immigrants from countries where population registers are not kept as thoroughly as in 

Sweden, and the exact birthdate has to be guessed to some extent (Sjöstrand, 2007). 

Naturally, this does not have any implications for the first cut-off (assessing voters born 

1988), and these dates are not included in the bandwidths used in estimations of other 

discontinuity effects either. 

3.3 Design 

The specific details of the research design applied in this thesis will naturally be based 

on previous research. There is however a noticeable gap between the practitioners of RD in 

social science (e.g. Bhatti et al., 2016; Meredith, 2009; Rosenqvist, 2016) and the scholars 

who focus on developing robust and general methods for applied research using RD (e.g. Lee 

and Lemieux, 2010; Lee and Card, 2008; Imbens and Lemieux, 2008; Imbens and 

Kalyanaraman, 2012). In the choices made in applied studies, scholars most often prioritize 

simple interpretability over statistical robustness. This is certainly a trade-off where balance 

is needed, and I too will err on the side of clarity – nothing is gained by having results 

estimated completely correctly by all formal standards, if neither I nor the reader have any 

idea what they actually mean. However, a trap that I think many of the previously 
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mentioned authors fall in is to use this as a (implied) justification for opacity, i.e. for making 

unexplained choices (e.g. about the bandwidth). A guide to the implementation of RD 

designs that I think balances these goals in a satisfactory way is provided by Jacob et al. 

(2012), on which I base most of my research design. The ambition is to present results that 

have been acquired without violating any essential assumptions regarding the methods 

used, that are still straightforward to interpret with basic statistical knowledge. 

3.3.1 Presentation 

One of the strengths of the regression discontinuity design is that its validity in each 

specific case easily and transparently can be assessed by a graphical presentation. By 

plotting the data with the running variable at the x-axis and the outcome at the y-axis, 

general patterns as well as the validity of the design can be evaluated. As Jacob et al. 

(2012:9) writes, this is how every presentation of regression discontinuity results should 

begin – if a clear shift is not found at the threshold, the probability that any statistical 

methods will yield significant results is very low. A graphical presentation will be provided 

for the first part of the results, regarding the first eligibility cut-off, but not for the 

subsequent ones, since statistical presentations are more suitable for multiple estimations 

than their graphical counterparts. 

When presenting RD data graphically, the data is usually grouped into bins, i.e. points 

representing intervals where the mean value of all the observations within a given interval 

determines its position. Since just drawing a scatterplot of all data points in most cases will 

be very noisy, relationships between the variables will be hard to see (Jacob et al., 2012:11). 

However, if the bins are too wide they might obscure the treatment effect at the cut-off. 

Intuitively, there are two ways of constructing bins. Firstly by making equally “wide” 

intervals in x-terms regardless of numbers of observations, and secondly by making equally 

“sized” intervals containing the same number of observations. Importantly, the bins should 

also never include the cut-off value, so that all observations in a bin are either treated or 

not. 

The lower limit for bin widths provided by the data used in this thesis is one day-

increments, since the information is on date of birth. This will be used in graphical 

presentations in section 4. However, one can expect that this will provide a quite noisy 

graph, and that wider bins might be necessary. Jacob et al. (2012:12ff) suggest both formal 

and informal ways of choosing and testing the appropriateness of bin widths. I will start by 

choosing bin widths more intuitively, and use more sophisticated statistical methods to 

check their robustness i.e. if they are over-smoothing the data. A reasonable starting point is 

to extend the bins from days to weeks, since this measurement not only is an established 

unit of measurement, but also as a side effect removes any weekday effects which one can 

expect there to be (Rosenqvist, 2016:15). Further, since I find the plot (see figure 3) to still 

look noisy enough for wider bins to be a more appropriate choice, I aggregate the results to 

three-week levels as well. Unfortunately, both of these bin widths fail the F-test described by 

Jacob et al. (2012:15) to test if they over-smooth the data. Since this however could be a 

result of the sheer amount of observations included in each week (about 2 000), I do not 
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take this as a reason to not graph these bin widths at all, but rather as a strong argument 

against not showing the smallest possible bin width, one day-increments. 

Besides the choice of bin widths, some other choices are required to be made, mainly 

in what interval to present data and what functional form to use to fit the data. I explain 

further the reason for choosing same-year born in the results section, and the linear fit used 

is simply due to its wider use both in previous literature and in models in this thesis. 

3.3.2 Models 

If the choices regarding graphical presentations of the result are primarily aesthetical 

(albeit not unimportant), the model specifications are of more fundamental significance to 

the reliability of the results. What is essential to specify correctly is the relationship between 

the running variable and the outcome, here age and turnout. It is clear that misspecification 

of the model might lead to both type I and type II errors, e.g. when a linear relationship is 

assumed and it actually is non-linear (Jacob et al., 2012:19ff). I will mainly follow the 

specifications used by two studies similar to mine in different senses, Bhatti et al.’s (2016) 

and Rosenqvist’s (2016) coupled with advice from Jacob et al. (2012). As stated previously, 

Bhatti et al. (2016) essentially have the same purpose with their article as I have with this 

thesis, in a similar context. Rosenqvist (2016) uses (partly) the same discontinuities as I do, 

but for a wholly different reason, namely to estimate the effect of eligibility on political 

knowledge.  

Generally, RD estimations are divided into two classes: parametric and non-

parametric. Parametric estimations are straightforward to understand, and involves using 

the full sample of observations (within reasonable delimitations) and estimate a number of 

models with different functional specifications for the relationship between the running 

variable and the outcome, and try to find the optimal fit. Non-parametric estimations on the 

other hand attempts to “pick the right data set” to fit a given model, where the bandwidth 

chosen naturally is essential (Jacob et al., 2012:21). Thus the logics for these respective 

strategies are quite different: A non-parametric model emphasizes the description of RDD as 

“local randomization” whereas parametric models rather depict it as a discontinuity in an 

otherwise consistent relationship (Jacob et al., 2012:20f). In this thesis, I will use both 

approaches when estimating the relationship between age in days and turnout, and for 

weeks somewhat semi-parametric specifications, in similar fashions to Bhatti et al. (2016) 

and Rosenqvist (2016). 

For non-parametric local regressions, I will use a linear specification, following the 

recommendation of Jacob et al. (2012:28ff). The choice of bandwidth – the interval to use – 

in non-parametric estimations is a topic that has received much attention recently, e.g. by 

Imbens and Kalyanaraman (2012). The methods proposed for choosing bandwidths are 

highly complex (not to say convoluted), and usually computed with data-driven software 

packages. I use Calonico et al.’s (2016) minimized squared error-procedure to get an 

approximate value of a plausible bandwidth as a point of departure. However, for clarity I 

take this as a rule-of-thumb and estimate the model with several different bandwidths as 

well (e.g. half and double the suggested bandwidth). Models are estimated with and without 
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weekday controls. Furthermore, the sensitivity of the results to bandwidth choice is 

presented graphically. With the denotation provided by Jacob et al. (2012; r denotes the 

running variable in days centered4 at zero, T denotes treatment status, X’ a vector of 

weekday dummy variables), the model to be estimated within a given bandwidth is: 

𝑌𝑖 = 𝛼 + 𝛽0 ∗ 𝑇𝑖 + 𝛽1 ∗ 𝑟𝑖 + 𝛽2 ∗ 𝑇𝑖 ∗ 𝑟𝑖 + 𝛾 ∗ 𝑋𝑖
′ + 𝜀𝑖 

For parametric estimations, I use the sample of 105 days before and after the cut-off 

for reasons described in the results section. Following the practice of Bhatti et al. (2016) and 

the advice of Jacob et al. (2012), I estimate day-turnout models with linear, quadratic, cubic 

and quartic terms, with their respective interactions, which results in eight models. The fully 

saturated one is defined as follows (using the same denotation as above): 

𝑌𝑖 = 𝛼 + 𝛽0 ∗ 𝑇𝑖 + 𝛽1 ∗ 𝑟𝑖 + 𝛽2 ∗ 𝑟𝑖
2 + 𝛽3 ∗ 𝑟𝑖

3 + 𝛽4 ∗ 𝑟𝑖
4 + 𝛽5 ∗ 𝑇𝑖 ∗ 𝑟𝑖 + 𝛽6 ∗ 𝑇𝑖 ∗ 𝑟𝑖

2 + 𝛽7
∗ 𝑇𝑖 ∗ 𝑟𝑖

3 + 𝛽8 ∗ 𝑇𝑖 ∗ 𝑟𝑖
4 + 𝛾 ∗ 𝑋𝑖

′ +  𝜀𝑖  

The different parametric models are in accordance with this equation estimated with 

different restrictions imposed on the β-terms. The question what model that best fits the 

data is challenging. I will use the Akaike information criterion (AIC) procedure suggested by 

Jacob et al. (2012:24f), to be able to adjudicate the relative suitability of the models. This 

procedure is lacking with respect to the pronounced goal of clarity, but in brevity it is a good 

measure of the relative goodness-of-fit for models (where lower AIC-value equals better fit, 

Jacob et al., 2012:24f). The general rule is to present models with increasing complexity until 

the model available that fits the data best, i.e. that yields a comparatively low AIC. 

Before turning to the week-turnout models, I want to emphasize that the differences 

between parametric and non-parametric strategies are not as clear-cut as they may seem 

(Jacob et al., 2012:39ff). A non-parametric local linear regression approach is essentially the 

same as a parametric approach with a simple specification in a small sample. Hence, Jacob et 

al. (2012:39) recommends not viewing these approaches as entirely separated, but rather as 

different angles of attack. With the week-turnout models, I will use an approach similar to 

Rosenqvist’s (2016), which can best be described as a semi-parametric one, with the full 

model specified in the following way: 

𝑌𝑖 = 𝛼 + 𝛽0 ∗ 𝑇𝑖 + 𝛽1 ∗ 𝑟𝑖 + 𝛽2 ∗ 𝑟𝑖
2 + 𝛽3 ∗ 𝑇𝑖 ∗ 𝑟𝑖 + 𝛽4 ∗ 𝑇𝑖 ∗ 𝑟𝑖

2 + 𝜀𝑖  

The maximum interval possible for weeks is 15 on either side, and I will estimate five 

models without quadratic terms (β2 = β4 = 0) with different bandwidths (15, 11, 7, 6 and 4 

weeks on either side respectively). The lower bound limitation is provided by it being 

considered a good practice to have at least four unique values on either side of the cut-off 

(Rosenqvist, 2016:18). Lastly, two models with quadratic terms will be estimated in the full 

sample and the ±7-week one. These estimations borrow strengths from both parametric and 

non-parametric strategies, testing the robustness of results for different specifications and 

different bandwidths. 

                                                      
4Centering the running variable means standardizing it so that as for age in days, 0 marks turning 18 years old 
on Election Day and -1 being one day too young to be eligible. 0 and all positive values implies eligibility, 
negative values ineligibility. 
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The credibility of causal inference from the estimations of these models can be 

questioned on at least two points. Firstly, I will use OLS to estimate the models even though 

a logistic regression might formally be more appropriate, but this is known to work well in 

samples of this size (Hellevik, 2007). Further, it is crucial to get the standard errors right. 

Following advice from Lee and Card (2008), I will cluster the standard errors on the level of 

the running variable in all estimations. This procedure protects against an overstatement of 

the precision of the estimates. 

As discussed previously, the main purpose of this thesis is to estimate if there is an 

effect of first-time hype (i.e. non-eligibility in the one preceding election) in the election to 

the European Parliament of 2009, but also to tentatively study if there are any long-term 

eligibility effects. Since this latter effect is of secondary interest, it will not receive the same 

detailed discussion in this section. However, the model to be estimated on all of these cut-

offs (1976-2004) follows the same reasoning as above, and its validity is confirmed by the 

robustness checks implemented in section 4.2. The sample in which the regressions will be 

run is the same for all models, and excludes other thresholds that might introduce bias to 

the estimates (see section 4.3). A linear form of the age-turnout relationship is assumed, and 

an interaction term is included (letting the slopes be different on either sides). Further, 

weekday controls are added to all models. The model estimated is defined as for the non-

parametric estimation above, but with denotation for election-specific results: 

𝑌𝑖𝑒 = 𝛼 + 𝛽0 ∗ 𝑇𝑖𝑒 + 𝛽1 ∗ 𝑟𝑖𝑒 + 𝛽2 ∗ 𝑇𝑖𝑒 ∗ 𝑟𝑖𝑒 + 𝛾 ∗ 𝑋𝑖𝑒
′ + 𝜀𝑖𝑒 

3.3.3 Robustness Checks 

Another strength with a regression discontinuity design is that it lends itself to a 

number of possible robustness checks that answer challenges to the causal interpretation of 

its results. To reiterate, the validity of the regression discontinuity design depends on an 

interpretation of individuals being “as-if randomly assigned” in the vicinity of the cut-off, and 

hence there should not be any differences between treated and untreated except their 

treatment status. As one moves further away from the cut-off, running variable-related 

differences can be expected to start affecting the outcome as well, which is why it is so 

important to specify the models correctly. 

Firstly, for the discontinuity to yield causal results, no other variables should 

experience any jumps at the threshold but the outcome. If e.g. the gender distribution 

changes at the threshold, the effect will be confounded by potential differences in voting by 

gender. The bad news is that I do not have any possibility to perform this kind of test, since 

my data only includes age and voting. The good news, however, is that Rosenqvist 

(2016:20ff) uses the same discontinuity and has access to a rich dataset based on register 

data, with information on many pretreatment variables. For example, the differences in 

employment level for parents of eligible and ineligible are very close to zero and not 

statistically significant, neither are any of the other four variables that are tested (see 

Rosenqvist, 2016, table 4). These results confirm that the identification strategy is valid – the 

local randomization “worked”.  
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A second robustness check that I am able to carry out is to examine the density 

distribution of the running variable around the cut-off. If the cut-off is well-known, 

individuals might be able to manipulate their status on the running variable so as to become 

treated or non-treated, thus biasing an estimation of the results. This is naturally not 

expected to be the case when studying electoral eligibility, since even if parents tried to time 

the births for eligibility, the dates of many of the elections was not known 18 years 

beforehand. Second, there is a certain element of chance deciding birth date, making at least 

inference in narrow intervals reasonable. The risk of sorting should not be underemphasized 

however, as has been seen in the at face value very trustworthy identification strategy of 

Lee’s (2008), where Caughey and Sekhon (2011) nonetheless found evidence of sorting. 

Thankfully, this is not only a question of making an argument, but will be statistically tested 

with a procedure suggested by McCrary (2008) and a simple regression strategy. 

Additionally, the density distribution is straightforward to show graphically, letting the 

reader assess the eventual presence of a distribution cut-off themself. 

Both of these tests assess the validity of the identification strategy itself, but does not 

pertain to the robustness of the obtained results themselves – even if the RD design is valid, 

one might get biased results. A general way to assess robustness is to use a wide array of 

different model specifications, as described above (Jacob et al., 2012:39; Lee and Lemieux, 

2010:326). The more consistent results are over many different specifications, the more 

credible they are. Further, an intuitively compelling robustness check can be performed by 

creating “placebo” cut-offs, i.e. estimating effects as if there was a threshold at another 

value of the running variable than zero. This gives a good point of comparison for the 

estimates provided by the models, since one can evaluate if the effect found is significant 

relative to cut-offs where only noise should be expected. Testing this specifically minimizes 

the risk of type I errors, since it is easily noticed if the models have been misspecified so as 

to yield significant results where there are none. In the results, I will present the same 

estimates (albeit more compactly) for placebo cut-offs at one year earlier and one year later 

than the actual, to check the robustness of the estimations. 

The samples used to estimate the long-term effects will be checked for sorting in a 

similar manner, with a large pooled dataset (with the running variable centered, and hence 

normalized). Further, Rosenqvist’s (2016:20ff) comparison of values of pretreatment 

variables provides evidence for a valid design in some of these cases as well, since his scope 

of study is the parliamentary elections and referenda 1988-2006. The robustness of the 

results close to achieving statistical significance, namely where p<0.1, will be checked by 

showing and discussing their sensitivity to bandwidth choice. 

Before finally turning to the results, I need to make a final note on the treatment 

status. In this thesis the question of operationalization is not very relevant – one cannot 

reasonably argue that eligibility or voting could be operationalized in any other way, and 

these measurements captures what they are supposed to well. However, what the 

treatment more precisely entails can be discussed. There is one systematic difference 

between those who are considered to be treated and those who are non-treated, namely of 
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what age one is when first being eligible to vote in an election. If one barely is eligible to vote 

in e.g. 2006, one’s first election will occur at 18 years of age, but if one barely is too young, 

the first possibility is when at 20 years and 9 months of age. How this might affect turnout is 

ambiguous, but it is a possible confounder, especially when studying cut-offs further away 

from the outcome election. The effect of voting for the first-time ought intuitively not to be 

as contingent on this secondary treatment effect as any long-term differences that might 

emerge. However, since the direction and magnitude of this effect is hard to hypothesize 

about, this paragraph is only intended to serve as a reminder of need for caution when 

interpreting the results as a causal effect of only previous eligibility.  
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4 Results 

This section will start with a presentation of the main results regarding the first cut-off, 

i.e. if there is a one-time eligibility effect. Interpretation, robustness checks and a discussion 

of the challenges to this result follows. Third, the results regarding effects for earlier cut-offs 

and a similar treatment of them follows. 

4.1 The First Time is Special 

 
Figure 3. First- and second-time voters, 2009. Bold dashed line shows the cut-off for eligibility in the 2006 election, dotted 
line shows the range with an equal amount of days on both sides of the cut-off. 

The graphical presentation of the data in figure 3 shows the pattern of voting for those 

born in 1988. This is a first reasonable delimitation to make when deciding what sample to 

use, since there will be other differences between those born different years, e.g. years of 

education and/or years since graduation. One can expect the turns of the year to be cut-offs 

where the outcome variable does not evolve smoothly (i.e. causing bias), and hence they 

should not be included in the analysis (e.g. Lee and Lemieux, 2010). The data is presented in 

one day-, one week- and three week-increments respectively, where weeks are not 

calendar-based but instead determined from the cut-off point so that i.e. week 0 contains 

the seven last days an individual could be born and still be eligible, and week -1 the seven 

first days for non-eligibility. The strength of using bins is evident from figure 3 – the one-day 

plot is too noisy to be easily interpretable, and the clearest effect can be seen in the three-

week plot. 

The bold dashed line shows the cut-off for eligibility to the election of 2006, which for 

the outcome election of 2009 means that second-time voters are on the left-hand side and 

first-time counterparts on the right-hand side of it. If there is any effect of previous eligibility 

on voting, a clear difference should be seen for observations on respective sides in the close 
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vicinity of the threshold. Arguably, an effect with a magnitude of about 2.5 percentage 

points is visible in figure 3. This effect is clearest when looking at the three week-bins, but 

the effect is quite obvious for the one-week increments as well. The jump could of course be 

coincidental, a result of mere chance, but the graph strongly suggests otherwise – one 

argument for this is provided by the difference between adjacent three week-bins being the 

largest in absolute value at the cut-off.  

The mean values for turnout for all first- and second-time voters differ significantly (p = 

0.000), with turnout being 4.1 percentage points lower on average for second-time voters in 

comparison to first-time voters. This would however be expected regardless of there being 

any (negative) effect of previous eligibility whatsoever, since the relationship between age 

and turnout among the very young (Age ≤ 21) voters is clearly negative (see figure 2). For 

individuals born in 1988, the same difference amounts to about 0.9 percentage points. 

Looking at the respective sides individually, the relationship between age and turnout is not 

very strongly pronounced on either side, albeit statistically significant and positive on both 

(corresponding to the negative relationships barely recognizable in figure 3).  

Before presenting the statistical results, I will restrict the sample of observations that I 

use to the same range in days on both sides of the cut-off, which is marked in figure 3 by the 

dotted line. With this restriction, there are 105 days on either side, since the 2006 election 

occurred 17th September – 104 days before New Year’s Eve. On the younger (ineligible) side 

there are 29 318 individuals, and on the older 33 282. This is not surprising, nor concerning, 

since it is a well-established fact that fewer people are born later in the year, generally. 

Further, I will present the results for day- and week increments respectively, as stated 

previously (see section 3.3.2). As is usually done when estimating models with a regression 

discontinuity design, the running variable is “centered”, i.e. 0 marks the shift in treatment 

from 0 to 1, in this case eligibility. The maximum interval available in days then is [-105, 104], 

and in weeks [-15, 14], where 0 denotes the first day/week of eligible age. Graphical results 

for the (parametric) full-sample linear estimation are shown in figures 4 and 5, for the 

purpose of showing more clearly how the data used in all models look. In these graphs, a line 

is fitted to the relationship between age and turnout, and it is interacted with eligibility (thus 

letting the slope differ on respective sides of the threshold) presented together with the 95 

% CI (clustered on the running variable level). The main results regarding the effect of 

previous eligibility on turnout in the 2009 election are presented in tables 4 (non-parametric, 

days as RV), 5 (parametric, days as RV) and 6 (weeks as RV). 

The results shown in the tables yield what could be expected from the graphical 

presentations – there is a negative effect of previous eligibility, equivalent to a first time 

boost, of about 2.5 percentage points. This effect is not significant over every model 

specifications, but not restricted to singular types of estimations either. Rather, the results 

taken as a whole suggest that the effect is consistent and resilient to changes of the model 

specifications and estimation techniques.   
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Figure 4. The relationship between age in days and turnout in the estimation sample. CI is based on heteroskedasticity-
robust standard errors clustered on the day level.  

 

Figure 5. The relationship between age in weeks and turnout in the estimation sample. CI is based on heteroskedasticity-
robust standard errors clustered on the week level. 
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Model: (1) (2) (3) (4) (5) (6) (7) (8) 

Interval: [-43, 42] [-43, 42] [-22, 21] [-22, 21] [-86, 85] [-86, 85] [-11, 10] [-11, 10] 

 

Eligibility -2.35 -2.43* -2.16 -2.77 -2.53** -2.55** -4.55 -5.32* 

(S. E.) (1.22) (1.19) (1.67) (1.72) (0.89) (0.89) (2.28) (2.17) 

         

N 26 022 26 022 13 649 13 649 51 204 51 204 7 018 7 018 

Adj. R2 0.13 0.22 0.15 0.35 0.10 0.11 0.19 0.29 

         

Weekday  
controls 

 X  X  X  X 

Table 4. Main results: Days as running variable. Non-parametric estimations. Dependent variable is turnout. Standard errors 
are heteroskedasticity-robust and clustered on the day level. *p<0.05 **p<0.01 ***p<0.001 

To start with the results using days as the running variable, the coefficients across all 

models range between -5.32 and -2.16, and the statistically significant ones between -5.32 

and -2.43. Turning first to table 4, the first couple of non-parametric models use the optimal 

bandwidth as provided by the procedure suggested by Calonico et al. (2016), and the 50 %, 

200% and 25 % bandwidths are used to show how the results vary over a selection of 

bandwidths. The full bandwidth sensitivity is shown in figure 6, where the whole selection of 

possible bandwidths is estimated, from [-4, 3] to [-105, 104]. The results suggest that the 

statistical significance of the estimates is highly sensitive to bandwidth choices between 

about [-10, 9] to [-40, 39] – in the narrower and wider samples, all estimates are statistically 

significant, and in bandwidths wider than ± 20, the estimates are highly consistent. 

 
Figure 6. Bandwidth sensitivity for non-parametric estimations. All estimates are provided by the model specified in section 
3.3.2. Standard errors are heteroskedasticity-robust and clustered on the day level. 
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The results from relatively narrow bandwidths should not be taken too seriously, since 

it is a well-known fact that in those samples local linear regression estimates are often 

biased (Jacob et al., 2012:29). This might account for the significant estimate in the smallest 

sample reported in table 4, even though the large number of observations should make the 

bias less serious. The models are estimated with and without weekday controls, to show the 

contingency of the results on this. The null hypothesis of no eligibility effect cannot be 

rejected in the largest and smallest sample without using weekday controls, nor with the use 

of the 50 % bandwidth. Weekday controls seem to have a significant impact, at least to 

reduce variance and consequently standard errors of the estimates in some models, why I 

include them in the graphical presentation as well. The main results where the null 

hypothesis is rejected and a negative relationship found are in relatively wide bandwidths, 

with weekday controls. As the bandwidth is shrunk to 50 % of the MSE-suggested, the 

estimates do not change much but the standard errors however do. Both the magnitude of 

the effect and the confidence interval are quite consistent over all bandwidths wider than [-

20, 19]. To conclude, all bandwidths considered, the null hypothesis is rejected to a much 

greater extent than what would be expected if there was no true effect of previous 

eligibility. 

 

Model: (1) (2) (3) (4) (5) (6) (7) (8) 

 

Eligibility -2.59*** -2.57** -2.61* -2.55* -2.56** -2.52* -2.54 -2.51 

(S. E.) (0.78) (0.77) (1.06) (1.05) (0.77) (1.19) (1.52) (1.89) 

         

Age 0.01* 0.01* 0.01 0.01 0.01 -0.03 0.06 0.09 

Age2  0.00 0.00 0.00*  0.00 0.00 0.00 

Age3   0.00 0.00   0.00 0.00 

Age4    -0.00*    0.00 

         

Age × Elig.     0.01 0.07 -0.09 -0.17 

Age2 × Elig.      0.00 0.00 0.00 

Age3 × Elig.       0.00 0.00 

Age4 × Elig.        0.00 

         

Intercept 38.67*** 38.49*** 38.51*** 38.06*** 38.27*** 37.75*** 38.46*** 38.64*** 

         

AIC 307 816 307 612 307 613 306 492 307 411 306 990 306 387 306 354 

Adj. R2 0.08 0.08 0.08 0.10 0.08 0.09 0.10 0.10 
Table 5. Main results: Days as running variable. Parametric estimation. Dependent variable is turnout. Standard errors are 
heteroskedasticity-robust and clustered on the day level. *p<0.05 **p<0.01 ***p<0.001. Note: N = 62 600, weekday controls 
used for all models. 

Turning to the parametric regressions (table 5), the estimations are highly consistent 

over all specifications, and the inferential statistics over all except the cubic- and quartic-

interaction models. The magnitude of the effect is about -2.6 percentage points. To make 
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sense of this, points of comparison for the full estimation sample are that it amounts to 

about a 7 % decrease in expected turnout, or almost one standard deviation (0.88 SD, to be 

precise). All models are estimated with weekday controls, but no results are sensitive to the 

exclusion of these. The age-turnout relationship within the sample is not strongly 

pronounced, and the age coefficients are not jointly significant over most models. There are 

only a few individually significant point estimates, and these all occur when the slopes are 

restricted to be the same on both sides of the cut-off. The Akaike information criterion 

however suggests that models are not over-specified, and hence the full number of models 

are presented. 

Lastly, the “semi-parametric” approach with binned week-values is presented in table 

6. Here the most consistent results are found, with previous eligibility seemingly having a 

negative effect of about -3.5 to -2.3 percentage points. The most striking difference in 

comparison to the estimations with days as running variable is that the standard errors are 

significantly reduced, which can be seen easily from a comparison of the graphs in figures 4 

and 5. When the observations are binned, the amount of noise is clearly reduced and 

consequently the variance is lower. It should be noted that this is however also simply an 

effect of reducing the number of observations to a seventh. The conclusion from the week-

turnout estimations is that the first time boost effect seems to be consistent. 

Model: (1) (2) (3) (4) (5) (6) (7) 

Interval: [-15, 14] [-11, 10] [-7, 6] [-5, 4] [-4, 3] [-15, 14] [-7, 6] 

 

Eligibility -2.52*** -2.51*** -2.31** -2.31** -3.69*** -2.46** -3.50** 

(S. E.) (0.46) (0.61) (0.55) (0.58) (0.34) (0.70) (0.58) 

        

N 62 600 45 925 29 656 25 552 17 307 62 600 29 656 

Adj. R2 0.412 0.609 0.765 0.745 0.824 0.441 0.820 

        

Linear X X X X X X X 

Quadratic      X X 
Table 6. Main results: Weeks as running variable. Dependent variable is turnout. In all cases, interaction terms are included. 
Standard errors are heteroskedasticity-robust and clustered on the week level. *p<0.05 **p<0.01 ***p<0.001 

4.2 Can the Numbers be Trusted? 

Since the previous section touted significant and consistent results over most different 

types of model specifications, the question that one turns to is how credible these results 

are. As described in the research design section, a number of robustness checks can be 

performed to test the reliability of these results. First, the density distributions of the 

running variable, measured in days and weeks are presented graphically in figures 7 and 8.  
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Figure 7. Density distribution, days. 

 
Figure 8. Density distribution, weeks. 

The figures show results that are somewhat satisfying – there does not seem to be a 

jump in the number of individuals born at the threshold date. However, two patterns 

previously commented on are evident – there is a difference in number of individuals born 

on weekends, and there are more people born earlier than the cut-off date than later.  
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A more formal treatment of the density distribution is provided by the McCrary (2008) 

density test, which as expected fails to reject the null hypothesis of no sorting (p=0.1850, 

days). Since this procedure is convoluted, I also regress the treatment dummy on the 

residuals from a regression of the running variable (linear) and weekday dummies (when RV 

is in days) on the number of individuals, to test if there is a significant difference within the 

same samples as in the figures presented above. Here as well, the null hypotheses of no 

difference is not rejected (p=0.23 for days, p=0.43 for weeks). Hence, I conclude that the 

identification strategy is valid not only theoretically but also empirically. 

Model: (1) (2) (3) (4) (5) (6) (7) (8) 

2005 Placebo eligibility cut-off 

Days as running variable, non-parametric models 

Eligibility -1.07 -1.15 -1.76 -2.08 -0.99 -1.00 -0.39 -1.21 

(S.E.) (1.25) (1.15) (1.77) (1.52) (0.93) (0.86) (2.21) (2.09) 

Days as running variable, parametric models 

Eligibility -1.03 -1.04 -1.11 -1.12 -1.03 -1.12 -1.32 -1.60 

(S.E.) (0.80) (0.80) (1.07) (1.08) (0.79) (1.16) (1.44) (1.69) 

Weeks as running variable 

Eligibility -1.05 -0.76 -1.10* -1.14* -1.35* -0.90 -0.87 - 

(S.E.) (0.74) (0.84) (0.46) (0.46) (0.53) (0.82) (0.47) - 

         

2007 Placebo eligibility cut-off 

Days as running variable, non-parametric models 

Eligibility -1.16 -1.17 -0.82 -0.72 -0.53 -0.49 -1.22 -2.41 

(S.E) (1.06) (1.03) (1.48) (1.35) (0.79) (0.78) (2.09) (1.63) 

Days as running variable, parametric models 

Eligibility 0.44 0.37 -0.97 -1.02 0.36 -1.44 -1.42 -0.51 

(S.E.) (0.76) (0.73) (0.92) (0.91) (0.72) (1.02) (1.38) (1.76) 

Weeks as running variable 

Eligibility 0.23 -0.77 -1.59* -1.44 -2.04* -1.92* -1.17 - 

(S.E.) (0.73) (0.68) (0.68) (0.75) (0.70) (0.69) (1.20) - 
Table 7. Placebo cut-off estimations. Dependent variable is turnout. For specifications, see sections 3.3.2 and 4.1. *p<0.05 

To further check the robustness of the results, coefficients from the same models 

estimated on placebo cut-offs one year before and one year after the actual eligibility 

threshold are presented in table 7. The results presented do not reach nearly the same 

consistent level of significance and uniformity as the ones for the true cut-off. However, 

there are two reasons for slight concern: The estimates in table 7 are consistently negative, 

with a magnitude of around one percentage point, where the expected average value would 

be zero. Furthermore, some of the models using week as running variable return significant 

estimates at the 95 % confidence level (but not higher). This implies that both the magnitude 

and significance of the estimates, especially in the week-turnout models, should be 

interpreted with some caution. However, since neither of these placebo cut-offs show 

results close to the consistency and significance like those of the true cut-off models, the 

main results are not seriously challenged – there is a negative effect of one-time eligibility on 

turnout. 
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4.3 Long-Term Effects 

Before presenting the estimations of the effects of previous eligibility further 

“upstream” i.e. between second- and third-time eligible and so on, some information on the 

considered elections needs to be provided. Table 8 summarizes the significant dates, turnout 

levels and date intervals as determined by the shortest distance in days to a cut-off of 

importance for these elections. Namely, these cut-offs are the turns of the year, other 

elections and the first of July (for reasons described before, until early 1980’s).  

Type Date Birth-date cut-off Turnout Plausible day interval 

General 1976-09-19 1958-09-19 91.8 ± 79 

General 1979-09-16 1961-09-16 90.7 ± 76 

Referendum 1980-03-23 1962-03-23 75.6 ± 80 

General 1982-09-19 1964-09-19 91.4 ± 79 

General 1985-09-15 1967-09-15 89.9 ± 75 

General 1988-09-18 1970-09-18 86.0 ± 78 

General 1991-09-15 1973-09-15 86.7 ± 75 

General 1994-09-18 1976-09-18 86.8 ± 55 

Referendum 1994-11-13 1976-11-13 83.3 ± 48 

EP 1995-09-17 1977-09-17 41.6 ± 77 

General 1998-09-20 1980-09-20 81.4 ± 80 

EP 1999-06-13 1981-06-13 38.8 ± 17 

General 2002-09-15 1984-09-15 80.1 ± 75 

Referendum 2003-09-14 1985-09-14 82.6 ± 74 

EP 2004-06-13 1986-06-13 37.9 ± 162 

General 2006-09-17 1988-09-17 82.0 ± 104 

Table 8. Considered elections for long-term eligibility effect. Source: Statistics Sweden (2016).  

To keep results comparable and models consistent, I would prefer to estimate all of 

them with the same bandwidth. However, since the shortest available interval – for the 1999 

European Parliament election – is too short for results to be credible in accordance with the 

previous estimations (the standard errors will simply be very large in this restricted sample), 

I will use the second shortest, ± 48 days for all models except the 1999 one. This bandwidth 

is tentatively satisfying in the sense that it retrieves the first-time result well (see figure 6), 

and does not yield statistically significant results for the two placebo cut-offs mentioned 
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previously. The estimations from these models, with an assumed linear age-turnout form 

(interacted with the treatment dummy as to allow the slopes to vary on either side of the 

cut-off), weekday controls and 95 % confidence interval (based on standard errors clustered 

at the day level) are presented numerically in table 9 and graphically in figure 9. 

Eligibility estimates, Swedish elections since 1976. 

Year: 1976 1979 1980 1982 1985 1988 1991 1994a 

Type: G G R G G G G G 

         

Eligibility -0.75 1.71 -1.71 2.06* 0.08 -0.95 -1.21 0.72 

(S.E.) (0.86) (1.32) (1.18) (0.91) (1.07) (1.13) (1.02) (1.13) 

         

N 27 040 27 629 33 223 32 167 30 885 28 646 28 622 26 133 

Adj. R2 0.17 0.09 0.13 0.15 0.49 0.14 0.09 0.08 

         

         

Year: 1994b 1995 1998 1999 2002 2003 2004 2006 

Type: R EP G EP G R EP G 

         

Eligibility -1.72 2.22 -2.39 -3.41 -0.19 -1.09 -0.04 -2.46* 

(S.E.) (1.39) (1.19) (1.24) (2.56) (0.92) (1.1) (1.17) (1.15) 

         

N 24 008 25 605 25 030 9 303 25 142 26 092 28 729 29 136 

Adj. R2 0.06 0.12 0.11 0.12 0.05 0.07 0.04 0.21 
Table 9. Eligibility estimates, elections 1976-2006. Dependent variable is turnout. Standard errors are heteroskedasticity-
robust and clustered on the day level. *p<0.05 

 
Figure 9. Eligibility estimates, elections 1976-2006. *Shorter interval due to closeness to 1st July.  
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To interpret these estimates, one needs to consider what the treatment means. The 

eligibility effect measures the relative voting propensity in the EP election of 2009, for those 

who just became eligible to vote in the considered election, in comparison to those who just 

were not. Thus, the 2006 estimate measures the effect of being eligible for the second time 

(compared to first time), 2004 third time etc. Thus, the longevity of any eligibility effects like 

the one established in section 4.1 for earlier elections can at least be approximated. 

Looking at the estimates, the only one that reaches statistical significance at the 

considered 95 % level is the one for eligibility in the 1982 election, where the estimated 

effect of eligibility is + 2.06 percentage points. This estimate taken individually provides 

tentative evidence that the influence of previous experience is coming into effect, even if 27 

years have passed. The reliability of this estimate is however immediately questioned by the 

sheer number of models estimated in this section. Since this estimate is statistically 

significant only at the 95 % level, one needs to consider that we could expect one false 

positive of every 20th sample of a population where there actually is no effect (Smith, 2011). 

Since 15 different samples are used (not considering the 2006 one), this means that one 

should be very cautious to conclude that the 1982 estimate actually reveals a causal effect of 

previous eligibility. Nonetheless, the data speaks clearly on the fact that those who just 

became eligible to vote in 1982 vote to a greater extent in 2009 than their counterparts who 

became eligible first 3 years later. 

Turning to the result expected in the second hypothesis, there should be a difference 

in turnout depending on what election one first was eligible to vote in – namely if it was an 

EP election. Looking at the presentation in table 9 and figure 9, this can be rejected easily. 

Neither estimate of eligibility to the EP elections reaches statistical significance at any 

considered level, nor is there any clear pattern of lower turnout for those first eligible in an 

EP election. It should be noted that the -99 eligibility estimate is the largest in absolute 

value, -3.4 percentage points turnout rate, but fails to reach any statistical significance, 

possibly due to the relatively small sample. However, since the -95 eligibility estimate is 

clearly positive, and the -04 one very close to zero, this does not amount to a pattern but 

rather the opposite – there does not seem to be any effect on subsequent voting of first 

being eligible to vote in an election to the European Parliament. 

To further check the validity of the design in these cases, the density of the distribution 

of individuals over the running variable is presented in figure 10. Here, all the centered 

running variables for the 15 elections 1976-2004 have been pooled, so that e.g. 0 represents 

everyone who became eligible to vote in one of these elections on their 18th birthday, -1 

those who was born one day too late to vote in it and so on. Only days within the ± 20 range 

are shown, to be able to pool all the considered election cut-offs. The weekday effects can 

be noticed here as well, and this is only as expected since most elections occur on a Sunday, 

and the corresponding birth-date cut-off occur about the same number of days before (18 

years plus eventual leap year days). What can be seen graphically is also confirmed by a 

density test, where the null of no sorting is not rejected (p = 0.88, weekday controls 

imposed). This confirms that the identification strategy in general is valid, but does not say 
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anything about the validity of the individual eligibility cut-offs. However, these results 

provide indicative evidence that these too serve as valid RD thresholds. 

 
Figure 10. Density distribution, individuals with normalized dates of birth. Pooled from elections 1976-2004. 

To further test the robustness of the results, I will show the sensitivity of the estimates 

that reach a p-value of less than 0.1 to the bandwidth choice. The election cut-offs that 

reach this level are for 1982 (p = 0.026), 1995 (p = 0.057) and 1998 (p = 0.065). Since all of 

these estimates reach significance at a 90 % level, more evidence needs to be provided 

before these estimates undoubtedly can be rejected (or accepted, in the case of 1982), 

which is done in figures 11-13. 
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Figure 11. Bandwidth sensitivity, 1982 eligibility estimates. 

 
Figure 12. Bandwidth sensitivity, 1995 eligibility estimates. 



 43 

 
Figure 13. Bandwidth sensitivity, 1998 eligibility estimates. 

These figures are shown with the full possible bandwidth as described for figure 6. The 

standard errors are computed heteroskedasticity-robustly and clustered on the day level. 

Out of these three contenders, 1982 makes for the most likely case of a credible effect – for 

all considered bandwidths, the estimates are positive, and for almost all more narrow than 

the one used previously (“Prev.”, ± 48) is the effect significant at the 95 % level. A reason to 

still be wary about concluding a positive experience-effect from this election is that as the 

bandwidth widens, the estimates approach zero. Thus, the evidence is not conclusive 

enough to draw any convincing conclusions other than that there might be a positive effect 

of 1982 eligibility on 2009 turnout. 

Turning to the two barely insignificant (at the 95 % level) estimates, the 1995 one is a 

good candidate to simply reject having any effect on 2009 turnout. For narrower bandwidths 

the estimates are very volatile, but they reach all positive values when the bandwidth is 

greater than ± 25. After this, the estimates are very consistent at about + 2.2 percentage 

points, and the confidence interval hovers at the same level as well – barely including the 

null, zero effect, by a quite small margin. However, the estimates taken together, being 

consistently insignificant, leads to the conclusion that there probably is no effect of 1995 

eligibility on 2009 turnout. Lastly, the 1998 eligibility effect is more or less consistent, and 

consistently weakening, over bandwidths greater than ± 10. The fact that the effect is 

statistically significant at the 95 % level over most of these bandwidths (40/70), and that it 

does not seem to inevitably approach zero as the bandwidth widens, provides strength to 

the case that there might be a negative effect of 1998 eligibility. Nonetheless, however 

meager the insignificance of the estimates is, they are still insignificant. Based on this, I think 

the evidence points in the direction of this being an open question as well, and a somewhat 



 44 

similar candidate to 1982 eligibility for a real effect. It would be an interesting one however, 

since the expected effect of 1998 eligibility would be a positive one, because those who 

were just ineligible got to vote first one year later in the European Parliament elections of 

1999 – which is of the type that was expected to depress turnout. 

To conclude the section on long-term effects, firstly the expected relative negative 

effect of the individual’s first election being second-order was not found. On the contrary, 

there does not seem to be any difference in subsequent turnout depending on what type of 

election one first was eligible to vote in. At the (predetermined) considered significance 

levels, only 1 out of 15 estimates was statistically significant – the positive effect of eligibility 

in 1982. However, when this and the barely insignificant estimates of 1995 and 1998 were 

further considered individually, there does not seem to be a consistent effect for any of 

these cut-offs. 
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5 Last Words 

5.1 Conclusions 

The answer to the question in the title of this thesis seems to be yes – at least for the 

Swedish European Parliament election 2009, the first time was special. It is already well-

known and not of great interest to study if first-time voters vote to a greater extent than 

second-timers (they do), but to uncover the causal effect of previous eligibility is more 

appealing. Through the use of a regression discontinuity design, I use the samples of voters 

who were very close to being eligible and those who just was eligible, to obtain comparable 

groups. When estimating this difference – with an assumed relationship between age and 

turnout controlled for in several different forms – it consistently amounts to a negative 

effect of about 2.5 percentage points. In other words, the causal effect of first-time eligibility 

is positive, with the magnitude of 2.5 percentage points. To further make sense of this 

estimate, it is equal to an increase in turnout by about 7 % or about 0.9 standard deviations. 

This result seems to be robust e.g. in comparison to the estimates from placebo cut-offs. 

However, some concern is raised by most of these estimates being negative, where the 

expected value is zero. Since these nonetheless are of much smaller magnitude and 

significance, a reasonable conclusion from the data – if one wants to err on the safe side – is 

that there is a first-time hype in the Swedish EP election of 2009, but that the exact 

magnitude is quite hard to determine. 

The mechanism behind the boost that is found from being eligible from the first time is 

by design not uncovered in this thesis. However, theories of habitual voting would suggest 

that generally, the effect from previous eligibility would be expected to be positive. How can 

this be reconciled? In Sweden, Melton (2010) has previously showed that habitual voting 

depends on psychological effects rather than institutional ones – since voting is easy, no 

costly barriers exists that are overcome through voting for the first time. Rather, habit in 

Sweden is formed through self-identification, i.e. by seeing oneself as a voter or not. In line 

with this, the positively reinforcing psychological effect of actually being able to practice 

one’s recently acquired right to vote might be the reason for first-time voters turning out to 

a higher degree than their second-time counterparts. 

In this thesis, I discuss four previous studies that utilizes voting age thresholds to 

estimate effects of eligibility and/or voting on subsequent turnout, and of these the one 

carried out in the most similar setting to mine is Bhatti et al.’s (2016). Based on among other 

things their results, I expected to find the negative effect of one-time eligibility that was 

indeed present. In comparison to Bhatti et al.’s (2016:157) results, the effects are smaller of 

magnitude, but slightly more consistent – they find a previous eligibility effect of about -4 

percentage points in the Danish municipal elections of 2009 and about -10 percentage 

points in the Finnish municipal elections of 2012. However, the results are easily reconcilable 

and indicate that there is a first-time boost effect across the Nordic countries, which might 

extend to all contexts where barriers to vote are comparatively low. These results stand in 

contrast to the American studies by Dinas (2012), Coppock and Green (2016) and Meredith 

(2009), who concurrently find positive effects of previous eligibility. However, since this 
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context diverges so strongly from the Swedish one, the differences in eligibility effect are not 

surprising. 

As discussed in section 2.4, I was reluctant to hypothesize about any general patterns 

for long-term eligibility effects, except that there was sound theoretical and empirical 

ground to expect that being eligible first in a second-order election (European Parliament) 

would depress subsequent turnout. However, this hypothesis was not confirmed – there 

does not seem to be any general effects of previous eligibility further back in time than for 

the first one. At least in Swedish elections to the European Parliament, it does not seem to 

matter what type of election an individual first was eligible for.  

5.2 External Validity, Implications and the Need for More Research 

The positive first-time effect found in this thesis is not remarkably unexpected, but still 

interesting since it has not been estimated in this context before. A natural question that 

then follows is how generalizable these results can be expected to be? This question of 

external validity has not been assessed previously in this thesis, even though the internal 

validity has been theoretically defended and confirmed by empirical robustness checks. 

The degree of generalizability is naturally limited by having data on only one outcome 

election, and how typical this election is for categories like Swedish elections in general, 

European Parliament elections or even Swedish European Parliament elections can of course 

not be known from the data. An indication that this election at least is not unusual in turnout 

is provided by figure 2, and intuition suggests that there at least is some degree of 

generalizability to the wider class of Swedish elections as well. A reasonable conclusion is 

that tentatively one can expect there to be a positive first-time effect of being eligible for the 

first time in all Swedish elections, even though the magnitude for other types of elections 

than ones to the European Parliament might be quite different. 

The implications of a first time hype effect for policies regarding voting age are 

unclear, if there are any. The effect estimated in this thesis is naturally limited to the age 

interval 18-22 that results from the current voting age of 18, with up to four years between 

elections. The question if this effect is stronger or weaker for other age intervals cannot be 

answered in this thesis, and hence the first-time boost does not necessarily imply that any 

policy changes can influence turnout. However, if the habitual voting hypothesis is true, and 

the effect is not weaker among younger voters, this “exogenous shock” (with Coppock and 

Green’s (2016) language) to voting might induce an early formation of voting habits. 

As is so common in academic papers, I will finish this thesis with a call for more 

research. The field of studying the effect of eligibility (in itself or as an instrument for voting) 

on subsequent turnout is a very young one, and the methods applied are literally as many as 

the number of studies. The results in this thesis indicate that there is a first-time hype effect 

in Sweden, which further implies that psychological forces might be of significant influence 

for turnout. To further nuance this description, much more research is needed, where the 

main limitation thus far has been data availability. The puzzle of understanding turnout is an 

important one both academically and for democratic societies, and it has been so for a long 

time. The effect of previous eligibility is a small piece of this, but one that has not been 
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outlined clearly yet. As this topic is studied for more elections, in more contexts, the 

question of how special the first time really is can hopefully be conclusively answered.  
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