
Student Perspectives on Using a Large Language Model (LLM) for
an Assignment on Professional Ethics

Virginia Grande
virginia.grande@it.uu.se

Uppsala University
Uppsala, Sweden

Natalie Kiesler
natalie.kiesler@th-nuernberg.de

Nuremberg Tech
Nuremberg, Germany

María Andreína Francisco R.
maria.andreina.francisco@it.uu.se

Uppsala University
Uppsala, Sweden

ABSTRACT
The advent of Large Language Models (LLMs) started a serious dis-
cussion among educators on how LLMs would affect, e.g., curricula,
assessments, and students’ competencies. Generative AI and LLMs
also raised ethical questions and concerns for computing educators
and professionals.

This experience report presents an assignment within a course
on professional competencies, including some related to ethics, that
computing master’s students need in their careers. For the assign-
ment, student groups discussed the ethical process by Lennerfors
et al. by analyzing a case: a fictional researcher considers whether
to attend the real CHI 2024 conference in Hawaii. The tasks were
(1) to participate in in-class discussions on the case, (2) to use an
LLM of their choice as a discussion partner for said case, and (3) to
document both discussions, reflecting on their use of the LLM.

Students reported positive experiences with the LLM as a way
to increase their knowledge and understanding, although some
identified limitations. The LLM provided a wider set of options
for action in the studied case, including unfeasible ones. The LLM
would not select a course of action, so students had to choose
themselves, which they saw as coherent.

From the educators’ perspective, there is a need for more in-
struction for students using LLMs: some students did not perceive
the tools as such but rather as an authoritative knowledge base.
Therefore, this work has implications for educators considering
the use of LLMs as discussion partners or tools to practice critical
thinking, especially in computing ethics education.
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1 INTRODUCTION
Students pursuing a master’s degree in a computing area in Sweden
must acquire a set of professional competencies. In particular, the
Swedish Higher Education Ordinance specifies that students who
complete a master’s program should have demonstrated:

the ability to make assessments in the main field of
study informed by relevant disciplinary, social and eth-
ical issues and also to demonstrate awareness of ethical
aspects of research and development work. [14].

Some students have experience in ethics in computing and/or
academic writing before they start their master’s, e.g., a bachelor’s
degree from an institution that requires a bachelor’s thesis. How-
ever, students’ backgrounds vary when considering an international
cohort. Thus, there is a need for a course that aims to address and
harmonize the development of students’ professional competencies.

Generative Artificial Intelligence (AI), and Large Language Mod-
els (LLMs) in particular, offer a new avenue for students to discuss
and report their conclusions and ideas, not only in general, but also
related to social and ethical issues. In this experience report, we de-
scribe how students experienced using an LLM as part of discussing
and writing a group assignment on professional ethics. An LLM
was used not only for improving and commenting on academic
writing but also as a discussion partner to provide explanations on
ethical theories and how to apply them to a fictional scenario. In
the following, we introduce the course design and the theory in
engineering ethics education that the course assignment was based
on, and categorize the students’ experiences before concluding and
presenting the lessons learned from this assignment design.

2 THE ROLE OF GENERATIVE AI IN
COMPUTING EDUCATION

Ever since Large Language Models and related applications (e.g.,
Codex, ChatGPT, Copilot) were released to a greater public, their im-
plications on education have become subject to intensive research.
A 2023 ITiCSE working group report [32] implies that computing
educators should focus on exploring and navigating the genera-
tive AI revolution instead of ignoring recent developments. They
reviewed and classified recent literature into five categories:

(1) Assessing the performance and limitations of LLMs related
to the generation of code as a solution to tasks [12, 13, 22],
multiple-choice or exam questions [10, 39, 40].
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(2) Position papers, surveys or interviews addressing implica-
tions [5, 6, 26] for education (e.g., curricula, pedagogy, as-
sessment, etc.).

(3) Using LLMs to analyze students’ solutions and provide feed-
back [3, 21, 31], or fix errors [2, 36, 46].

(4) Using LLMs to create teaching material (e.g., programming
exercises [9], multiple-choice questions [43]) or learning
objectives [41].

(5) Studying the interactions between programmers (including
students) and LLMs w.r.t. interaction patterns [4, 33, 44],
productivity [19, 28], code security [37], and students’ use
of code explanations [27, 29].

This experience report differs from prior work, focusing on a
pedagogical design of students interacting with LLMs (in this case,
ChatGPT). This paper reflects on the application of ChatGPT in a
classroom scenario of a master’s program course module on ethics
in computing, where students learn the ethical process according
to Lennerfors et al. [25]. The application context is thus not the
generation of code or feedback (e.g., [20]), but the identification of
ethical dilemmas, reflecting, and responding to them, which has
not been addressed in prior studies or experience reports.

3 COURSE DESIGN
A Swedish university has an introductory course for students who
are starting their master’s program in one of two computing areas:
computer science or embedded systems. Administratively, these
are two separate courses of 5 ECTS (European Credit Transfer and
Accumulation System) credits each. In practice, they are given as a
joint course over the course of two months in the fall semester. In
this paper, “the course" thus refers to the joint course with students
from both programs. As with other education at the graduate level
in this university, the language of instruction is English.

The goal of the course is for students to develop a set of pro-
fessional competencies needed to succeed in their master’s-level
studies and potential professional careers in the particular context
of Sweden. Thus, international students from several continents en-
roll and the syllabus is very diverse, touching upon many different
topics, including:

• Preparation for defending amaster’s thesis: academicwriting
(with LATEX) and presentations,

• Ethics in computing,
• Equal opportunities (in other contexts known as DEIA: Di-
versity, Equity, Inclusion, and Access) in computing and in
the Swedish context/legislation,

• Academic honesty,
• Introduction to C programming,
• Project work with Raspberry Pi, etc.

Different assignments throughout the course assess these vari-
ous topics. As the course grade is pass or fail, all assignments are
only graded as pass or fail, and all assignments (with opportuni-
ties for re-submission after feedback) must be passed to pass the
course. In this paper, we focus on an assignment aimed at eval-
uating competencies related to, mainly, ethics in computing and
academic writing. However, other parts of the course are assessed
too, e.g., providing a correct reference list and citations for academic
honesty.

3.1 Theoretical Underpinning: Ethics Education
We used the framework that Lennerfors et al. [25] describe for
teaching the ethical process. It consists of four aspects:

• Awareness: identifying that there is an ethical dilemma,
• Responsibility: considering factors for ownership of the prob-
lem and identifying a problem owner,

• Critical thinking: using a variety of ethical theories to reflect
on the problem with diverse perspectives,

• Action: one course of action is chosen from the set of poten-
tial ones discovered when applying critical thinking.

While these aspects are described linearly, they are a process
where every aspect includes the aspect(s) before. The framework is
explained at length in the textbook [24] we used for the course.

Lennerfors et al. identify three areas in terms of awareness:
• Working with technology “concerns the ethical issues that
have to do with the development, refinement, implementa-
tion, or use of technology (physical or non-physical artefacts,
including knowledge and skills to use the artefacts)." [25, p. 2]

• Working with others refers to relationships with individu-
als who are part of our professional lives, such as clients,
colleagues, etc.

• Private life, which emphasizes ethical dilemmas about, for
instance, work-life balance. This area is included to expand
definitions of engineering ethics solely focused on the pro-
fessional environment [17].

This framework relies on the autonomy matrix [11] for scaffold-
ing the aspect of critical thinking. The rows in the matrix are the
different courses of action that the problem owner could take, and
the columns represent the individual(s) affected by these actions.
The matrix cells are the intersections where we reflect on how the
particular individual(s) would be affected by the particular action.
These effects are represented as pros (with a plus sign) or cons
(with a minus sign) and a probability level (with H for High, M for
Medium, and L for Low). Table 1 shows an example of this matrix
as a start for the assignment described in this paper.

Different ethical theories can be used to develop the auton-
omy matrix, as explained in the textbook [24]. In the course, we
chose several. Consequentialism is the theory that students may
be quicker to understand, as they have experienced this approach
of looking at who is affected by what actions. Virtue ethics, with a
focus on developing desirable character traits (virtues), has been
studied in computing education as a way of, e.g., developing pro-
fessional values [15]. Care ethics (a feminist approach), focused
on relationships instead of universal principles [16], is needed in
engineering [35] and in computing in particular [30]. Deontology,
where the emphasis is on following universal rules, can be seen in
engineering and computing in our agreement to follow the codes
of ethics of professional organizations like ACM [1] and IEEE [18].

3.2 The Group Assignment
The course had two seminars on ethics in computing. During the
first seminar, students were introduced to the awareness and re-
sponsibility part of the ethical process. They had in-class group
discussions on these aspects using a provided fictional case based
on a real situation. The same case and discussion format was used
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again in the second seminar after the aspects of critical thinking
and action were presented together with different ethical theories.
During both seminars, the students were asked to take notes of
their discussions and the points that other groups made when the
whole class summarized their conclusions.

At that point, a group assignment was introduced: students were
to write a report on the case discussion. First, they would report
their own conclusions based on their notes. After that, they would
make use of an LLM of their choice as a discussion partner. The
LLM was to be used to analyze the case using the ethical theories
provided in a list. The students would report on the LLM’s output,
including the prompts used to elicit those answers, and comment
on these from two angles: contributions to the analysis of the case,
and their feedback on the academic writing level of the LLM.

3.2.1 The case. CHI, the major conference for Human-Computer
Interaction (HCI), was announced to be held in Hawaii in 2024. This
announcement sparked different reactions in the HCI community,
with social media making these reactions more prominent to people
within and outside the HCI community. Concerns were raised about
the negative impact on, e.g., the environment due to flying being
the main traveling option to attend the conference, and whether
attendance would create problems that did not outweigh local jobs
and tourism expenses [23]. Some academics in HCI started, thus, to
reconsider their participation in CHI 2024. This real situation was
explained to the students. Then a fictional actor was presented for
a case called “Andreas’ dilemma”:

Andreas, a fictional early-career academic, had a pa-
per accepted to CHI 2024. After this acceptance, he
learns about the concerns raised by the community
and thus decides to reevaluate what to do. Andreas
spends some time trying to increase his knowledge
about the situation. He considers the arguments made
about the negative impact and the ones he comes up
with himself.

Thus, Andreas has gathered the following perspectives:

• This is the best conference to network and get contacts for
future job opportunities:
– Andreas will soon be in the job market and needs to sup-
port his family.

– Andreas is fairly new in academia and lacks professional
connections and networks.

• None of the conference attendees are local to Hawaii:
– Everyone will fly there, as more sustainable travel options
are infeasible.

• There are no options to attend online.
• It is unclear whether the conference will generate (tempo-
rary) local jobs.

• CHI only takes place once a year, but there are other (smaller)
conferences until the next CHI.

• If Andreas does not attend:
– His paper will not be published, which can damage his
career.

– He will not have to worry about the time or nights away
from his family.

• Because of his financial situation, this may be Andreas’ only
chance to visit Hawaii.

Table 1 shows a starting status of the autonomy matrix for crit-
ical thinking. The content shows what the teacher presented the
students with, incorporating a few suggestions from the previous
class discussion.

The last part of the assignment was for students to reflect on
their experience using LLMs in this assignment, the course overall,
and in their studies in general, if applicable. Here, we categorize
the student experiences taken from these reflections and how they
report their use of an LLM as a discussion partner in the findings
of their report. While Swedish regulations reflect that submitted
assignments are public documents, we still asked for the students’
informed consent, and thus analyzed only the anonymized reports
of 12 out of 16 groups, where each group had 4 members.

4 EXPERIENCES
We analyzed the student texts to describe their experiences and
how the teacher (first author) reflected as a result. This leads to
lessons learned to be shared with the computing education research
community.

While any LLM could be used for the assignment, all student
groups chose to use a version of ChatGPT, and thus both terms
appear in this section.

4.1 Student Reflections
Here we present different themes as results of our thematic cod-
ing analysis based on Braun and Clarke’s [7]. Initial coding was
influenced by the aspects of the ethical process [25] and later ex-
panded with other topics in the data. The findings are presented
with quotes where the student group order has been randomized
from the original one, and each group has been assigned a character
(from A to L).

4.1.1 Increasing knowledge/understanding. Students report using
ChatGPT in their education to learn more about topics they need
to understand further, as Group L writes:

ChatGPT is a helpful resource for me in my studies
since it provides in-depth explanations and examples
that help me better understand difficult concepts. [...]
My educational experience has been greatly improved
by using ChatGPT.

The appeal of customizing one’s learning experience can be
considered especially beneficial when time is of the essence, as
Group I points out:

[LLMs] offer a personalized learning experience, adapt-
ing to our needs and thus making our study sessions
more productive and enjoyable. [...] LLMs are adept at
condensing lengthy texts into succinct summaries, mak-
ing it easier for us to grasp the key points especially
when we are pressed for time.

For the assignment, even though this was not instructed, a group
used ChatGPT to understand better the real situation that the case
referred to, as one would perhaps traditionally use a search engine.
They used the prompt: “Why are so many international conferences
being held on remote islands or far away countries?”
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Table 1: Autonomy matrix as a start of discussing Andreas’ case.

Affected
Action Andreas himself Andreas’ family Other academics . . . The planet
Flying to the conference + Only chance to visit

Hawaii (M)
+ Knowledge exchange (H) - Unsustainable travel im-

pact (H)
Demand online attendance + More time with family (H)
Withdraw the paper and
submit it somewhere else

- Worse academic career
prospects (M)

Quit academia + Higher salary (M)
. . .

4.1.2 Limitations of support for understanding. As opposed to the
above, some students saw limitations to the support they could get
from ChatGPT for the assignment and saw it more as a provider of
definitions rather than a tool capable of an analytical process, as
Group L phrases it:

The best example of that [ChatGPT’s limitations] is how,
after being prompted about the topic of Ethic Theories,
it could only give textbook definitions without going in
depth or broaching the situation analyzed [here].

Group G highlights this further for ethics, where sticking to
memorization is not enough for a contextualized ethical process
following the aspects in the used framework [25]:

[...] the LLM had simply adjusted its writing to match
the basic ethical frameworks that were provided to it as
a reference. This amounts to a sort of rote learning and
application of ethics without any critical thinking or
awareness. It is ethics in a void with no understand[ing]
of context.

More generally, students were reluctant to fully trust the LLM
output as it could “be wrong and unreliable” (Group H). Group E
emphasizes the danger of not spotting incorrect output, something
more likely to happen to those less knowledgeable in the area:

One of the main dangers is that it can be hard to recog-
nize that ChatGPT made a mistake if one is new to a
topic and therefore cannot distinguish between a correct
or false answer. As a result, it can be a dangerous road
to solely believe the answers of ChatGPT and we highly
recommend to validate everything that was taken from
the platform and compare it with other sources as well.

ChatGPT also sometimes used “‘sophisticated’ (in reality, com-
plicated) words that could be simplified" (Group B), putting an
unnecessary barrier to understanding. The above-praised increased
speed of the learning process was seen as risky, as it could “make
us [students] lazy researchers if we rely on them too much”, so
Group D claims that they “tried to use this technology carefully.”
Group I agreed, pointing to concerns on academic dishonesty: “As
with all tools, careful and moderated use is imperative to ensure
genuine learning and adherence to academic integrity.”

4.1.3 Quality of support for critical thinking for the autonomy ma-
trix. When the students compared their in-class discussions with
the LLM’s output, they realized that it affected in several ways how

they could develop the column for courses of action in the auton-
omy matrix. For instance, LLM suggested options that the students
did not think of, e.g., that Andreas’ colleagues could present for
him (Group F).

A better understanding of ethical theories, thanks to the expla-
nation of the LLM, could result in more options to add as courses
of action. Group E states that:

[ChatGPT] provided examples for themoral perspectives
of each ethical theory and therefore allowed for a better
understanding of the given ethical theory. As a result we
learned how ethical theories prioritize different aspects
and how they therefore come to different solutions.

Similarly, Group L describes an example for virtue ethics:

ChatGPT brought up that virtue ethics involves seeking
guidance from others, point that we didn’t previously
consider [...]. Andreas could have talked to his colleagues
[...].

Infeasible options were suggested by ChatGPT, like online at-
tendance (e.g., Groups D and F) despite this being clearly indicated
in the description of the case; or biased ones, as Group D reports
that ChatGPT provided a “[...] clear list of reasons and nuanced
perspectives [...] somewhat positively biased [...] [ChatGPT] didn’t
provide any negative implications." However, in some cases, the stu-
dents saw some possibilities in using these erroneous suggestions,
as Group D reports:

Although this answer [that Andreas would face pro-
fessional isolation if he withdraws his paper] might
contradict previous answers or might be exaggerated
[...], I can extrapolate some ideas that I can use suc-
cessfully: that his decision can result in pushback in
multiple groups.

Some students came up with factors that the LLM did not report,
e.g., Group K thought that if “Andreas’ career remains prolific, he
might discover something within his field that is of great use to
humanity.”

Perhaps this limitation was due to ChatGPT, as the students
perceived it, sticking too strictly (at least initially) to what was
described in the case description, as Group G reflects:

[the results] presented by the LLM only arise from the
description of [Andreas’s] dilemma given as input, while
we also came up with arguments by ourselves. Though,
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the LLM could probably also add further points, if we
would request it.

4.1.4 Deciding a course of action. The students were not able to
compare what course of action they chose as opposed to what the
LLM chose, as ChatGPT was perceived as refraining from doing so.
This was positively regarded by the students, perhaps enhanced by
their technical background, as this group refers to the perspective of
the developers and, even though this is not explicitly labeled as such,
what can be interpreted as the developers’ ethical responsibilities:

ChatGPT responses always mention the “two sides of
the coin”, but never decide on one (which makes sense,
as the developers of ChatGPT would not like for it to go
making decisions on potentially delicate dilemmas).

Some students support this view, taking it one step further by
highlighting the “human side” of ethics that they do not consider
as fully reflected in the sole use of theory. Group G claims that
“Ethical dilemmas for humans should be solved by humans as it
concerns human character and morality far more than any ethical
frame of reference.” Group K expands this thought by pointing out
the limitations caused by the implementation of LLMs:

[...] humanly touch is required as we having past ex-
perience we are in state of mind to take the decisions.
LLMs can take decisions but they might change their
opinions when we ask the same questions in repetition,
this is because they are trained on a fixed set of data
sets which can be outdated and lack the intelligence we
as humans exhibit in [these] scenarios.

4.1.5 Scaffolding that allows focus on critical thinking. Overall, stu-
dents seemed to have a fairly positive experience using an LLM as
a discussion partner, even if they were aware of its limitations. The
LLM was seen as enhancing the learning experience in many ways.
Group D expresses many examples:

Not only that barriers such as language, academic ex-
pression rules, and lack of inspiration for simple con-
cepts [are] now easier to overcome by the help of AI,
but serious and tricky issues such as bias are also more
manageable.

By applying well-practiced skills in LLM prompt engi-
neering and maintaining a strong ethical foundation, a
committed researcher can now explore a wider range of
perspectives than they ever thought possible and also
focus on experimenting, thinking, and analyzing rather
than writing. We can even define this phenomenon as
“improved efficiency in meaningful research”.

LLMs are perceived to lift, for some, the weight of dealing with
language barriers connected to language proficiency (where Chat-
GPT is used for grammar and spelling checking, as groups such
as E and J did) or being unfamiliar with the formal structure of
academic expressions. Time and energy previously spent on finding
an appropriate way to communicate one’s message are now left to
the LLM; the person can focus instead on critical thinking.

While there is widely spread - and very relevant - worry in
communities in computing and beyond about bias in LLMs, GroupD

points in a different direction: that access to LLMs helps the user
expand their worldviews, potentially mitigating their own biases.

Group C refers to the benefit of a structure to frame ethical
processes provided by the use of ChatGPT:

[LLMs] provide a structured framework to assess com-
plex ethical dilemmas, helping us consider various per-
spectives and weigh the potential impact of decisions.
LLMs can be a useful tool in ethical discussions and
decision-making processes in computing.

4.2 Educator Perspective
The assignment was designed for a focus on two out of four as-
pects of the ethical process: from awareness, responsibility, critical
thinking and action, we defined the former two in the first ethics
seminar, and the written assignment put more weight on the latter
two. However, as all aspects are connected, it was possible to see
references to all of them in explicit or implicit ways.

For awareness, for identifying an ethical dilemma, to the teacher
LLMs did not seem like good support. In order to ask an LLM
whether something is ethically problematic, one has to already
have a suspicion that there may be a problem, or must ask specifi-
cally for every situation where there might be an ethical dilemma.
However, awareness is connected to taking responsibility, which
in turn connects to one’s knowledge. As one group used ChatGPT
to increase their knowledge of the case (e.g., why are international
conferences held in remote places sometimes?), this could be an ad-
vantage of using LLMs in ethics education. Unfortunately, ChatGPT
gave partially incorrect answers, which the students -not so familiar
with the academic world - interpreted as completely correct. As the
assignment asked to state the process followed with the LLM, it
was possible to spot and address this issue.

Comparing the in-class discussions with the reports, the teacher
perceived a general increase in understanding of the ethical theories
and process. Thus, using LLMs enhanced critical thinking, expand-
ing the students’ views and knowledge. However, this was the part
of the assignment were it was most noticeable how students with
less confidence and/or experience in using LLMs would trust too
much the output from ChatGPT.

The fact that ChatGPT did not provide a chosen course of action
was another advantage of using an LLM, as the students had to
make the choice themselves. The grading was not based on whether
the teacher would have chosen the same course of action but rather
on showing how that decision had been reached.

It is important to note that the assignment did not evaluate
students’ proficiency using an LLM but their reasoning when eval-
uating what to include in the autonomy matrix and why.

As the assignment is graded as pass or fail, with opportunities
for resubmission until the end of the study period, the above-men-
tioned disadvantages could be addressed when giving feedback for
each submission, such as clarifications of misconceptions, etc.

5 LESSONS LEARNED
The assignment instructions referred to the LLM as a simulation of
a discussion partner that can be challenged. However, this did not
seem to be the perception of all students. Some students seemed to
perceive ChatGPT more like an authoritative, knowledgeable figure
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whose knowledge is not questioned, as it is assumed to be correct.
Therefore, more emphasis needs to be placed on the instruction
that it is possible to critically analyze the output from the LLM and
to actively encourage students to do so.

Considering the possibility of falsified or hallucinated answers
by the LLM, it may be worth considering the inclusion of more
teaching staff during the writing of the report. This may take the
form of a meeting to discuss how the analysis, in discussion with the
LLM, is going, even though this was addressed after the submission.

Students appreciated that they could focus on their ideas in-
stead of the language. Moreover, their proficiency in using the LLM
use was not graded. However, different levels of it can still cre-
ate disadvantages for some students. Knowing what prompts to
use when can enrich the learning experience and lead to a deeper
understanding of the case and the ethical theories.

All of these aspects may be addressed by adapting the instruction
to become more explicit, or by adding an introduction to LLMs,
their characteristics, implementation, and resulting limitations. This
would help set more equal conditions for all students, regardless of
their prior knowledge or experiences with LLMs.

6 DISCUSSION
Overall, the assignment worked well, and the students got addi-
tional positive experiences not possible in alternative formats. A
conversation with a peer would not have provided the level of de-
tailed explanations of ethical theories that an LLM can provide. A
discussion with a teacher would include that competence but also,
to different extents, some pressure to position oneself as competent
in front of the teaching staff, whereas it is possible to bombard
an LLM with questions without worrying about how the LLM is
perceiving one as a student. It may be argued that there is still
pressure to perform as competent in front of one’s teammates, so
an individual assignment may result in even more comfort when
interacting with the LLM in this manner.

The assignment sparked discussions and reflections -supported
by the LLM- on critical thinking and action, including the equiv-
alent for awareness and responsibility. Thus, it covered well an
introduction to the ethical process by Lennerfors et al. [25].

As the students point out, LLMs can provide different answers
to the same (or similar) prompt due to, e.g., ambiguity in the text,
sensitivity to the wording, and the randomness used during the
text generation process [45]. In particular, LLMs are probabilistic
models that generate responses based on a probability distribution
and choose one of the most likely ones [42]. Theoretically, an LLM
could propose any option that an individual described as part of
the training data. However, it is unlikely that the LLM will provide
new reasonable alternatives unless they are hallucinated [42]. This
supports the assignment format described in this report, where
students first think individually and then share with their group (as
in-class discussions and later for the writing), the discussion with
an LLM being the second and not first part of the work.

Even though we could not find comparable experience reports
in the context of computing ethics or focusing on the student per-
spective on an LLM as a discussion partner, other studies have
shown students’ positive expectations towards adopting LLMs and

related tools as part of their coursework [8]. Due to the recent na-
ture of LLMs and their rapid advancement, the majority of related
work so far addresses LLMs’ performance in solving (coding) prob-
lems [13], generating individual feedback [21], building LLM-based
assistants for conversational programming [34], or course material
for educators [38]. Prather et al. [33], for example, explored student
perceptions of the benefits and challenges of LLMs for learning, and
design implications, but their focus was the novice programmer’s
perspective. The same applies to the study by MacNeil et al. [27].
We expect the first comparable papers reporting on students’ use
of LLMs in computing course contexts other than programming to
appear at SIGCSE and ITiCSE 2024.

7 LIMITATIONS
As it was a group assignment, we are not able to claim that the
perspectives from all students were reflected in the submitted texts,
as some students may have dominated the conversation more than
others, or some may have participated less. While the in-class dis-
cussions were monitored, the interactions with LLMs were not.

The study is limited to the Swedish context, with students with
no education experience in this country. Their English proficiency
was diverse. For some, LLMs helped them express their thoughts,
but there is a risk that others relied too heavily on ChatGPT.

8 CONCLUSIONS AND FUTUREWORK
This experience report details the student perspectives on using an
LLM as a discussion partner in computing education. Specifically,
students analyzed an ethical dilemma using Lennerfors et al.’s ethi-
cal process [25] and discussed the case with ChatGPT. This study
differs from most previous work in that it is not focused on purely
technical computing content, like writing code, and the emphasis
is on the students’ perspective as opposed to the educators’ view.

The ethical dilemma for the assignment was connected to profes-
sional ethics, considering the impact of work-life practices on one’s
personal life and the planet. Future work can explore dilemmas
connected to working with technology and working with others. In
the latter, the biases of LLMs may be more apparent to students, or
at the very least, a clearer opportunity for educators to bring up as
part of their ethics module this important conversation connected
to ethics and equal opportunities in computing.

Educators interested in designing assignments where LLMs are
used as discussion partners may explore additional settings, e.g.
individual discussions with the LLM that are then peer-reviewed.
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